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Chapter 1. Introduction and Literature Review

As inequality in the United States intensifies and social mobility declines (Neckerman
and Torche 2007; Atkinson 2008), life course processes that restrict or stimulate upward mobility
are increasingly central to the sociological study of stratification (DiPrete and Eirich 2006; Hout
and DiPrete 2006). In particular, scholarship on cumulative advantage provides competing
theoretical explanations for how stratification unfolds over the life course. Research on the
“scarring” effect posits that previous spells of marginal status leads to subsequent disadvantage
(Mayer 2009:419), but the “turning points” literature suggests disruptive life events create
pathways to new economic opportunities for low-status groups (Sampson and Laub 2005:14).
Using panel data from the 2003 New Immigrant Survey and the 2001-2003 Survey of Income
and Program Participation, I interrogate these two explanations and the leverage they offer when
investigating the effect of legalization on the hourly wages and occupational standing of
unauthorized Latin American immigrants to the United States.

Prior studies show that immigrants who received amnesty through provisions of the
Immigration Reform and Control Act (IRCA) of 1986 experienced wage gains (Rivera-Batiz
1999; Kossoudji and Cobb-Clark 2002), suggesting that legalization acts as a turning point.
More recent research, however, suggests that the penalty for unauthorized status has increased
since IRCA and that, as a result, the benefits of legalization have weakened or completely eroded
(Lofstrom, Hill and Hayes 2013). This latter research supports the scarring hypothesis, whereby
unauthorized status is an attribute that scars workers and ultimately worsens their labor market
conditions even after legalization. Building on these studies, I ask whether and how legalization
improves the hourly wages and occupational standing of previously unauthorized Latin
American immigrants.

This research is especially important now for two reasons. First, because immigrants are
expected to drive future U.S. population growth (Passel and Cohn 2008; Pitkin and Myers 2011)
even as mobility prospects for all workers stagnate (Gottschalk 1997; Neckerman and Torche
2007), understanding the labor market trajectories of contemporary immigrants is crucial to
reduce inequality in the United States. Second, sociological scholarship has been slow to

integrate the study of migration and stratification, even as legal status has emerged as a nexus of



inequality within the immigrant population (Massey 2007). Given the presence of over 11
million unauthorized immigrants — nine million of which are Latin American (Passel and Cohn
2009) — legal status is the “single largest and most potent barrier to Hispanic socioeconomic
mobility and integration in the United States” (Massey and Pren 2012:15). As a result, many
Latino immigrants are at risk of joining the ranks of the “new urban underclass,” (Massey
2007:157) whereby legalization “constitutes massive upward mobility” (Jasso 2011:1303). In
this dissertation, then, I explore how contemporary immigration to the United States is distinctly
interconnected with processes of stratification through legal status.
Labor Market Inequality in the United States

Reversing the post-World War II trend of what Goldin and Margo (1992:1) refer to as
“wage compression,” or the narrowing of the wage structure, earnings inequality in the United
States has increased severely in recent decades (Atkinson 2008; Congressional Budget Office
2011). During the postwar period, the median incomes of workers grew rapidly and the benefits
of economic expansion were broadly distributed throughout the wage distribution (Danziger
1995). However, this trend gave way to a widening of the wage distribution as earnings
inequality worsened beginning in the 1970s (Morris and Western 1999; Neckerman and Torche
2007; Card and DiNardo 2002; Katz and Autor 1999; Gottschalk and Smeeding 2000).

Goldin and Margo (1992) calculate the difference between the log of weekly wages at the
90" and 10" percentiles over time, a measure where larger values indicate more wage dispersion
between workers at the 90" and 10" percentiles. For men working full-time, the difference
between the log of weekly wages at the 90™ and 10" percentiles was 1.45 in 1940, but that
statistic fell to 1.06 by 1950. The measure remained below 1.2 until 1970, when it rose to 1.32; it
rose once again in 1985, when it returned to the 1940-levels (1.46). Although the United States
did experience significant wage compression for several decades following World War II, that
trend was undone beginning in the 1970s when the wage distribution in the U.S. widened.

Similarly, Morris and Western (1999) examine wages in the U.S. from 1973 to 1996. For
workers at the bottom of the wage distribution, real wages fell 13 percent during this period, with
the sharpest declines occurring during the 1980s. Median wages, they find, stagnated during the
1970s and 1980s, and then declined in the 1990s. Overall, wages for the median worker fell 10
percent in 1973-96. Morris and Western (1999:626) find that the only group to experience



growth in wages over this period were workers at the 90" percentile, leading them to summarize
the period as a time when “virtually everyone lost ground, and those at the bottom lost the most.”

A report by the U.S. Congressional Budget Office (2011) found that from 1979-2007,
average after-tax household income for the top one percent of wage-earners increased 275
percent. During the same period, after-tax income increased 40 percent among those in the 21*
through 80" percentiles of the income scale, and increased only 18 percent for those in the lowest
quintile. Moreover, the share of total income that went to the top quintile of wage-earners
increased from 50 to 60 percent over the 28 year period (with a majority of the gains going to the
top one percent of households), while the share of total income decreased for all other income
quintiles. Overall, then, the United States has seen not only a dramatic widening of the
disparities in how income is distributed, but also more concentrated income in the highest
quintile of wage-earners.

The United States is also experiencing decreasing levels of social mobility (Gottschalk
1997; Breen and Johnson 2005; Esping-Andesen 2007). For example, research using data from
the Panel Study of Income Dynamics (PSID) finds that long-run earnings inequality over the life
course among U.S. workers has surged in recent decades (Haider 2001). Much of the decline in
earnings and occupational mobility is due to the limited access to economic opportunity for low-
wage workers (Gottschalk and Moffit 2009). According to an analysis by Gottschalk (1997)
using the PSID, from 1973 to 1994 there was an absolute and relative decline in the wages of
male workers in the bottom tail of the wage distribution. Moreover, Gottschalk finds that, of
workers in the bottom quintile in 1974, 42 percent remained there throughout the period under
study. Similarly, Long (1999) uses data from the 1992 and 1993 panels of the Survey of Income
and Program Participation and finds that 30 percent of minimum wage workers were still
employed in minimum wage jobs a year later; after two years, that share remained at 20 percent.

Using data from the National Longitudinal Survey of Youth from 1979 to 1991,
Buchinsky and Hunt (1999) find substantial declines in mobility between wage quintiles in the
U.S. economy over time. Buchinsky and Hunt’s analysis demonstrates that, over time, the
probability of remaining in a particular occupational sector has sharply increased; this means that
workers, regardless of where they are positioned in the wage distribution, are likely to remain
there over the course of their work careers. Furthermore, this research indicates that very little

mobility occurs where workers move from the bottom of the wage distribution to the upper



levels of the distribution, and that most of the movement that does occur is limited to adjacent
quintiles at the bottom of the wage hierarchy.

Corak (2006) provides a cross-national comparison of generational-income dynamics,
examining how income patterns are reproduced across generations by country, and finds that
there is significant variation across wealthy nations. The United Kingdom and the United States
offer the least amount of socioeconomic mobility, as almost 50 percent of the earnings advantage
of high-income young adults (relative to low-income young adults) is because they are the
children of high-earning parents. In countries such as Canada, Finland, Norway, and Denmark,
the advantage of having high-earning parents falls to less than 20 percent, while in Sweden,
Germany, and France, it ranges from 27 to 40 percent. Moreover, a report by the Pew Economic
Mobility Project (2012) that examined mobility cross-nationally using a range of measures found
that, among industrialized nations, the United States is the country with the strongest link
between parental education and children’s economic and educational outcomes, and that this
relationship is particularly strong for children with low-educated parents. Collectively, these
studies indicate that the United States faces dual problems of intensifying inequality and

declining mobility.



Figure 1.1: Income Gini Ratio for U.S. Households, 1982012
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Figure 1.1 provides the income Gini ratio for U.S. household income from 1980 to 2012.
The Gini ratio is a measure commonly used to indicate the level of inequality within a specific
population (Allison 1978). The Gini ratio ranges from O to 1, with 1 representing perfect
inequality and O representing perfect equality. In other words, the larger the Gini coefficient, the
more income inequality within a given populatidine data presented here, which come from
the Federal Reserve Bank of St. Louis, reflect thevopg trend of income inequality in the U.S.
in recent decades. The Gini raitin1980 was40, but has grown steadily since that time to reach
A48 in 2012.Thus, agrior studies anéfigure 1.1demonstratetheU.S.income distributon has
becomesteadilyunequalover the past few decades

These trends powerfully shape the context of reception and labor market conditions that
contemporary immigrants face (Bean and Lowell 2004). Holzer et al. (2011) find that, in the
U.S., only 33 percent of the foreign-born are employed in the top two wage quintiles, compared

to 41 percent of the U.S.-born. Meanwhile, only 38 percent of the U.S.-born are employed in the



bottom two quintiles, compared to nearly half of all immigrants. Similarly, Wright and Dwyer
(2003) highlight the barriers to mobility that Latin American immigrants in particular face by
examining U.S. job growth patterns across time. They find that between 1994 and 2000, Latino
immigrants filled 47 percent of low-quality jobs, while non-Latino immigrants filled only 17
percent of jobs in the bottom tiers. This implies that Latin American immigrants, when compared
to immigrants from other regions and to U.S.-born workers, are increasingly isolated in low-
wage sectors of the economy where opportunities for advancement may be limited.

While all workers face an increasingly polarized labor market, immigrants (and Latin
American immigrants, in particular) are the most likely to fill the jobs in the U.S. economy that
are the lowest-paying and offer the fewest opportunities for future advancement. Past research
has found, for instance, that while Latin American immigrants may experience some upward
mobility throughout their work experience, they face barriers such as low levels of human capital
and lack of English proficiency that limit their chances at securing more stable employment
(Myers and Cranford 1998; Park and Myers 2010). Surveying the impediments to mobility
experienced by the foreign-born population from Latin America, Bean, Gonzalez-Baker, and
Capps (2001:694) state that “the key sociological research question for the future is...the extent
to which sufficient economic opportunities are emerging that provide pathways for later
generations of immigrant and other ethnic groups to move out of low-paying jobs in
disadvantaged sectors of the labor market.” In this dissertation, then, I examine if legalization — a
key life course event in the lives of unauthorized immigrants — provides opportunities for Latin
American immigrants to improve their life chances.
Occupations and Inequality

Although the literature on wages illustrates orag/\w which theJ.S.labor market is
increasingly unequal, research addmwsthat a growing share of workers face more precarious
work conditions and fewer opportunities. Recent social science research on Ojob qualityO
(Holzeret al.2011:5; Kalleberg @11:5) finds that, dut® large scale structural changes in the
U.S. economy, political systerand political and institutional framework in recent decades, the
labor markehas becomencreasingly polarized, with more individuals working in occupations
with low wages, fewer opportunities for mobility, and mes®nomicuncertainty. ODuring the
past several decades,O Kalleberg (2001:179) writes, Oemployers have had free rein to implement

workplace practices that were designed to increase their flexibilityabor costs, and maximize



shareholder value in response to greater price competition, technological change, globalization,
and other social and economic forces.O These shifts have transformed the structure of the U.S.
labor market, resulting in morelys in lowpaying industries like the service sector and sales
while sheddingobs in stable, middlencome occupational sectors like whdellar
administrative support and bheellar manufacturing.

Holzeret al.(2011:51) describthe Ohollowing oudf the middleO of the U.S. job market
as a process where higluality jobs still exist and continue to be created, but are becoming more
difficult for workers toobtainat the same time thatcupationsn the middle of the income
distributionare dwindlirg. Using data from 1992 to 2003, Holasrdcolleaguedind that
overall U.S. employment during the period shifted away fittleemiddle of the income
distribution and into upper and lower tails. Moreover,adbeupationatomposition of the
incomedistributionalso underwent shifts over timia 2003, occupations in the upper quintiles
were more likely to be in financial, professional, or health care sectors and less likely to be in
manufacturing or production industriedative t01992. For exanlp, the share of the highest
payingjobs represented bywanufacturing occupations declined by over-tmed from 1992 to
2003. This broadlyeflectsa trend where jobs at the top end of the wage distribution are moving
away from sectors where leskilled workers were able to secure stable employment in the past
(such as manufacturing and production industries) and toward sectors that require advanced
skills and training.

Kalleberg Reskin, and Hudsaf2000:265)coined the term Obad jokeOan umbrella
term to describe the characteristicoo€upations at the bottom end of tieeupational
hierarchy. They define an occupation as a Obad jobO if the job is in the bottom quintile of the
wage distribution, daenot provide health insurance or a pensioiais temporary in nature or
offers a limited number of hoursUsing Current Population Survey data from 1995, they find
that the primary occupation of one in seven U.S. wortiaadifies agbadOon all three of the
dimensions, while 24 percequalify on at least one dimensioQverall, white men are the least
likely to experience bad jobs, whileomen, Hispanics, and racial minorities are the most likely
to experience this form of disadvantagehe labor market

Studies on occupational attributes discussed above highlight the extent to which jobs
have both economic and noneconomic rewards and suggest that social scientists need to look

beyond individual wages to better understand labor market stratification (Mouw and Kalleberg



2010). As Kalleberg(2011:2) states, Ojobs are the main way by which individuals are linked to
the economy and are slotted into places within the system of social stratification.O As a result,
the characteristics anamditions of occupationsave important implications fahe
socioeconomic position and future prospects of mobility for workkRexognizing the need to
better capture individual outcomes within the context of the broader economy, sociologists have
developed a set of theoretical and methodological toolsdbas fon the specific characteristics
of occupations.

In particular, social stratification researchers make the case that class position is best
measured using the occupational structure rather than relying on the broader categories
traditionally used in class analysis (Grusky and Sorensen 1998; Grusky and Weeden 2001;
Weeden 2002; Weeden and Grusky 2005; Weeden et al. 2007; Weeden and Grusky 2012). For
instance, the Erikson and Goldthorpe (1992) scheme that is commonly used is typically
represented as a seven-class system: service workers, routine non-manuals, petty bourgeoisie,
skilled craft workers, unskilled manual workers, farmers, and agricultural workers; the
disaggregated occupational structure developed by Weeden (2002) and Weeden and Grusky
(2005), on the other hand, contains 126 occupational categories.

This line of reasoning suggests that, rather than conceptualizing stratification in terms of
several large, macro-level social classes, there is more explanatory power in using disaggregated
class categories represented by occupations. These researchers argue that employing a
disaggregated class map to analyze social stratification allows researchers to better capture the
ways in which mobility is shaped by movement between deeply institutionalized occupational
boundaries rather than between large class classifications (Grusky and Weeden 2001).

Research indicates that, relative to aggregate class systems, occupational categories are
an effective way to predict the life chances, lifestyles, and political and social attitudes of
individuals (Weeden and Grusky 2012). Weeden and Grusky (2005) offer several explanations
for this. First, they suggest that occupations are associated with stereotypes, which serve to
attract some kinds of workers but not others. Second, the social closure of occupations (whereby
workers in a particular occupation tend to share the same training and tend to interact
predominantly with each other) tends to reinforce certain attitudes and characteristics. Lastly,
employers tend to construct occupations in a similar fashion across industries, leading to a

general consistency within occupations across industries and geographical regions. Through



these processes, nominal occupational categories are transformed into sociologically meaningful
ones (Grusky and Sorensen 1998; Weeden and Grusky 2005).

“Occupations,” Weeden and Grusky (2005:142) write, “shape behavior through the
additional sociological forces of self-selection, differential recruitment, socialization, and
interactional closure, all of which become activated in the context of institutionalized
categories.” As a result, occupational structures are an information-rich map that serve as an
“omnibus measure of life conditions” (Weeden and Grusky 2005:145) and provide the
“geography of social structure . . . by describing important differences between structural
locations” (Sgrensen 2000:1526-27). This body of literature provides a theoretical framework
for researchers to look beyond wages as a measure of stratification in the labor market, and to
connect the individual to the broader social and economic context using occupational schemes.
In this dissertation, then, I examine a set of occupation-specific outcomes to provide a more
structural and sociological perspective about how legalization provides access to new economic
opportunities not conveyed by traditional measures such as hourly wages.

Cumulative Advantage and Mobility

By analyzing the labor market trajectories of immigrants that transition form
unauthorized to legal status, this dissertation examines how the life course trajectories of
immigrants are influenced by legal status. In the field of social stratification, researchers often
use the theory of cumulative advantage to explain how levels of inequality develop over the life
course (Allison, Long, and Krauze 1982; O’Rand 1996; DiPrete and Eirich 2006). According to
this perspective, returns to certain traits, resources, or skills compound over time such that early
disadvantage progressively increases as time passes. Cumulative advantage, as DiPrete and
Eirich (2006:271) state, is a framework to examine “inequality across any temporal process...in
which a favorable relative position becomes a resource that produces further relative gains.”

Consider, for example, the relationship between education and income. Although initial
disparities in educational attainment for a cohort of workers will yield differences in earnings at
labor market entry, over time the more highly educated group will experience greater opportunity
for advancement and improved returns, leading to increased levels of inequality (Elman and
O’Rand 2004). The cumulative advantage perspective, then, examines the extent to which groups
are embedded in social and economic contexts and explains how inequality is contoured by these

contexts over the life course.



Factors that contribute to cumulative advantage include cognitive abilities, education,
career position, income, wealth, health, and social capital (DiPrete and Eirich 2006; Mayer
2009). However, the cumulative advantage process may follow any number of pathways
because it hinges on which individual or group characteristics produce benefits in a given
institutional context. As O’Rand (1996:230) notes, the traits or statuses that are rewarded
depend on “interrelated institutional arrangements stemming from the market and the state that
constitute the systemic determinants of inequality.” Therefore, the cumulative advantage
perspective interprets how, across varying social structures and contexts, certain characteristics
constrain or expand opportunities over time.

While cumulative advantage has proved to be a useful tool for social scientists studying
how disparities between groups change over time, DiPrete and Eirich (2006) argue in their
critique of the cumulative advantage literature that the concept has been too broadly applied as
an explanation for inequality. Rather than an explanation by itself, cumulative advantage should
be considered an expansive term for a series of mechanisms that can occur over the life course
and shape mobility. DiPrete and Eirich (2006:292) assert that, going forward, cumulative
advantage research should focus explicitly on the theoretical mechanisms responsible for
producing different mobility pathways; “more precise theorizing and more systematic empirical
study of these mechanisms,” they write, “are needed in order to move beyond the use of
[cumulative advantage] as a descriptive characterization of diverging trajectories toward a deeper
understanding for the reasons why trajectories diverge.” Following the critique of DiPrete and
Eirich, this dissertation evaluates the explanatory power of two cumulative advantage
mechanisms in the context of immigrant legalization and labor market outcomes. Below, I
describe the two key theoretical mechanisms that contribute to the development of stratification
over the life course: scarring and turning points.

Scarring

Stratification researchers often invoke the concept of scarring to explain persistent
inequality, where past life events produce subsequent disadvantage. Often, scar effects have
substantial consequences for mobility over the life course (Mayer 2009). As a result, scar effects
are recognized as one primary mechanism through which the life course process creates or
exacerbates inequality (Diprete and McManus 2000; Gangl 2006).

Prior research on the scarring effect of unemployment on future labor market outcomes is
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important for the present analysis. Studies indicate that spells of unemployment have long-
lasting adverse effects on the wages, occupational mobility, and job stability of workers
experiencing job loss (DiPrete 1981; Diprete 2002; Gangl 2004; Couch and Placzek 2010). For
example, using data from the Panel Study of Income Dynamics (PSID) from the mid-1970s,
Ruhm (1991) finds that previously unemployed workers, after regaining employment, earned 16
to 18 percent less than comparable workers who were continuously employed during the same
time period. Kletzer and Fairlie (2003) use the National Longitudinal Study of Youth (NLSY)
and find that job displacement is associated with both earnings loss and the loss of hours worked
in the years following unemployment, suggesting that experiencing unemployment decreases
wages and reduces the occupational standing of displaced workers.

Additional studies using other data sources have similar findings of lower wages as well
as significant noneconomic penalties of past job displacement (Farber 1996; Stevens 1997). For
instance, Brand (2006) finds that workers with prior unemployment spells experience lower job
quality than comparable workers who did not experience job loss, including lower occupational
status and fewer employer benefits such as pensions and health insurance coverage. Further,
studies report that the best predictor of a future spell of unemployment is previous experience
with unemployment (Arulampalam, Gregg, and Gregory 2001).

Although disadvantaged statuses like unemployment have detrimental effects on labor
market prospects, negative effects persist well beyond the actual duration of the status,
suggesting future economic prospects are scarred by prior experiences. In this dissertation, I
treat previous unauthorized status as a possible scarring mechanism in the labor market
trajectories of immigrants. In the case that unauthorized status does scar immigrant employment
outcomes, it is conceivable that even after receiving legal status, immigrants with prior
unauthorized status will continue to experience the disadvantages associated with unauthorized
status in the labor market.

Turning Points

A turning point is defined as a change in the direction of an individual’s life course
(Sampson and Laub 2005). Turning points in life course research are commonly identified
among groups that previously experienced disadvantage but, as a result of a disruptive event or
transition, are provided with a clear-cut break from the past and an expansion of opportunity

(Laub and Sampson 1993; Elder 1998). Further, as Rutter (1996) notes, turning points with long
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lasting effects include those that improve opportunities and result in permanent changes to an
individual’s environment or status.

For instance, using a longitudinal sample of adults that had experienced the Great
Depression as children, Elder (1987) finds that military service had an equalizing effect on
subsequent economic well-being. Individuals that entered the military following high school
experienced more favorable occupational status and job stability than non-veterans, irrespective
of a respondent’s economic background. Sampson and Laub provide similar findings in research
on this cohort of workers (1996). Military service, then, served as a turning point in the life
trajectory of these individuals, as it provided access to social capital and resources that led to
improved economic prospects.

Subsequent research has noted a number of other life course transitions that act as turning
points. For example, in the criminology literature, marriage, military service, education, labor
market activity, and residential change are all considered turning points that produce a
transformation in life conditions that can reduce the likelihood of recidivism after being released
from prison (Sampson and Laub 2005). Within the occupational stratification literature, Warren,
Hauser and Sheridan (2002) find that prestige of an individual’s first occupation is highly
correlated to higher earnings later on in life, suggesting that the transition into the labor market is
a turning point with significant implications for lifetime earnings.

Thus, from the perspective of these studies, certain disruptive incidents may act as pivot
points and permit marginalized groups to recover previously lost ground. Turning points are
characterized by major life course events that, in effect, restructure the kinds of socioeconomic
opportunities available to a particular social group. As a result of these newly available life
chances, a turning point may serve as a jumping-off point for economic progress. In this
dissertation, I treat the transition to legalization as a possible turning point in the labor market
trajectories of immigrants and examine whether it provides new avenues to socioeconomic
mobility that would not be otherwise experienced.

Immigrant Legal Status and the Labor Market

The United States has experienced a dramatic demographic change in recent decades,
with the foreign-born population increasing from 14 .4 to 40 million from 1980 to 2010 (U.S.
Census Bureau 2013). As a result, 13 percent of the U.S. population is now comprised of

foreign-born individuals. Immigrants from Latin America, the Caribbean, and Mexico account
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for over half of the total foreign-born population, and Mexicans have the largest share
representing 30 percent of all immigrants (Grieco et al. 2012). Immigrants are heavily
represented in the labor force, and the percent of the total labor force that is foreign-born has
increased from 6.7 percent in 1980 to 15.6 percent in 2007 (Newburger and Gryn 2009).
Currently, there are nearly 25 million immigrant workers and, while immigrants are present in all
industrial sectors, they are overrepresented in construction, services, and agricultural industries.
One distinguishing characteristic of the contemporary immigration flow is the large
number of unauthorized immigrants (Passel and Cohn 2009; Hoefer, Rytina, and Baker 2011;
Warren and Warren 2013). Throughout the dissertation, unauthorized immigrant refers to a non-
citizen, foreign-born U.S. resident who does not hold legal permanent residency or has not been
granted authorization to work and live in the country (Jasso et al. 2008; Passel and Cohn 2009).
Figure 1.2 provides the estimated number of unauthorized immigrants in 1980 and from 1990 to
2012. As Figure 1.2 shows, there were two million unauthorized immigrants in 1980. This
population, however, experienced precipitous growth throughout the 1990s and 2000s, and by
2012 there were nearly 12 million unauthorized immigrants residing in the United States. In
particular, while immigrants from Mexico, Central and South America, and the Caribbean make
up around half of the total immigrant population, 8 out of 10 unauthorized immigrants are from

Latin America (Passel and Cohn 2009).
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Figure 1.2: Unauthorized Immigrant Population in the U.S., 1982012 (millions)
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Like the foreign-born population overall, unauthorized immigrants are well-represented
in the labor force. Presently, there are roughly 8.3 million unauthorized immigrant workers and
they comprise 5.4 percent of the total labor force (Passel and Cohn 2009). However,
unauthorized immigrants experience a significant wage penalty relative to legal immigrant
workers, and are also more likely to experience precarious labor market conditions and wage
theft at the hands of employers (Massey et al. 2003; Hall et al. 2010; Donato and Sisk 2012;
Bernhardt et al. 2013). Moreover, the penalty for unauthorized status has intensified in recent
decades, and, as a result, legal status has emerged as a nexus of inequality in the immigrant
population (Massey 2007; Massey 2011; Massey and Pren 2012; Donato and Sisk 2012).
Legal Status anthequality

A large body of social science literature documents the central role of the state in

producing inequality in the lives of immigrants. This is especially important when considering
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the issue of legal status, for, as De Genova (2002:422) argues, migrant “illegality” is, above all, a
legal category that connotes a certain social relationship to the state. Indeed, the ways in which
the state classifies immigrants into certain types of legal categories is a defining aspect of the
U.S. immigrant experience, and those varying categories carry with them a number of
implications for immigrant outcomes (Donato and Armenta 2011). “Immigration laws,”
Freeman (2004:950) writes, “observed or violated, necessarily precede and often constrain the
migrants’ interaction with markets, welfare, and cultural regulations.”

When unauthorized immigrants come into contact with social institutions where their
legal status serves as a source of disadvantage, Coutin (2003:186) states that “legal reality is
superimposed on daily life.” Drawing from qualitative research on Salvadoran and Guatemalan
immigrants, Menjivar (2006:1008) argues that a confluence of legal and socio-historical trends
produces an immigration context where immigrants often occupy positions of in-between status,
or “liminal legality,” where they are neither legal nor unauthorized. Menjivar and Abrego
(2012:1387) build on this work by developing the concept of “legal violence,” where the
researchers argue that, through the legal status system of the United States, a “multipronged
system of laws at the federal, state, and local levels...promotes a climate of insecurity and
suffering among individual immigrants and their families”

Along with the other researchers mentioned here, Menjivar’s research emphasizes the
extent to which the laws and regulations of the state are crucial to the experiences of immigrants
in the United States. Moreover, conceptualizing legal status as a dynamic, fluid process rather
than as a fixed, static condition highlights the need for research that investigates how transitions
from one legal status to another might affect the immigrant experience. For example, research
indicates that large shares of immigrants experience transitions between legal statuses (Massey
and Malone 2002; Jasso et al. 2008). For instance, Malone (2004) estimates that, among
Mexican migrants with more than one migration trip, over 40 percent experienced a change in
legal status over time. Thus, legal status — as well the transition from unauthorized to authorized
status — are important markers in the life course of U.S. immigrants.

Legal Status and Labor Market Outcomes

Prior studies consistently indicate that immigrants are stratified in the U.S. labor market

by legal status. Unauthorized workers experience a significant wage penalty relative to legal

immigrants, even when holding human capital and demographic characteristics constant (Donato
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and Massey 1993; Donato et al. 2005; Donato et al. 2008; Phillips and Massey 1999; Massey et
al. 2003). The actual size of that wage disparity varies from study to study, but the finding that
unauthorized immigrants are disadvantaged relative to legal immigrants in the workplace is very
robust across studies.

For example, Hall, Greenman, and Farkas (2010) impute the legal status of immigrants
found in the Survey of Income and Program Participation and find a gross wage disparity of 17
percent between unauthorized and legal Mexican immigrant men and a nine percent gap between
unauthorized and legal Mexican immigrant women. These gaps are narrowed to eight and four
percent, respectively, when controls for human capital are included. Studies using data from the
Mexican Migration Project (MMP) find even stronger wage penalties for unauthorized status.
Phillips and Massey (1999) estimate that, on average, the adjusted hourly wages of unauthorized
Mexican immigrants are 22 percent lower than those of legal Mexican immigrants. Also using
data from the MMP, Donato and Sisk (2012) find that the adjusted wage penalty of unauthorized
status among Mexican immigrants from 2003-2009 was 25 percent.

Moreover, studies also consistently find that, among unauthorized workers, women earn
less than men (Donato et al. 2008; Hall, Greenman and Farkas 2010; Donato and Sisk 2012;
Bernhardt et al. 2013). Using data from the MMP, Donato and colleagues (2008) find that,
among the Mexican immigrant labor force in the United States, unauthorized female immigrants
were the most disadvantaged with respect to hourly wages. Furthermore, they find evidence that
the gender disparity among Mexican immigrant workers worsened in recent decades.

However, the penalty of unauthorized status extends beyond hourly wages, as
unauthorized workers have fewer labor market opportunities and are more likely to accept work
in precarious occupations and industries relative to legal immigrants (Orrenius and Zavodny
2009; Bernhardt et al. 2013). Using a sample of low-wage workers in New York City, Los
Angeles, and Chicago, Bernhardt and colleagues (2009) find that while foreign-born workers are
more likely than U.S.-born groups to experience workplace violations (such as being paid less
than the U.S. minimum wage or not being properly compensated for overtime work),
unauthorized immigrants are the most likely to be subjected to these kinds of workplace
violations. For instance, the study found that 20 percent of legal immigrants in the sample
earned less than the minimum wage, but that nearly 40 percent of unauthorized immigrants

reported a minimum wage violation. Similarly, 67 percent of legal immigrants in the sample
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reported not being properly compensated for overtime hours compared to 85 percent of
unauthorized workers. As with wages, gender is also an important factor in workplace
conditions, as unauthorized women are more likely than men to experience precarious work
environments and minimum wage violations (Donato et al. 2008; Bernhardt et al. 2009).

Together, these studies highlight the extent to which workers without legal status operate
on the margins of the U.S. economy. Furthermore, these studies reinforce the notion that legal
status is the central component of inequality within the immigrant population. Surveying the
prevalence of unauthorized status among the Latin American immigrant population in the United
States, Massey and Pren (2012) assert that the penalty of unauthorized status is the most
significant factor reducing the economic prospects of Latino immigrants. Massey (2007:157)
also argues that the confluence of an increasingly unequal economic context overall and the
severe disadvantage experienced by unauthorized immigrants has resulted in contemporary
immigration situation where Latinos are at risk of becoming the “new urban underclass.” In this
dissertation, then, I explore the extent to which legalization, or the transition from unauthorized
to legal status, reduces inequality in the immigrant population and provides more avenues for
socioeconomic mobility among Latin American immigrants. In the next section, I discuss
previous studies on the effect of legalization on labor market outcomes.
Legal Status Transitions

The United States last conducted a large-scale legalization program after passage of the
1986 Immigrant Reform and Control Act (IRCA). IRCA was conceptualized as a set of policies
to limit the flow of unauthorized immigrants to the United States (Donato et al. 1992; Donato
and Carter 1999). To do so, it relied on three main provisions: increased border security,
workplace enforcement to discourage employers from hiring unauthorized immigrants, and an
amnesty program to regularize the status of the existing unauthorized immigrant population.
Overall, IRCA provided legal status to roughly three million unauthorized immigrants.

Although there is no formal, ongoing legalization program for immigrants at present,
research indicates that large proportions of immigrants who ultimately receive legal status have
experienced spells of unauthorized status. As Massey and Malone (2002) point out, although
popular notions of immigration remain dominated by the romanticized, European experiences of
earlier immigration waves, the contemporary immigration experience is much more likely to

involve multiple trips and changes in legal status over time. Correspondingly, among

17



immigrants that receive legal permanent resident (LPR) status (authorization to live and work
permanently in the U.S.), less than third are arriving in the U.S. for the first time.

Not surprisingly given the prevalence of unauthorized status in recent years, scholars
using the New Immigrant Survey (NIS) pilot data estimate that more than 30 percent of
immigrants that received legal permanent resident status in 1996 had previous unauthorized
experience (Massey and Malone 2002; Jasso et al. 2008). Furthermore, based on the first full
wave of the NIS, Jasso (2011) finds that approximately 40 percent of 700,000 immigrants
receiving green cards in 2003 had, at one time, been present in the United States without
authorization.

Research using the New Immigrant Survey to examine legal status transitions finds that
immigrants transition from unauthorized to legal status through a number of avenues, including
both family ties and employment networks (Massey and Malone 2002; Jasso et al. 2008; Jasso
2011). According to Jasso and colleagues (2008), 30 percent of spouses of U.S. citizens married
for less than two years experienced previous unauthorized status, and that this increases to 65
percent for spouses of U.S. citizens married more than two years. Half of the immigrants
sponsored by a legal permanent resident spouse had previously been in the country without
legalization. In addition, 36 percent of new LPR recipients sponsored by employers had
unauthorized experience, as did nearly 20 percent of spouses of employer-sponsored green-card
recipients. Thus, previous unauthorized experience is both commonplace among green-card
recipients and spread throughout visa categories.

Previous non-legal experience varies widely by national origin, even among nations that
send large numbers of immigrants to the United States. Although relatively few LPR recipients
from the Philippines (13.5 percent), China (11 percent), India (3.6 percent) and Vietnam (2.3
percent) had prior unauthorized experience, those from Latin American nations such as Mexico
(73.7 percent), El Salvador (65 .4 percent), the Dominican Republic (45.2 percent), and the
continent of South America (43.2 percent) had high levels of previous unauthorized experience
(Jasso et al. 2008). Using data from the MMP and the Latin American Migration Project,
Riosmena (2010) also finds that, among LPR recipients from Nicaragua, the Dominican
Republic, and Mexico who took their first U.S. trip prior to receiving legal permanent residence,
more than 90 percent had previously migrated without authorization. Latin American immigrants

are also disproportionately represented among the previously unauthorized. Mexicans, for
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example, are only 15 percent of all LPR recipients but represent 35 percent of previously
unauthorized LPR recipients (Jasso et al. 2008). Thus, while unauthorized experience is common
among immigrants from many national origins, it is most highly concentrated among immigrants
from Latin America.

Legalization and_abor Market Outcomes

Broadly speaking, prior research reveals that transitioning from unauthorized to
authorized increases wages and occupational standing. This literature is based primarily on the
experiences of the approximately three million unauthorized immigrants legalized through IRCA
in 1986 as measured in the Legalized Population Survey (LPS), a longitudinal survey of
immigrants legalized through IRCA.

In one study, Kossoudji and Cobb-Clark (2002) use the LPS to investigate the effect of
legalization on Latin American immigrant men. The authors utilize a quasi-experimental design
by adding a comparison group of Latino men from the 1979 National Longitudinal Survey of
Youth (NLSY79) to isolate the impact of legalization on the LPS respondents. The authors find
that wage gains following legalization were largely driven by the change in legal status rather
than broad macroeconomic trends experienced by the labor market. Moreover, they estimate that
hourly wages of legalized men in the LPS rose by 6 percent due to legalization, and that the
wages of the legalized sample would be 14 to 24 percent higher if they had no previous
unauthorized status.

Similarly, Rivera-Batiz (1999) uses LPS and cross-sectional data from the 1990 Census
to examine the effects of legalization on wages. Rivera-Batiz (1999) shows that previously
unauthorized immigrant men and women who received IRCA’s amnesty experienced significant
wage growth in the four years following legalization; hourly wages of men and women legalized
through IRCA increased by 13 and 17 percent, respectively. Furthermore, using a decomposition
method, Rivera-Batiz concludes that the changes in wages over time are due to legalization
rather than changes in observed characteristics of the LPS respondents. Using a variety of other
data sources, additional research has also found that IRCA legalization improved wages for Latin
American immigrant men, with estimates ranging from 10 percent (Pan 2012; Amuedo-Dorantes
and Bansak 2011) to 21 percent (Lozano and Sorensen 2011).

Researchers have also taken advantage of other, smaller scale legalization programs to

examine how legal status transitions shape earnings, albeit largely using cross-sectional data
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without legal status indicators. Using Census data from 1990 and 2000, Orrenius, Zavodny, and
Kerr (2012) find that the 1992 Chinese Student Protection Act, which extended legal permanent
residence to Chinese nationals on temporary U.S. visas following the Tiananmen Square protest,
significantly increased the earnings of Chinese immigrants during the 1990s. Mukhopadhyay
(2012) finds similar results for employment-based immigrants that transition from temporary
visas to legal permanent residence, using data from the New Immigrant Survey. Drawing from
the Current Population Survey, Kaushal (2006) finds that the Nicaraguan Adjustment and
Central American Relief Act of 1997 raised the wages of male immigrants that fit the
demographic profile of those that received legal status by 3 to 4 percent.

Using cross-sectional data from the National Agricultural Workers Survey from 2000 to
2006, Kandilov and Kandilov (2010) use propensity score matching to compare the outcomes
legal and unauthorized men in the agricultural industry and estimate the effect of legalization.
They find that legalization provides a five percent wage increase, but that the benefits of
legalization are not limited to wages, as legalized workers are more likely to receive employer-
sponsored health insurance. This suggests that legalization leads not only to higher wages, but
also improved occupational standing.

Other studies also find that the benefits of legalization are not limited to wages. Taylor
(1992) notes that perhaps the greatest beneficiaries from IRCA’s legalization program were those
in the Special Agricultural Worker program, who, post-legalization, transitioned out of farm
work and into industries with more possibilities for mobility. Kossoudji and Cobb-Clark (2000)
find that previously unauthorized immigrant men who received amnesty through IRCA moved
into occupations that are higher up the occupational ladder after legalizing. Powers, Seltzer and
Shi (1998) find that men in the Legalized Population Survey commonly experienced upward
mobility, moving from farm work to the service industry or janitorial occupations. Moreover, as
Hernandez-Leon and Zuniga (2000) posit, those legalized through IRCA were provided greater
geographic mobility and were better able to take advantage of economic opportunities in
emerging, new destination states.

While there is a general consensus that legalization improves the labor market outcomes
of men, there is mixed evidence as to the effect of legalization for women. Some studies find
that while legalized women earn less than their male counterparts, they experience similar

increases in wages following legalization (Rivera-Batiz 1999; Amuedo-Dorantes and Basnak
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2011). Other findings suggest that women do not experience a boost in wages from legalization
and that they are largely concentrated in domestic labor occupations, even after legalization
(Powers, Seltzer and Shi 1998; Cobb-Clark and Kossoudji 1999; Pan 2012). In ethnographic
work on Mayan immigrants from Guatemala living in Houston, Hagan (1998) finds that the
social networks of women were constrained relative to men due to their propensity to work in
informal sectors such as domestic service. This limited women’s ability to obtain legal status
through IRCA, as they lacked the social capital and formal resources needed to apply for
amnesty. In the same ways, it is possible that these same kinds of constraints also limit the
occupational mobility of women that do gain legal status.

Although the New Immigrant Survey is a valuable source of data with which to
investigate how legalization affects labor market outcomes, to date the only published study that
uses these data and examines the effect of legalization on immigrant wages is by Lofstrom, Hill
and Hayes (2013). Using NIS retrospective employment and migration data, Lofstrom et al.
conclude that, relative to continuously legal immigrants, low-skilled, previously unauthorized
immigrants do not experience significant increases in earnings following legalization, and that
high-skilled, previously unauthorized workers experience only modest increases in wages after
receiving LPR status. Thus, the authors (2013:172) conclude, “improvements in employment
outcomes from a new legalization program are limited, and for many possibly zero.”

The Lofstrom et al. analysis is a useful starting point for continued research on this topic,
but there are several ways in which the analysis can be enhanced. First, their work includes no
comparison groups beyond the continuously legal immigrants. Following the method
implemented by Kossoudji and Cobb-Clark (2002), a more robust analysis must include various
comparison groups to isolate the effect of transitioning from unauthorized to legal, and to
examine differences within groups. Furthermore, the analysis does not examine how legalization
for previously unauthorized immigrants may alter the wage-generating process as legal status
changes over time. Comprehensively analyzing within-group changes over time allows
researchers to examine how gaining legal status may have transformed the way in which those
immigrants interact with the labor force (Rivera-Batiz 1999; Kossoudji and Cobb-Clark 2002).
Moreover, although Lostrom et al. provide some analysis by gender, there is no detailed
comparison of how outcomes differ between men and women. Lastly, while Lofstrom and

colleagues examine occupational distributions over time for immigrants in the NIS, there is no
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systematic analysis of how occupational standing was impacted by legalization. Thus, more
analysis is necessary to better understand the labor market consequences of legalization for
previously unauthorized immigrants.
Durable Inequality and Legal Status Transitions

From a social stratification perspective, legal status is a form of categorical inequality as
described by Tilly (1998). Tilly (1998:6) argues that Odurable inequBliydnequality that
persists over the life cour&eoften occurs in the form of ingitionalized categorical pairs, such
as male/female and white/nonwhite. As the research reviewed above indicates, in the case of
U.S.immigrantlabor marked, the categorical pair that most powerfudlyapeshe experiences
of the foreignborn is that ofwuthorized/unauthorized. As Tilly describes, differences across
these categorical pairs, which are often ascribed to individual performance, are in fact produced
by social mechanisms. For groups like unauthorized immigrants, durable inequality issgroduc
through Oauthoritatively organized categorical differences in rewards for perfornvisibigO
through for instance, the systematic pay gap betwegalandunauthorized immigrants
(1998:14). More importantly, the structural nature of durable ingguwakates a situation where
disparities are rooted in the legal and institutional production of the categories themselves and
not in beliefs or attitudesThus,structural changes to the construction of the categories are
required to impact durable ineglity and transform the relationship between the categories and
the rewards. TillyOs concept of durable inequality provides insight into how a category like
unauthorized status can produce inequadisywell as the structural changes neededdace
that inequality.

Moreover, the durable nature of inequality produced by unauthorized status takes on
greater importance considering that immigrants are expected to drive population growth even as
economic prospects for many workers decline (Passel and Cohn 2008; Pitkin and Myers 2011).
Demographic projections indicate that a majority of U.S. population growth in coming decades
will be attributable to immigration. In particular, this is expected to have a significant impact on
the size of the Latino population, as Latinos are projected to comprise nearly one-third of the
U.S. population by 2050 (Passel and Cohn 2008).

Given these estimates and the increasingly unequal economic context into which
contemporary immigration takes place, the concerns voiced by Massey (2007:157) regarding the

development of a “new urban underclass” comprised of unauthorized Latino immigrants and
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their offspring raise important questions regarding the study of social stratification and
international migration. Even as legal status has emerged as a nexus of inequality within the
immigrant population, sociological scholarship has largely ignored the synergy between the
fields of migration and stratification (Massey 2011). My dissertation explores how
contemporary immigration to the United States is distinctly interconnected with processes of
stratification through legal status.

Figure 1.3 is a conceptual figure that provides an overview of possible legal status life
course pathways that I examine in the dissertation, and it shows how legal status is associated
with cumulative advantage over time. The dark blue circles represent immigrants that have legal
status to live and work in the United States; the dark blue arrow connecting the dark blue circles
represents the life course pathway of immigrants who remain continuously authorized, at t, and
t,. On the other hand, the light blue circles represent immigrants with unauthorized status and
the arrow connecting the light blue circles represents the life course pathway of remaining
continuously unauthorized (at t, and t,). In accordance with the studies reviewed above, Figure
1.3 indicates that authorized status is associated with higher levels of cumulative advantage.
Conversely, continuously unauthorized immigrants are expected to experience the lowest levels
of cumulative advantage given their marginalized position in the labor market. Moreover, as
Figure 1.3 illustrates, this relationship between legal status and disadvantage is expected to
remain steady over the life course under the assumption that immigrants remain in their
respective legal status categories.

However, the major empirical and theoretical contribution of my analysis is to investigate
the consequences of transitioning from unauthorized to authorized for the labor market
trajectories of immigrants. This legal status pathway is portrayed in Figure 1.3 by the diagonal
arrow (labeled “Legalization”) that connects the light blue circle representing unauthorized
immigrants at t, to the dark blue circle representing authorized immigrants at t,. This arrow
represents immigrants that, over the course of the immigrant experience, make the transition
from unauthorized to authorized legal status. The analysis that follows in this dissertation
investigates how the transition from unauthorized to legal status changes the relationship

between cumulative advantage, legal status, and the life course.
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Figure 1.3: Conceptual Figure of Relationship between Legal Status, Cumulative

Advantage, and the Life Course
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legalization have deterioratedy researchthen,investigates the effects of legalization on the
hourly wages and occupational standing of unauthorized Latin American immigrants.
Adopting a cumulative advantage perspective, | hypothesize that legalized immigrants
either undergo subsequent disadvantagabse of their previous unauthorized stétus
scarring hypothesig)r experience social mobility as a result of the transition to leqiiey
turning point hypothesis)lo evaluate these competing hypotheses, | analyze panel data from the
2003 New Inmigrant Survey{NIS) and the 2001 Survey of Income and Program Participation
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(SIPP) using quasiexperimental research design to examine the longitudinal outcomes of one
treatment group (unauthorized immigrants that gain legal status) and three canips| gr
(continuously unauthorized immigrants, continuously legal immigrants, anebbr$Latinos).

In the next chapter, I detail the research questions and competing hypotheses of how
legalization will influence labor market trajectories, based on previous research and theory from
cumulative advantage framework. Then, I describe the multiple data sources and quasi-
experimental research design that I use to explore the research questions and test competing

hypotheses.
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Chapter 2: Hypotheses, Data, and Methods

Based on prior research and the cumulative advantage framework described in the
precedingchapterthis dissertation examineghether unauthorized status scars immigrant
workers and limg future labor market prospeasif legalization is a turning point that opens up
new avenues of economic opportunltythis chapter, | first overview the key research questions
and hypotheses generated from the cumulative advantage framework. Then, | detail the two data
sets and the quiaexperimental methods that | use to assess the two competing hypotheses.
Lastly, | describe the demographic characteristics of the treatment group and the comparison
groups that are part of the analysis.

Research Questions and Hypotheses

From a socialtsatification perspective, the cumulative advantage framesuagkests
two possible scenarios for the effect of legalization on labor market trajectoheh are
detailed in Table 2.Broadly speaking, this analysis examines how the labor marketragsc
of unauthorized immigrants are shaped by legaliza@mmthe one hand, if unauthorized status
scars immigrant workers, then there will be little or no effect of legalization on immigrant labor
market outcomesConversely, if legalization is a tung point in the employment trajectories of
immigrants, then immigrants that transition from unauthorized to authorizedsthtus

experience gains in wages and occupational standingguadization.
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Table 2.1: Key Research Questions and Hypotheses

Hypotheses
Scarring Turning Point

Does legalization improve Previous unauthorized Legalization improves
labor market outcomes for status constrains benefits « outcomes of unauthorized
unauthorized immigrants? legalization immigrants

Research Questions

1. Do transitioners experienct Transitioner outcomes will Transitioners will
more hourly wage growth  be similar to comparison experience singular
and improved occupationa groups improvement in outcomes
standing over time relative
to the comparison groups?

2. Do transitioners experienct Transitioners will not Transitioners will
a structural break in how  experience strucutral breal experience structural breal
these labor market outcom
are generated fromto t,?

3. What is the payoff of Transitioner outcomes will Transitioner outcomes will
legalization? not experience payoff experience substantial
payoff from legalization

Research question 1 addresses the baseline issue of wbethardescriptive levéd
immigrants that transition from unauthorized to authorized status, e.g. transitioners (immigrants
that transition from being unauthorized @it being legal at} experience statistically
significant growth in wages and occupational standing betwéer,t and how the pace of that
growth over time varies from that of comparison grodp® scarring framework suggests that,
evenif there issignificant growth in labor market outcomes over time for transitioners, growth
will not outpace that of comparison groupfe turning point framework, on the other hand,
posits that legalization will provide a boost to hourly wages and occupationahgtanhd
immigrant workers not experienced by the other groups.

The second research question agketherthere is a structural break in how each labor
market outcome is generated betwedn t,. The phraséstructural brelkOdescribes the process
throudh which determinants of a labor market outcome differ significantly across time periods,
implying a shifthas occureth how labor market outcomes are generated over(@akagi
2008:47) | evaluate hiis research question using a Chow test (for morenrdtion on how the
Chow test is conducted, please refer to the Methods sectimmnull hypothesis from a Chow
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test represents the hypotlsegom the scarring literatureud to the scarring nature of
unauthorized status, legalization will not alter pinecess through which outcomes are
determined for legal status transition@rle alternative hypothesis, expected from turning point
studies, posits that while transitioners may experience a statistically significant structural break
betweenito t,, canparison groups will notThis is based on the idea that labor market
experiences of unauthorized and authorized immigrants are structurally different, and thus
immigrantswho make this transition in legal status will face dramatically different laborehark
conditions between to t. Therefore, th&€€how test captures this structural shift.

The final research question asks how the payoff of legalization and the penalty of
remaining unauthorized differ. From the perspective of the scarring framewend igHittle
reason to expect differential outcomes for those that legalize and those that remain unauthorized
because the framework expects the penalty of unauthorized status to linger even after
legalization. Conversely, the turning point hypothesisetgthat legalization is an important
marker inanunauthorized immigrafls life coursand that it opens up ndabor market
opportunitiesConsequently, this hypothesis posits that thalleoe a substantial payoff for
legalizing and a strong penaftyr remaining unauthorized. This step of the analysis provides an
opportunity to estimate the size of the bendfiny,that legalization provides to the wages of

unauthorized immigrants.
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Figure 2.1: Legalization and Labor Market Outcomes at { and t,, Scarring and Turning

Point Hypotheses

Panel A. Scarring Hypothesis Panel B. Turning Point Hypothesis

US.-Born
Latinos’

US.-Born
Latinos®,

Cont.
Legal®

Transitioners® Transitioners®

Cont.
Unauthorized”

Cont.
/ Unauthorized®

Labor Market Outcome

Legalization
Legalization

L L, t I

Note: a. U.S.-born Latinos: U.S.-born respondents of Latino origin; b. Continuously legal:
foreign-born respondents with authorized status at t, and t,; c. Transitioners: foreign-born
respondents that are unauthorized at t; and authorized at t,; d. Continuously unauthorized:

foreign-born respondents with unauthorized status at t; and t,

To further illustrate the research questions and hypothesesipdtaiole 2.1 1 now turn
to Figure 21, which builds on the concepts first presented in FiguBenlChapter 1Both
panelsn Figure 21 refer to the same-gxis, which epresents labor market outcomasd higher
values on the-axis indicate more advantaged outcomes. Panel A refers to the scarring
hypothesis, and Panel B refers to the turning point hypothesach panel, lines repessg
different comparison groups in the analyBid.S-born Latinos, continuously legal immigrants,
and continuously unauthorized immigraBtand the treatment group of legal status transitioners,
or immigrants that gain legal status between the poirtisyenrepresented by &nd . The dark
gray region between &nd § represents the process of legalization, and thus only applies to

transitiones.

Based orstudiesreviewed in the previous chapter, in Figurg IZhypothesize that legal

status is stingly associated with labor market outconfesa result, it is expected that U.S.
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born Latinos, who do not face the barriers associated with febeignstatus, will experience
the most advantaged outcomes over tikraong the foreigrborn, | expect thatnmigrantswho
are continuously authorized will experience better labor market outcomes relative to
continuously unauthorized immigranishe hypotheses portrayed in Figure 2, then, apply
directly to the outcomes of the transitioners as 8tefg from urauthorized status atto
authorized status at t

The scarring hypothesis is depicted in Pandt posits that, despite undergoing
legalization, legal status transitioners will continue to be affected by their past unauthorized
experience. Under the scarring scenario, transitioméirexperience a labor market penalty
even after gaining authorizetatusThis is represented in Figureldy the line that changes
from red atito purple at4 After gaining legal status, transitionevdl experience some growth
but they will notreach parity with the continuously legal, indicating that their |afarket
experiences remain scarred by previously unauthorized status.

Conversely, the figure und®anel Bdepicts the turning point hypothedis.this case,
legalization provides a clean break for transitisnas they move from the labor market
trajectory of continuously unauthorized to continuously legals, the turning point hypothesis
differs from the scarring hypothesis in that, after legalization, the labor market experiences of
transitioners will no longer baffectedby their previous statuand they will be able to take
advantage of the new authorized stabughe next section, | now turn to the data and methods
used to evaluate these competing hypotheses.

Data and Methods
Data

The analysis uses data from the 2003 New Immigrant Surveé3) @id the 2002003
Survey of Income and Program Participation (SIH®B)le 22 provides aroverview of the two
surveys.The NIS is a survey of the cohort of foreigarn individuals that received legal
permanent resident (LPR) status in the United Stat@003.The survey draws its respondents
from a sampling frame of official government administrative records, and thus is a nationally
representative sample of the population of immigrants that received LPR status ihe2f)3.
permanent residents adefined as foreig#born persons that receive a visa to live permanently in
the United States; this can be achieved through a family or employer sponsored visa, adjusting
from refugee or asylee status, or by acquiring a visa through the diversity lotigrsmr which
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provides immigration visas to underrepresented countries in the U.S. immigration flowetJasso
al. 2003). NIS respondents were sampled from May to November of 2003, and interviews were
conducted from June 2003 to June 2004.

Table 2.2: Oveniew of Data Sources Used in the Analysis

New Immigrant Survey  Survey of Income and Program

(NIS) Participation (SIPP)
Survey Years 2003 2001-2003
Represents Newly admitted legal  U.S. population
immigrants to U.S.
Survey Design Prospective-retrospecti Longitudinal
panel study
Legal Status Indicators Yes, reported Yes, imputed (Hall et al. 2010)
Time t,: 1995-2003; £ 2003  t,: 2001; t: 2003
Sample Restrictions Latin American Latin American immigrants and
immigrants, ages 18-65 U.S.-born Latinos, ages 18-65,
employed employed

TheNIS collects information on a wide variety of subjects, including detailed
retrospective migration histories and labor market outcomes, which | use in this analysis to
examine changes in hourly wages and occupational standing over time. Specifically, the NIS
collects employment information such as hourly wages, occupation, and industry, from
respondents at two points in time: when they first migrated to the United Stptewd(at the
time of the survey after receiving LPR statuy (Using detailed migradn histories, | identify
each respondentOs legal status atich could be unauthorized or legal; all NIS respondents are
legal at t2Respondents that had legal authorization to work at the time of their first U.S. trip are
referred to as continuoushggal. Respondents that did not hawhorizatiorto work at { are
referred to as legal stattransitionersas they transition from unauthorized status & t
authorizedstatusat b.

To categorize the NIS respondents as continuously legal ottivaess, | rely on criteria
established by Jasso et al. (2008), who used NIS data to examine previous unauthorized
experience among LPR recipierit®R recipients are categorized as transitioners if, tiay
report entering without inspection, ovesgtay a temporary visa (such as a tourist visa), or
working on a nonimmigrant visa (such as a student visg); thettransitioner sample from the
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NIS have subsequently received LPR status and are legal immideaesfgndents in the NIS
that have maintaedauthorizedstatus fromitto t, are categorized as continuously legal.

In addition,| use the Survey of Income and Program Participation (SIPP), which is a
longitudinal, nationally representative survey conducted by the U.S. Census Rikeahe
NIS, the SIPP also provides detailed inforiratbout labor market outcomesaking the data
sets very suitable to be used in tandem for this kind of analysimiake the SIPP more
comparable to the NIS, | use dataly from the first and las8IPP wavesepresenting;and ¢,
respectivelyUsed together in this way, the NIS and SIPP provide two sources of panel data with
two points in time for each respondentartd t.

The 200103 SIPP includes variables on immigrant visa status and participatioblia pu
assistance programs recently used by Hall, Greenman, and Farkas (2010) and Bean, Brown,
Leach, Bachmeir and Van Hook (2013) to impute the legal status of fdyergirespondents in
the surveyWhile detailed migration histories provided in the NI®wk for the direct
estimation of the legal status, the SIPP does not allow for direct estimation of legal status.
However, researchers hawgsedimmigration status and questions pertaining to public assistance
program eligibility to imputehe legal statsiof immigrantsAs a General Accounting Office
(2006:2021) report notes, OThe SIPP questions come close to askingPdtuduto not actually
allow an estimate ddthe number of foreigiorn US residents who are currently
undocumente® The report goes to state that, given the detailed nature of the immigrant
status questions provided in the SIPP, respondents that fall into the Oother status not listedO
category Ologically include undocumented persons as well as a small number of persons in
various lgal immigration categoriesO (2006:20).

By applying what is known about the unauthorized immigrant population, however, it is
possible to identify immigrants in the Oother status not listedO category who are temporary legal
immigrants, thus prodean estimateof those that are unauthoriz&cis is a imputation
processleveloped by Hall, Greenman and Farks (2@h@)has subsequently been used by
Bean, Brown, Leach, Bachmeir and Van Hook (201&xtmindegal status among Latin
American immigrants.

To identify unauthorized immigrants in the SIPP, | first take the entire universe of
foreign-bornrespondents and categorize those that report being naturalizedscarzegal
permanent resident§hen, | also examine if any respondents report personally using public
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assistance programs at any time during the years of the survey (e.g., SNAP, Medicaid, SSI,
TANF). If immigrants report personally using these prograhesyare classified as legahny
immigrans thatreportbeing a diplomat or highanking government official (or being married to
such an individual) aralsoclassified as legaFinally, immigrantsvho report being enrolled in
college, or who have a spouse that is enrolled in colagealso classified as legal.

The resulting sample of immigrants are either unauthorized or on a temporary legal
status, which, according to the Department of Homeland Security, includes temporary legal
workers, refugees, and asylees (Hoefer, RytinaBaker 2012) The SIPP does not sample
tourists or other shoterm visitors, and students and diplomats (and their spouses) are already
classified as legaMexicans are very rarely granted refugee/asylum {aegimake up 75
percent of the unauthoriz&PPsample) Further,even those few Central Americans that may
have qualified for Temporary Protected Stqtesnporary legal status that must be renewed
periodically by the U.S. government and is granted to immigrants from countries experiencing
environmetal disasters or ongoing conflicts that prevents their resitithjacedisadvantage
becaus®f their maginal Oliminal legalityO (Memgr 2006). Moreover, Passel and Cohn (2009)
estimate that that roughly 90 percent of immigravtie are neither natatized citizens nor legal
permanent residents are unauthoriZdte one category of legal immigraimsthe SIPP whare
not identifiable are those on temporary work visas; however, these workers convarige a
smallportion of theoverallimmigrant popudtion.

Thus,althoughthe sample of immigrants that | classify as unauthorized may contain a
very limited numbeof legal immigrants, theverwhelming majority of the respondents in the
SIPP that are categorized as unauthorized lack legal authorizalivs and work in the U.S
Moreover, given the scarcity of longitudinal, representative surveys that collect or allow for the
identification of legal status, this imputation method using the SIPP represents an extremely
useful and valuable technigfer examining immigrant outcomes by legal statsing this
method, | extract a sample of continuously unauthorized immigrants (those without work
authorization) and a sample of continuously legal immigrants (those with work authorization).
For an additional aonparison group, | include a sample of Ub®rn respondents who report
Hispanic ethnicityTable2.3 provides an overview of eaghoupincluded in the analysislong
with its corresponding sample size
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Table 2.3: Overview of Samples from NIS and SIPP

NIS N SIPP N
Treatment Legal Status
" 478 ~-
Transitioners
Comparison Cont.|nuous|y Legal 357 Cont_lnuously Legal 1,818
Immigrants Immigrants
Comparison Continuously
-- Unauthorized 406

Immigrants

Comparison - U.S.-born Latinos 1,988

Note: Sample sizes represent number of cases (men and women) with valid response
t,;and ¢

Independent Variables

Following the quasexperimental methodology devised Kgssoudji and Cobi€lark
(2002) | have coded variables in the analysis in the same way so that the measurement of all
variables across the NIS antP8 is comparabld.able2.4 describeshe coding of each
variable.Independent variables included in the multivariate models réfflesé included ithe
modelsdescribed in prior studies (RiveBatiz 1999; Kossoudji and CokBlark 2002; Hall et
al. 20D0) as well as those in traditional models predicting labor market outcomes (Mincer 1989).

Furthermore, given the relatively small sample sizes of the transitioners and the
continuously unauthorized relative to other groups (particularly when analyziegrtipes
separately be gender), the independent variables | selected for the analysis repegs#nt a
predictors that, while controlling for the necessary variables that shape labor market outcomes,
takes into account the risk of overfitting the OLSresgion modelsThis is especially important
given that | use the same set of predictors for each OLS regression model in the analysis, and so
the model needs taccommodatearying sample size®©verfitting a regression modedfers to
including too manyredictors in a model relative to the available number of observations
(Tibshirani 1996) Overfittingcan lead to Omodels that use up too many degrees of freedom for
the available sample sifand tends| to produce weights that fluctuate considerably over
repeated samplesO (Babyak 2804). The OLS regression models conducted here provide the

foundation for a central element of the analysis (the Chow tests for structural change), which are
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omnibus testsf model fit for particular groups over time. Based on BabyakOs (2004)
observation, then, it is crucial that | avoid overfitting the OLS regression models so as not to
artificially introducestatistical noise into those models.

Regression models wheecontinuous predictors have been recoded into dichotomous or
categorical variables are susceptible to overfitting (MacCallum et al. 2002). Royston et al. (2006)
find that the categorization of continuous predictors leads to a significant loss of power and
argue that the practice should be avoided in favor of more parsimonious models that do not
recode continuous explanatory variables. Applying these statistical insights to my analysis, | do
not recode the continuous predictor variables included in them@dgls (age, years of
education, and year of U.S. entry). Furtligabyak (2004:415) uses simulations to estimate the
minimum number of observations per predictor variable in regression models, finding that
spurious correlations between variables Oinereassiderably as the ratio of observations per
predictor becomes smaller.O For OLS models specifically, Babyak concludes that a minimum of
10 to 15 observations are needed per predictor variable in order to ensure stable and reliable
estimatesThus theindependent variablegescribed in Table 2.4 represent a comprehensive set

of predictors that take into account the limitations of the data used in the analysis.
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Table 2.4: Coding of Independent Variables in the Analysis

Time
Coding Variant?

National Origin
Mexico Dichotomous; 1 if Mexico, 0 otherwise No
El Salvador/Guatemala Dichotomous; 1 if El Salvador/Guatemala O otherwise No
Other Latin America

(reference) h No
Demographics
Age Continuous; age in years Yes
Age-Squared Continuous; age in years-squared Yes
Female (ref=male) Dichotomous; 1 if female, 0 otherwise No
Married (ref=not) Dichotomous; 1 if married, O otherwise Yes
Traditional Immigrant Dichotomous; 1 if residing in CA, IL, TX, FL, or NY/N.
: Yes
State (ref=other) 0 otherwise
Human Capital
Years of Education Continuous; number of years of education Yes

Female-Educ. Interactiomteraction term between gender and years of education Yes

Dichotomous; 1 if respondent reports speaking no

No English (ref=other . . No
9 ( ) English, 0 otherwise
Entry into U.S. Labor  Continuous; year respondent entered into the U.S. lal NoO
Market market
Industry
Agriculture D|chot9mous; 1 if works in agricultural industry, 0 Yes
otherwise
. Dichotomous; 1 if works in construction industry, O
Construction . Yes
otherwise
Service Sector Dichotomous; 1 if works in service industry, O otherwise Yes
Other Industry
-- Yes
(reference)

To accant for possible variation across national origin groups, | include variables for
country of origin.This is complicated by the coding scheme provided in the Wh&h
collapses many of the country of origin categories to proteatiémtities ofresponénts As a
result, | measure national origin with two dummy variables representing Mexico and El
Salvador/Guatemala, respectively, 1 if yes and O if no, and the reference category is all other

Latin American countries.
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To control for potential age effectanclude controls for agémeasured in yearand
agesquared to capture any possible curvilmedationshipsMarital status is measured with a
dummy variable, coded 1 if respondents are married and O otherwise; this variable accounts for
variation infamily structure across respondents (Jassa 208B).In addition | include a
dichotomous indicator for gender (1 if female, O if mal@)so include geographic location with
a dummy variable indicating whether respondents live in a traditionalgrantistate (Texas,
Florida, California, lllinois, New York or New Jersey is equal to 1, O otherwise).

As a measure of human capital, | includeariable for education as continuous years.
This reflects previous research, which has found that educaticeases returns for immigrants
in the labor market (Borjas and Tienda 1998)other human capital measure in the analysis is a
variable representing English proficiency; prior research shows that increased English
proficiency increases wages for immigig(Chiswick and Miller 1999)T'he variable included
here represents not speaking English, and is coded 1 if respondent reports speaking no English
and 0 otherwiséAlthougha more nuanced version of the English proficiency variable
preferred, | code #hvariable in this way for two reasomiststand foremostthis coding
enhances the comparability of the measures across the NIS an@&&tBRANIS respondents
only provide information about their English proficiency at one point in time: the poaritici
the survey data was collected in 200Bus, it is conceivable that the respondent reports
speaking English well at the time of the surbey did not speak any English foggars prior
when he/she arrived in the United Stafidse lack of English alty, in this case, is the only
categoryabout whichl can be relatively certain that an individual remained in across Eone
instance, it is unlikely that a respondentOs English ability decreased over time.

Year of U.S. labor market entry is measuasd continuous variable, and represents the
year that respondents first worked in the United St#tascounts for differential returns to U.S.
experience for immigrant workers (Phillips and Massey 199&)U.S:born Latinos, who are
natural borrcitizens and did not immigraténis variable represents the year the respondent first
entered the labor markéto account for differential returns to human capital for men and
women in the labor market, models that contain both men and women respondedésanc
dummy variable for gender and an interaction between gender and education.

Like previous research (Kossoudji and CeRlark 2002), | control for industmn the
analysis of hourly wages in ChaptewRh a set of dummy variables indicating employria
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traditional immigrant sectors: agriculture, construction, or thasesector. Tiese three sectors
represent the most common industrial sectors for immigrant workers (Newburger and Gryn
2009).However,due to the significant and substantive oveldaepween industry and

occupational categorizations, the industry in which a worker is employed is likely endogenous to
the same characteristics that determine a workerOs occupation. Thus, | omit theviadaistegs

from the analyses of the occupatispecific outcomes in Chapters 4 and 5.

In all models, timevariant variables include education, marital status, geographic
location, age, and industrizemaining variables are tirievariant and reflect the status of
respondents at the time of the survey.

Missing Data

To maximize the sample sizes in SIPP, | used a hotdeck imputation procedure to impute
the values of three variables that suffered from substantial amounts of missirijtdatagh
multiple imputation is the most efficient and unbiassgthod of imputation (Horton and Lipsitz
2001; McKnight, McKnight, Sidani, and Figueredo 2007), my methodological approach
precludes me from using As | detail later in this chapter, my analysis plan relies on comparing
model fit statistics across podland unpooled versions of OLS regression modeldifimrent
comparison groups to evaluate how legalization changes the outmaeating process over
time. Multiple imputation requires combining the results of many imputed datasets to produce
the finalresults; as a result, however, some statistics are not available in regression models from
data imputed through multiple imputatiorhis includes likelihood ratio test statistics, model
chi-square statistics, and goodnesdit statistics.As White, Rogton, and Wood (2010:389)
note, Ostatistics whose value changes systematically with the sample size cannot be combined
using [multiple imputation].@herefore, bcause multiple imputation is not a viable option for
this analysis, | use a hotdeck procedworeecover missing data from the SIPP.

Variables that were imputed include the year of labor market entmp@d$only, 23
percent missing), year &f.S.entry (foreignborn only, 19 percent missing) and English
language ability (38 percent missinghe hotdeck procedure ixamputation method that
tabulates the missing data patterns within a given list of variables and replaces the missing data
with corresponding values from the cases with no missing Bath imputation was carried out
separately foeach sample (i.e., for unauthorized immigrants, legal immigrants, and therdS
Hispanics) Furthemore for each imputation | also specified variables that defined the strata

38



within which the imputation was carried out: for the labor market entry eadof US. entry

variables the strata variables were education and age, and for the English language variable the
strata variable was education.

Dependent Variables

| analyze two outcome variables, both of which are t#aweant.The first is
straightforwardhourly wages of the respondentOs jobatth, respectively, adjusted for
inflation and converted into constant 2003 dollafse hourly wage variables subject toa fair
amount of missing data, with 25 percent missing from the NI®lesmand 10 percent missing
across all samples from the SIPP. As a rekalso examine occupatiespecific variables to
measure occupational standing and job quality, wlaicdelyavoids missing dat@ess than 1
percent missing in the NIS and 7 pertcemssing in the SIPP)n addition analyzing
occupationakpecific outcomess also guided by theoretical considerations, as it alloe/$o
examine more structural measures of labor market position and class position as detailed by
Weeden and Grusky (28).

For the occupatiospecific outcome variablesuse the March sample of the Current
Population Survey (CPS) from 1994 to 2004 to produce occupatrehstatistics for each
detailed occupational code by year, gender, and geognaghan. The CP8ata | use derive
from the March files found in the IPUMGPS project, which produces harmonized versions of
March CPS data across many years (Rugédliesander, Genadek, Goeke®chroederand
Sobek2010.

One complication in comparing detailed occumadil codes across data sets is that the
often change across yealrsthis case, detailed occupational codes in the SIPP and CPS were
both classified according the 1990 Census occupational bodtse NIS is classified by the
2000 Census codebo harmamize the NIS categories to the CPS and SIPP, | used a data
program developed by the Bureau of Labor Statistics (Meyer and Osbornei6%)rogram
matches the occupational codes from the 1990 and 2000 census codes into a harmonized
occupational categaation with 340 occupatiorend itensursthat the detailed occupational
codes used imy analysisare comparable over time and across data sets.

Because the NIS respondentsO migration histories goddk@%5 and some respondents
were interviewed in 24, | use CPS data from 1994 to 200Be SIPP interviewsccurred

during the 2000 to 2003 time periokb ensuresufficientsample sizes across detailed
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occupational categories in each geographic region, | use aygmeenoving averagandcreatel
median wagesFor instance, the data for 1988eactually a collapsed file of dateom 1994,
1995, and 1996This methodeducedvolatility of the sample sizes and allowed for more stable
estimation of median wages across occupations.

| create 15 geographregions, which match the most detailed geographic categories
provided in the publitse version of the NIShese includsix individual states, which
correspond to the traditional immigrameiceiving states (California, Florida, Texas, New York,
New Jersy, and lllinois); the remainingineregions correspond to the broad regional categories
provided in the Census (Middle Atlantic, New England, West South Central Tétese
regional categories approximate the local labor market context in which resp®ade
embeddedTo take into account variation in labor market outcomes by gender, the index is also
gender specificThus, the measure is sensitive to temporal, regional, and gender differences in
how occupations are positioned and rewarded.

While previous analyses have created similar indexes using naterelldata for a
given year (Wright and Dwy&003 Weeden and Grusky 2005)y analysisextends this
method byenhaning the detail ofprior analysisandmore closely approximiaig respondentsO
local labor conditions. With this framework, | match the characteristi€®P&occupationgo
the occupations held by respondents in the NIS and &iBproduce a series of occupation
specific labor market outcome3ecause this index is year, gender, sgglon specific, it reflects
the structural characteristics of respond@atsupations and conveys important information
about how occupati@anarepositioned in the local economic hierarchy (Wright and Dwyer 2003).

For example, to create the occupatiewabe index (OWI), | first used weightetiyee
year moving averages for each year to create geaddmregionspecific median wages for each
detaikd occupational categorythen assignethese occupatieapecific median hourly wages to
each respondeim the NIS and SIPP based on the corresponding detailed occupational codes.
used asimilar process to create occupatigpecific variables measuriraglditional attributesf
occupations andffer more detail on those variables in Chaptefdble 2.5 dexibes the

dependent variables examined in each analytic chapter of the dissertation.
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Table 2.5: Overview of Dependent Variables Used in the Analysis

Definition Chapter

Earnings
Hourly Wage Hourly wage at job, adjusted to constant $2003 3

Measures relative position in the occupational
hierarchy by year, gender, and region across 3
various indicators using data from Current
Population Survey

Occupational-Wage Inde Median hourly wage in respondent’'s occupatiol 4

Occupational Standing

(OWI) higher values indicate higher-paying occupatiol

Set of eight variables that examine the
Occupation-Specific demographic composition (niches), benefits, ar 5
Characteristics economic security of occupations; see Table 5.

Chapter 5 for more details

To give a sense of hoaccupations are distributed in the occupatiomage index, |
provide some examples from the 2003 CPS ddta.most common occupations in the top 10
percent of the median wage distribution include chief executives, physicians, lawyers, dentists,
and arcltects.The most common occupations in the bottom quarter of the median wage
distribution include cashiers, cooks, food preparation workers, janitors, and housekeepers.
Common occupations located in the middle of the median wage distribution includarsesret
sales supervisors, machinists, computer equipment operators, heating/air conditioning
mechanics, and customer service representatives.
SampleRestrictions

The SIPP and NIS samples are limited to men and women employed at both time points
and betwen the ages 18 to 6&he immigrant samples are comprised of fordgnn
respondents from Latin America (Mexico, Central America, South America, and the Caribbean).
For the U.Sborn Latino sample, | include respondents reported Hispanic ethnicity (eny
race).In the NIS, the sample is limited to respondents whose first U.S. trip occurred on or after
1995. While some NIS respondents made a first U.S. trip before 1995, | limit this analysis to
those that arrived eight years before the year of theguovocate the analysis squarely in the
postIRCA context wheraccess téegalization related to themnesty provisions had expired
(Donato and Carter 1998Becausenore thartwo-thirds of the NIS sample is comprised of
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immigrantswho are adjusting theistatus and have previoUsS. experiencehis longer time
frame insuresufficient sample sizes for the analysis and better captures the time that it took for
immigrants to gain legal status.
QuastExperimental Design

Drawing on the methodology deveked by Kossoudji and Cokblark (2002)and Cobb
Clark and Kossoud;ji (1992 examine legalization and employment outcomes, | employ a
guastexperimental research design with a treatment group and multiple comparison groups to
isolate the effect of trangining from unauthorized to authorized staiys.Meyer (1995) notes,
the before and after untreated comparison group approach offers an opportunity to rule out
competing exogenous explanations, and is strengthened by the inclusion of multiple comparison
groups.In this analysisthelegal statusgransitioners from the NIS comprise the treatment group,
and continuously legal immigrants from the NIS and SIPP, continuously unauthorized from the
SIPP, and U.Sborn Latinos from the SIPfpresenthe comparison groupBy examining how
the labor market trajectories of transitioners differ from the comparison groups, this analytic
strategy allows me to isolate the effects of legalization.

While a true experimental design would include a treatgentp comprised of a sample
of unauthorized immigrants that were randomly assigned legal status (Kossoudji an@l&&bb
2002),such data are npiossible Therefore, myanalysis makes use of the best available data to
create a quasxperimental researatesign.In contrast to prior studies, the unique
methodological contribution of my analysis is that it includes multiple forea@n comparison
groups with varying legal statuses and a W@&n Latino sampld.argue that these groups
provide the neceasy additional leverage to identify the effect of legalization on labor market
outcomes over time.
Sample Selectivity

Given that thdegal statusransitionergroupis comprised of unauthorized immigrants
who gained legal permanent resident status duaiperiod when there was no comprehensive
legalization program availabli,is conceivable that this group is positively selected on
particular traits or attributesor instance, it is plausibtlat the transitioner group represents an
extraordinarilygifted, resilient, or motivated population of immigrants, as they are able to
transition from unauthorized to authorized status during a time when access to legal status is

limited. Unfortunately, | do not have the data to examine social psychologicalreeike
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resilience or motivation. However, | can examine the educational levels of transitioners as a
proxy for skill. Comparing the sample statistics of NIS transitioners to SIPP continuously
unauthorized shows that transitioners are not overwhelmshkglgd. For instance, 45 percent of
the transitioner group lacks a high school diploma, compared to 60 percent of the continuously
unauthorized group. Furthermore, 15 percent of transitioners report speaking no English,
compared to 19 percent of the comtbusly unauthorized. Thus, while transitioners may
represent a population that is slightly more educated and proficient in English than the overall
unauthorized population, there are large segments of the transitioner group whosi#l low
workers thatlosely resemble the continuously unauthorized group.

Moreover, when pt into thelargercontext of contemporary immigration, there is little
reason to suspect that selection is biasing this anaAsmanysociologicalstudiesndicate, the
migration process itself is a selective process, and the probabilitysamigration is shaped by
factors such as social capital, community of origin, and migragtated resources from family
and friend networks (Massey 1990; Massey2t Fussdland Massey 2004Moreover,
economic studies indicate that immigrants themselves may be subject to further favorable
selectivity based on skills and potential success in the labor market (ChiswickClo@%iar
and Hanson 2002Thus it is likely that the initial selection process involved in the migration
decision is a stronger than whatever selection process is involved in the transition from
unauthorized to legal statusspecially in the absence of any overarching legalization program
implemented by the government during the period of analysis

Orrenius and Zavodny (2005) use MMP data to examine the determinants of self
selection among unauthorized immigrants from Mexico. They find that a variety of factors,
including U.S. and Mexico econaorconditions are important indicators of whether a Mexican
male embarks on a migration trip. Their findings indicate that unauthorized Mexican migrants
are not negatively selected on education. In fact, they find that unauthorized Mexican immigrants
are nore likely to be in the middle of the Mexican education distribution than in the top or the
bottom. Most importantly, however, these findings suggest that access to a social network that
contains individuals with previous migration experience dramaticathgases the propensity to
take an unauthorized trip.

Consequentlyit is not surprising that many LPR recipients in the NIS with prior
unauthorized experience gained legal status through social networks. For instsemehers
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(Jasscet al.2000; Jass et al. 2008:26) studying the legal status transitions among NIS
respondents note, Oprevious illegal experience is heavily linked to the aftermath of the IRCA
legalization program.lRCAOs amnesty program had the effect of widely diffusing legal status
aaosssocial networks for Latin American immigrants. A report commissioned by the U.S.
Commission on Immigration Reform (Woodrdwafield 1994)afterIRCA was passed
concluded that a primary reason IRCA failed to stem unauthorized immigration is that the
legislation ignored the active role of family and social networks in migration flatvs
petitionedto have spouses, children, and extended family members admitted as legal immigrants
and added to the backlogs experienced by immigrants from Latin Ameogaatries.Thus,
WoodrowLafield (1994:32) writes that théaiure of the legal immigration system to afford
legal opportunity for family migration may lead to substantial undocumented immigration of
family members of this cohort of legalized immigrantso have been settled for a decad@n®
consequence of IRCAhen,was to create a large poollofv-skilled, Latin American
immigrants with the ability to sponsor the immigratiorreftives. Erthemore thesdiesto
legalization grew stronger ovente, as IRCAlegalized immigrants naturalized and gained
greater sponsorship benefithus, taken together, the evidence suggests that it is unlikely that
the selectivity in the transitioners group is driving the results of this analysis.
Methods

The analtic strategy used here follows directly from that used by Kossoudji and Cobb
Clark (2002), who used a treatment group and a comparison group to examine the effect of
legalization on the wages of immigrants legalized through IRCA. Using aexasiimenth
research design, the focus of this analysis is on wghonip changes from to .. By comparing
how the labor market trajectories of a diverse set of comparison groups differ from that of the
treatment group (the legal status transitioners), | inyaigtiif and how legalization alters the
experiences of previously unauthorized immigrants in the labor maikeay special attention
to how the experiences of legalization may be gend€&eldifClark and Kossoudji 1999), |
examineeach group in the analis as a total sample (including both men and women) and by
gender. For each dependent variable, the analysis unfolds in four steps.

Step 1provides a descriptive picture of how the labor market outcomes varyftora t
for all groups in the analysiblere, | provide the average value of the given outcomeaatitat
t, and the percent change in that value over time to give a sense of the magnitude of change over
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time. | also provide the results from a wittgroup difference in means test over timjch
tests if there is a statistically significant change in the labor market outcome across time periods.
The difference in means test is conducted usingestt as described in Equation 1.

% o
Step 2 provides the foundation for the analySach ofthe dependent variables in this
analysis is continuous amkhnsformed to log form for the OLS regressioksr eactgroup |
predict each dependent variable using three different OLS regression models: two separate
unpooled models using data frofrand ¢, respectively, and a pooled model using data fram
totogether. The independent variables for the OLS regression modetkeaceibedn Table2.4.

The model is provided in Equation 2:

Yij =Py +/31Xij +[J’2Xi? TE; "

where each variable is followed by the subsaripthich denotes the indexing by individuals and
J, which denotes the indexing by timérepresents the dependent variaifl@cludes time
variant characteristics (age, geographic location, education, marital status, and industry of
employment) X* includes timeinvariant characteristics (national origin, gender, English
language proficiency, and year of U.S. labor market entry)! @dn error termi-ollowing
Kossoudji and Cobi&lark (2002), | conducted the analysis using both the balanced samples
(usng only cases with valid observations fpahd ) and the unbalanced samples (using all
available cases); because the results using both sets of samples are substantively similar, |
present only the results from the unbalanced samples in the disgertati

After estimating the OL&odels described aboviethen use the moddi statistics
generated istep 2 in the pooled and unpooleddelsfor each sample to conduct a Chow test,
which tests for evidence of a structural change in how the dependent variable is generated across
time periods.Following Balatgi 200854-55), this test is shown in Equation 3:
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whereSSE(&¥) is the error sum of sres from an OLS regression where cases framd b are

pooled together?SE(-’@ ) is the sum of the error sum of squares from separate OLS regressions
for both t and ¢ (the unpooled models]J,is the sample size divided by the number of groups
that are beig pooledN is the sample size, afdis the number of predictors in the model.

This Chow test derivssfrom the econometric literature on panel data and it is an omnibus
test of whether the parameters of an equation vary from the first data pointécdhd.As
Baltagi 00847) notes, Othe question of whether to pool or not to pool boils down to the
question of whether the parameters ofEthis equation vary from one year to the other.O
Correspondingly, the null hypothesis is that the parameters doffestatiross time periods,
while the alternative hypothesis is that there is a significant difference in the parameters over
time. Substantively, a failure to reject the null hypothesis indicates that, statistically, the
outcomegenerating process ati$ indistinguishable from that at Conversely, evidence in
favor of rejecting the null hypothesis of no change indicates that the ougmmeeating process
varies in a statistically significant way across time periods.

Forthis analysis, if the nuliypothesis of no difference over time is rejected for a
particular sample of workers, then there is evidence of a structural break in how outcomes are
generated over time for that group (CeBlark and Kossoudji 1999; Kossoudji and Cdblark
2002). For eample, if the Chow test for transitioners provides evidence of a significant
difference in how hourly wages are generated frotm ¢, it suggests that this sample has
undergone some kind of structural change in how it interacts with the labor nfdikdtnding
is even stronger if none of the comparison groups experience such a shift, indicating the shift is
attributable to legalization rather than other exogenous faetpexienced by the workforce at
large(Meyer 1995).The aforementioned scenargdonsistent with the turning point hypothesis,
with the results indicating that transitioners experienced singular changes in their labor market
outcomes not experienced by other groups. On the other hand, if there is no evidence of a
structural break fotransitioners, then that set of findings would be consistent with the scarring
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hypothesis, as the labor market experiences of transitioners would remain statistically similar
even after undergoing a shift from unauthorized to legal status.

The fourth ad final step of the analysis uses sample means and the model returns
generated ithe second steip simulate how much of the change in wages and occupational
standing over time is attributable to legalizatibhis method has been used in previous rekearc
to estimate the effect of legalization on wages (Kossoudji and-Ctayk 2002), and compares
the predicted means afparticular group attand g relative to an alternative scenario; the
alternative scenario depends on the observed legal statutomacthe sampler-or the
simulation | use data frontwo groups: the legal stattransitiones and the continuously
unauthorized.

For the transitioners, | first calculate the predicted mean outcome based on the sampleOs
means and returns atand ¢, respectively, which comprises the outcomes expected under the
legalization scenario for this groufss a counterfactual, | use meaunbstitution to simulate the
change in wages and occupational standing that transitioners would experience under the
scenaio that they did not received legal permanent residency and remained unauthorized. This is

calculated using Equation 4.1:

Ytl'Jnauthorized = - tTransitioner ><,[Transitioner

To simulate the scenario that the transitiaqgr@upremains unauthorized, the predicted mean
at t (subscript 2) is calcutad using mean substitution, where the means for the transitioner
groupat b are applied to the returns for the transitiog@upat t, when that group was
unauthorized.
For the continuously unauthorized sample from the SIPP, | first calculate thetguted
mean outcome based on the sampleOs means and retuansl 4f tespectively, which produces
the expected mean values of the dependent variables under the scenario that this sample remains
unauthorized fromytto . Then, | conduct another meanbstitution exercise to simulate a
scenario under which the continuously unauthorized immigrants receive legal sta¢tween

t; and ¢. This is calculated using equation 4.2:

YLegaIized — « . Transtioner ContUnauth
t ts ts

2 (4.2)
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Here, the predicted mean of the outcome variableigtalculated by applying the sample
means from the continuously unauthorized &bntUnauth to the model returns from
transitioners abt(Transitione). This approximates the change in outcomes that might be
expected under the scenario thatabatinuously unauthorized experienced the same kind of
labor market experiences as transitioners over time.
Demographic Profile of Samples

Before moving to the analysis, I now provide a demographic profile of each sample in the

analysis. Table 2.6 provides the means of the independent variables in the analysis for each

group.

Table 2.6: Demographic Profile of Samples in the Analysis, and t, (means)

Legal Status Cont.
Transitioners  Unauthorized  Cont. Legal Cont. Legal U.S.-Born
(NIS) (SIPP) (NIS) (SIPP) Latinos (SIPP)

t1 tz t1 tz tl t2 tl t2 tl t2

National Origin (ref=other)

Mexico 042 042 076 076 013 0.15 058 058 0.62 0.62
El Salvador/Guatemala 0.12 0.13 0.07 0.07 0.07 0.07 009 009 0.04 0.04
Demographics

Age 285 32,7+ 30.8 33.0+ 342 359 36.2 385* 331 355*

Female (ref=male) 048 049 029 029 041 040 042 042 049 049

Married (ref=not) 041 063* 047 052 052 058 060 0.63 047 0.51*

Trad. State (ref=other) 075 072 076 073 071 073 075 074 074 074
Human Capital

Years of Education 11.7 12.0* 93 9.4 120 123 105 107 122 12.3*

No English (ref=other) 014 015 019 019 028 029 011 011 0.03 0.03

Entry into US Labor Market 1999 1999 1994 1994 2002 2002 1988 1988 1985 1985
Industry (ref=other)

Agriculture 0.03 0.03 0.09 0.09 0.02 0.01 0.06 0.07 0.02 0.02
Construction 0.12 0.12 0.22 0.23 0.08 0.10 0.13 0.12 0.07 0.07
Service Sector 0.34 0.27* 0.18 0.17 0.28 0.24 0.17 0.17 0.14 0.14
N 457 478 462 446 319 357 1811 1818 2004 1988

Note: * indicates significant within-group difference in means frota t. (p<.05, two-tailed test); for U.S.-born
Latinos, national origin variables refer to specifc Latino ancestry group

Descriptive statistics of each group in Table 2.6 indicate that the demographic
characteristics of NIS transitioners are more similar to SIPP immigrant groups than to their
continuously legal counterparts. For instance, large portions of legal status transitioners,
continuously unauthorized, and continuously legal (SIPP) groups are from Mexico (42, 76, and
58 percent, respectively); by contrast, only 15 percent of the NIS continuously legal group is of
Mexican origin. This reflects the fact that Mexican immigrants are the most likely of all Latin

American groups to experience a period of unauthorized status en route to legal status (Massey
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and Malone 2002). Given this, it is not surprising that a larger portion of the continuously legal
immigrants from NIS would originate from countries other than Mexico, where it is less
common to accumulate non-legal status. The percent of each sample that is from El Salvador or
Guatemala, on the other hand, is relatively similar across all groups.

With respect to age, the transitioners and the continuously unauthorized are the youngest
at t,, with a sample mean age of 28.5 and 30.8, respectively. The other groups’ mean ages range
from 33.1 to 36.2. While U.S .-born Latino and transitioners are relatively gender-balanced, the
continuously unauthorized is heavily male, with only about one-third of immigrants in this group
identifying as female. Both the continuously legal groups are 40 percent female. The percent of
transitioners who are married increases from 41 percent at t1 to 63 percent at t,, and this within-
group increase across time periods is statistically significant. This reflects the role of family
networks in gaining access to legal status, as many transitioners are gaining legal residency
through sponsorship by their U.S. citizen or LPR spouse (Jasso et al. 2008). Lastly, around three-
quarters of all samples reside in the traditional immigrant gateway states of California, Texas,
Illinois, New York/New Jersey, or Florida.

Comparing mean years of education, the SIPP immigrant samples appear to be the least
educated, with NIS samples and U.S.-born Latinos all averaging around 12 years of education.
However, those means overlook the variation within each sample in regards to educational
attainment. For instance, while 43 percent of the SIPP continuously legal and 60 percent of the
continuously unauthorized do not have a high school degree, around 45 percent of the NIS
transitioner and continuously legal groups lack a high school diploma. The continuously legal
group is the most recently arrived sample (arrived in 2002 on average) and thus are the least
likely to speak English; nearly 30 percent report speaking no English. Other immigrant groups
possess more U.S. experience, and as a result, are less likely to report not speaking any English.
Thus, immigrant groups are relatively similar in levels of human capital, particularly when
considering the shares of each group that lack a high school diploma.

Summary

As detailed in Table 2.1, the cumulative advantage framework provides two competing
explanations for how the transition from unauthorietbgal status may shape the labor market
trajectories of unauthorized immigrants. The scarring hypothesis suggests that the disadvantage
associated with being an unauthorized immigrant will persist even after legal status is gained due
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to the corrosive ature of unauthorized status. Conversely, the turning point hypothesis posits
that gaining legal status provides avenues to new economic opportunities, and that the labor
market outcomes of immigrants will benefit from legalizatiGsing panel data from the 2003

NIS and the 2001-2003 SIPP to extract one treatment group (legal status transitioners) and three
comparison groups (continuously unauthorized immigrants, continuously legal immigrants, and
U.S.-born Latinos), I interrogate these two explanations and the leverage they offer when
investigating the effect of legalization on the hourly wages and occupational mobility of
unauthorized Latin American immigrants to the United States. In Chapters 3,4, and 5, I present

the results from the quasi-experimental analysis.
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Chapter 3: Hourly Wages

This analytic chapter investigates changes in the hourly wages of persons who transition
from unauthorized to authorized legal status. The dependent variable is straightforward: it is
reported hourly wages earned by respondents at jobs at t, and t,. This measure is an outcome that
is common in the stratification and mobility literature, and it is most studied dependent variable
in studies on legalization and the labor market outcomes of immigrants (Morris and Western
1999; Rivera-Batiz 1999; Kossoudji and Cobb-Clark 2002; Hout and DiPrete 2006). Thus,
hourly wages represent a baseline measure for an assessment of how legalization affects labor
market trajectories of legal status transitioners before I move on to occupation-specific outcomes
in later chapters of the dissertation.

Using data from the New Immigrant Survey (NIS) and the Survey of Income and
Program Participation (SIPP), I begin by examining average hourly wages of each group
(transitioners, continuously legal, continuously unauthorized, and U.S .-born Latinos) at t, and t,,
testing if the difference in these means is statistically significant across time. I then run a series
of OLS regression models predicting the log of hourly wages for each group and use the model
fit statistics from these models to assess whether each group experienced a structural break in
how hourly wages are generated over time. Finally, to examine how much of the wage change
over time is attributable to legalization, I conduct a mean-substitution exercise that simulates the
payoff of legalization for hourly wages.

Descriptive Results

Table 3.1 provides average hourly wages (in 2003 constant dollars) at t, and t, for all
groups in the analysis. For respondents (men and women) who transitioned from unauthorized to
authorized status, average wages increased from $8 to $10.20 per hour, representing a 27.7
percent increase between t, and t, and a difference that is statistically significant (p<.05, two-
tailed test). Moreover, wage gains are similar for men and women. Average hourly wages of men
rose significantly from $8.30 to $11.10, and among women, average hourly wages increased
significantly from $7.70 to $9.20. The only gender difference was that men experienced a larger

percentage change relative to women (35 vs. 20 percent increase, respectively).
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Table 3.1: Differences in Average Hourly Wages; and t,

Significant  Percent
Sample ty t, Difference? Change N

New Immigrant Survey
Legal Status Transitioners

Total 8.0 10.2 Yes 27.7 673

Men 8.3 111 Yes 35.1 341

Women 7.7 9.2 Yes 19.7 332
Continuously Legal

Total 10.2 10.2 No 0.9 529

Men 11.3 11.5 No 2.2 327

Women 8.2 8.4 No 3.0 202

Survey of Income and Program Participation
Continuously Unauthorized

Total 9.0 9.5 Yes 6.6 941

Men 9.2 9.8 Yes 7.0 656

Women 8.4 8.8 No 50 285
Continuously Legal

Total 11.0 11.7 Yes 6.4 3872

Men 11.9 12.2 No 2.9 2198

Women 9.9 11.0 Yes 11.0 1674
US-Born Latinos

Total 11.8 12.9 Yes 10.1 4355

Men 12.6 13.8 Yes 9.7 2218

Women 10.8 11.9 Yes 10.2 2137

Note: OSignificant differenceQ indicates statistically significant within-group difference fmtn (p<0.05,
two-tailed test); "Percent Change" column provides within-group percent change in hourly wages acr

periods; N refers to pooled sample size; dollar values given in constant $2003

For persons who remained continuously authorized between t, and t,, NIS data show very
little change in wages. Hourly wages at both t, and were approximately $10.20. Small differences
in wage change appeared for men and women, who experienced 2.2 and 3.0 percent change in
wages, respectively. Furthermore, none of these differences is statistically significant (p<.03,
two-tailed test). A possible explanation for this lack of change in wages is related to findings
presented earlier that show this group had less U.S. experience than other groups in the analysis.
These findings suggest the immigrant respondents from the NIS who remained continuously

legal between t, and t, may not be an appropriate comparison group for those who transitioned
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their legal status.

I now use SIPP data to examine results for the other groups, e.g. those who remained
continuously legal, continuously unauthorized, or U.S.-born Latino across the two time periods.
Respondents who were continuously unauthorized experienced a statistically significant increase
in hourly wages from t, to t,, from $9.00 to $9.50 representing a 6.6 percent increase. When
examining wage changes by gender, however, an important difference emerges. Although hourly
wages for continuously unauthorized men increased significantly from $9.20 to $9.80, those for
women did not. For men, this represents a 7 percent increase in average hourly wages from t, to
t,; this increase, while statistically significant, is much smaller in magnitude relative to the gains
experienced by the legal status transitioners.

Continuously legal immigrants from the SIPP experience a statistically significant
increase in wages between t, to t,, but in contrast to the findings above for the continuously
unauthorized group, these results appear to be driven by women. Average hourly wages for
women who remained continuously authorized increased from $9.90 to $11.00 (or an 11
percentage increase), but the difference for their male counterparts is not statistically significant.
Note, however, that although continuously authorized women experience statistically significant
increases in wages, the magnitude of this change is also substantially less than that experienced
by NIS respondents who transitioned from unauthorized to authorized status.

Finally, the SIPP data also permit us to examine changes in wages for men and women
who are U.S.-born Latinos. Both men and women experience statistically significant increases in
wages from t, to t,. For men, wages increased from $12.60 to $13.80 per hour, and for women
wages increased from $10.80 to $11.90, representing a 10 percent increase for each group. The
hourly wages for all U.S. born Latinos increased from $11.80 to $12.90.

Table 3.1 presents findings that offer some evidence for the turning point hypothesis.
Both men and women who transitioned from unauthorized to authorized workers experienced
statistically significant increases in average hourly wages betweet, to t,. Furthermore, although
some the other groups also posted statistically significant increases in average wages, their wage
changes were much smaller than for those whose legal status shifted from unauthorized to
authorized. Given that these transitioners are the only group to shift legal statuses in between the
two observed periods, substantial growth in their wages but not in the wages of other groups is

consistent with the turning point hypothesis, where those obtaining legal status subsequently
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enhance their labor market position and experience improved working conditions. In the next
section, I present findings from the multivariate analysis of hourly wages.

Multivariate Results

OLS Results

Tables 3.2-3.6 provide the OLS regression results for models predicting the log of hourly
wages at t, and t, for the total sample, including women and men, for each group in the analysis.
There are three panels of results in each table: the pooled model (which includes observations at
t, and t, for all the respondents), the t, model (which includes only observations for t,), and the t,
model (which includes only observations for t, ). The gender-specific OLS regression model
results are provided in the Appendix. As noted in Chapter 2, the OLS regression models provide
the foundation for subsequent steps in my analysis, and as such the primary focus of the present
analysis is not to examine changes in individual determinants over time. Instead, the main goal is
to conduct an omnibus test of how the models perform at t, compared to t,. While this discussion
of the individual determinants of each model provides some insight into the effects of
legalization on hourly wages, the key purpose of these models is to generate the needed
information to conduct the Chow tests for structural change.

Table 3.2 provides the OLS regression results predicting the log of hourly wages for the
total sample of legal status transitioners. At t,, the only variable that significantly predicts the
hourly wages for this group is years of education, which has a small positive effect. Aside from
education, no other variable is statistically significant, and the model has a relatively small
adjusted R*of .07. After the transitioners have gained legal status at t,, however, the model
performs more like a traditional human capital model predicting hourly wages. At t,, I find that
those without English language ability earn significantly less than others and that the positive
effect of education on earnings remains steady across time periods. Further, the model at t,
indicates that Mexicans earn significantly less than other immigrants, although this effect is not

present in the pooled model. Overall, the adjusted R is much larger at t,, with a value of .26.
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Table 3.2: OLS Regression Results Predicting Log of Hourly Wages, Legal Status

Transitioners (Total Sample)

Unpooled Pooled
t t2
Coef. SE Coef. SE Coef. SE

National Origin (ref=other)

Mexico -0.06 0.060 -0.11* 0.040 -0.05 0.040

El Salvador/Guatemala -0.09 0.080 -0.080 0.060 -0.03 0.050
Demographics

Age -0.01 0.020 0.000 0.010 0.01 0.010

Age-Squared 0.00 0.000 0.000 0.000 -0.00 0.000
Human Capital

Female (ref=male) -0.10 0.100 -0.130 0.120 -0.18%* 0.080

Married (ref=not) 0.04 0.060 0.000 0.040 0.07+ 0.040

Trad. State (ref=other) -0.09 0.060 -0.08* 0.040 -0.08* 0.040

Years of Education 0.02%* 0.010 0.02%* 0.010 0.02%* 0.010

Female-Educ. Interaction  -0.00 0.010 0.000 0.010 0.01 0.010

No English (ref=other) -0.05 0.090 -0.16%* 0.060 -0.13%* 0.050

Entry into US Labor Market -0.00 0.010 -0.04%* 0.010 -0.03%* 0.010
Industry (ref=other)

Agriculture -0.16 0.150 0.120 0.120 -0.05 0.100
Construction -0.01 0.090 0.19%* 0.060 0.09+ 0.050
Service Sector -0.04 0.060 -0.14%%* 0.040 -0.12%%* 0.040
Constant 6.40 21.390 89.03** 15.690 53.52%* 13.040
N 263 383 646
Adjusted R-Squared 0.07 0.26 0.17

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Table 3.3 provides the OLS regression results predicting the log of hourly wages for the
total sample of the continuously legal (NIS). In contrast to the results for the transitioners, in
Table 3.3 I find that the OLS regression model coefficients for the continuously legal are
relatively stable across the two time periods. This reflects the fact that, in contrast to the
transitioners, the continuously legal do not experience a shift in legal status from t, to t, that

changes how they interact with the labor market.
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Table 3.3 OLS Regression Results Predicting Log of Hourly Wages, NIS Continuously
Legal (Total Sample)

Unpooled Pooled
t, t2
Coef. SE Coef. SE Coef. SE

National Origin (ref=other)

Mexico 0.26%* 0.10 0.19%* 0.07 0.21%* 0.06

El Salvador/Guatemala 0.08 0.14 -0.060 0.09 0.00 0.08
Demographics

Age 0.03+ 0.02 0.020 0.01 0.03* 0.01

Age-Squared -0.00 0.00 0.000 0.00 -0.00+ 0.00

Female (ref=male) -0.13 0.18 -0.170 0.14 -0.14 0.11

Married (ref=not) 0.12 0.08 0.090 0.05 0.10* 0.04

Trad. State (ref=other) -0.04 0.07 -0.080 0.05 -0.06 0.04
Human Capital

Years of Education 0.03%* 0.01 0.03%* 0.01 0.03%* 0.01

Female-Educ. Interaction  -0.01 0.01 0.000 0.01 -0.01 001

No English (ref=other) -0.05 0.08 -0.060 0.06 -0.06 0.05

Entry into US Labor Market ~ -0.06** 0.02 -0.08%* 0.01 -0.07%* 0.01
Industry (ref=other)

Agriculture -0.61%* 0.22 -0.260 0.20 -0.46%* 0.15

Construction -0.05 0.13 0.19* 0.08 0.10 0.07

Service Sector -0.13+ 0.08 -0.12% 0.05 -0.12%* 0.04
Constant 123.80%** 36.07 169.99%** 23.89 150.76%* 19.92
N 203 305 508
Adjusted R-Squared 0.27 0.41 0.36

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Table 3.4 provides the OLS regression results predicting the log of hourly wages for the
total sample of continuously unauthorized immigrants. Here, I find that the models at t, and t,
also function in similar ways, and this is reflected in the adjusted R*, which isat .09 at t, and .11
at t,. Overall, the models suggest that women earn significantly less than men, English speakers
earn more than non-English speakers, and wages increase with more experience in the U.S. labor
market. Interestingly, education does not have a significant effect on the wages of the
continuously unauthorized workers. The lack of any positive returns to education for
unauthorized workers is indicative of their marginal labor market position, as their legal status

limits their earning power.
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Table 3.4 OLS Regression Result®redicting Log of Hourly Wages,Continuously

Unauthorized (Total Sample)

Unpooled Pooled
tl t2
Coef. SE Coef. SE Coef. SE

National Origin (ref=other)

Mexico 0.08 0.06 -0.040 0.05 0.02 0.04

El Salvador/Guatemala  0.07 0.10 0.020 0.09 0.04 0.07
Demographics

Age 0.01 0.01 0.010 0.01 0.02 0.01

Age-Squared -0.00 0.00 0.000 0.00 -0.00 0.00

Female (ref=male) -0.24+ 0.14 -0.61** 0.13 -0.43** 0.09

Married (ref=not) 0.07 0.05 0.060 0.04 0.07* 0.03

Trad. State (ref=other) -0.12* 0.05 -0.070 0.05 -0.10** 0.03
Human Capital

Years of Education 0.01 0.01 0.010 0.01 0.01 0.01

Female-Educ. Interaction 0.02 0.01 0.05** 0.01 0.03** 0.01

No English (ref=other)  -0.12* 0.06 -0.09+ 0.05 -0.10** 0.04

Entry into US Labor Market -0.01** 0.00 -0.01+ 0.00 -0.01** 0.00
Industry (ref=other)

Agriculture -0.01 0.08 -0.080 0.07 -0.04 0.05

Construction 0.19** 0.06 0.050 0.05 0.12** 0.04

Service Sector 0.07 0.06 -0.01 0.06 0.03 0.04
Constant 28.63** 8.57 15.21+ 7.98 20.51** 5.83
N 449 438 887
Adjusted R-Squared 0.09 0.11 0.1

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Table 3.5 provides the OLS regression results predicting the log of hourly wages for the
total sample of the continuously legal (SIPP). The results from t, and t, for this group also
indicate that the OLS regression model explains a stable amount of variance in wages over time,
as the adjusted R”is .15 and .14 at t, and t,, respectively. In Table 3.5,1 find that, among this
sample of immigrants, women earn significantly less than men and that married workers tend to
earn more than non-married workers. Unlike for the continuously unauthorized, however, for the
continuously legal I find that education significantly increases hourly earnings. This suggests
that these workers, due to their authorized status, have a more traditional labor market experience

relative to the continuously unauthorized.
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Table 3.5: OLS Regression Results Predicting Log of Hourly Wages, SIPP Continuously
Legal (Total Sample)

Unpooled Pooled
tl t2
Coef. SE Coef. SE Coef. SE
National Origin (ref=other)
Mexico -0.03 0.03 -0.05+ 0.03 -0.04+ 0.02
El Salvador/Guatemala  0.01 0.05 -0.08+ 0.05 -0.04 0.03
Demographics
Age 0.01 0.01 0.03** 0.01 0.02** 0.01
Age-Squared -0.00+ 0.00 -0.00** 0.00 -0.00** 0.00
Female (ref=male) -0.22** 0.08 -0.20** 0.08 -0.21** 0.05
Married (ref=not) 0.09** 0.03 0.06* 0.03 0.07** 0.02
Trad. State (ref=other)  -0.02 0.03 0.000 0.03 -0.01 0.02
Human Capital
Years of Education 0.03** 0.00 0.03** 0.00 0.03** 0.00
Female-Educ. Interaction 0.01 0.01 0.010 0.01 0.01 0.00

No English (ref=other) ~ -0.05 0.04 -0.050 0.04 -0.06+ 0.03
Entry into US Labor Market -0.01** 0.00 -0.01** 0.00 -0.01** 0.00
Industry (ref=other)

Agriculture -0.15** 0.05 -0.19** 0.05 -0.16** 0.04
Construction 0.13** 0.04 0.07+ 0.04 0.10** 0.03
Service Sector -0.09** 0.03 -0.12** 0.03 -0.10** 0.02
Constant 31.26** 3.86 26.44** 3.81 28.06** 2.69
N 1,786 1,790 3,576
Adjusted R-Squared 0.15 0.14 0.15

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Table 3.6 provides the OLS regression results predicting the log of hourly wages for the
total sample of the U.S.-born Latinos. Once again, the OLS regression model is relatively stable
across time periods, with a similar adjusted R*at t, and t, (.24 and .21). Holding other variables
constant, women also tend to earn less than men among U.S.-born Latinos, while there is a

positive and significant effect of education on hourly wages.
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Table 3.6: OLS Regression Results Predicting Logf Hourly Wages, U.S:born Latinos
(Total Sample)

Unpooled Pooled
t t,
Coef. SE Coef. SE Coef. SE

Hispanic Origin (ref=other)

Mexico 0.00 0.02 0.020 0.02 0.01 0.02

El Salvador/Guatemala 0.04 0.06 0.030 0.06 0.04 0.04
Demographics

Age 0.04%* 0.01 0.04%* 0.01 0.04%* 0.00

Age-Squared -0.00%** 0.00 -0.00%** 0.00 -0.00%** 0.00

Female (ref=male) -0.39%* 0.11 -0.43%* 0.12 -0.41%* 0.08

Married (ref=not) 0.07** 0.02 0.07** 0.03 0.07** 0.02

Trad. State (ref=other) 0.00 0.02 0.020 0.03 001 0.02
Human Capital

Years of Education 0.06%* 0.01 0.07** 0.01 0.07** 0.00

Female-Educ. Interaction  0.02* 0.01 0.02%* 0.01 0.02%* 0.01

No English (ref=other) -0.06 0.07 -0.010 0.07 -0.04 0.05

Entry into Labor Market ~ -0.01* 0.00 -0.00+ 0.00 -0.01%* 0.00
Industry (ref=other)

Agriculture -0.17* 0.07 -0.080 0.08 -0.13* 0.05

Construction 0.18** 0.05 0.12* 0.05 0.15%* 0.03

Service Sector 001 0.03 -0.01 0.03 0.00 0.02
Constant 14.24%%* 5.46 1021+ 5.66 10.92%* 3.79
N 1,989 1,981 3,970
Adjusted R-Squared 0.24 0.21 0.23

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Having examined the differences in the individual determinants of hourly wages over
time, I now turn to Chow tests to examine any of the comparison groups experienced a
statistically significant structural break in how their hourly wages are predicted. While
examining the individual determinants provide some information about how the labor market
trajectories of these groups unfold over time, the Chow test systematically tests for a change in
how labor market outcomes are generated at t, and t,.
Chow Tests

As a reminder, the Chow test is conducted for each sample and provides an omnibus test
of coefficients of the OLS models at t, and t,. Using pooled and unpooled versions of the models,
the Chow test examines whether the data in those models are appropriate to be pooled across
time periods. In the event that the null hypothesis of no change is rejected, the test offers

evidence that there is a statically significant difference in how those models operate over time. In

59



other words, the test offers evidence that a structural break occurred. If it fails to reject the null
hypothesis, the test provides evidence that the models operate in similar ways over time. In this
context, the turning point hypothesis expects that respondents whose legal status shifts from
unauthorized to authorized experience a structural break in how hourly wages are generated over
time, such that the Chow test for this group will be significant. Conversely, the scarring
hypothesis expects that transitioners’ prior experience with unauthorized status will prevent labor
market mobility, leading to no structural break between t, and t,.

Table 3.7 provides the Chow test results for each group in the analysis. For the legal
status transitioners, results indicate that, for the total and both gender-specific samples, the null
hypothesis of no change in how wages are determined over time is rejected (p<.05, two-tailed
test). The Chow test indicates that, collectively, the model parameters for these transitioners vary
significantly from t, to t,. On the other hand, Chow tests for the continuously unauthorized,
continuously legal, and U.S.-born Hispanics are not significant, indicating that model parameters

do not vary across time periods and that the models are not different from each other at t, and t,.
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Table 3.7: Chow Test for Structural Break in Hourly-Wage Generating Process; to t,

Evidence of
Samples Structural Break? F-Test (df) N

New Immigrant Survey
Legal Status Transitioners

Total Yes 5.17 (15, 616) 646

Men Yes 3.87 (13, 300) 326

Women Yes 3.03 (12, 300) 324
Continuously Legal

Total No 0.47 (15, 478) 508

Men No 0.86 (13, 287) 313

Women No 0.88 (12, 171) 195

Survey of Income and Program Participation
Continuously Unauthorized

Total No 0.99 (15, 857) 887

Men No 0.81 (13, 607) 633

Women No 0.58 (13, 228) 254
Continuously Legal

Total No 0.64 (15, 3546) 3576

Men No 0.37 (13, 2054) 2080

Women No 0.72 (13, 1470) 1496
US-Born Hispanic

Total No 0.48 (15, 3940) 3970

Men No 0.50 (13, 2004) 2030

Women No 0.20 (13, 1914) 1940

Note: Hypotheses being tested are as followsKH = K, H.: K. I K; evidence of
a structural break is found when the null hypothesis of no difference across tin
periods is rejected; hypotheses are tested at p<0.05 (two-tailed test); test stati
generated from Chow test of unpooled and pooled versions of models for eact

Although some of these comparison groups experienced statistically significant increases
in average hourly wages, this does not mean that a structural break has occurred. The wage gains
seen by the continuously unauthorized men and continuously legal women samples, for instance,
are not attributable to structural change in how hourly wages are generated over time, but instead
they reflect an overall upward trend in wages.

To sum, given that transitioners are the only group to experience a statistically significant
structural change in how wages are predicted over time, this is strong evidence that gains in

hourly wages are attributable to legalization rather than other outside factors. This finding
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applies to both women and men, as both male and female transitioners experienced structural
changes in how wages are generated over time.
Simulation

Having found evidence that legalization increases the wages of unauthorizigganis;
| now turn to a wagsimulation exercise to estimate what portion of the wage gain over time is
attributable to legalization. Results provided in Tablewd&8 generated usirige methodology
laid out in Chapter,2and | also provide a brief oweew of the simulation analysis steps below.

Following Kossoudji and Cobglark (2002), | use this mean substitution method to
simulate the effects of legalization relative to the scenario of remaining unauthorized. | conduct
the simulation for tw@roups: the legal status transitioners and the continuously unauthorized.
For the transitioners, | first calculate the predicted mean hourly wage based on the sampleOs
means and returns for the independent variablesatlts, respectively, which compriseset
outcomes expected under the legalization scenario for this group. As an alternative scenario, |
use meassubstitution to simulate the change in wages that transitioners would experience under
the scenario that they did not gain authorized status aralrredunauthorized. To simulate the
scenario that the transitioner group remains unauthorized, the predicted meswcattulated
using mean substitution, where the means for the transitioner grow@reatipplied to the returns
for the transitionegroup at 1, when that group was unauthorized.

For the continuously unauthorized sample, | first calculate the predicted mean outcome
based on the sampleOs means and retugrendttt, respectively, which produces the predicted
mean hourly wage unddrd scenario that this group remains unauthorized fréontt Then, |
conduct another measubstitution exercise to simulate a scenario under which the continuously
unauthorized immigrants receive legal statubetweentand ¢, where predicted meamtrly
wages atitis calculated by applying the sample means from the continuously unauthorized
group at 1 to the model returns from the legal status transitionegs Bliis simulates the change
in average hourly wages that might be expected undecémaiso that the continuously
unauthorized experienced the same kind of labor market experiences as transitioners over time.

In Table 3.8, Column 1 provides the adjusted mean hourly wage that the transitioners and
the continuously unauthorized are expected to earn at t; when both of these samples were
unauthorized; the adjusted means were calculated using the respective sample means and OLS

regression coefficients at t,. Column 2 provides the projected mean wage in the scenario where
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both groups receive legal status prior to t,. For the transitioners, this is calculated using the
respective sample means and returns generated at t,; for the continuously unauthorized, their
means are applied to the returns of the transitioners to simulate the growth in outcomes that
might occur if the continuously unauthorized received legal status. Column 4 provides predicted
values under the scenario where both groups do not receive legal status and remain unauthorized.
For the continuously unauthorized, this is calculated using the sample means and returns at t,; for
the transitioners, the sample’s own returns at t, (when this sample was unauthorized) is applied to
the means of the sample at t,, which simulates the expected wages if the transitioners had not
gained legal status. Finally, column 6 provides the percent growth in hourly wages experienced
under a legalization scenario net of the continued unauthorized status scenario, and approximates

the projected payoff of legalization.

Table 3.8: Simulaed Hourly-Wage Growth Calculations from t; to t,, Legal Status

Transitioners and Continuously Unauthorized

Possible Scenarios Proejcted Payof
Legalization Remain Unauthorized of Legalization
Percent Changt Percent Changt Column (3) -
tlunauthorized tzlegal tlunauth.to tzlegal tzunaulhorize( tlunauth.to Eunauth. Column (5)
(1) (2 (3) (4) (5) (6)
Legal Status Transitioners (NIS)
Total 7.3 9.3 28.1 7.4 2.2 25.9
Men 7.7 10.0 29.5 7.9 2.6 26.9
Women 6.9 8.6 255 7.1 2.9 22.6
Cont. Unauthorized (SIPP)
Total 8.2 10.8 32.2 8.7 6.6 25.6
Men 8.4 11.6 37.9 9.1 8.3 29.6
Women 7.6 9.9 30.1 7.8 2.4 27.7

Note: All t,"= ™=@y alues calculated using observed sample means and returns; for fransitiofieraLes derived
using respective means and returns fand t, and t"""=tvalues generated using means for transitionessaadt
returns for transitioners at for cont. unauthorized;*#® calculated using means for cont. unauthorizedatd returns
for transitioners att and t"=dgenerated using means for cont. unauthorizedaatid returns for transitioners at t

The predicted average hourly wage for the legal status transitioners when they were
unauthorized immigrants at t, is $7.7 for men and $6.9 for women. Under the legalization
scenario, the wages of the transitioner men are expected to increase to $9.3, which is a 28 percent
increase. I find similar results for women, as wages under the legalization scenario increase to
$8.6, or a 25.5 percent increase. Conversely, wages for both transitioner men and women are
expected to remain relatively flat over time if the sample was to remain unauthorized; the percent
change for men and women is 2.6 and 2.9 percent, respectively. Taken together, these two

scenarios indicate that the amount of the change over time in wages that is directly attributable to
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legalization (i.e., the change in wages that only occurred due to legalization) is 23 percent for
women and 27 percent for men.

I find very similar results for the continuously unauthorized sample from the SIPP. The
predicted average hourly wage for continuously unauthorized men at t, is $8.4, and for women it
is $7.6. Under the scenario where this sample experiences legalization in between t, and t, like
the legal status transitioners, the wages of this sample are simulated to grow rapidly. For men,
wages are simulated to rise to $11.6 (a 32 percent increase); for women, wages are simulated to
rise to $9.9 (a 30 percent increase). Under the scenario where this sample remains unauthorized,
the predicted average hourly wages of men and women increase only by 8 and 2 percent,
respectively. Thus, the simulated percent increase in wages that is attributable to legalization for
the continuously unauthorized samples ranges from 30 percent for men to 28 percent for women.

Collectively, results in Table 3.8 demonstrate that legalization pays off both in terms of
more wages for those able to transition to authorized legal status and in terms of the penalty for
those unable to do so and who remain unauthorized. With respect to the legalization scenario in
the simulation, both legal status transitioners and the continuously unauthorized experience
robust growth in hourly wages from t, to t,. In contrast, in the scenario where respondents remain
unauthorized, they are estimated to experience much slower or nonexistent wage growth.

Therefore, because legalization increases the average wage of workers by 25 percent,
legalization is an important turning point in the labor market trajectories of unauthorized Latin
American immigrants.

Figure 3.1 provides an illustration of the findings from Table 3.8. It presents the predicted
average hourly wage for legal status transitioners and the continuously unauthariaed@t
under the alternative scenarios. The first scenario, repredgntkd green lines, is for a group
of workers who remain unauthorized and do not receive legalization over time (column 4 in
Table 3.8). Under this scenario, wages are simulated to grow at a sluggish pace for both the
groups. Conversely, under the legatian scenario depicted by the blue lines, the workers
legalize and transition from being unauthorized &t being authorized at(column 2 in Table
3.8). For immigrants that receive legalization, wages are simulated to grow robustly.
Comparing theslope of the blue lines (which represent legalization) and the green lines (which
represent remaining unauthorized) provides a visual depiction of the central role that legalization
plays in improving the labor market position of unauthorized immigrardgether, they
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highlight the fact thalegalization providesraincrease in the wages of previously unauthorized
immigrantsthat would not be experienced otherwise.

Figure 3.1: Simulated Hourly Wages at tand t,, Remaining Unauthorized vs. Legalization

$11 1
$10 1
$9 1
Cont.
Unauthorized
$8 1
Legal
Status
Transitioners
$7 -
£ 5}
Legend: Possible Scenarios
em=Remain Unauthorized ®==[ coalization
Note: Values presented here produced using the simulation provided irj
Table 3.8

Summary

This chapter of the dissertation examines how the hourly wages of legal status
transitioners were affected by legalization. In the context of a cumulative advantage framework,
the evidence here suggests legalization is a turning point in the labor magcetbties of
unauthorized immigrants, and that it affords immigrants the opportunity to better maximize
earnings in the labor market. My findings indicate that, in the context of hourly wages, the
disadvantage associated with unauthorized status isylaigainated after legalization, lending
little support for the scarring hypothesis.

The descriptive analysis provided in Table 3.1 indicates that, overall, mean wages for
legal status transitioners grew from $8.00 an hour to $10.20 dollars an houy tiveynand that
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this difference is statistically significant. However, the transitioners do not exclusively

experience increases in hourly wages over time, as other groups also experienced statistically
significant wage growth. What is distinctive abthe hourly wage trajectories of the

transitioners, however, is that their wages grew at a much faster rate than the comparison groups
(27 percent increase compared to 6 percent for the continuously unauthionzségmplé.

Chow tests presented in[dla 3.7 show that much of the change in wages over time for
transitioners is attributable to legalization. Transitioners experience a statistically significant
break in the waggenerating process betwegto t,, while none of the comparison groups
exhilited this structural break. Therefore, since the legal status transitioners are the only group to
experience the treatment effect of legalization, this reveals that the labor market outcomes
experienced by transitioners were dramatically different aftgdileation relative to when they
were unauthorized.

The results presented in Table 3.8 provide further evidence that legalization serves as a
catalyst for wage increases. | use a maaystitution method to simulate the wage trajectories
of the legal w&atus transitioners under two alternative scenarios: one where they do not receive
legal status, and another where they do undergo the transition to authorized status.

The simulation finds, under the scenario where the transitioners do not experiatizatlieg

and remain unauthorized, they experience a 2 percent increase in average hourly wagés from t
to. Under the scenario where the transitioners gain legal status, however, their average hourly
wages increase by 28 percent across the two timedsernd this finding applies to both men

and women. Overall, the results from the simulation indicate that there is a 25 percent increase in
hourly wages that is directly attributable to legalization.

Therefore consistent witlprevious research, | fihthat there is a substantial payoff of
legalization. However, my findings differ from thosepoior studies irtwo important ways.

First, myestimate of the increase in wages due to legalization is 25 percent, which is at the high
endof the range estimed bypreviousresearchers using data from IRG#hich varied from 8

to 17 percentRiveraBatiz 1999 Kossoudji and Cobi€lark 2002) Second | find that

legalization boosts the wages of both women and ii@s finding stands in contrast to previous
researchwhich largely indicatethat men are more likely than women to benefit from
legalization(Powers, Seltzer and Shi 1998; Cobb-Clark and Kossoudji 1999).

| speculate thaboth ofthese differenceare attributabléo the context in which
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contemporary immigrants are now legalizing, which has changed considerably from that of the
postIRCA era on which the bulk of the previous legalization literature is b&asd. in the

years following IRCA, the wage penalty for unauthorized status amangyrant workers

increased, and this penalty was especially strong for female workers (Phillips and Massey 1999;
Donato et al. 2008); the reverse of that development implies that contemporary immigrants now
have even more to gain from legalizidoreove, Kossoudji and Cobi€lark (2002) and

RiveraBatiz (1999), studying the effects of the IRCA amnesty, concluded that their estimations
of the benefit of legalization on wages were likely conservative, and that contemporary
legalization would likely have strongereffectdue to these contextual shifts. Kossoudji and
CobbClark (2002:623)state that Othe deterioration in the U.S. wages and working conditions of
undocumented workers after IRCA implies that the gain to amnesty would be larger today than it
was when legal status was granted under IRAI®indicates that, while higher than those of
previous studies, my estimates likely more accurately reflect the penalty of unauthorized status
and the payoff of legalization in the contemporary era of unaadtbimmigration to the United
States.

Second, the finding that the hourly wages of both women and men benefit from
legalization in similar ways also reflects the changing environment for unauthorized immigrants.
For instance, using data from the Mexiddigration Project, Donato and Sisk (2012) find
evidence that unauthorized immigrants have increasingly been incorporated into the formal labor
market, as they are now more likely to pay taxes and be paid by check rather than cash than in
the past. While uauthorized immigrants still remain concentrated in the underground economy,
their increasing presence in the formal labor market (a finding which applies for men and
women) suggests that female unauthorized immigrants now possess stronger ties to formal
employment, and thus are now better positioned to take advantage of legalization relative to
female immigrants in the peHRCA period.

It is conceivable that some might find the 25 percent increase in wages observed here to
be trivial: given the difficules that unauthorized immigrants experience in the labor market,
might we expect that legalization would lead to even larger gains in wages? However, it is
important to keep in mind the economic context in which these immigrants are legalizing. After
trangtioning to legal status, the transitioners no longer face the disadvantage of unauthorized
status, but these immigrant workers continue to encounter the challenges of-thagewector
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the U.S. economy. After legalizing, the hourly wages of the legaisstransitioners are
comparable to those of the continuously legal (SIPP and NIS) groups, indicating that legalization
allowed the transitioners to catch up with the outcomes of those groups. Thus, this 25 percent
increase in wages that is directlyriéitable to legalization represents a substantial increase in
the earnings of workers that are concentrated inlage sectors, and is especially notable
given the longterm trends of wagetagnation for workers at the bottom end of the wage
hierarchy (®&ttschalk 1997; Buchinsky and Hunt 1999).

Having established that the hourly wages of unauthorized immigrants are increased by
legalization, | now turn to the analysis of occupatspecific labor market outcomes to examine
how legalization impacts thecoupational standing of immigrants. While this chapter focuses on
the hourly wages, the chapters that follow investigate how transitioning to legal status shapes the

structural position of unauthorized immigrants in their local labor markets.
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Chapter 4: OccupationatWage Index

This analytic chapter investigates changes in the occupational-wage index (OWI) for the
four types of groups discussed earlier: those who transition from unauthorized to authorized
status, those who remain continuously unauthorized, those who remain continuously authorized,
and U.S. born Latinos. As outlined in Chapter 2, I measure occupation-specific outcomes that
use detailed NIS and SIPP occupational codes to attach characteristics to the occupations held by
respondents in the surveys. I generate occupational characteristics using data from the Current
Population Survey, and these outcomes are gender-, year-, and region- specific. The OWI is the
median hourly wage of a given occupation, and thus represents the structural position of
occupations in local labor markets.

I begin by examining the average OWI of each group at t, and t,, testing if mean
differences are statistically significant across time. I then run a series of OLS regression models
that predict the log of the OWI for each group, and use model fit statistics to assess whether each
group experienced a structural break in how their occupational-wage index is generated over
time. Finally, to examine how much of the OWI change is related to legalization, I then conduct
a mean-substitution exercise that simulates the payoff of legalization for the occupational-wage
index.

Descriptive Results

Table 4.1 provides the average value of the occupational-wage index (OWI) at t, and t,
for each group in the analysis. Keep in mind that the OWI corresponds to the median hourly
wage of the respondent’s occupation in 2003 constant dollars. For all respondents (including men
and women) who transitioned their legal status, the average OWI increased from $9.80 to $11.10
per hour, representing a 13 percent increase and a statistically significant difference between t, to
t, (p<.05, two-tailed test). Substantively, this means that, on average, transitioners worked in an
occupation with a median wage of $9.80 per hour at t;; by t,, the average transitioner worked in

an occupation with a median wage of $11.1 per hour.
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Table 4.1: Differences in Average OccupationaWage Index, t and t;

Significant ~ Percent
Sample t, t, Difference?  Change N

New Immigrant Survey
Legal Status Transitioners

Total 9.8 11.1 Yes 13.3 982
Men 11.3 12.5 Yes 10.6 509
Women 8.2 9.7 Yes 18.3 473
Continuously Legal

Total 11.3 11.6 No 2.7 708
Men 12.8 13.1 No 2.3 423
Women 9.1 9.3 No 2.2 285

Survey of Income and Program Participation
Continuously Unauthorized

Total 10.3 10.8 No 4.9 813
Men 10.7 11.5 No 7.5 573
Women 93 9.0 No 2.7 240
Continuously Legal

Total 11.4 12.1 Yes 6.1 3415
Men 12.3 13.0 Yes 5.7 1987
Women 10.2 10.8 Yes 59 1428
US-Born Latinos

Total 12.6 13.4 Yes 6.3 3791
Men 13.9 14.6 Yes 5.0 1938
Women 11.4 12.1 Yes 6.1 1853

Note: “Significant difference” indicates statistically significant within-group difference from t; to t, (p<0.05,

two-tailed test); "Percent Change" column provides within-group percent change in hourly wages across time
periods; N refers to pooled sample size; dollar values given in constant $2003

Similar gains in OWI between t, to t, hold for the gender-specific samples of
transitioners. Men’s average OWI increased from $11.30 to $12.50, a difference that is also
statistically significant. For women, the average OWI also significantly increased, from $8.20 to
$9.70, although their average OWI was lower than men’s at both t, and t,. However, men
experienced a smaller percentage change, an 11 percent increase, compared to women’s 18
percent increase. Overall, the evidence suggests that transitioners experienced steady increases in
their occupational standing and they were more likely to work in occupations with higher median

wages following legalization.
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Much like the findings in Chapter 3, the continuously legal (NIS) group experienced very
little growth over time, as the average occupational-wage index increased from $11.30 at t, to
$11.60 at t,. Similarly, although men and women experienced small percentage increases (2.3
and 2.2 percent change, respectively), none of the differences for the NIS continuously legal
respondents are statistically significant.

Moving to the results for the SIPP groups, I find that continuously unauthorized
immigrants did not experience any statistically significant increases in OWI. Recall that in
Chapter 2, results in Table 3.1 showed that average hourly wages of continuously unauthorized
men increased significantly. However, Table 4.1 suggests that even with this increase in wages,
the structural position of male workers remained the same. Therefore, despite a small increase in
wages, this group was unable to become mobile and shift to an occupation with higher wages.
This finding reflects the expectations I presented in Figure 2.1 in Chapter 2, whereby
continuously unauthorized immigrants hold the lowest levels of cumulative advantage and, as a
result, experience the most disadvantage in the labor market.

Unlike the continuously unauthorized group, continuously legal immigrants experienced
a statistically significant increase in OWI from t, to t,. The OWI of the total sample, for instance,
increases from $11.40 at t, to $12.10 at t,, representing a six percent increase. The average OWI
of continuously legal women also increases, from $10.20 to $10.80, and for men it rose from
$12.30 to $13.00. For both women and men, these differences are statistically significant. Even
though the continuously legal (SIPP) experience statistically significant increases in OWI, the
magnitude of the change is smaller than that experienced by transitioners.

Finally, both men and women from the U.S.-born Latino sample experience statistically
significant increases in OWI from t, to t,. The OWI for the total sample increases from $12.60 to
$13.40, which represents a 6.3 percent increase. Men’s OWI increased from $13.90 to $14.60,
representing a five percent increase; women’s increased from $11.40 to $12.10, or a six percent
increase.

Therefore, Table 4.1 offers initial evidence in support of the turning point hypothesis for
the transitioner group, as both male and female transitioners saw statistically significant
increases in their average occupational-wage index between t, to t,. While some comparison
groups also experience statistically significant increases, those increases were rather modest

relative to the transitioner group. Given that transitioners are the only group to shift legal statuses
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between the two observed periods, their substantial OWI growth (which is not present for the
other groups) is consistent with the turning point scenario, where transitioners who gain legal
status enhance their labor market position. In the next section, I now turn to the multivariate
analysis of the occupational-wage index.

Multivariate Results

OLS Results

Tables 4.2-4.6 provide the OLS regression results for models predicting the log of the
OWTI at t, and t, for the complete sample (including both female and male respondents) for each
group in the analysis. There are three panels of results in each of the table: the pooled model
(which includes observations at t, and t, for all the respondents), the t, model (which includes
only observations for t,), and the t, model (which includes only observations for t,). The gender-
specific OLS regression results are provided in the Appendix. As described in Chapter 2, the
OLS regression models provide the basis for the subsequent analysis steps. The emphasis of the
analysis here is not to document changes in individual determinants over time, but to provide an
omnibus test of how the models perform at t, compared to t,. While this discussion of the
individual determinants of each model provides some insight into the impact of legalization on
occupational standing, the primary goal of these models is to generate the needed information to
conduct the Chow tests for structural change.

Table 4.2 provides the OLS regression results predicting the log of the occupational-wage
index for the total sample of legal status transitioners. In the analysis in Chapter 3 for hourly
wages, the substantive differences in the models at t, and t, for the transitioners were more
readily apparent; the results for the OWI in table 4.2, however, are subtler. There are some
differences in the significance level of individual coefficients over time, such as in the case of
age and age-squared, the national origin indicator for Mexicans, and the direction of the
coefficient for U.S. labor market experience, but the sign and significance of the education and
gender coefficients remain stable over time. Overall, the adjusted R* does not change drastically
from t, to t,, although it does increase from.19 t0.23. Thus, without a statistical test to provide an
omnibus test of how the coefficients function across models, the results in Table 4.2 are

inconclusive in regards to how legalization impacts the OWI-generating process.
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Table 4.2: OLS Regression Results Predicting Log of Occupation#/age Index, Legal

Status Transitioners (Total Sample)

Unpooled Pooled
tl t2
Coef. SE Coef. SE Coef. SE

National Origin (ref=other)

Mexico -0.05 0.04 -0.07* 0.04 -0.04 0.03

El Salvador/Guatemala  0.00 0.06 -0.060 0.05 0.00 0.04
Demographics

Age 0.01 0.01 -0.03* 0.01 -0.00 0.01

Age-Squared -0.00 0.00 0.00* 0.00 -0.00 0.00

Female (ref=male) -0.23** 0.07 -0.30** 0.10 -0.29** 0.06

Married (ref=not) 0.05 0.05 0.06+ 0.04 0.08** 0.03

Trad. State (ref=other) 0.03 0.04 -0.030 0.04 0.00 0.03
Human Capital

Years of Education 0.02** 0.01 0.03** 0.01 0.02** 0.00

Female-Educ. Interaction -0.01 0.01 0.000 0.01 0.00 0.00

No English (ref=other) -0.03 0.06 0.020 0.05 -0.03 0.04

Entry into US Labor Market 0.03** 0.01 -0.02* 0.01 0.01 0.01
Constant -58.27** 16.12 33.19* 13.19 -12.28 10.37
N 466 482 948
Adjusted R-Squared 0.19 0.23 0.19

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Table 4.3 displays the OLS regression results predicting the log of the occupational-wage
index for the total sample of the continuously legal (NIS). At both t, and t,, there is a small,
positive effect of education on the occupational-wage index, as well as a positive effect of U.S.
labor market experience. There are several coefficients that are statistically significant at t, that
are not at t;: Women are only significantly lower on the OWI at t,, the negative and significant
effect of living in a traditional immigrant state is only present at t,, and the negative effect of not
speaking English is only visible at t,. Further, the adjusted R* does increase from.20 to.27 from t,
to t,. Thus, while there are some indications of the model functioning in different ways across
time periods for this group of continuously legal immigrants, the results from the Chow test will

provide further insight into the statistical significance of these differences.
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Table 4.3: OLS Regression Results Predicting Log of Occupation®age Index, NIS

Continuously Legal (Total Sample)

Unpooled Pooled
tl t2
Coef. SE Coef. SE Coef. SE

National Origin (ref=other)

Mexico 0.04 0.06 0.070 0.06 0.06 0.04

El Salvador/Guatemala -0.01 0.09 -0.110 0.08 -0.06 0.06
Demographics

Age 0.02 0.01 0.000 0.01 0.01 0.01

Age-Squared -0.00 0.00 0.000 0.00 -0.00 0.00

Female (ref=male) -0.18 0.11 -0.31** 0.12 -0.24** 0.08

Married (ref=not) 0.02 0.05 -0.010 0.04 0.01 0.03

Trad. State (ref=other) 0.02 0.05 -0.09* 0.05 -0.04 0.03
Human Capital

Years of Education 0.02** 0.01 0.01* 0.01 0.02** 0.00

Female-Educ. Interaction -0.01 0.01 0.000 0.01 -0.01 0.01

No English (ref=other) -0.07 0.05 -0.13* 0.05 -0.10** 0.04

Entry into US Labor Market -0.03** 0.01 -0.04** 0.01 -0.03** 0.01
Constant 59.19** 21.36  83.15* 19.71  71.41* 14.33
N 323 359 682
Adjusted R-Squared 0.20 0.27 0.24

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Table 4.4 provides the OLS regression results predicting the log of OWI for the total

sample of continuously unauthorized immigrants. For the continuously unauthorized immigrant

sample, there is very little difference in the individual determinants of the model across the two

time periods. Women score lower on the occupational-wage index relative to men at both t, and

t,, education increases the OWI, and not speaking English has a negative effect on OWI. The

adjusted R*is.12 at t, and.17 at t,.
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Table 4.4: OLS Regression ResultBredicting Log of OccupationatWage Index,
Continuously Unauthorized (Total Sample)

Unpooled Pooled
tl t2
v2 v3 v4 v5 v6 v7

National Origin (ref=other)

Mexico 0.02 0.04 -0.06 0.05 -0.02 0.03

El Salvador/Guatemala  0.07 0.06 0.02 0.09 0.05 0.05
Demographics

Age -0.00 0.01 0.03+ 0.01 0.01 0.01

Age-Squared 0.00 0.00 0.00 0.00 -0.00 0.00

Female (ref=male) -0.32** 0.09 -0.33** 0.12 -0.33** 0.07

Married (ref=not) 0.05 0.03 0.00 0.04 0.03 0.02

Trad. State (ref=other)  -0.01 0.03 0.04 0.04 0.01 0.03
Human Capital

Years of Education 0.02** 0.01 0.03** 0.01 0.02** 0.00

Female-Educ. Interaction 0.01 0.01 0.01 0.01 0.01+ 0.01

No English (ref=other) -0.10** 0.04 -0.17** 0.05 -0.13** 0.03

Entry into US Labor Market  -0.00 0.00 0.00 0.00 0.00 0.00
Constant 6.28 5.72 -4.64 8.20 1.56 4.73
N 462 343 805
Adjusted R-Squared 0.12 0.17 0.15

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Table 4.5 provides the OLS regression results predicting the log of the occupational-wage
index for the total sample of the continuously legal (SIPP). Like the continuously unauthorized
group, this sample of continuously legal immigrants from the SIPP also appears to have stable
individual determinants across the models at t, and t,. The adjusted R*is.19 in the models at both
points in time, and the negative effect for women and positive effects for education and labor

market experience are present across time periods.
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Table 4.5: OLS Regression Results Predicting Log of Occupation®Vage Index, SIPP

Continuously Legal (Total Sample)

Unpooled Pooled
t, t;
Coef. SE Coef. SE Coef. SE

National Origin (ref=other)
Mexico -0.08** 0.02 -0.07** 0.02 -0.07** 0.02
El Salvador/Guatemala -0.09** 0.03 -0.10** 0.04 -0.09** 0.02
Demographics

Age 0.01 0.01 0.010 0.01 0.01* 0.00
Age-Squared -0.00 0.00 0.000 0.00 -0.00* 0.00
Female (ref=male) -0.38** 0.05 -0.29** 0.06 -0.34** 0.04
Married (ref=not) 0.04+ 0.02 0.010 0.02 0.02+ 0.01
Trad. State (ref=other) 0.03 0.02 0.000 0.02 0.02 0.02
Human Capital
Years of Education 0.03** 0.00 0.03** 0.00 0.03** 0.00
Female-Educ. Interaction 0.02** 0.00 0.010 0.01 0.01** 0.00
No English (ref=other)  -0.06+ 0.03 -0.040 0.03 -0.05* 0.02
Entry into US Labor Market -0.01** 0.00 -0.00** 0.00 -0.01** 0.00
Constant 16.21** 2.85 10.65** 2.96 12.69** 2.04
N 1,808 1,513 3,321
Adjusted R-Squared 0.19 0.19 0.19

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Table 4.6 provides the OLS regression results predicting the log of OWI for the total
sample of the U.S.-born Latinos. For this group, the models at t, and t, also appear to function in
relatively similar ways. The adjusted R”is.21 at t, and.20 at t,, and the individual determinants do

not vary to a great extent across time periods.
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Table 4.6: OLS Regression Results Predicting Log of Occupation®Vage Index, U.S:born

Latinos (Total Sample)

Unpooled Pooled
tl tZ
Coef. SE Coef. SE Coef. SE

Hispanic Origin (ref=other)

Mexico -0.01 0.02 0.00 0.02 -0.00 0.01

El Salvador/Guatemala -0.10* 0.05 -0.11* 0.05 -0.11** 0.03
Demographics

Age 0.02** 0.01 0.01* 0.01 0.02** 0.00

Age-Squared -0.00** 0.00 -0.00* 0.00 -0.00** 0.00

Female (ref=male) -0.25** 0.09 -0.17+ 0.10 -0.22** 0.07

Married (ref=not) 0.03 0.02 0.06** 0.02 0.04** 0.01

Trad. State (ref=other) 0.00 0.02 -0.01 0.02 -0.01 0.01
Human Capital

Years of Education 0.06** 0.00 0.06** 0.01 0.06** 0.00

Female-Educ. Interaction 0.00 0.01 0.00 0.01 0.00 0.01

No English (ref=other) -0.08 0.05 -0.06 0.06 -0.07+ 0.04

Entry into Labor Market  -0.00 0.00 -0.00* 0.00 -0.00 0.00
Constant 5.30 4.42 10.99* 4.81 5.70+ 3.11
N 1,973 1,694 3,667
Adjusted R-Squared 0.21 0.20 0.21

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

The results above displaying the individual determinants provide some information about
how the labor market trajectories of these groups evolve over time, but the Chow test
systematically tests for a change in how labor market outcomes are generated at t, and t,. Now
that I have discussed the individual determinants of the occupational-wage index in the models at
both time periods, the next section provides results from Chow tests that examine if any of the
groups experienced a statistically significant structural break in how their OWI is generated from
t, tot,.

Chow Tests

Please refer to Chapter 2 for an in-depth explanation of the logic and methods behind the
Chow test. As a reminder, in the context of this analysis, the turning point hypothesis expects
that the transitioners experience a structural break in how their OWI is generated over time and
that the Chow test for the transitioner group will be significant. Conversely, the scarring
hypothesis expects that the transitioners’ prior experience with unauthorized status will continue

to encounter barriers to mobility, leading to no significant structural break.
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Table 4.7: Chow Test for Structural Break in OccupationatWage Index Generating

Process, 1to t;

Evidence of
Samples Structural Break? F-Test (df) N

New Immigrant Survey
Legal Status Transitioners

Total Yes 4.75 (12, 924) 948

Men Yes 1.97 (10, 471) 491

Women Yes 4.18 (10, 443) 463
Continuously Legal

Total No 0.56 (12, 658) 682

Men No 0.94 (10, 390) 410

Women No 0.99 (10, 255) 275

Survey of Income and Program Participation
Continuously Unauthorized

Total No 0.58 (12, 886) 908

Men No 0.42 (10, 628) 646

Women No 0.41 (10 244) 262
Continuously Legal

Total No 0.27 (12 3518) 3540

Men No 0.47 (10, 2087) 2105

Women No 0.92 (10, 1507) 1525
US-Born Hispanic

Total No 0.34 (12, 3914) 3936

Men No 0.41 (10, 1991) 2009

Women No 0.84 (10, 1909) 1927

Note: Hypotheses being tested are as followsKH = K;, H.: K; ! K;; evidence of
a structural break is found when the null hypothesis of no difference across tin
periods is rejected; hypotheses are tested at p<0.05 (two-tailed test); test stati
generated from Chow test of unpooled and pooled versions of models for eact

Table 4.7 provides results from the Chow tests for each group in the analysis. For the
transitioners, results indicate that, for the total and gender-specific samples, the null hypothesis
of no change in how wages are determined over time is rejected (p<.05, two-tailed test). Stated
differently, the Chow test indicates that, collectively, model parameters for transitioners vary
significantly from t, to t,. On the other hand, the Chow tests for the continuously unauthorized,
the two continuously legal groups, and U.S.-born Hispanics are not significant. Thus, model

parameters for these groups do not vary across time, suggesting that the models are, from a
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statistical standpoint, indistinguishable at t, and t,. As in Chapter 3, statistically significant
increases in mean OWI for a particular group do not necessarily mean that a structural break has
occurred. For instance, both the SIPP female and male continuously legal samples experienced
significant increases in mean OWI between t, and t,, but their Chow test results are not
significant, indicating no structural break but general occupational mobility. In the case of
transitioners, however, statistically significant Chow test results provide evidence that
legalization dramatically changes how that group’s labor market position is generated. As seen in
Table 4.1, this change in the OWI-generating process led to substantial gains in OWI that were
not experienced by other groups. Thus, Table 4.7 provides additional evidence for the turning
point hypothesis.

Furthermore, given that the treatment group of legal status transitioners is the only one to
experience a statistically significant structural change in how the OWI is generated over time,
this is strong evidence that gains in occupational standing are attributable to legalization rather
than other exogenous factors. Finally, it is important to note that this finding applies to both
women and men, as both groups appear to benefit from legalization.

Simulation

Thus far, the results in this chapter indicate that the shift from unauthorized to authorized
status results in gains in occupational standing for legal status transitioners. I now turn to a
simulation exercise that estimates to what extent legalization increases the average occupational-
wage index. Results provided in Tabke8 were generated usirige methodology laid out in
Chapter 2and | also provide a brief overview of the simulation analysissdbelow.

Following Kossoudji and Cobglark (2002), | use this mean substitution method to
approximatehe consequences of legalization relative to the scenario of remaining unauthorized.
| conduct the simulation for two samples: the legal statusiti@areys and the continuously
unauthorizedFor the transitioners, | first calculate the predicted noegapationalwage index
based on the sampleOs means and returns for the independent varisdnessatespectively,
which comprises the outcomes expected under the legalization scenario for this group. As an
alternative scenario, | use mesubstitution to simulate the changediVI that transitioners
would experience under the scenario that they didjaiot authorized status and remained
unauthorized. To simulate the scenario that the transitioner group remains unauthorized, the

predicted mean at ts calculated using mean substitution, where the means for the transitioner
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group atiare applied to #areturns for the transitioner group atwhen that group was
unauthorized.

For the continuously unauthorized sample, | first calculate the predicted mean outcome
based on the sampleOs means and retugrenatt, respectively, which produces the gicted
meanOWI under the scenario that this group remains unauthorized friont.t Then, | conduct
another measubstitution exercise to simulate a scenario under which the continuously
unauthorized imngrants receive legal statbetweentand &, wherel calculate theredicted
meanOWI at & by applying the sample means from the continuously unauthorized group at t
the model returns from the legal status transitiones @his simulates thexpectecthange in
occupational standingnder the senario that the continuously unauthorized experienced
legalization in the same way as the legal status transitioners.

In Table 4.8, Column 1 provides the adjusted mean outcome for transitioners and the
continuously unauthorized using their respective sample means and returns generated from an
OLS regression at t; when both groups were unauthorized. Column 2 presents the projected mean
OWTI in the scenario where both groups receive legal status prior to t,. For transitioners, I
calculate this using the respective sample means and returns generated at t,; for the continuously
unauthorized, their means are applied to returns of transitioners to simulate growth in outcomes
that might occur if the continuously unauthorized received legal status. Column 4 provides
predicted OWI values under the scenario where both groups do not receive legal status and
remain unauthorized. For the continuously unauthorized, this is simply calculated using the
group means and returns at t,; for transitioners, the groups own returns at t, (when they were
unauthorized) is applied to the means of the sample at t,, which simulates the expected average
OWI if the transitioners had not gained authorized status. Finally, column 6 provides the percent
growth in OWI experienced under the legalization scenario net of the continued unauthorized
status scenario, and approximates the projected payoff of legalization for the occupational

standing of immigrants.
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Table 4.8: Simulated OccupationalWage IndexGrowth Calculations from t; to t,, Legal

Status Transitioners and Continuously Unauthorized

Possible Scenarios Proejcted Payof
Legalization Remain Unauthorized of Legalization
Percent Changt Percent Changt Column (3) -
tlunauthorized tzlegal tlunauth.to tzlegal tzunauthorize( tlunauth,to tzunauth. Column (5)
) @ 3 4 ®) (6)
Legal Status Transitioners (NIS)
Total 9.0 10.3 14.5 9.0 0.0 14.5
Men 10.5 11.7 12.0 10.7 1.9 10.1
Women 7.6 9.0 18.2 7.6 -0.3 18.5
Cont. Unauthorized (SIPP)
Total 9.8 10.7 8.9 10.0 1.9 6.9
Men 10.2 11.5 11.9 10.6 3.7 8.2
Women 8.9 8.5 -4.4 8.7 -1.9 -2.5

Note: All t,"=™=dyalues calculated using observed sample means and returns; for transitiofieraLes derived
using respective means and returns fand t, and t"=dvalues generated using means for transitionessaatt
returns for transitioners at for cont. unauthorized;#® calculated using means for cont. unauthorized ad returns
for transitioners att and §"=dgenerated using means for cont. unauthorizedaatid returns for transitioners at t

Table 4.8 shows the predicted average OWI for transitioners when they were
unauthorized immigrants at t, is $10.50 for men and $7.60 for women. Under the legalization
scenario, the OWI for transitioner men is expected to increase to $11.70, or a 14.5 percent
increase. I find similar results for women; their wages under the legalization scenario increase to
$9.0, or an 18 percent increase. On the other hand, the occupational standing for the total
transitioner group (including both men and women) would be expected to stagnate if this group
remains unauthorized; the percent change for men and women is 1.9 and -0.3 percent,
respectively. Taken together, the evidence indicates that the amount of the change in the OWI
that is directly attributable to legalization (i.e., the change in OWI that only occurs due to
legalization) is 18.5 percent for women and 10 percent for men.

I find similar results for the continuously unauthorized defined from the SIPP data. The
predicted average OWI for continuously unauthorized men at t, is $10.2, and for women it is
$8.90. Under the scenario where this group regularizes their legal status between t, and t, like the
transitioners, the simulated occupational standing of continuously unauthorized men experiences
considerable growth. Their OWI rises to $10.70, which would represent a 10 percent increase
between t, to t,. The opposite is true for continuously unauthorized women, however; their OWI
would decrease by four percent. Under the scenario where this sample remains unauthorized, the

predicted average OWI of men and women changes by 3.7 and -1.9 percent, respectively.
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For the continuously unauthorized, the simulations results are not as clear. While the
simulation for the legal status transitioners strongly indicates that the legalization scenario
substantially boosts the occupational standing of male and female respondents, results for the
continuously unauthorized appear to be gendered. For continuously unauthorized men, the
results indicate that legalization produces an eight percent increase in the average median wage
of the respondent’s occupation. For continuously unauthorized women in the SIPP, however, the
results indicate a negative effect of legalization. Recall from the descriptive results presented in
Table 4.8 that the average OWI value fell from $9.30 to $9.00 for continuously unauthorized
women, which likely contributes to the lack of a legalization payoff for women in the simulation.
Further, this may also reflect the larger trend of occupational downgrading experienced by Latin
American immigrant women in the labor market.

On balance, results in Table 4.8 further demonstrate the payoff of legalization and the
penalty for remaining unauthorized. Under the legalization scenario, both men and women from
the transitioner group experience strong growth in the occupational-wage index from t, to t,.

Under the scenario where these groups remain unauthorized, however, they all experience
stagnant growth in occupational standing. Given that legalization directly increases the OWI of
these workers by eight to 18 percent, this simulation supports the hypothesis that legalization is
an important turning point in the labor market trajectories of unauthorized Latin American
immigrantswith respecto the median hourly wages of their occupations.

Figure 4.1 illustrates OWgrowth simulation in Table 4 4.8. Figure 4.1 presents the
predicated average occujatatwage index for transitioners and continuously unauthorized at
andt, under the two scenarios. In the first scenario, represented by the green line, the group of
workers remains unauthorized and does not receive legalization between the twaitose pe
Under this scenario, the simulation estimates that the occupational mobility trajectories of the
workers will remain stagnant. On the other hand, in the alternative scenario where the groups
legalize and transition from being unauthorized &t being authorized at, they are expected to
experience much steeper increases in average OWI. Comparing the slope of the blue lines (which
represent the legalization scenario) and the green lines (which represent the remaining
unauthorized scenario) proes insight into how legalization can act as a mechanism of mobility
for unauthorized immigrant workers. Together, this simulation makes cleéedhbration

provides a increase in theccupational standingf unauthorized immigrants that is directly
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attributable to gaining legal status.

Figure 4.1: Simulated OccupationalWage Index at t1 and t2, Remaining Unauthorized vs.

Legalization
$11
$10 -
Cont.
Unauthorized
Legal
Status
$9 Transitioners
$8 -
t t
Legend: Possible Scenarios
e===Remain Unauthorized ®====| egalization
Note: Values presented here produced using the simulation provided irj
Table 4.8

Summary

This chapter of the dissertation examines an occupagenific variabledthe median
hourly wages in theespondentOs occupati®io investigate how legalization affects
immigrantsO occupational standing. From the cumulative advantage perspective, there is
evidence that legalization operates as a turning point in the labor market trajectories of
unauthorizedmmigrants, allowing immigrants to seek out occupations with higher median
wages. This finding, combined with findings about hourly wages in Chapter 3, provide strong
evidence that legalization marks a monumental event in the life course of immigrants.

The descriptive analysis provided in Table 4.1 indicates that, overall, the occupational
wage index of the legal status transitioners grew significantly from $9.8 to $11.1 an hour

betweenn, to t,. The transitioners are not, however, the only group to experience increases in
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OWI over time; U.Sborn Latinos and continuously legal respondents also experienced
statistically significant OWI growth. In contrast, what is notable about the OWI trajexctdrie
transitioners is that their average OWI grew at a much faster rate compared to other groups. For
instance, the total sample of transitioners experienced a 13 percent changédtamelative to

the six percent change experienced by those whainex continuously legal.

The Chow tests for a structural break (presented in Table 4.7) provide additional evidence
that the increase in occupational standing for the transitioners is rooted in the process of
legalization. Results indicate that trarmiers experience a statistically significant break in how
their OWkgenerating process operated betwgémt,, while none of the comparison groups
exhibited this structural break. These findings reveal that the labor market experiences of the
transitiorers were dramatically different after legalization.

Using a meassubstitution method to estimate the change in OWI that is directly
attributable to legalization, the simulation results in Table 4.8 make clear that the occupational
mobility of the transibnersis directly tied to the shift to authorized status. $imeulationfinds
thatthe transition to legal statpsovides &l5 percent increase in tl@WI of previously
unauthorized immigrantsHowever, the simulation estimates that the transitiongrereence no
occupational mobility under the scenario where they remain unauthorized and do not receive
legal status.

In interpreting results from this chapter, it is important to revisit the theoretical and
methodological logic behind the OWI. Stratifilcan researchers argue that, rather than
representing nominal categories, occupations are deeply imbued with meaning and provide a rich
way in which to investigate th&eography of social structure” (Sgrensen 2000:1526). Further,
stratification researchers argue that employing a disaggregated class map to analyze social
stratification allows researchers to better capture the ways in which mobility is molded by
movement between deeply institutionalized occupational boundaries rather than between large
classes (Grusky and Weeden 2001; Weeden and Grusky 2005). This body of literature provides a
theoretical framework for researchers to look beyond wages as a measure of stratification in the
labor market, and to connect to the broader social and economic context using occupational
schemes. Thus, by attaching the structural characteristics of occupations to respondents in the
NIS and the SIPP, I extend the prior studies on legalization to examine how the transition to legal

status influences the occupational positions of immigrants.
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Apart from earning more at their jobs after legalization, immigrants that transition from
unauthorized to authorized status also improve their relative position in the local occupational
hierarchy. While the 25 percent boost in hourly wages is a critically important aspect of
legalization, findings from this chapter hint at how, from the perspective of cumulative
advantage, legalization allows transitioners to take advantage of long-term benefits of
legalization. If legalization only led to wage increases but no concomitant increase in
occupational standing, then the benefits accrued from obtaining legal status might be limited
only to the initial boost immediately after legalization. However, given that legalization is
associated with both wage increases and upward occupational mobility, this suggests that the
transition to authorized status will continue to pay dividends going forward.

It is instructive to return to the findings from Table 4.1 here. While the continuously
unauthorized did not experience any statistically significant growth in their occupational-wage
index, continuously legal immigrants did. In other words, continuously unauthorized immigrants
remained in jobs with lo median wages throughout the period under study, but continuously legal
immigrants improved their occupational standing over time. In addition, findings here for legal
immigrants are consistent with previous research that documents how legal immigrants increase
their occupational standing as they gain U.S. experience (Akresh 2006; Lubotsky 2007; Akresh
2008).

If this same trend continues over the long term, then the disparity in OWI between the
continuously legal and the continuously unauthorized groups observed here will widen over time
and the benefits of legal status will accumulate. Moreover, this may operate through the ability to
move up the ladder of the occupational hierarchy in a way that the unauthorized — due to their
status — are unable to do. The transitioners, by experiencing the turning point of legalization,
have, in effect, switched tracks and are now able to achieve that same kind of upward
occupational mobility. Thus, while the continuously unauthorized will remain on the bottom
rungs of the occupational hierarchy, the continuously legal and the transitioners are afforded the
opportunity to achieve occupational mobility and enhance their labor market position over time.

By thinking beyond individual wages and considering a more structural measure of
occupational standing, this chapter provides evidence that legalization is strongly associated with
upward mobility. In the following chapter, I continue examining occupation-specific outcomes

and how they are tied to the process of legalization. In particular, I investigate how transitioning
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from unauthorized to legal status may attenuate other markers of disadvantage in the occupations

held by transitioners.
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Chapter 5: OccupationSpecific Characteristics and Patterns of Occupational Mobility

Chapters 3 and 4 provide strong evidence that legalization is a turning point in the labor
market trajectories of unauthorized immigrants, as the hourly wages and cotalpahge
index increase as a result of the transition to authorized status. Yet, stratification scholars stress
that wages are not the only indicator of how an occupation is positioned in the occupational
hierarchy As Kalleberg (2011:5) writes, occupatis are Omade up of bundles of rewards, and
the multidimensionality of job quality is reflected in definitions that recognize the diverse
aspects of what constitutes a OgoodOWhil©direct economic compensation is one aspect of a
job’s attributes, other characteristics like fringe benefits, job security, and opportunities for
advancement are also important features of an occupation.

In this chapter, I leverage the insights of the stratification literature on occupations and
occupational mobility to examine how the specific characteristics of occupations held by
immigrants are impacted by legalization. Chapters 3 and 4 of the dissertation focus specifically
on shifts in the economic compensation of jobs by transitioners between t, and to. In this chapter,

I build on the analytic strategy used prior chapters to examine a wide variety of occupation-
specific indicators.

An emerging body of literature examines the role of occupations in the labor market

outcomes of immigrants. Bean, Leach, and Lowell (2004) use data from the 1990 and 2000
censuses and find that immigrants experience upward mobility over the life course, moving from
occupations at the bottom of the income distribution to jobs near the middle. Catanzarite
(2002:330) uses census data from 1980 and 1990 for the Los Angeles metropolitan area to
explore the effects of occupational segregation on Latino immigrant employment outcomes,
concluding that employment in brown-collar occupations, or jobs with an overrepresentation of
Latino workers, contributes to the earnings erosion of Latino immigrants and U.S.-born Latinos.
On the other hand, Mouw and Chavez (2012) analyze data from the Survey of Income and
Program Participation and find that, while Latino immigrants working in occupational linguistic
niches earn lower wages than other immigrants, they experience a similar rate of wage growth
over time.

Much less is known, however, about the occupational mobility trajectories of legal and

unauthorized immigrants in the U.S. labor market, even though unauthorized workers comprise
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more than five percent of the total workforce (Passel and Cohn 2009). In two related analyses,
Kossoudji and Cobb-Clark (1996; 2000) examine Latino immigrants using the Legalized
Population Survey, a sample of unauthorized immigrant workers that gained legal status through
the 1986 Immigration Reform and Control Act. They find that although unauthorized immigrants
often change jobs, these changes are characterized by “churning,” or moving between a limited
number of jobs traditionally held by immigrants (Kossoudji and Cobb-Clark 1996:919). This, the
researchers argue, reflects the constraints of unauthorized status on occupational mobility.

This chapter draws from studies that have developed occupation-specific variables by
supplementing survey data with other data sources to capture the structural characteristics of
respondents’ occupations. Examples of this method include: 1) Grodsky and Pager (2001), who
use the Dictionary of Occupational Titles (DOT) in conjunction with data from the 2000 Census
to examine occupational factors that contribute to the black-white wage gap; 2) Mouw and
Chavez (2012), who supplement SIPP data using the O*NET database (an updated version of the
DOT) and 2000-06 American Community Survey to produce education, skill, and language
characteristics of occupations in a study of immigrant wage trajectories; and 3) Orrenius and
Zavodny (2009), who use data from the American Community Survey and the Bureau of Labor
Statistics on work-related injuries and fatalities to examine if immigrants work in riskier jobs
than U.S.-born workers.

The analytic strategy in this chapter is an abridged version of what I used in prior
chapters. It is abridged because I do not conduct the mean-substitution simulation exercise for
the dependent variables examined here. In the first step, I examine the job attributes of each
group at t, and tp, testing if the difference in means is statistically significant across time periods.
Then, I run OLS regression models predicting the log of each dependent variable for each group.
As noted earlier (see methods section in Chapter 2), the OLS regression models provide the
foundation for the Chow tests, and the model fit statistics from these OLS regressions are then
used to assess whether the legal status transitioners experienced a structural break in how the
occupation-specific characteristics are generated over time. Because of the large number of OLS
regression models required to generate the Chow tests for each group and each dependent
variable, I do not discuss the results from the models in the text. The results from the OLS
regression models that comprise the basis for the Chow tests in this chapter are provided in the

Appendix.
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To continue investigating how the transition from unauthorized to authorized status
affects labor market outcomes beyond hourly wages, | now turn to a detailed analysis of
occupational standing.

Dependent Variables

| examine eight distinct depegat variables in this chapter. Each dependent variable is
organized into one of three job clusters: niches, economic security, and baégefitdined in
Chapter 2, the occupation-specific outcomes use the detailed occupational codes provided in the
NIS and SIPP to attach characteristics to respondents’ occupations in those surveys.

Characteristics of these occupations are produced using the Current Population Survey, and the

outcomes are gender-, year-, and region- specific. Table 5.1 provides an overweof the

variables. Unlike the outcome variable in Chapter 4, where the value represented the median
hourly wage in a specific occupation, the values of the variables in this chapter represent the
percent of workers ia specific occupation with that chataristic; as a result, the values for

each of the variables examined in the present chapter have possible values ranging from 0 to 100.
Also, it is important to note that, with the exception of the gender measure, all of the dependent
variables in this clpter are coded such that an increase in the value of the indicator is associated

with an improvement in occupational standing.

Table 5.1: Overview of Dependent Variables by OccupatieSpecific Characteristic Cluster

Cluster Description
Percent of workers in an occupation that are:
Benefits
Pension Included in an employer-provided pension or retirement plan
Health InsuranceCovered by employer-sponsored health insurance
Union Covered by or members of a union
Niches
Gender Female
Ethnic Not Latin American immigrants
SKkill High school graduates or above

Economic Security
Working Poor  In households earning 150 percent or more of the poverty line
Food Stamps  In households without food stamp recipients

Benefits
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The benefits cluster provides information on the kinds of fringe benefits offered by
specific occupations. These variables represent the percent of workers that are: in an employer
provided pension or retirement plan, covered by emplsgensored healtmsurance plan, or
covered by or belong to a union. These types of benefits, Kalleberg (2011:6) notes, Oare an
important form of job reward in the United States due to the emptayeered modelEthat
underlies much of the distribution of health insuramegrement pensions, and other economic
benefits.@ccupations that are higher on the occupational hierarchy are expected to offer more
fringe benefits like the ones examined here, whereas undesirable jobs are expected to have low
levels of workers with beefits. Thus, these indicators provide insight into the kinds of benefits
that workers receive that are outside direct compensation but still comprise important elements
of occupations.

Niches

The second cluster of occupatispecific characteristics da#he the demographic
composition of the occupations held by respondents. In particular, | am interested in the extent to
which legalization provides unauthorized immigrants with opportunities to move into
occupations outside of their respective gendéniet or skill niches. To do this, | examine three
demographic characteristics of occupations: the percent of workers in those occupations that are
female, the percent that are not Latin American immigrants, and the percent that have a high
school degreeramore.

Employment niches often develop as a result of blocked opportunities in the labor
market; as membegrof a minority group encountdrscrimination or lack of access to resources
that restricts employment prospects in the broader economy, nichexssamments where
social capital can help to secure jobs through referrals freathcocs and information passed
through social networks (Logan and Alba 1999; Waldinger aneM2etirosian 20011n the
case of immigrants, in particular, employment ngpeovide a place for workers to gain a
foothold in the local economy upon arrival in the United States (Nee, Sanders, and Sernau 1994).

However, it is uncertain if participation in an employment niche is positive for the long
term prospects of workerslodel (1993) argues that while niches do provide access to
employment opportunities, niches in the pioslustrialcontext are predominantly located in
low-skill industriesthat relegate workers to low wages with little hope of upward mobiltis
is supmrted by evidence that occupational prestige and wages tend to be longrsinieswith
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high concentrations of Latinos, Asians, and blacks (Wilson 200&eover, he employment
niches of Mexican immigrantend to be concentrated in occupations thafphysically
demanding antlaveadverse working conditions (Waldinger and Déartirosian 2001)While
the niche may provide initial help in gaining employment, working in a nichalsareduce the
likelihood of future advancementhus, the extent to fch legalized immigrants are able to
move out of skill, gender, and ethnic niches may reflect improvements in their labor market
position over time.
Economic Security

The economic security cluster represents the financial vulnerability of workers in
particular occupations beyond the direct economic compensation earned at their job. The
working poor variable represents the percent of workers in an occupation that belong to
households classified as earning 150 percent or above of the poverty linghe/ided stamps
variable is the percent of workers in an occupation that belong to households where no
household member received benefits from the Supplement Nutrition Assistant Program, referred
to informally as food stamps. A report from the Bureau difdrebtatistics (2011) indicates that
poverty levels vary widely by industrial sector; for instance, only 2 percent of managers or
professionals are classified as being in poverty, whereas poverty rates in industries such as
agriculture, construction, andd service sector (where immigrants heavily concentrated) range
from 10-17 percent. | use a broadened measure of the poverty rate (including those earning up to
150 percent of the official poverty rate) in order to provide a more comprehensive measure of
those that experience economic vulnerability even while participating in the labor force (Brady
2003). Similarly, the food stamps measure provides an additional indicator of the economic well
being of workers in specific occupations.
Results

Unlike theprevious analytic chapters, in this chapter all of the results for each dependent
variable are discussed together; further, | do not conduct simulation exercises for the dependent
variables in this chapter, given that the variables are not measured tncdikeedollars that are
easy to conceptualize in terms of peregminge. | do, however, examine the differences in
means over time for each variable and conduct a Chow test for structural change across time
periods for each sample in the analysis. hatfollows, | present the results for the analysis in
this chapter by cluster.
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Benefits
Union Coverage

Table 5.2 provides the results for the union coverage indicator; for this measure, greater
values indicate occupations with a higher prevalence ohization. There is no evidence that,
following legalization, the transitioners are more likely to work in occupations with higher levels
of unionization. Although the means aanhd ¢ for this variable are not significantly different,
the level of unioization in the transitionersO occupations actually declines from 3.1 to 2.7
percent. The results for the Chow tests reflect the descriptive results, as there is no evidence to
suggest that this outcorgenerating process is significantly different acrose fperiods for the
legal status transitioners.

The results for the comparison groups are similar to those of the legal status transitioners.
Overall, the level of unionization is relatively low (around 3 percent) in the occupations of all of
the compasgon groups, and none of the groups exhibit any evidence of structural change over
time. This likely reflects the dwindling supply of jobs with union coverage in the United States
(Kalleberg et al. 2000), as well as the barriers to entoythose unionizgé occupations that exist

for immigrants and U.Sborn Latinos.
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Table 5.2: Results for Union Composition of Occupations; tind t;

Difference in Means Test (t-test) Chow Test for Structural Break
Significant Evidence of
Sample ty t, Difference? F-test (df) Structural Break? N
NIS
Legal Status Transitioners
Total 31 2.7 No 0.98 (12, 922) No 980
Men 3.6 3.3 No 0.61 (10, 472) No 510
Women 25 21 No 1.57 (10, 442) No 470
Continuously Legal
Total 2.9 3.0 No 0.37 (12, 683) No 736
Men 35 3.6 No 0.51 (10, 408) No 443
Women 21 2.2 No 0.15 (10, 262) No 293
SIPP
Continuously Unauthorized
Total 2.6 25 No 0.21 (12, 884) No 963
Men 2.8 2.5 No 0.20 (10, 626) No 669
Women 21 25 No 0.39 (10, 242) No 294
Continuously Legal
Total 3.2 3.2 No 0.89 (12, 3521) No 3953
Men 3.5 3.4 No 0.76 (10, 2089) No 2229
Women 2.7 3.0 No 0.56 (10, 1506) No 1724
U.S.-Born Latinos
Total 3.2 3.3 No 0.97 (12, 3914) No 4381
Men 3.5 3.7 No 0.99 (10, 1991) No 2222
Women 2.9 2.8 No 0.57 (10, 1907) No 2159

Note: Means are the average percent of workers in the sample's occupations that are covered or members of a union; OSignificant diffe
indicates statistically significant within-group difference fronta t; (p<0.05, two-tailed test); "Yes™" indicates significant difference at p<.10
(two-tailed test); "Percent Change" column provides within-group percent change in the dependent variable across time periods; N refert
sample size; evidence of a structural break is found when the null hypothesis of no difference across time periods is rejected; hypothese
p<0.05 (two-tailed test); test statistics are generated from Chow test of unpooled and pooled versions of models for each group

Pension or Retirement Plan

Table 5.3 provides the results for the variable measuring the pesierage of workers
across occupations. On this variable, higher values indicate occupations with a higher
percentage of workers with retirement or pension benelit this case, the resuitslicate that
the occupations held by legal status transéisrwere more likely to include a pension or
retirement plan after the transition from unauthorized to authorized status. For instance, the mean
percent of workers with pensions or retirement plans in the occupations of the transitigners at
is 28percent, but that increases to 32 percent Rutther, this increase is statistically significant
(p<.05, twotailed test). The increase for men is only marginally significant (p<.10tcilexl
test), but the increase from 26 to 30 percent for womsigmsficant at the conventional level
(p<.05, twotailed test). For the total sample and the female sample, the Chow tests for structural
breaks are statistically significant at the .05 level, indicating that the ouigenagating process
is substantiajl different across time periods. The Chow test for the male transitioner sample,

however, is not statistically significant.
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Table 5.3: Results for Pension Benefit Composition of Occupations,and t,

Difference in Means Test (t-test) Chow Test for Structural Break
Significant Evidence of
Sample t, t, Difference? F-test (df) Structural Break? N
NIS
Legal Status Transitioners
Total 28.1 315 Yes 2.16 (12, 922) Yes 980
Men 30.1 332 Yes” 1.15 (10, 472) No 510
Women 25.8 29.6 Yes 2.46 (10, 442) Yes 470
Continuously Legal
Total 31.8 33.7 No 0.45 (12, 683) No 736
Men 342 36.1 No 0.36 (10, 408) No 443
Women 28.1 30.2 No 0.88 (10, 262) No 293
SIPP
Continuously Unauthorized
Total 25.7 25.2 No 0.31 (12, 884) No 963
Men 253 254 No 0.32 (10, 626) No 669
Women 26.6 24.6 No 0.46 (10, 242) No 294
Continuously Legal
Total 33.9 335 No 0.33 (12, 3521) No 3953
Men 343 333 No 0.62 (10, 2089) No 2229
Women 334 33.6 No 0.36 (10, 1506) No 1724
U.S.-Born Latinos
Total 40.8 40.7 No 1.01 (12, 3914) No 4381
Men 41.6 40.3 No 1.37 (10, 1991) No 2222
Women 40.0 41.1 No 0.79 (10, 1907) No 2159

Note: Means are the average percent of workers in the sample's occupations that are included in an employer-provided pension or retirement plan;
“Significant difference” indicates statistically significant within-group difference from t; to t, (p<0.05, two-tailed test); "Yes"" indicates significant
difference at p<.10 level (two-tailed test); "Percent Change" column provides within-group percent change in the dependent variable across time
periods; N refers to pooled sample size; evidence of a structural break is found when the null hypothesis of no difference across time periods is
rejected; hypotheses are tested at p<0.05 (two-tailed test); test statistics are generated from Chow test of unpooled and pooled versions of models for
each group

In contrast, there is no Elence that any of the comparison groups experienced any
increase in occupational standing in regards to the pension coverage of their occupations. For
the continuously unauthorized, around 25 percent of workers in their occupations are covered by
a pengn or retirement plan; this value is 33 percent for the continuously legal immigrants from
the SIPP and 40 percent for the Uo8rn. None of the Chow tests are statistically significant for
the comparison groups, and this reflectsgteeralack of chage in the groupsO respective
means over time.

Employer Health Insurance

Table 5.4 displays the results for the employer health insurance variable, and higher
values on this measure indicate occupations with a higher prevalence of ersploysored
hedth insurance benefits. For the total transitioner sample, the average value increased from 53
percent to 62 percent, and there are comparable increases for men and women when analyzed
separately. All three of the transitioner samples experienced s#diyssignificant increases in
the level of access to employgwonsored health insurance within their occupations. The total
sample and the male sample for the continuously legal (NIS) also experienced statistically
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significant increases, although the mitige of that change over time is much smaller relative to
the legal status transitioners. The mean for the continuously legal (NIS) increased from 59 to 63
percent and increased from 59 to 64 percent for the-omyesample, but none of the other

groupsexperience statistically significant changes in this measure over time.

Table 5.4: Results for Employer Health Insurance Composition of Occupations, &nd t,

Difference in Means Test (t-test) Chow Test for Structural Break
Significant Evidence of
Sample ty t, Difference? F-test (df) Structural Break? N
NIS
Legal Status Transitioners
Total 52.8 61.5 Yes 10.91 (12, 922) Yes 980
Men 50.8 61.6 Yes 7.60 (10, 472) Yes 510
Women 54.9 61.3 Yes 5.98 (10, 442) Yes 470
Continuously Legal
Total 59.3 62.8 Yes 1.65 (12, 683) Yesh 736
Men 59.3 64.1 Yes 1.60 (10, 408) No 443
Women 59.3 60.8 No 0.89 (10, 262) No 293
SIPP
Continuously Unauthorized
Total 52.6 52.5 No 1.09 (12, 884) No 963
Men 50.1 51.0 No 1.20 (10, 626) No 669
Women 58.0 56.0 No 0.34 (10, 242) No 294
Continuously Legal
Total 61.9 62.0 No 0.48 (12, 3521) No 3953
Men 60.2 60.1 No 0.56 (10, 2089) No 2229
Women 64.0 64.7 No 0.78 (10, 1506) No 1724
U.S.-Born Latinos
Total 68.8 69.1 No 1.57 (12, 3914) Yes” 4381
Men 67.0 67.0 No 0.46 (10, 1991) No 2222
Women 70.6 71.3 No 2.34 (10, 1907) Yes 2159

Note: Means are the average percent of workers in the sample's occupations that are covered by employer-sponsored health insurance;
differenceO indicates statistically significant within-group difference froantt (p<0.05, two-tailed test); "Yes™" indicates significant difference
p<.10 level (two-tailed test); "Percent Change" column provides within-group percent change in the dependent variable across time peric
to pooled sample size; evidence of a structural break is found when the null hypothesis of no difference across time periods is rejected; |
are tested at p<0.05 (two-tailed test); test statistics are generated from Chow test of unpooled and pooled versions of models for each gi

In regards to the Chow tests for structural breaks, the results indicate that the large gains
experienced by the legal status transitioners on this measure are attributable to legalization. All
three of the legal status transitioner groups experiencestistdly significant structural breaks
in how this measure is generated over time, and these results are significant at the conventional
level (p<0.05, twetailed test). Although the total samples for the continuously legal (NIS) and
the U.S:born Latinosshowsignificant Chow tests, these tests are only significant at a marginal
level (p<0.10, twetailed test). The only comparison group to exhibit evidence of a structural
break at the conventional level (p<0.05, {taded test) is the U.Shorn Latino fenale sample,
and, while the Chow test is significant, this group did not experience any significant increase in

the mean of this variable over time. Overall, given the substantial gains experienced by each of
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the legal status transitioner groups on thidator and the statistically significant Chow tests,
the results in Table 5.4 reveal that, as a result of legalization, the occupations held by the
transitioners akthad more workers with access to empleggonsored health insurance.
Niches
Ethnic

Table 5.5 provides results for the average percent of workers in a respondentOs
occupation that are not Latin American immigrants. This measure provides insight into the
extent to which an occupation is a Latin American immigrant employment nichisvesrd
values indicate a greater concentration of immigrant workers. The results reveal that the ethnic
composition of the occupations held by the transitioners remain consistent over time. The
average value for the transitioners is 73.9 and 74.1 percerarat §, respectively, and that
difference in means is not statistically significant. Further, the Chow tests for structural change
over time for the legal status transitioners are also not statistically significant.

Table 5.5: Results for Ethnic Compogion of Occupations, t and t;

A. Difference in Means Test (t-tes  B. Chow Test for Structural Break

Significant Evidence of
Sample ty t, Difference? F-test (df) Structural Break? N
NIS
Legal Status Transitioners
Total 73.9 74.1 No 1.22 (12, 922) No 980
Men 72.0 73.8 No 0.61 (10, 472) No 510
Women 75.9 74.3 No 4.64 (10, 442) Yes 470
Continuously Legal
Total 75.1 76.3 No 0.48 (12, 683) No 736
Men 75.4 77.2 No 0.49 (10, 408) No 443
Women 74.7 75.1 No 0.38 (10, 262) No 293
SIPP
Continuously Unauthorized
Total 64.9 65.0 No 0.61 (12, 884) No 963
Men 63.4 64.4 No 0.53 (10, 626) No 669
Women 68.2 66.2 No 0.28 (10, 242) No 294
Continuously Legal
Total 73.8 72.7 No 0.37 (12, 3521) No 3953
Men 71.7 71.1 No 0.43 (10, 2089) No 2229
Women 76.5 75.0 No 0.37 (10, 1506) No 1724
U.S.-Born Latinos
Total 84.2 83.6 No 1.92 (12, 3914) Yes 4381
Men 80.7 79.8 No 1.50 (10, 1991) No 2222
Women 87.8 87.7 No 2.75 (10, 1907) Yes 2159

Note: Means are the average percent of workers in the sample's occupations that are not Latin American immigrants; OSignificant differe
indicates statistically significant within-group difference frantott, (p<0.05, two-tailed test); "Yes™" indicates significant difference at p<.10 ¢
(two-tailed test); "Percent Change" column provides within-group percent change in the dependent variable across time periods; N refer:
sample size; evidence of a structural break is found when the null hypothesis of no difference across time periods is rejected; hypothese
p<0.05 (two-tailed test); test statistics are generated from Chow test of unpooled and pooled versions of models for each group
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The results for the comparison groups are similar to those of the transitioners, as no group
experiences a statistically significant change in the ethnic composition of their occupation from
to .. The mean value on this indicator is 75 percent for the continuously legal, 65 percent for the
continuously unauthorized, and 85 percent for the-blon Latinos. Correspondingly, no
comparison group shows any evidence of experiencing a structuraliteak this outcome is
generated across time periods. Keeping in mind the positions of these groups in the wage
hierarchy, this variable shows clear stratification between these groups; the continuously
unauthorized tend to work in occupations with higt@rcentrations of Latin American
immigrants, whereas there is a smaller presence of Latin American immigrants in the
occupations held by the U-Born Latinos.

Gender

Table 5.6 provides resultsrfthe average percent femaldhe occupations of each
group. No group in the analysis experienced a statistically significant change in the average
percent female of their occupations over time. Female legal status transitioners worked in
occupations that were 65.7 percent femaleatd 63.7 percent femaléta, but this difference
is not statistically significant. However, the Chow test results for the female legal status
transitioner sample indicates a marginally statistically significant result (p<0.l-Gaited test).

This suggests that while the gendemposition of the female transitionersO occupations may
have remained the same with legalization, the process through which this outcome is generated
has undergone a significant change. This is tentative evidence that while female transitioners
have notyet been able to achieve mobility into jobs with less gender segregation, this may be a
possibility at some point in the future due to changing nature of how this outcome is generated
for that group.

Moreover, as the results displayed in Table 5.6 indjdaere are large differences in the
average percent female between the male and female samples within each group, which brings
the gendered nature of the occupations held by these workers to the fereougttly 37
percentage points separate thearaald female legal status transitioner samples on this measure;
an average of 27 percent of workers in the occupations of the male transitioners are females,
compared to 64 percent of the workers in the female transitionersO occupations. Although it
variesfrom group to group, the withigroup gap between men and women in regards to the
average gender composition of their occupations is 35 to 40 percent, and indicates that,
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regardless of status or nativity, these women and men work in occupations thatltend
gendered. This finding provides some insight into the gender disparity in immigrant earnings
found in previous research (Hall et al. 2010; Donato and Sisk 2012), as it suggests that the
segregation of immigrant women into femd@minated occupatiormay limit their chances at

occupational mobility.

Table 5.6: Results for Gender Composition of Occupations; &nd t;

A. Difference in Means Test (t-tes  B. Chow Test for Structural Break

Significant Evidence of
Sample ty t, Difference? F-test (df) Structural Break? N
NIS
Legal Status Transitioners
Total 46.5 44.5 No 0.97 (12, 922) No 980
Men 28.5 26.9 No 0.53 (10, 472) No 510
Women 65.7 63.7 No 1.68 (10, 442) Yes® 470
Continuously Legal
Total 43.1 41.0 No 0.98 (12, 683) No 736
Men 33.0 28.8 No 0.99 (10, 408) No 443
Women 58.6 59.5 No 0.88 (10, 262) No 293
SIPP
Continuously Unauthorized
Total 33.1 315 No 0.62 (12, 884) No 963
Men 20.8 19.8 No 0.86 (10, 626) No 669
Women 60.1 59.5 No 0.41 (10, 242) No 294
Continuously Legal
Total 42.1 41.2 No 0.95 (12, 3521) No 3953
Men 25.2 24.8 No 0.57 (10, 2089) No 2229
Women 62.5 63.9 No 0.51 (10, 1506) No 1724
U.S.-Born Latinos
Total 50.0 49.2 No 0.44 (12, 3914) No 4381
Men 32.6 31.8 No 0.54 (10, 1991) No 2222
Women 67.6 67.7 No 0.21 (10, 1907) No 2159

Note: Means are the average percent of workers in the sample's occupations that are female; OSignificant differenceO indicates statistic
within-group difference fromtto t, (p<0.05, two-tailed test); "Yes™" indicates significant difference at p<.10 level (two-tailed test); "Percent
Change" column provides within-group percent change in the dependent variable across time periods; N refers to pooled sample size; e'
structural break is found when the null hypothesis of no difference across time periods is rejected; hypotheses are tested at p<0.05 (two-
test statistics are generated from Chow test of unpooled and pooled versions of models for each group

Skill

Table 5.7 provides results for the skill composition variable, which takes into account the
percent ofwvorkers in an occupation with a high school degree or above; on this variable, higher
values indicate more educated occupations. The results point to signs of upward mobility for the
legal status transitioners that are not experienced by the other cemnpgnoups. For the total
sample of the legal status transitioners, the average percent of workers with educational
credentials increases from 71.4 percenjtat 74.7 percent at,tand this is statistically
significant. On the other hand, the continsly unauthorized have mean values of 64.5 and 65.5
at t, and t, respectively, and this difference is not statistically significant. Among the
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comparison groups, the femadaly sample of U.Sborn Latinos is the only group to experience
a statistically significant increase in this indicator over time (from 85.2 to 87.5).

Table 5.7: Results for Skill Composition of Occupationstand t;

A. Difference in Means Test (t-test) B. Chow Test for Structural Break

Significant Evidence of
Sample t, t, Difference? F-test (df) Structural Break? N
NIS
Legal Status Transitioners
Total 71.4 74.7 Yes 2.46 (12, 922) Yes 980
Men 70.2 75.3 Yes 1.62 (10, 472) Yes” 510
Women 72.1 74.0 No 1.78 (10, 442) Yes” 470
Continuously Legal
Total 75.5 76.4 No 0.56 (12, 683) No 736
Men 71.0 78.2 No 0.27 (10, 408) No 443
Women 727 73.7 No 0.52 (10, 262) No 293
SIPP
Continuously Unauthorized
Total 64.5 65.5 No 0.93 (12, 884) No 963
Men 61.9 64.3 No 1.13 (10, 626) No 669
Women 68.5 67.7 No 0.53 (10, 242) No 294
Continuously Legal
Total 73.1 73.2 No 0.98 (12, 3521) No 3953
Men 71.1 71.4 No 1.08 (10, 2089) No 2229
Women 74.7 75.6 No 1.03 (10, 1506) No 1724
U.S.-Born Latinos
Total 82.6 83.4 No 0.75 (12, 3914) No 4381
Men 80.0 79.6 No 1.25 (10, 1991) No 2222
Women 85.2 87.5 Yes 2.02 (10, 1907) Yes 2159

Note: Means are the average percent of workers in the sample's occupations that are high school graduates or above; “Significant difference”
indicates statistically significant within-group difference from t, to t, (p<0.05, two-tailed test); "Yes"" indicates significant difference at p<.10 level
(two-tailed test); "Percent Change" column provides within-group percent change in the dependent variable across time periods; N refers to pooled
sample size; evidence of a structural break is found when the null hypothesis of no difference across time periods is rejected; hypotheses are tested at
p<0.05 (two-tailed test); test statistics are generated from Chow test of unpooled and pooled versions of models for each group

Additionally, for the total sample of the legal status transitioners, the Chow tests provide
evidence of a statistically significant structural break in how this outcome is generated across
time periods. Among the comparison groups,aohthe foreigrborn samples exhibit this same
kind of structural change over time. Thus, the results in Table 5.7 reveal that the average skill
composition of the legal status transitionersO occupations increased significantly over time, and
that this idargely attributable to legalization rather than changes experienced by the labor
market overall.
Economic Security
Working Poor

Table 5.8 displays results for the percent of workers in the respondentsO occupations that
reside in households earning J&€rcent or above of the poverty line, and provides insight into

the economic welbeing of workers in specific occupations. For this variable, higher values
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indicate occupations with fewer economically vulnerable workers. There is evidence that the

legal gatus transitioners are moving into occupations with less economic insecurity over time,
with the mean percentage of workers in the transitionersO occupations that are classified as non
working poor increasing 4 percentage points across the two time dfiather, this difference

in means across time for the legal status transitioners is statistically significant. The mean values
for the continuously legal (SIPP) and Ulfarn Latino groups do increase significantly, but the
continuously legal (NIS) ancbntinuously unauthorized groups do not experience any

statistically significant changes in this measure over time, with the mean value for the
continuously unauthorized remaining close to 74 percent at patial t.

For the &gal status transitioneithie Chow tests for structural change for the total and
genderspecific samples are all statistically significant, providing further evidence of a shift in
occupational characteristics of these workers. While thethd@® Latino samples (and U-S.
born Latno women, in particular) also show similar signs, there is no evidence of a statistically
significant Chow test for any of the foreiporn comparison groups. Collectively, the results in
Table 5.8 indicate that, as a result of legal status, the traresgiavere shifting into occupations

where, on average, there were fewer workers classified as working poor.
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Table 5.8 Results for Working Poor Composition of Occupations,tand t,

Difference in Means Test (t-test) Chow Test for Structural Break
Significant Evidence of
Sample t, t, Difference? F-test (df) Structural Break? N
NIS
Legal Status Transitioners
Total 74.4 78.4 Yes 2.46 (12, 922) Yes 980
Men 75.7 81.0 Yes 1.62 (10, 472) Yes® 510
Women 72.8 75.5 Yes® 1.97 (10, 442) Yes 470
Continuously Legal
Total 79.5 80.5 No 0.87 (12, 683) No 736
Men 833 845 No 0.9 (10, 408) No 443
Women 73.8 74.6 No 0.88 (10, 262) No 293
SIPP
Continuously Unauthorized
Total 74.0 74.9 No 0.48 (12, 884) No 963
Men 75.4 76.3 No 0.94 (10, 626) No 669
Women 70.9 71.6 No 0.11 (10, 242) No 294
Continuously Legal
Total 78.4 79.4 Yes 0.75 (12, 3521) No 3953
Men 79.7 80.3 No 0.51 (10, 2089) No 2229
Women 76.8 78.2 Yes® 0.95 (10, 1506) No 1724
U.S.-Born Latinos
Total 82.7 84.3 Yes 1.58 (12, 3914) Yes? 4381
Men 83.7 84.7 No 0.71 (10, 1991) No 2222
Women 81.6 84.1 Yes 2.29 (10, 1907) Yes 2159

Note: Means are the average percent of workers in the sample's occupations that are in households earning 150 percent or more of the poverty line;
“Significant difference” indicates statistically significant within-group difference from t; to t, (p<0.05, two-tailed test); "Yes"" indicates significant
difference at p<.10 level (two-tailed test); "Percent Change" column provides within-group percent change in the dependent variable across time
periods; N refers to pooled sample size; evidence of a structural break is found when the null hypothesis of no difference across time periods is
rejected; hypotheses are tested at p<0.05 (two-tailed test); test statistics are generated from Chow test of unpooled and pooled versions of models for
each group

Food Stamps

Table 5.9 provides results from another indicatavagupational standingvhich is the
share of workers residing in households that do not receive food stamp benefits. For this
variable, larger values indicate occupations with fewekarsrreceiving fod stampsThis
measure provides additional evidence that the transitioners, after legalizing, work in occupations
with fewer economically insecure workers relative to when they were unauthorized. Legal status
transitioners have mean values of 93 and 96qmérat 1 and ¢, respectively, which is a
statistically significant increase. On the other hand, the average value for the continuously
unauthorized remains at 94 percent at bpémd t.

The continuously legal (SIPP) and U.S. born Latino groups also worked in occupations
with fewer food stamp recipients over time; however, aside from the fembleontinuously
legal sample, only the legal status transitioners exhibit evidence of acslyisignificant
structural break based on the Chow test results. Both the difference in means tests and the Chow
tests for the legal status transitioner samples are statistically significant on this measure,

providing additional evidence that legalipat shapes the occupational standing of the legal
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status transitioners in important ways.

Table 5.9 Results for Food Stamp Composition of Occupations; tind t,

Difference in Means Test (t-test) Chow Test for Structural Break
Significant Evidence of
Sample ty t, Difference? F-test (df) Structural Break* N
NIS
Legal Status Transitioners
Total 93.0 95.0 Yes 5.98 (12, 922) Yes 980
Men 94.2 96.4 Yes 4.81 (10, 472) Yes 510
Women 91.6 93.5 Yes 3.59 (10, 442) Yes 470
Continuously Legal
Total 95.1 95.1 No 0.75 (12, 683) No 736
Men 97.2 97.1 No 0.99 (10, 408) No 443
Women 91.8 92.2 No 0.92(10, 262) No 293
SIPP
Continuously Unauthorized
Total 93.8 94.2 No 0.35 (12, 884) No 963
Men 94.6 94.7 No 0.37 (10, 626) No 669
Women 92.1 93.0 No 0.14 (10, 242) No 294
Continuously Legal
Total 94.4 95.1 Yes 1.09 (12, 3521) No 3953
Men 95.4 95.9 Yes® 1.17 (10, 2089) No 2229
Women 93.3 94.1 Yes 2.86 (10, 1506) Yes 1724
U.S.-Born Latinos
Total 95.2 96.0 Yes 0.95 (12, 3914) No 4381
Men 96.2 96.9 Yes 0.86 (10, 1991) No 2222
Women 94.2 95.1 Yes 0.85 (10, 1907) No 2159

Note: Means are the average percent of workers in the sample's occupations that reside in households that do not receive food stamps;
differenceO indicates statistically significant within-group difference fraéant (p<0.05, two-tailed test); "Yes™" indicates significant difference
p<.10 level (two-tailed test); "Percent Change" column provides within-group percent change in the dependent variable across time peric
to pooled sample size; evidence of a structural break is found when the null hypothesis of no difference across time periods is rejected; |
are tested at p<0.05 (two-tailed test); test statistics are generated from Chow test of unpooled and pooled versions of models for each gi

Patterns of Occupations Mobility
Before concluding this chaptémow provide some context into the mobility patterns of
the legal status transitioners over time. While the results in Chapters 3, 4 and 5 point to the fact
that legalization improves the labor market outcomes of immigrants in a variety of ways, the
gueston remainsas tohow the legal status transitioners are achieving this increase in wages and
occupational standing. One option is that the legal status transitioners are employed in the same
job att, and ¢, but are demanding higher wages,atue to their newly gained legal status.
Another option is that, upon gaining legal status, the legal status transitioners are changing
occupations to something higher up the occupational ladder. | define a respondent as having
changed occupations if thegport different detailed occupational codes as their occupatipn at
and p; otherwise, the respondent is classified as having remained in their respective occupation.
Figure 5.1 displays two sets of results that examine the movement of workers across
occupations over time. The first, represented by the green bars, is simply the share of workers in
each group that changed occupations frota .. On a descriptive level, Figure 5.1 indicates
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that far more of the legal status transitioners changed aooapéromt, to t relative to the

other comparison groups. Among the transitioners, 62 percent of the group changed occupations
fromt, to t,, compared to roughly 40 percent of the workers in the comparison groups. This
suggests that moving to a new oggation after gaining legal status (and having the flexibility to
seek out new occupations) may be fueling the gains experienced by the transitioners in the labor

market.

Figure 5.1: Percent of Workers that Changed Occupations and Index of Dissimilarity of

Occupational Distribution, t; to t,
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65% BChanged Occupation

. =
60% Bindex of Dissimilarity

55%
50%
45%
40%
35%
30%
25%
20%
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0%l

Legal Status Cont. Legal (NIS) Cont. Cont. Legal U.S.-Born Latinot
Transitioners Unauthorized (SIPP)

The second set of results in Figure 5.1, represented by the blue bars, is the index of
dissimilarity of the occupational distribution for each group across time. The index of
dissimilarity is a measure of differendet indicates the degree to which a populationOs
characteristics are distributed differently over time (Sakoda 1981), and has been used in prior
research to examine occupational segregation (Jacobs 2001). To produce this measure for each
group, | comparethe groupOs distribution across all occupationgathie groupOs
occupational distribution as.tThe resulting value is interpreted as the percent of workers in that

group that would have to change occupations so that the occupational distributie@grotup
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at t and t would be equal. In this case, larger values indicate more shifting between
occupational categories over time for that group, and smaller values indicate that the groupOs
workers were more likely to remain in their occupations across the two time periods.

According to the results in Figure 5.1, 28 percent of the legal status transitioners had to
change occupations between time periods to match the occupational distributiBly at t
comparison, this value is 20 percent for the continuously legal (NI®grtent for the
continuously unauthorized, and-13 percent for the continuously legal (SIPP) and U.S. born
Latinos. This provides additional evidence that, relative to the comparison groups, the legal
status transitioners wensorelikely to change ocquations from {to t.

In Figure 5.2, | focus specifically on the outcomes of the legal status transitioners. If, as
Figure 5.1 indicates, legalization provided the transitioners with opportunities to move between
jobs, then these results imply that #et of changing occupations is deeply linked to the
mobility processes of previously unauthorized immigrants. Figure 5.2 provides some insight into
the importance of changing occupations for the legal status transitioners. The bars in Figure 5.2
show the hange in average hourly wages and occupatimagle index for workers that
remained in the same occupation frartott, (blue bars) and those that changed occupations
from t; to t, (greenbars) The purpose of this figure is to examine how the labor rhatkeomes
of the legal status transitioners were shaped by the decision of whether or not to change
occupations after gaining legal status.
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Figure 5.2: Change in Average Hourly Wages and Occupati@hWage Index from t; to ty,

Legal Status Transitioners
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BChanged Occupatidn
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0.9
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Hourly Wages$ Occupational-Wage Indéx

Note: * indicates within-group change in outcome froiott, is statistically significant
(p<.05, two-tailed test)

Figure 5.2 indicates that average hourly wages increased $1.4 among legal status
transitioners that remained in the same occupation framt,, and this change in mean wages is
statistically significant. For transitioners that changed occupations after legalization, mean
hourly wages increased by $2.7, and this difference is also statistically significant. This indicates
that, regardless of whether or not they changed occupations, legal status transitioners increased
their hourly wages after gaining legal status. However, even if the workers who remained in the
same occupation after legalization were able to demand higher wages, those who sought out new
occupations were more successful in achieving upaecdpational mobility. Legal status
transitioners that stayed in the same occupation over time did not experience a statistically
significant change in occupationahge index, while those that shifted occupations experienced
a statistically significant $Z increase in average occupatienalge index over time.

Figure 5.2 indicates that the legal status transitioners that changed occupations hetween t
and ¢ benefited the most from legalization, as these workers experienced significant increases in
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both hourly wages and occupational standing. This implies that occupations play a central role in
the process of improving labor market outcomes and that changing occupations is a key
mechanism for mobility for legalized workers.

Summary

As Kalleberg (2011:2) states, “jobs are the main way by which individuals are linked to
the economy and are slotted into places within the system of social stratification.” In this chapter,

I examine various characteristics of occupations to provide a multidimensional portrait of how
legalization shapes the position of workers in the occupational hierarchy. The results indicate

that the labor market consequences of legalization reach well beyond the wages of immigrant
workers, as it also promotes improvements in the overaigoties of these occupations.

At the same time, the findings in this chapter indicate that some attributes of the
occupations held by transitioners remain the same over time. For instance, transitioners largely
remain in occupations densely populated_b{in American immigrants over time, suggesting
that, even when legalization leads to upward mobility, immigrants remain in jobs traditionally
filled by other immigrants. Similar findings emerged for indicators measuring the gender
composition and unionaion of occupations.

However, legalization also provides access to occupations with higher levels of skill,
moreeconomic security, and more employer benefits. This suggests that the benefits of
legalization for labor market outcomes are not limitedctinemic compensation, and that the
overall labor market experience of these immigrants is improved as a direct result of legalization.
By only examining wages and excluding the role of occupations, past research on legalization
has provided an overly namwoview of how legalization is an asset for unauthorized immigrant
workers. Thus, this chapter provides additional evidence that legalization serves as a turning
point for the labor market trajectories of immigrants.

Further, the analysis in this chapseiggests that occupations (and changes between
occupations) are central to the mobility trajectories of legalized immigrant workers. While
Figure 5.1 indicates that the continuously unauthorized are no less likely than the other
comparison groups to changecupations fromytto t, (around 40 percent), there is no evidence
to suggest that these changes in occupations contributed to upward mobility for the continuously
unauthorized. In fact, the occupational attributes of the continuously unauthorizedecthain
same over time. This finding likely reflects the OchurningO pr@essudji and Cobb-Clark
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1996:919), e.g. mobility between a limited set of jobs traditionally held by immigrants that does
not improve occupational standing.

On the other hand, nearly two-thirds of transitioners changed occupations from ¢, to to,
and Figure 5.2 indicates that those shifts were likely moves related to opportunities for upward
occupational mobility. While those that remained in the same occupation did experience an
increase in average wages, they did not experience any concomitant increase in occupational
standing. Thus, remaining in the same occupation after legalizing may have improved wages, but
it did greatly enhance the relative position of those workers in the labor market. For those that
did change occupations, legalization appears to have had the dual benefit of both higher average
wages and a higher occupational-wage index. Therefore, for unauthorized workers who shift to
authorized status, one of the primary labor market benefits of legalization is the opportunity to
change occupations and obtain a job with not only higher wages but also enhanced occupational

standing.



Chapter 6: Discussion, Implications for Policy, and Conclusion

In a time of rising inequality and economic polarization, understanding how
socioeconomic disparities are attenuated or reinforced over the life course is a critical element of
sociological inquiry (DiPrete and Eirich 2006; Hout and DiPrete 2006). With immigration
projected to drive future U.S. population growth (Passel and Cohn 2008; Pitkin and Meyers
2011), investigating how immigrants navigate the U.S. labor market — and the role that legal
status plays — is critically important to understanding the nation’s future prospects (Bean et al.
2004; Massey 2007).

Theeightmillion immigrant workersvho lack legal status are significantly
disadvantaged relative to legal immigrants in the labor méradt et al. 2010; Donato and Sisk
2012) Less clear is whetherlegdization program will close the gap between thesedvoups.
Althoughearnings of unauthorized immigrantho legalized through the 1986 Immigration
Reform and Control Act increas@dossoudji and Cobi€lark 2002) studies ofecently
legalizedimmigrants suggest that the benefits of legalization have deteridtatistiom et al.
2013) | address this debate nmy dissertatiorby investigatinghe effects of legalization on the
hourly wages and occupational standing of unauthorized Latin Amengaigrants Adopting a
cumulative advantage perspective, | hypothesize that legalized immigrants either undergo
subsequent disadvantage because of previous unauthorizedsstattiag)or experience
mobility after theytransition to legalitya turningpoint). To evaluate these competing
hypotheses, | analyze panel data from the 2003 New Immigrant SitM&yand the 2001
Survey of Income and Program ParticipatiShPP) and usa quasiexperimental research
design to examinghifts in labor markebutcomes of one treatment group (unauthorized
immigrants that gaiauthorizedstatus) and threeomparisorgroups those who remain
continuously unauthorizedontinuously legaland U.S:born Latinos).

My findings reveal thalegalization is a turning point in the labor market trajectories of
immigrants. For unauthorized immigrants, gaining legal status is the life course equivalent of a
train hitting a railroad switch, as it dramatically alters labor market trajectories and allows
previously unauthorized immigrants to catch-up with the labor market outcomes of authorized

immigrants who have never been unauthorized. Thus, my findings indicate that, even in an era of
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diminished economic opportunities for Latino immigrants, legalization remains a robust
mechanism of socioeconomic mobility.
Summary of Findings

Figures 6.1-6.4 provide visual depictions of results from Chapters 3-5 in order to
summarize the findings from the dissertation. In the figures, the points represent the mean value
of the outcome for the respective group, and the results presented here are for the total sample of
each group (including both men and women). White-filled markers indicate that the within-
group difference in means is statistically significant (p<.05, two-tailed test), while the colored
markers indicate no significant difference.

Figure 6.1 provides results for hourly wages in Panel A and the occupatiagalindex
(OWI) in Panel B. As Panel A shows, the average hourly wages of the transitioner group
increased from $8.00 to over $10.00 per hour, and this difference ischyisignificant.
Other groups that experienced statistically significant increases in wages include the
continuously unauthorized, continuously legal (SIPP), and-hb& Latino groups; for instance,
the average hourly wages of the continuously urtaiséd workers increased from $9.00 to
$9.50. The hourly wages of the continuously legal (NIS) group did not experience a significant
change, as the wages for that group remained at $10.20 per houy tiodgn However, even
though the legal status trsitioners were not the only group to experience a statistically
significant increase in average hourly wages over time, the Chow tests for structural change
generated in Chapter 3 indicate that transitioner group is the only group in the analysis to
undego a significant shift in the waggenerating process across time periods. Moreover, the
simulation exercise in Chapter 3 estimates that the transitioners experienced a 25 percent
increase in hourly wages that is directly attributable to gaining ledatsta



Figure 6.1: Average Hourly Wage and OccupationalWage Index at t and t;

A. Hourly Wages B. Occupational-Wage Quintile
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Note: White-filled markers indicate statistically significant difference in within-
group mean over time (p<0.05, two-tailed test); means for total sample (men and
women) shown!

In Panel B, the figure shows that the average occupatieeige index (the median
hourly wage in respondentOs occupation) of the transitioner group grew from $9.80 to over
$11.10, and this difference is statistically significant. The continuously legal (SIPP) and U.S.
born Latino groups also saw their occupatiemae index increase significantly over time, as
the OWI for the continuously legal (SIPP) group went from $1604§12.10. On the other
hand, the OWI of the continuously legal (NIS) and continuously unauthorized group did not
change; for instance, the occupatienalge index of the continuously unauthorized group
changed from $10.30 to $10.80 fromd t,, and tlis difference is not statistically significant.
Much like the results for hourly wages, however, even as the legal status transitioners were not
the only group to experience a statistically significant increase in OWI over time, the Chow tests
producedm Chapter 4 provide evidence that only the transitioner group underwent a significant
shift in the OWigenerating process across time periods. Further, the simulation results in
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Chapter 4 estimate that legalization led to a 15 percent increase in OWbthdtnot have
occurred otherwise.

Chapter 5 examines how a variety of occupasipacific indicators change fromto t,,
andjob attributes are categorized into three clusters: niches, economic security, and benefits.
Figures 6.26.4 provide an overgw of the results from that analysis. With respect to the gender,
ethnic, and skill composition of occupations held by transitioners over time (shown in Figure
6.2), the only variable that provides evidence of statistically significant change over timae is
skill indicator. On average, transitioners are in occupations with higher shares of workers with a
high school degree or above following legalization, as the mean value of this variable for the
legal status transitioners increases from 71 perceri peicent. However, the gender and
ethnic composition variables remain the same over time. This lack of change over time is
particularly interesting in regards to the ethnic composition variable, as it indicates that, even as
they achieve some upward opational mobility after legalization, the transitioners remain in

occupations with high concentrations of Latin American immigrants.
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Figure 6.2 Average OccupationSpecific Outcome at 1 and t;, Niches

A. Skill! B. Gender! C. Ethnic!
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Note: White-blled markers indicate statistically signibcant difference in within-group mean ovt
time (p<0.05, two-tailed test); means for total sample (men and women) shown, except for pe
female, which is women only; OskillO is percent of workers in an occupation with a high scho
degree or above; OgenderO is percent female, and OethnicO is percent non-Latin American
immigrant

None of the comparison groups experienced stalbt significant differences in the
means of these variables over time. The results for the comparison groups, however, provide
insight into the barriers that the continuously unauthorized immigrants face in the labor market.
For instance, the occupati® of the continuously unauthorized are far more likely to beskiilv
(Panel A) or Latin American immigrant employment niches (Panel C), and it is likely that these
niche occupationdo not provide access tmobility opportunitiefModel 1993). Thus, this
one way in which cumulative advantage may work as a mechanism of reducing the economic
prospects of unauthorized immigrants.

Figure 6.3 provides results for the economic security indicators. The results in this figure
indicate that, after legalizatn, the occupations of transitioners tend to have fewer workers that

are economically vulnerable. For example, the average percemtarkimg poor of workers in



the occupations held by the transitioners atas 74 percent, but bythis had increased to 78
percent; this increase is statistically significant. This indicates that, over time, the transitioners
were moving into occupations with fewer workers that are classified as working poor (earning
150 percent or below of the powefine). While some of the comparison groups did experience
improvement in their outcomes froato t,, the transitioners are the only foreilgarn group to
experience a statistically significant change in how these two measures of econofbinggll

are generated over time.

Figure 6.3: Average OccupatiorSpecific Outcome at { and t,, Economic Security
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Note: White-filled markers indicate statistically significant difference in within-group
mean over time (p<0.05, two-tailed test); means for total sample (men and women)
shown; “non-working poor” is percent of workers in an occupation in households that

earn %150 of poverty line or above; “non-food stamp recipients” is percent in
households not receiving food stamps

Figure 6.4 provides results for the indicators measuring the level of benefits offered by
particular occupations. Panel A indicates that themwalue on the pension variable increases
for the transitioners from 52 to 61 percent over time, which is a statistically significant increase.
Similarly, the transitioners also experienced statistically significant gains on the health insurance
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variableacross the two periods (Panel B);;athieir mean value on this indicator was 28 percent,
and this increased to 32 percent by regards to the unionization level of occupations,
however, there is no evidence of any change over time for any g@grall, this indicates that
although transitioners were not more likely to enter into occupations with more union coverage
following legalization, they did move into occupations with emplgyewvided benefits like
pensions, retirement benefits, and Healsurance. fese improvements in occupatistanding
reflect a shift out of the most precarious jobs and upward movement into occupations with a
greater likelihood of offering benefits outside of direct economic compensation (Kalleberg
2011).

Figure 6.3: Average OccupationSpecific Outcome at 1 and t,, Benefits
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709 45% 4.0%
-——-.
40%
65% 3.5%
3594 —
60% :7 3.0%
3004 /
5504 . 250
25%
5094 ¢ t 20%4 2.0%4
1! 2!
=®—|_egal Status Transitioners™=Cont. Legal (NIS) =®-Cont. Unauthorizel

=4—Cont. Legal (SIPP) ~#-U.S.-Born Latinok

Note: White-filled markers indicate statistically significant difference in within-group mean over
time (p<0.05, two-tailed test); means for total sample (men and women) shown, except for percent
female, which is women only; “pension” is percent of workers in an occupation with pension or
retirement plans; “health insurance” is percent with employer-provide health insurance, “union” is
percent covered by a union!

On balance, then, this analysis makes clear that the labor market position of the legal
status transitioners is dramatically improved by legalization. Legalization provides them with the
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opportunity to play catchip, as they are able to transition out of jobs at the bottom end of the

labor market and into jobs that pay higher wages, provide more benefits, and have more educated
workforces.

Limitations

There are several limitations toghanalysis. While the multiple comparison greup
method allows researchers to eliminate exogenous explanations for why the treatment group
experiences changes over time, it does not reduce the likelihood that themd@genous
characteristicghat partially account for these results. Even though the demographicd\dEthe
transitionergroupresemble immigrant samples from the SIPP, it is possible that the unmeasured
effectsrelated toextended social, family, and employer networks contriutbe findings.
Furthemore smallNIS sample sizes require that | analyze immigrants from Latin America
collectively,rather than disaggregate by national origin. The latter, especially for the Mexican
case, would bereferredout unfortunately the dat#o not support this type of analysis.

Another limitation is thatlatafor atrue experimental design examine this topiare not
possible As Kossoudji and Cob@lark (2002) note, the most accurate and efficient way to
examine the effect of legalizatiam labor market outcomes would be to randomly assign legal
status to unauthorized U.S. immigrants. Although such data are not feasible, my dissertationOs
innovative inclusion of multiple comparison groups by legal status is a major advancement in the
studyof legalization and labor market outcomes.

Contributions of the Dissertation

One primary innovation of this dissertation is its methodological approach. Generally,
previous research on legalization is divided into two methodological approaches: d3 #gtadi
use the Legalized Population Survey and a-bd8n Latino comparison sample (Kossoudji and
CobbClark 2002; Amueddorantes and Bansak 2011); and 2) studies that use nationally
representative data with no legal status indicators to estimatdehts eff legalization on
immigrants likely to be the target population for legalization (Pan 2012; Orrenius et al. 2012).
Both approaches have their limitations. The second approach does not allow researchers to
observe legal status, whereas the firsthoé is limited in its comparison of the outcomes of
legalized immigrantsotU.S:-born respondents, wHace none of the barriers associated with
legal status.

| take advantage of recent developments in estimating immigrantsO legal status in the

11¢



SIPP ad produce control groups of varying legal statuses, which | then compare to the labor
market experiences of respondents who transition from unauthorized to authorized status in the
NIS. My dissertation is the first study to investigate the effects ofizatjan using these
comparison groups, and this approach represents a major improvement over previous analyses.
This analysis, then, is uniquely positioned to estimate the effects of legalization relative to an
alternative scenario where the legalized ignants remain unauthorized. In effect, it provides a
direct and appropriate counterfactual scenario compared to prior studies that only rely on
comparison groups of U-®orn workers.

This research also makes an important contribution by bringingdatiah into a social
stratification lensSociological scholarship has been slow to integrate the study of migration and
stratification, even as legal status has emerged as a nexus of inequality among immigrants
(Massey 2007). In this dissertation I explore how contemporary U.S. immigration is distinctly
interconnected with processes of stratification through legal status, placing a mechanism of
mobility that is only associated with immigrants (legalization) into the broader literature about
cumulative advantage. The results here illustrate that immigration scholars can no longer ignore
the role of traditional stratification mechanisms in the lives of immigrants, and that stratification
scholars must take into account the crucial role of legal status when considering the social and
economic outcomes of foreign-born population. As a result, this dissertation provides an example
of the important contributions that can be made by integrating the study of migration and
stratification.

Relatedly, much of this dissertation focuses on the structural characteristics of the
occupations held by respondents over time, a perspective informed by the stratification literature.
Migration scholarship aboutlabor market disparities between unauthorized and legal immigrants
is dominated by analyses of hourly wages, even as stratification researchers have documented the
crucial role of occupations in determining class position (Weeden and Grusky 2005; Mouw and
Kalleberg 2010)In particular, this focus highlights how legalization improves the structural
labor market position of immigrants in ways that may be missed if researchers only examined
hourly wages. As Weeden and Grusky (2012:145) faténherently social nature of
occupations mean that they also represent an “omnibus measure of life conditions.”

Lastly, thesdindings have direct policy implicationBast attempts at immigration
reform havebrought to the surfadde complex political, demographand economic forces that
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powerfully shape thdebate about unauthorized immigration (Tiche2@®2).Western
democracies anaclinedtowards expansive immigration policiddgdssey 1999), but as the
number of undocumented immigrants has grown, the UBitatds has responded by enhancing
its immigration enforcement mechanisms (Massey et al. 2003). The consequence of that
increased enforcement, however, oanpromisedncorporation process for many immigrants
and a decline in the quality of life for thareign-born (Massey 2007)

For instanceRodriguez and Hagan (2004) document the pervasive fear and anxiety
surrounding deportation felt by immigrant families following the passage of the 1996
Immigration Reform and Immigrant Responsibility Aatherea routine traffic stop can now end
in deportation; in the cases that those fears are realized, deportation can cause dramatic family
trauma whersocialties are disrupted (Hagan, Castro, and Rodri@d€8. DeebSossa and
Mendez (2008) detail how the lanced salience of legal status means that even clinics and
nurses officesftenask for social security numbers, making it difficult for undocumented
families to seek medical care; at the same time, Hagan, Capps, and Kabiri (2003) show how the
fear of deprtation keeps immigrants from claiming benefits like medical care for which they are
eligible. Researchers have also examined the unique challenges that unauthorized children and
youth face throughout childhood and in the transition to adulthood (Gor2tdlésDreby 2012).

Further, the presence of a large population of unauthorized immigrants has perpetuated
stereotypes of Latinos as foretgorn and unauthorized, which has deepened the social
exclusion experienced by this populatidie{es andOrtiz 2009. JimZnez (2008)jocuments
how attributes such asthnicity, skin color, and Spanish surnasraerged asues for nativity
and legal statu immigrant receiving communities in Kansas and Califordiareover, PZrez
(2010) shows that implicit biases towards Latino immigrants are powerful predictors of
opposition to both legal and unauthorized immigration, suggesting that negative attitudes
towards Latino immigrants, fueled by the contemporary immignegiystem, are also responsible
for perpetuating the current systerithus it is imperative that the federal government pass an
immigration reform billthat systematically addresses unauthorized immigratiolprovides the
country with a clear sense thie role that immigration will play in the future of the United
States.



Implications for Policy

A defining characteristic of the contemporary immigration period is the prominent role of
unauthorized immigration. Although the Immigration Reform and Conairobf 1986 was
designed and implemented with the idea of halting unauthorized immigration, the decades after
IRCA saw precipitous growth in the unauthorized immigrant population in the United States.
Estimates indicate that there were around two millioauthorized immigrants in the U.S. in
1980 (Warren and Passel 1987), but by 2010 that number had swelled nearly 12 million (Hoefer
et al. 2011).

With this growth, unauthorized immigrants and their families have become intertwined
with the nationOs socaid economic fabric (Passel and Cohn 2009). There are 8.3 million
unauthorized immigrants in the U.S. labor force, comprising 5.4 percent of the countryOs
workforce. No longer living only traditional immigrant states like California or Texas,
substantiahumbers of unauthorized immigrants now live in redgtination states like Georgia,
North Carolina, and Virginia. Further, unauthorized immigrants have settled in the U.S. in great
numbers, as nearly half of unauthorized immigrant households consisbw@bla with children,
and 73 percent of the children of unauthorized immigrants arebdr8 citizens. As a result,
there are now 4 million naturllorn, U.S. citizen children with unauthorized immigrant parents,
and the children of unauthorized immigraaterall comprise nearly 7 percent of all
schoolchildrer{Passel and Cohn 2009)hus, the unauthorized immigrant population is
increasingly tied to life in the United States.

However, the disadvantage of unauthorized status reduces the socioeconomic
opportunities for immigrants (Massey 2011). Unauthorized immigrants experience many barriers
to mobility in the labor market, and these labor market struggles are reflected in the economic
profile of unauthorized immigrants. According to an analysis by theRResearch Center
(Passel and Cohn 2009), the median household income of unauthorized immigrants is $36,000,
well short of the median household income for the Bd@n and for legal immigrants. Further,

21 percent of unauthorized immigrants are belowptheerty level, relative to 13 and 10 percent
of legal immigrants and the U.S. born, respectively. The risk of poverty for the children of
unauthorized immigrants is even sharper, as a third of all children of unauthorized immigrants

(U.S-born and foreigfborn) are below the poverty line. Therefore, the disadvantage of
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unauthorized status is not limited to the immigrants themselves, but also has concrete
consequences for the children of unauthorized immigrants.

The Obama administratidds Deferred Actionff@€hildhood Arrivals (DACA) program
which provides access to deportation relief and work authorization for young unauthorized
immigrants, has provided temporary legal status to over 400,000 immigrants since the program
began in August of 2012, with anotHE30,000 applications awaiting processing (Singer and
Svajlenka 2013). To qualify for DACA, applicants must have arrived in the U.S. prior to age 16
and lived continuously in the U.S. since 2007, be between the ageSbdf have earned a high
school dipoma or GED or be enrolled in school, and not have been convicted of a felony or
serious misdemeanor. According to an estimate by researchers at the Migration Policy Institute
(Batalova et al. 2013), there are roughly one million immigrants presentlyngesidhe U.S.
that meet the DACA application criteria, meaning that half a million DAgllgible youths have
yet apply for the program (Batalova et al. 2013). Given the demographics of the unauthorized
population overall, it is no surprise that the DA@pplicant pool is largely from Latin America.
A report by the Brookings Institute (Singer and Svajlenka 2013) finds that 75 percent of the
applicants are from Mexico, with Central America, South America, and the Caribbean
comprising another 18 percent. thar,media reports indicate that temporary legal status has
allowedsomeof these immigrants to move from the informal to the formal economy (Semple
2013.

The deferred action program described above, however, only applies to a fraction of the
11 to 12 nilion unauthorized immigrants presently in the U.S.the U.S. House of
Representatives considers a comprehensive immigration reform bill (already passed by the U.S.
Senatan 2013 that provides path to citizenship for thenauthorized populatignhis research
finds thatlegalization is a tool with which lawmakers can reduce the economic insecurity
experienced by many unauthorized immigrants and their families.

However, even under the unlikely scenario that the comprehensive immigration reform
bill passed by the Senate is adopted by the House of Representatives and signed into law by
President Obama, the issue of unauthorized status — and the disadvantage associated with the
status — will persist. First, initial estimates indicate that unauthorized immigrant inflows, which
slowed to zero during the Great Recession, are increasing once more (Passel et al. 2013); if

unauthorized immigration returns to pre-recession levels, then the unauthorized immigrant
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population will persist even if most inclusive of the proposed reforms are passed. Moreover, the
Social Security Administration (2013) estimates that, of the existing 11-12 million unauthorized
immigrants presently in the U.S., up to 30 percent of that population would not qualify for legal
status through the bill passed by the Senate; this is mostly as a result of the requirements for legal
status, which include having resided in the U.S. since 2012, paying a $500 fine, paying back
taxes, and passing a criminal background check. Lastly, the Congressional Budget Office (2013)
estimates that, even with massive increases in immigration enforcement included in the bill, the
legislation passed by the Senate would only reduce the net inflow of unauthorized by a third to a
half over the next ten years. Thus, it is clear that unauthorized immigration will remain as a
policy issue for the foreseeable future, and is an issue deserving of the continued attention of
both migration and stratification researchers.
Policy Recommendation #1: Path to Legal Status

The keyto the success of any comprehensive immigration reform bill is to first address
the issue of undocumented immigratibmpolicy context where local, state, and federal budgets
are stretched thin and funding for social programs is limited, the legalization of unauthorized
immigrants represents a way to combat the economic insecurity experienced by many immigrant
families without expanding the role of government. The findings from this dissertation suggest
that wide-scale legalization could help to provide ladders of opportunity out of poverty for
immigrant families. Although the unauthorized population is largely low-skilled (Passel and
Cohn 2009), the gains experienced by the immigrants that gained legal status in this analysis
suggests that unauthorized status does constrain the earning power of immigrants with low levels
of education.

Thus, by providing a route to legal status for unauthorized immigrants, policy makers can not
only place the United States on a path towards a more effective and responsive immigration
system, but also take steps toward expanding the economic opportunities available to immigrant
workers. Legalization is not a panacea, as these workers will still face barriers in the form of low
levels of education, but this research provides evidence that significant economic gains could be
made by unauthorized immigrants and their families if given the opportunity to transition from
unauthorized to legal status. Legalization of a vast majority of the current unauthorized

immigrant population (especially minors and those brought to the U.S. as children) is critical if
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the measures in this legislation are to have significant long term effects in managing iramigrat
flows.
Policy Recommendatio#i2: Expand Visa Access

Once the existing unauthorized population is regularized, it is also important to take steps
to ensure that it does not increase once more as it did following IRCA. The rapid growth of the
unauthorzed population in the 1990s and 20@sven after the amnesty provisions of IRCA
and the increased enforcement measures throughout those two dBdadesates that the
demand for labor, particularly the kinds of labor carried out by unauthorized wofkers
outweighs visa availability (Massey et al. 2003). This is particularly true in the case of
unauthorized Latin American workers, who make up a majority of the unauthorized population.
At this point, so few visas are allocated to Mexico and other msajamling countries from Latin
America that the only migration choice available to many is to make an unauthorized trip
(Massey and Riosmena 2010). Moreover, given the long history of circular migration between
Mexico and the U.S. that has been interrufitgdorder enforcement efforts, there is reason to
believe that many undocumented workers would accept temporary visas that allow them to work
in the U.S. but return to their country of origin after a period of time.

In order to move the United States todsan immigration system that facilitates legal
immigration and limits the flow of unauthorized migrants, it is clear that systematic changes are
needed. Given the vital importance of immigrant labor in the U.S. labor market, a primary
concern of U.S. immgration policy should be to ensure that employers have access to immigrant
workers with varying levels of skill and human capital; this includes both low andshilih
workers, both of which are crucial for the United States to maintain its economic
competitiveness in the global marketplace. Thus, immigration policy should efficiently allow for
the entrance of foreighorn workers into the U.S. labor market.

However, international migration is not solely a product of economic forces, as research
on socal networks and macro economic forces indicates (Massey et al. 1987; Sassen 1988).
Further, immigration to the United States from Latin America (and Mexico, in particular) is
rooted in deep historical processes that have been present for hundreds @iilsars2010),
and the United StatesO government and employers have played an active role in soliciting
immigrant labor, such as in the case of the Bracero program (Gonzalez 2006; Massey et al.
1987). U.S. immigration policy must also reflect the global historical reality that migration

121



flows and ties are here to stay, and that the U.S. has the responsibility to account for its role in
the creation and maintenance of these flows. For instance, the estimated 5.5 million children in
the U.S. (73 percentf avhich are U.Sborn) with at least one unauthorized immigrant parent
demonstrate the deep ties between the United States and the unauthorized immigrant population
(Passel and Cohn 2009). By acknowledging its role in produeimg maintainingthat
populaton, the United States can works towards adopting a more positive tone about
unauthorized immigration and seek out more constructive patiheducethe inequality that
unauthorized status creates.

To accomplish this, immigration reform legislation shoirdlude dramatic increases in
the number of legal avenues for migration. Similarly to Massey et al. (2003), | advocate for a
temporary visa system, where workers can apply directly to the U.S. for a temporaygatwo
visa that is not tied to any specifemployer. This visa is renewable up to two times, and if the
immigrant has demonstrated a record of employment and passes a background check, they can
apply for legal permanent residency at the end of the final temporary period. Also following
Massey etal., | suggest that Mexico and Central AmericaOs allotment of legal permanent
residency visas be increased to match the rates of other countries in the region in an attempt to
relieve the pressure to migrate without authorization that the present deaghasotreates. The
same should be done for other countries that send large amounts of undocumented workers to the
U.S. Thus, by implementing a largeale legalization program and increasing the availability of
visas to migransending countries, the U.&n begin to reduce the unauthorized population and
move the country forward into a new era of immigration.
Conclusion

This research demonstrates the kinds of theoretical and empirical insights that are gained
when integrating the study of internationaigration and social stratification. Researchers in
these two fields will grow increasingly interdependent: the future demographic, social, and
economic fabric of the United States will be woven in large part by immigrants and their
offspring, and as a relt the study of migration and stratification will continue to overlap in a
variety of sociologically important ways. Future research should look for ways to exploit the
synergy between these two fields, exploring how theoretical constructs from stratifwan
inform empirical investigations focused on migration and vice versa. In an era when the

boundaries of socioeconomic status are growing increasingly more rigid, sociological research



on the social, economic, and health outcomes of immigrants gnoremasingly important as a
way to understand the nature of social stratification in the United States.

Bringing the insights of the social stratification literature to bear on the labor market
experiences of contemporary immigrankss dissertation prades insight into the fareaching
implications of the transition from unauthorized to legal status for the labor market outcomes of
immigrants. While social science research has identified many factors that shape inequality, the
bifurcation of the immigant population by legal status is unique in that it applies only to a small
subset of the population but has such dramatic and persistent consequences for those who are
outside the legal immigration system. In this way, the authorized/unauthorized dighsetam
prime example of the kind of structural divide that produ@dsrable inequalityO (Tilly 1998:6).

For Latin American immigrants, the barriers to economic advancement that are facilitated and
perpetuated by the failures of the contemporary immigraystem have steep costs, and, if left
untouched, it is highly conceivable that a considerable number of Latin American immigrants
will join the ranks of‘new urban underclass,” (Massey 2007:157).

However, the analysis presented here suggests that there is another pathway for the
United States and its immigrant population. Unauthorized immigrants are not forever scarred by
their experience with illegality, but can “catch-up” with the continuously legal when given the
opportunity through the turning point of legalization. Going forward, the U.S. should take
concrete policy steps to reduce stratification in the immigrant population by creating and

maintaining avenues for legal migration.
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APPENDIX

Table 3.A: OLS Regression Results Predicting Log of Hourly Wages, Legal

Status Transitioners (Men)

Unpooled Pooled
t t,
Coef. SE Coef. SE Coef. SE

National Origin (ref=other)

Mexico -0.06 0.080 -0.090 0.070 -0.01 0.050

El Salvador/Guatemala -0.08 0.100 0.020 0.100 0.04 0.070
Demographics

Age 0.01 0.020 0.000 0.020 0.02 0.010

Age-Squared -0.00 0.000 0.000 0.000 -0.00 0.000

Married (ref=not) 0.10 0.090 0.060 0.070 0.13* 0.050

Trad. State (ref=other) -0.09 0.070 -0.070 0.060 -0.09+ 0.050
Human Capital

Years of Education 0.02%* 0.010 0.027%* 0.010 0.02%* 0.010

No English (ref=other) -0.02 0.110 -0.20* 0.090 -0.15% 0.070

Entry into US Labor Market -0.00 0.010 -0.05%* 0.010 -0.02%* 0.010
Industry (ref=other)

Agriculture 0.07 0.160 -0.020 0.200 -0.06 0.130

Construction 0.04 0.080 0.16* 0.070 0.07 0.060

Service Sector 0.06 0.070 -0.26%* 0.070 -0.15%x* 0.050
Constant 548 26410 96.21%* 24.160 50.94%%* 18.360
N 132 194 326
Adjusted R-Squared 0.06 0.24 0.16

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)



Table 3.B: OLS Regression Results Predicting Log of Hourly Wages, Legal
Status Transitioners (Women)

Unpooled Pooled
t; t;
Coef. SE Coef. SE Coef. SE

National Origin (ref=other)

Mexico -0.10 0.110 -0.14* 0.060 -0.10+ 0.060

El Salvador/Guatemala -0.11 0.130 -0.18* 0.080 -0.12 0.080
Demographics

Age -0.01 0.020 0.000 0.020 0.01 0.010

Age-Squared 0.00 0.000 0.000 0.000 -0.00 0.000

Married (ref=not) 0.02 0.100 -0.060 0.050 0.01 0.050

Trad. State (ref=other)  -0.08 0.100 -0.080 0.060 -0.07 0.050
Human Capital

Years of Education 0.01 0.010 0.03** 0.010 0.02** 0.010

No English (ref=other) 0.01 0.140 -0.110 0.080 -0.07 0.070

Entry into US Labor Market  -0.00 0.020 -0.04** 0.010 -0.02* 0.010
Industry (ref=other)

Agriculture -0.15 0.240 0.230 0.150 0.05 0.140

Service Sector -0.14 0.090 -0.05 0.050 -0.11* 0.050
Constant 8.22 35.620 77.35*  20.730  46.45* 19.240
N 135 189 324
Adjusted R-Squared 0.01 0.25 0.11

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)
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Table 3.C: OLS Regression Results Predicting Log of Hourly Wages, NIS
Continuously Legal (Men)

Unpooled Pooled

tl t2

Coef. SE Coef. SE Coef. SE

National Origin (ref=other)
Mexico 0.28+ 0.140 0.18+ 0.100 0.23** 0.080
El Salvador/Guatemala  0.11 0.200 -0.040 0.130 0.02 0.110
Demographics

Age 0.04+ 0.030 0.020 0.020 0.04* 0.010

Age-Squared -0.00+ 0.000 0.000 0.000 -0.00* 0.000

Married (ref=not) 0.22+ 0.120 0.090 0.080 0.15* 0.060

Trad. State (ref=other) 0.02 0.100 -0.090 0.080 -0.02 0.060
Human Capital

Years of Education 0.02+ 0.010 0.03** 0.010 0.02** 0.010

No English (ref=other) 0.00 0.120 -0.070 0.080 -0.04 0.070

Entry into US Labor Market -0.06* 0.020 -0.10** 0.020 -0.08** 0.010
Industry (ref=other)

Agriculture -0.63* 0.250 -0.300 0.250 -0.50** 0.170
Construction -0.10 0.150 0.16+ 0.090 0.08 0.080
Service Sector -0.24* 0.120 -0.18* 0.080 -0.19** 0.060
Constant 121.17* 49.210 191.83** 31.240 164.64** 26.500
N 131 182 313
Adjusted R-Squared 0.26 0.42 0.36

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)



Table 3.D: OLS Regression Results Predicting Log of Hourly Wages, NIS
Continuously Legal (Women)

Unpooled Pooled
t t,
Coef. SE Coef. SE Coef. SE

National Origin (ref=other)

Mexico 0.20 0.130 0.23* 0.100 0.22%* 0.080

El Salvador/Guatemala 0.15 0.180 -0.050 0.140 0.03 0.110
Demographics

Age -0.04 0.030 0.000 0.020 -0.01 0.020

Age-Squared 0.00 0.000 0.000 0.000 0.00 0.000

Married (ref=not) 0.00 0.100 0.070 0.080 0.03 0.060

Trad. State (ref=other) -0.17+ 0.100 -0.090 0.080 -0.12%* 0.060
Human Capital

Years of Education 0.03* 0.010 0.03** 0.010 0.03** 0.010

No English (ref=other) -0.18 0.110 -0.060 0.090 -0.12+ 0.070

Entry into US Labor Market ~ -0.05%* 0.030 -0.06%* 0.020 -0.06%* 0.020
Industry (ref=other)

Agriculture -0.140 0.380 -0.09 0.370
Service Sector 0.02 0.090 -0.06 0.080 -0.02 0.060
Constant 103.50* 50.740  126.71** 39470  117.49**  30.510
N 72 123 195
Adjusted R-Squared 0.28 0.24 0.27

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)
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Table 3.E OLS Regression Results Predicting Log of Hourly Wages,

Continuously Unauthorized (Men)

Unpooled Pooled
t, ts
Coef. SE Coef. SE Coef. SE

National Origin (ref=other)

Mexico 0.12 0.07 0.010 0.06 0.08 0.05

El Salvador/Guatemala  0.07 0.11 -0.040 0.10 0.02 0.07
Demographics

Age 0.02 0.02 0.030 0.02 0.02+ 0.01

Age-Squared -0.00 0.00 0.000 0.00 -0.00+ 0.00

Married (ref=not) 0.12* 0.06 0.09+ 0.05 0.11** 0.04

Trad. State (ref=other) -0.14* 0.06 -0.08+ 0.05 -0.11** 0.04
Human Capital

Years of Education 0.01 0.01 0.010 0.01 0.01 0.01

No English (ref=other) -0.07 0.06 0.010 0.06 -0.03 0.04

Entry into US Labor Market -0.01* 0.00 -0.010 0.00 -0.01* 0.00
Industry (ref=other)

Agriculture -0.02 0.08 -0.100 0.07 -0.06 0.05

Construction 0.16** 0.06 0.010 0.05 0.09* 0.04

Service Sector 0.05 0.08 -0.01 0.07 0.02 0.05
Constant 26.22** 9.74 12.07 8.99 17.73** 6.58
N 321 312 633
Adjusted R-Squared 0.08 0.04 0.08

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)
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Table 3.F OLS Regression Results Predicting Log of Hourly Wages,
Continuously Unauthorized (Women)

Unpooled Pooled
t ty
Coef. SE Coef. SE Coef. SE

National Origin (ref=other)

Mexico 0.02 0.11 -0.19* 0.10 -0.09 0.07

El Salvador/Guatemala 0.12 0.20 0.230 0.19 0.15 0.14
Demographics

Age 0.02 0.03 -0.010 0.03 0.01 0.02

Age-Squared -0.00 0.00 0.000 0.00 -0.00 0.00

Married (ref=not) -0.01 0.09 0.000 0.08 -0.00 0.06

Trad. State (ref=other) -0.04 0.12 0.020 0.10 -0.01 0.08
Human Capital

Years of Education 0.03* 0.01 0.05%* 001 0.04%* 0.01

No English (ref=other) -0.22+ 0.12 -0.25* 0.10 -0.23%* 0.08

Entry into US Labor Market ~ -0.02+ 0.01 -0.010 0.01 -0.01* 0.01
Industry (ref=other)

Agriculture -0.04 0.36 -0.100 0.26 -0.07 0.21

Construction 0.80%** 0.29 0.82%* 0.26 0.83** 0.19

Service Sector 0.10 0.10 -0.01 0.09 0.03 0.06
Constant 31.81+ 17.79 25.58 15.720 25.84% 11.67
N 128 126 254
Adjusted R-Squared 0.08 0.25 0.18

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)



Table 3.G: OLS Regression Results Predicting Log of Hourly Wages, SIPP
Continuously Legal (Men)

Unpooled Pooled
tl t2
Coef. SE Coef. SE Coef. SE
National Origin (ref=other)
Mexico 0.00 0.04 -0.010 0.04 -0.00 0.03
El Salvador/Guatemala  0.03 0.07 -0.060 0.06 -0.01 0.05
Demographics
Age 0.02 0.01 0.04** 0.01 0.03** 0.01
Age-Squared -0.00 0.00 -0.00** 0.00 -0.00** 0.00
Married (ref=not) 0.07+ 0.04 0.040 0.04 0.05* 0.03
Trad. State (ref=other) 0.00 0.04 0.010 0.03 0.01 0.03
Human Capital
Years of Education 0.03** 0.01 0.03** 0.00 0.03** 0.00
No English (ref=other)  -0.01 0.06 -0.060 0.05 -0.04 0.04

Entry into US Labor Market -0.02** 0.00 -0.01** 0.00 -0.01** 0.00
Industry (ref=other)

Agriculture -0.16* 0.06 -0.17** 0.06 -0.16** 0.04

Construction 0.12** 0.04 0.07+ 0.04 0.10** 0.03

Service Sector -0.13* 0.05 -0.11* 0.05 -0.12** 0.03
Constant 34.46** 5.46 24.55%* 5.04 29.07** 3.68
N 1,034 1,046 2,080
Adjusted R-Squared 0.14 0.15 0.15

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)
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Table 3.H: OLS Regression Results Predicting Log of Hourly Wages, SIPP
Continuously Legal (Women)

Unpooled Pooled
1, t2
Coef. SE Coef. SE Coef. SE
National Origin (ref=other)
Mexico -0.06 0.04 -0.09* 0.04 -0.07* 0.03
El Salvador/Guatemala -0.03 0.06 -0.110 0.07 -0.07 0.05
Demographics
Age 0.00 0.01 0.010 0.01 0.01 0.01
Age-Squared -0.00 0.00 0.000 0.00 -0.00 0.00
Married (ref=not) 0.10** 0.04 0.060 0.04 0.08** 0.03
Trad. State (ref=other)  -0.04 0.04 -0.010 0.04 -0.03 0.03
Human Capital
Years of Education 0.03** 0.01 0.03** 0.01 0.03** 0.00
No English (ref=other)  -0.09+ 0.06 -0.040 0.06 -0.07 0.04

Entry into US Labor Market -0.01** 0.00 -0.01** 0.00 -0.01** 0.00
Industry (ref=other)

Agriculture -0.13 0.09 -0.25* 0.12 -0.18* 0.07

Construction 0.28+ 0.15 0.210 0.20 0.25* 0.12

Service Sector -0.06 0.04 -0.12** 0.05 -0.09** 0.03
Constant 27.86** 5.39 28.75** 5.870 27.09** 3.95
N 752 744 1,496
Adjusted R-Squared 0.14 0.11 0.13

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)
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Table 3.I: OLS Regression Results Predicting Log of Hourly Wages, U.S.-born

Latinos (Men)
Unpooled Pooled
t]_ t2
Coef. SE Coef. SE Coef. SE

Hispanic Origin (ref=other)

Mexico -0.03 0.03 0.010 0.03 -0.01 0.02

El Salvador/Guatemala  0.04 0.07 -0.020 0.08 0.01 0.05
Demographics

Age 0.05** 0.01 0.05** 0.01 0.05** 0.01

Age-Squared -0.00** 0.00 -0.00** 0.00 -0.00** 0.00

Married (ref=not) 0.07* 0.03 0.07* 0.03 0.07** 0.02

Trad. State (ref=other) 0.02 0.03 0.040 0.03 0.03 0.02
Human Capital

Years of Education 0.06** 0.01 0.07** 0.01 0.07* 0.00

No English (ref=other) -0.06 0.09 0.060 0.09 0.00 0.06

Entry into Labor Market -0.00 0.00 0.000 0.00 -0.00 0.00
Industry (ref=other)

Agriculture -0.10 0.08 0.000 0.09 -0.05 0.06

Construction 0.20** 0.05 0.13** 0.05 0.16** 0.03

Service Sector -0.02 0.04 -0.05 0.04 -0.03 0.03
Constant 8.31 9.19 9.16 9.58 7.73 6.23
N 1,017 1,013 2,030
Adjusted R-Squared 0.27 0.21 0.24

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)
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Table 3.J: OLS Regression Results Predicting Log of Hourly Wages, U.S.-bor!
Latinos (Women)

Unpooled Pooled
t1 t2
Coef. SE Coef. SE Coef. SE

Hispanic Origin (ref=other)

Mexico 0.04 0.03 0.040 0.04 0.04 0.03

El Salvador/Guatemala  0.05 0.09 0.070 0.09 0.06 0.06
Demographics

Age 0.03** 0.01 0.04** 0.01 0.04** 0.01

Age-Squared -0.00** 0.00 -0.00** 0.00 -0.00** 0.00

Married (ref=not) 0.05 0.04 0.07+ 0.04 0.06* 0.03

Trad. State (ref=other) -0.01 0.04 0.010 0.04 -0.00 0.03
Human Capital

Years of Education 0.08** 0.01 0.09** 0.01 0.08** 0.01

No English (ref=other) -0.07 0.10 -0.110 0.10 -0.09 0.07

Entry into Labor Market -0.01+ 0.00 0.000 0.00 -0.01* 0.00
Industry (ref=other)

Agriculture -0.48** 0.17 -0.44* 0.18 -0.46** 0.12

Construction 0.09 0.15 0.060 0.14 0.08 0.10

Service Sector 0.05 0.05 0.04 0.05 0.05 0.04
Constant 14.00* 7.10 9.88 7.370 10.50* 4.97
N 972 968 1,940
Adjusted R-Squared 0.19 0.18 0.19

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)
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Table 4.A: OLS Regression Results Predicting Log of Occupational-Wage Index,
Legal Status Transitioners, Men

Unpooled Pooled
t t,
Coef. SE Coef. SE Coef. SE

National Origin (ref=other)

Mexico -0.09 0.06 -0.040 0.05 -0.05 0.04

El Salvador/Guatemala 0.00 0.08 0.020 0.07 0.03 0.05
Demographics

Age 0.03* 0.02 -0.010 0.02 0.02% 0.01

Age-Squared -0.00* 0.00 0.000 0.00 -0.00* 0.00

Married (ref=not) -0.01 0.06 0.11% 0.05 0.08%* 0.04

Trad. State (ref=other) 0.04 0.06 -0.050 0.05 -0.01 0.04
Human Capital

Years of Education 0.02%* 0.01 0.03%* 0.01 0.02%* 0.00

No English (ref=other) 0.09 0.08 0.030 0.07 0.05 0.05

Entry into US Labor Market 0.02 0.01 -0.010 0.01 0.00 0.01
Constant -30.34 20.84 30.30+ 17.79 1.03 13.47
N 243 248 491
Adjusted R-Squared 0.11 0.11 0.11

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Table 4.B: OLS Regression Results Predicting Log of Occupational-Wage Inde
Legal Status Transitioners, Women

Unpooled Pooled
t t,
Coef. SE Coef. SE Coef. SE

National Origin (ref=other)

Mexico 0.02 0.070 -0.11+ 0.060 -0.02 0.050

El Salvador/Guatemala 0.02 0.100 -0.16+ 0.080 -0.03 0.070
Demographics

Age -0.02 0.020 -0.04%* 0.020 -0.02 0.010

Age-Squared 0.00 0.000 0.00%* 0.000 0.00 0.000

Married (ref=not) 0.09 0.070 0.010 0.050 0.08+ 0.040

Trad. State (ref=other) 0.04 0.070 -0.010 0.050 0.02 0.040
Human Capital

Years of Education 0.01 0.010 0.03%* 0.010 0.02%* 0.010

No English (ref=other) -0.13 0.090 0.020 0.080 -0.07 0.060

Entry into US Labor Market ~ 0.04%* 0.010 -0.010 0.010 001+ 0.010
Constant -83.58%*  24.860 2641 20.020 -26.90+ 16.090
N 229 234 463
Adjusted R-Squared 0.07 0.14 0.08

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)



Table 4.C: OLS Regression Results Predicting Log of Occupational-Wage Index,
NIS Continuously Legal, Men

Unpooled Pooled
t; P
Coef. SE Coef. SE Coef. SE

National Origin (ref=other)

Mexico 0.15 0.10 0.100 0.08 0.13* 0.06

El Salvador/Guatemala  0.00 0.12 -0.20+ 0.11 -0.11 0.08
Demographics

Age 0.04* 0.02 0.010 0.02 0.02* 0.01

Age-Squared -0.00* 0.00 0.000 0.00 -0.00 0.00

Married (ref=not) -0.02 0.07 -0.050 0.06 -0.03 0.05

Trad. State (ref=other) 0.04 0.07 -0.060 0.07 -0.01 0.05
Human Capital

Years of Education 0.02** 0.01 0.010 0.01 0.02** 0.01

No English (ref=other) -0.07 0.08 -0.15* 0.07 -0.11* 0.05

Entry into US Labor Market  -0.04* 0.01 -0.06** 0.01 -0.05** 0.01
Constant 74.46* 29.31 116.65**  26.22 95.76** 19.44
N 194 216 410
Adjusted R-Squared 0.14 0.21 0.17

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Table 4.D: OLS Regression Results Predicting Log of Occupational-Wage Index,
NIS Continuously Legal, Women

Unpooled Pooled
t t,
Coef. SE Coef. SE Coef. SE

National Origin (ref=other)

Mexico -0.04 0.09 0.050 0.07 0.01 0.05

El Salvador/Guatemala 0.01 0.12 -0.020 0.11 0.00 0.08
Demographics

Age 0.00 0.02 0.000 0.02 0.00 0.01

Age-Squared -0.00 0.00 0.000 0.00 -0.00 0.00

Married (ref=not) 0.04 0.07 0.020 0.06 0.03 0.04

Trad. State (ref=other) -0.03 0.06 -0.12% 0.06 -0.08+ 0.04
Human Capital

Years of Education 0.01 0.01 0.02* 0.01 0.01%** 0.00

No English (ref=other) -0.04 0.07 -0.060 0.07 -0.05 0.05

Entry into US Labor Market -0.02 0.02 -0.010 001 -0.01 0.01
Constant 33.35 34.66 28.58 28.90 31.82 21.80
N 132 143 275
Adjusted R-Squared 0.02 0.10 0.09

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)
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Table 4.E: OLS Regression Results Predicting Log of Occupational-Wage Inde
Continuously Unauthorized (Men)

Unpooled Pooled
t; ts
V2 v3 v4 v5 V6 v7

National Origin (ref=other)

Mexico 0.02 0.05 -0.030 0.08 -0.00 0.04

El Salvador/Guatemala  0.08 0.07 0.050 0.11 0.07 0.06
Demographics

Age 0.01 0.01 0.04+ 0.02 0.02+ 0.01

Age-Squared -0.00 0.00 -0.00+ 0.00 -0.00+ 0.00

Married (ref=not) 0.07* 0.04 0.020 0.06 0.05+ 0.03

Trad. State (ref=other)  -0.02 0.04 0.080 0.05 0.03 0.03
Human Capital

Years of Education 0.02** 0.00 0.03** 0.01 0.02** 0.00

No English (ref=other) -0.06 0.04 -0.16* 0.07 -0.10** 0.04

Entry into US Labor Market ~ 0.00 0.00 0.010 0.01 0.00 0.00
Constant 1.05 6.38 -14.06 10.94 -4.80 5.76
N 329 243 572
Adjusted R-Squared 0.04 0.08 0.07

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Table 4.F: OLS Regression Results Predicting Log of Occupational-Wage Index,
Continuously Unauthorized (Women)

Unpooled Pooled
tl t2
Coef. SE Coef. SE Coef. SE

National Origin (ref=other)

Mexico 0.03 0.07 -0.110 0.07 -0.04 0.05

El Salvador/Guatemala  0.06 0.13 -0.040 0.14 0.01 0.10
Demographics

Age -0.01 0.02 0.010 0.02 -0.00 0.01

Age-Squared 0.00 0.00 0.000 0.00 0.00 0.00

Married (ref=not) 0.01 0.06 -0.040 0.06 -0.02 0.04

Trad. State (ref=other) -0.00 0.08 -0.110 0.07 -0.05 0.05
Human Capital

Years of Education 0.03** 0.01 0.04** 0.01 0.03** 0.01

No English (ref=other)  -0.19* 0.08 -0.18* 0.07 -0.19** 0.05

Entry into US Labor Market  -0.01 0.01 0.000 0.01 -0.01 0.00
Constant 18.22 12.30 11.61 11.240 14.36+ 8.30
N 133 100 233
Adjusted R-Squared 0.10 0.27 0.18

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)
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Table 4.G: OLS Regression Results Predicting Log of Occupational-Wage Inde
SIPP Continuously Legal (Men)

Unpooled Pooled
t t,
Coef. SE Coef. SE Coef. SE

National Origin (ref=other)

Mexico -0.07* 0.03 -0.06+ 0.03 -0.06** 0.02

El Salvador/Guatemala -0.09+ 0.05 -0.13%* 0.05 -0.10%* 0.04
Demographics

Age 0.01 0.01 0.02* 0.01 0.02%* 0.01

Age-Squared -0.00 0.00 -0.00+ 0.00 -0.00* 0.00

Married (ref=not) 0.03 0.03 0.010 0.03 0.02 0.02

Trad. State (ref=other) 0.02 0.03 0.000 0.03 001 0.02
Human Capital

Years of Education 0.03%* 0.00 0.03%* 0.00 0.03%* 0.00

No English (ref=other) -0.11% 0.04 -0.010 0.04 -0.06* 0.03

Entry into US Labor Market ~ -0.01%* 0.00 -0.00+ 0.00 -0.00%* 0.00
Constant 15.08** 3.99 9.23* 4.11 11.59%* 2.84
N 1,048 884 1,932
Adjusted R-Squared 0.12 0.14 0.13

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Table 4.H: OLS Regression Results Predicting Log of Occupational-Wage Inde
SIPP Continuously Legal (Women)

Unpooled Pooled
tl t2
Coef. SE Coef. SE Coef. SE

National Origin (ref=other)

Mexico -0.08** 0.03 -0.09** 0.03 -0.08** 0.02

El Salvador/Guatemala -0.10* 0.05 -0.080 0.05 -0.09* 0.03
Demographics

Age -0.00 0.01 0.000 0.01 0.00 0.01

Age-Squared -0.00 0.00 0.000 0.00 -0.00 0.00

Married (ref=not) 0.03 0.03 0.000 0.03 0.02 0.02

Trad. State (ref=other) 0.04 0.03 0.000 0.03 0.02 0.02
Human Capital

Years of Education 0.04** 0.00 0.03** 0.00 0.04** 0.00

No English (ref=other) 0.02 0.04 -0.070 0.05 -0.02 0.03

Entry into US Labor Market -0.01** 0.00 -0.01* 0.00 -0.01** 0.00
Constant 18.07** 4.01 12.29** 4.23 14.10** 2.89
N 760 629 1,389
Adjusted R-Squared 0.20 0.18 0.19

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)
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Table 4.6 OLS Regression Results Predicting Log of Occupational-Wage Inde

U.S.-Born Latinos (Men)

Unpooled Pooled
t; P
Coef. SE Coef. SE Coef. SE

Hispanic Origin (ref=other)

Mexico -0.05+ 0.03 -0.010 0.03 -0.03 0.02

El Salvador/Guatemala -0.14* 0.07 -0.16* 0.07 -0.15** 0.05
Demographics

Age 0.02** 0.01 0.010 0.01 0.02** 0.01

Age-Squared -0.00* 0.00 0.000 0.00 -0.00* 0.00

Married (ref=not) 0.03 0.03 0.09** 0.03 0.06* 0.02

Trad. State (ref=other)  -0.00 0.03 -0.030 0.03 -0.01 0.02
Human Capital

Years of Education 0.06** 0.01 0.07** 0.01 0.06** 0.00

No English (ref=other) -0.03 0.08 -0.040 0.09 -0.04 0.06

Entry into Labor Market -0.00 0.00 0.000 0.00 -0.00 0.00
Constant 4.83 8.32 4.10 9.40 2.23 5.79
N 1,020 868 1,888
Adjusted R-Squared 0.17 0.16 0.17

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Table 4.J OLS Regression Results Predicting Log of Occupational-Wage Inde
U.S.-Born Latinos (Women)

Unpooled Pooled
tl tZ
Coef. SE Coef. SE Coef. SE

Hispanic Origin (ref=other)

Mexico 0.03 0.02 0.00 0.03 0.02 0.02

El Salvador/Guatemala -0.07 0.06 -0.05 0.07 -0.06 0.05
Demographics

Age 0.03** 0.01 0.02* 0.01 0.02** 0.00

Age-Squared -0.00** 0.00 -0.00** 0.00 -0.00** 0.00

Married (ref=not) 0.02 0.03 0.02 0.03 0.02 0.02

Trad. State (ref=other) 0.02 0.03 0.00 0.03 0.01 0.02
Human Capital

Years of Education 0.06** 0.01 0.06** 0.01 0.06** 0.00

No English (ref=other)  -0.13+ 0.07 -0.08 0.07 -0.11* 0.05

Entry into Labor Market -0.00 0.00 -0.01* 0.00 -0.00 0.00
Constant 3.08 5.10 12.58* 5.37 5.23 3.59
N 983 835 1,818
Adjusted R-Squared 0.19 0.18 0.19

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)
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Table 5.A1: OLS Regression Results Predicting Log of Pension Benefit
Composition, Legal Status Transitioner (Total Sample)

Unpooled Pooled
ty {2
Coef. SE Coef. SE Coef. SE
Mexico -0.18+ 0.09 -0.040 0.08 -0.08 0.06
El Salvador/Guatemala -0.02 0.14 0.000 0.12 0.03 0.09
Age -0.01 0.02 -0.06* 0.02 -0.02 0.02
Age-Squared 0.00 0.00 0.00* 0.00 0.00 0.00
Female (ref=male) -0.15 0.15 -0.140 0.21 -0.20 0.12
Married (ref=not) -0.02 0.10 0.070 0.08 0.06 0.06
Trad. State (ref=other)  -0.13 0.09 -0.110 0.08 -0.12* 0.06
Years of Education 0.05** 0.01 0.06** 0.01 0.05** 0.01
Female-Educ. Interaction -0.00 0.01 0.010 0.02 0.01 0.01
No English (ref=other)  -0.27* 0.13 -0.050 0.11 -0.18* 0.08
Entry into US Labor Market  0.05** 0.02 -0.03* 0.01 0.01 0.01
Constant -95.25** 33.95 66.19* 28.54 -15.14 21.75
N 467 479 946
Adjusted R-Squared 0.10 0.11 0.1

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala” is "other"; reference fc
“female" is "male"; reference for "married" is "not married"; reference for "traditional state" is
"other state"; reference for "no English" is "other"

Table 5.A2: OLS Regression Results Predicting Log of Pension Benefit
Composition, Legal Status Transitioner, Men

Unpooled Pooled
t t,
Coef. SE Coef. SE Coef. SE
Mexico -0.27% 0.13 -0.030 0.12 -0.13 0.09
El Salvador/Guatemala -0.07 0.19 -0.010 0.17 -0.01 0.12
Age 0.03 0.04 -0.020 0.04 0.03 0.02
Age-Squared -0.00 0.00 0.000 0.00 -0.00 0.00
Married (ref=not) 0.05 0.15 0.100 0.12 0.12 0.09
Trad. State (ref=other) -0.01 0.13 -0.090 0.11 -0.05 0.08
Years of Education 0.03* 0.01 0.05%* 0.01 0.04%* 0.01
No English (ref=other) 0.16 0.18 -0.050 0.16 0.04 0.12
Entry into US Labor Market 0.03 0.02 -0.020 0.02 0.01 0.02
Constant -66.04 47.80 39.11 42.97 -17.44 31.36
N 244 248 492
Adjusted R-Squared 0.05 0.05 0.05

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"married" is "not married"; reference for "traditional state" is "other state"; reference for "no
English" is "other"



Table 5.A3: OLS Regression Results Predicting Log of Pension Benefit
Composition, Legal Status Transitioner, Women

Unpooled Pooled
t; t2
Coef. SE Coef. SE Coef. SE
Mexico 0.05 0.13 -0.040 0.11 0.02 0.09
El Salvador/Guatemala  0.15 0.19 0.040 0.16 0.14 0.13
Age -0.06* 0.03 -0.09** 0.03 -0.06** 0.02
Age-Squared 0.00* 0.00 0.00** 0.00 0.00** 0.00
Married (ref=not) -0.01 0.13 0.040 0.10 0.04 0.08
Trad. State (ref=other)  -0.32* 0.13 -0.140 0.11 -0.22** 0.08
Years of Education 0.06** 0.01 0.06** 0.01 0.06** 0.01
No English (ref=other) -0.69** 0.17 -0.030 0.15 -0.38** 0.11
Entry into US Labor Market  0.04+ 0.02 -0.05* 0.02 -0.00 0.02
Constant -81.48+ 46.62 90.33* 39.27 4.78 30.22
N 229 231 460
Adjusted R-Squared 0.23 0.14 0.18

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala” is "other"; reference fc
"married"” is "not married"; reference for "traditional state" is "other state"; reference for "no
English" is "other"

Table 5.A4: OLS Regression Results Predicting L.og of Pension Benefit
Composition, NIS Continuously Legal (Total Sample)

Unpooled Pooled
t, t,
Coef. SE Coef. SE Coef. SE
Mexico 0.07 0.15 0.110 0.12 0.10 0.10
El Salvador/Guatemala 0.17 0.21 0.080 0.18 0.14 0.14
Age 0.03 0.03 0.020 0.03 0.03 0.02
Age-Squared -0.00 0.00 0.000 0.00 -0.00 0.00
Female (ref=male) -0.07 0.27 -0.260 0.27 -0.16 0.19
Married (ref=not) 0.14 0.11 0.040 0.10 0.10 0.07
Trad. State (ref=other) -0.21% 0.11 -0.27%* 0.10 -0.22%* 0.07
Years of Education 0.03+ 0.02 0.020 0.01 0.02% 0.01
Female-Educ. Interaction  -0.01 0.02 0.010 0.02 0.00 0.01
No English (ref=other) -0.11 0.13 -0.100 0.11 -0.10 0.08
Entry into US Labor Market -0.02 0.02 -0.05* 0.02 -0.03+ 0.02
Constant 4292 4921 89.40* 4338 6143+ 32.36
N 349 358 707
Adjusted R-Squared 0.04 0.06 0.06

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"female" is "male"; reference for "married" is "not married"; reference for "traditional state" is
"other state"; reference for "no English" is "other"
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Table 5.A5: OLS Regression Results Predicting Log of Pension Benefit

Composition, NIS Continuously Legal, Men

Unpooled Pooled
t ts
Coef. SE Coef. SE Coef. SE
Mexico 0.21 0.20 0.140 0.19 0.18 0.14
El Salvador/Guatemala -0.07 0.27 -0.140 0.25 -0.10 0.18
Age 0.07* 0.04 0.030 0.03 0.06* 0.02
Age-Squared -0.00+ 0.00 0.000 0.00 -0.00+ 0.00
Married (ref=not) 0.28+ 0.15 0.070 0.14 0.18+ 0.10
Trad. State (ref=other) -0.16 0.14 -0.170 0.15 -0.14 0.10
Years of Education 001 0.02 0.010 0.02 001 0.01
No English (ref=other) -0.10 0.17 -0.160 0.16 -0.13 0.11
Entry into US Labor Market -0.05 0.03 -0.05+ 0.03 -0.05* 0.02
Constant 92.95 62.42 106.83+ 59.38 92.81% 42.38
N 212 216 428
Adjusted R-Squared 0.07 0.04 0.07

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)
Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"married" is "not married"; reference for "traditional state" is "other state"; reference for "no

English" is "other"

Table 5.A6: OLS Regression Results Predicting Log of Pension Benefit
Composition, NIS Continuously Legal, Women

Unpooled Pooled
t t,
Coef. SE Coef. SE Coef. SE
Mexico 0.06 0.21 0.140 0.16 0.11 0.13
El Salvador/Guatemala 0.53+ 0.31 0.360 0.25 0.47%* 0.20
Age -0.04 0.05 0.000 0.04 -0.02 0.03
Age-Squared 0.00 0.00 0.000 0.00 0.00 0.00
Married (ref=not) -0.01 0.17 0.030 0.13 0.01 0.10
Trad. State (ref=other) -0.34% 0.15 -0.36%* 0.12 -0.32%* 0.10
Years of Education 0.03+ 0.02 0.04* 0.01 0.03%* 0.01
No English (ref=other) -0.11 0.19 0.000 0.15 -0.06 0.12
Entry into US Labor Market 0.04 0.04 -0.020 0.03 0.01 0.03
Constant -77.70 80.63 4376 62.99 -18.10 50.16
N 140 142 282
Adjusted R-Squared 0.03 0.09 0.08

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)
Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"married" is "not married"; reference for "traditional state" is "other state"; reference for "no

English" is "other"
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Table 5.A7: OLS Regression Results Predicting Log of Predicting Log of Pension
Benefit Composition, Continuously Unauthorized (Total Sample)

Unpooled Pooled
t t
Coef. SE Coef. SE Coef. SE
Mexico 0.20 0.13 0.090 0.12 0.15+ 0.09
El Salvador/Guatemala 0.36+ 0.21 0.280 0.19 0.32% 0.14
Age 0.03 0.03 0.010 0.03 0.02 0.02
Age-Squared -0.00 0.00 0.000 0.00 -0.00 0.00
Female (ref=male) -0.25 0.30 -0.64* 0.26 -0.44%* 0.20
Married (ref=not) 0.05 0.10 0.000 0.09 0.02 0.07
Trad. State (ref=other) -0.26%* 0.11 -0.18+ 0.10 -0.22% 0.07
Years of Education 0.03+ 0.02 0.03* 0.02 0.03%* 0.01
Female-Educ. Interaction  0.04 0.03 0.06%* 0.03 0.05% 0.02
No English (ref=other) -0.30%* 0.12 -0.160 0.11 -0.23%: 0.08
Entry into US Labor Market -0.01 0.01 -0.010 0.01 -0.01 0.01
Constant 10.03 18.98 25.07 17.69 17.00 12.87
N 462 446 908
Adjusted R-Squared 0.04 0.05 0.05

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"female" is "male"; reference for "married" is "not married"; reference for "traditional state" is
"other state"; reference for "no English" is "other"

Table 5.A8: OLS Regression Results Predicting Predicting Log of Pension
Benefit Composition, Continuously Unauthorized, Men

Unpooled Pooled
t; t2
Coef. SE Coef. SE Coef. SE
Mexico 0.12 0.17 0.040 0.15 0.08 0.11
El Salvador/Guatemala  0.38 0.26 0.340 0.23 0.36* 0.17
Age 0.06 0.04 0.050 0.04 0.06* 0.03
Age-Squared -0.00 0.00 0.000 0.00 -0.00+ 0.00
Married (ref=not) 0.11 0.13 -0.080 0.11 0.01 0.09
Trad. State (ref=other) -0.26* 0.13 -0.120 0.11 -0.18* 0.09
Years of Education 0.03 0.02 0.03+ 0.02 0.03* 0.01
No English (ref=other) -0.19 0.15 -0.160 0.13 -0.18+ 0.10
Entry into US Labor Market ~ 0.01 0.01 0.000 0.01 0.00 0.01
Constant -16.88 22.99 -0.74 21.17 -9.20 15.48
N 329 317 646
Adjusted R-Squared 0.02 0.01 0.03

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala” is "other"; reference fc
"married"” is "not married"; reference for "traditional state" is "other state"; reference for "no
English" is "other"
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Table 5.A9: OLS Regression Results Predicting Log of Pension Benefit
Composition, Continuously Unauthorized, Women

Unpooled Pooled
t ts
Coef. SE Coef. SE Coef. SE
Mexico 0.40* 0.20 0.170 0.20 027+ 0.14
El Salvador/Guatemala 0.26 0.36 0.010 0.37 0.11 0.25
Age -0.02 0.05 -0.020 0.05 -0.02 0.04
Age-Squared 0.00 0.00 0.000 0.00 0.00 0.00
Married (ref=not) -0.01 0.16 0.180 0.16 0.09 0.11
Trad. State (ref=other) -0.25 0.21 -0.36+ 0.21 -0.31%* 0.15
Years of Education 0.07%* 0.02 0.10%* 0.02 0.08%* 0.02
No English (ref=other) -0.54% 0.21 -0.190 0.21 -0.36% 0.15
Entry into US Labor Market ~ -0.04* 0.02 -0.04%* 0.02 -0.04%* 001
Constant 78.64% 32.98 76.07* 32.35 78.39%* 22.73
N 133 129 262
Adjusted R-Squared 0.12 0.14 0.15

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"married" is "not married"; reference for "traditional state" is "other state"; reference for "no
English" is "other"

Table 5.A10: OLS Regression Results Predicting Log of Pension Benefit
Composition, SIPP Continuously Legal (Total Sample)

Unpooled Pooled
t t,
Coef. SE Coef. SE Coef. SE
Mexico -0.13%* 0.05 -0.17%* 0.05 -0.15%* 0.03
El Salvador/Guatemala -0.27%* 0.08 -0.27%* 0.07 -0.27%* 0.05
Age 0.01 0.01 0.000 0.01 0.00 0.01
Age-Squared -0.00 0.00 0.000 0.00 -0.00 0.00
Female (ref=male) -0.38%* 0.12 -0.23+ 0.12 -0.3]%* 0.08
Married (ref=not) 0.04 0.04 0.070 0.04 0.06+ 0.03
Trad. State (ref=other) -0.18%* 0.05 -0.2]%* 0.04 -0.19%* 0.03
Years of Education 0.05%* 0.01 0.06%* 0.01 0.05%* 0.01
Female-Educ. Interaction  0.02* 0.01 0.010 0.01 0.02%* 0.01
No English (ref=other) -0.13* 0.07 -0.11+ 0.06 -0.12%* 0.05
Entry into US Labor Market ~ -0.01%* 0.00 -0.01** 0.00 -0.01%* 0.00
Constant 17.59%* 6.31 14.30* 6.15 16.32%* 4.37
N 1,813 1,822 3,635
Adjusted R-Squared 0.11 0.12 0.12

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"female" is "male"; reference for "married" is "not married"; reference for "traditional state" is
"other state"; reference for "no English" is "other"
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Table 5.A11: OLS Regression Results Predicting L.og of Pension Benefit
Composition, SIPP Continuously Legal, Men

Unpooled Pooled
t t,
Coef. SE Coef. SE Coef. SE
Mexico -0.15% 0.06 -0.19%* 0.06 -0.17%* 0.04
El Salvador/Guatemala -0.20* 0.10 -0.24%* 0.10 -0.22% 0.07
Age 0.02 0.02 0.010 0.02 001 0.01
Age-Squared -0.00 0.00 0.000 0.00 -0.00 0.00
Married (ref=not) 0.07 0.06 0.070 0.06 0.07+ 0.04
Trad. State (ref=other) -0.20%* 0.06 -0.19%* 0.06 -0.19%3* 0.04
Years of Education 0.05%* 0.01 0.06%* 0.01 0.05%* 0.01
No English (ref=other) -0.25%* 0.08 -0.080 0.08 -0.16%* 0.06
Entry into US Labor Market -0.01 0.00 -0.010 0.00 -0.01* 0.00
Constant 9.80 7.95 1143 8.31 11.80* 5.70
N 1,048 1,061 2,109
Adjusted R-Squared 0.11 0.11 0.12

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"married" is "not married"; reference for "traditional state" is "other state"; reference for "no
English" is "other"

Table 5.A12: OLS Regression Results Predicting Log of Pension Benefit
Composition, SIPP Continuously Legal, Women

Unpooled Pooled
t t,
Coef. SE Coef. SE Coef. SE
Mexico -0.09 0.08 -0.13+ 0.07 -0.11%* 0.05
El Salvador/Guatemala -0.36%* 0.12 -0.31%* 0.11 -0.33%#* 0.08
Age -0.01 0.02 -0.010 0.02 -0.01 0.01
Age-Squared -0.00 0.00 0.000 0.00 -0.00 0.00
Married (ref=not) -0.02 0.07 0.030 0.06 001 0.05
Trad. State (ref=other) -0.15% 0.08 -0.23%* 0.07 -0.19%* 0.05
Years of Education 0.08%* 0.01 0.07%* 0.01 0.07%* 0.01
No English (ref=other) 0.02 0.11 -0.130 0.10 -0.05 0.07
Entry into US Labor Market ~ -0.02*%* 0.01 -0.01* 0.00 -0.01%* 0.00
Constant 29.01%** 10.16 18.41%* 9.15 22 .85% 6.77
N 765 761 1,526
Adjusted R-Squared 0.12 0.14 0.13

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"married" is "not married"; reference for "traditional state" is "other state"; reference for "no
English" is "other"



Table 5.A13: OLS Regression Results Predicting Log of Pension Benefit
Composition, U.S.-Born Latinos (Total Sample)

Unpooled Pooled
t ts
Coef. SE Coef. SE Coef. SE
Mexico 0.01 0.04 0.020 0.04 0.01 0.03
El Salvador/Guatemala -0.26%* 0.09 -0.20%* 0.09 -0.23%* 0.06
Age 0.02% 0.01 0.02% 0.01 0.02%** 0.01
Age-Squared -0.00* 0.00 -0.00%* 0.00 -0.00%** 0.00
Female (ref=male) -0.28+ 0.17 0.070 0.18 -0.11 0.12
Married (ref=not) 0.03 0.04 0.050 0.04 0.04 0.03
Trad. State (ref=other) -0.12%* 0.04 -0.08* 0.04 -0.10%* 0.03
Years of Education 0.07%* 0.01 0.08** 0.01 0.07%* 0.01
Female-Educ. Interaction  0.02 0.01 0.000 0.01 0.01 0.01
No English (ref=other) -0.24%* 0.10 -0.120 0.10 -0.18* 0.07
Entry into US Labor Market -0.01 0.00 -0.01* 0.00 -0.01** 0.00
Constant 7.79 8.50 19.16* 8.78 16.50%* 5.90
N 1,974 1,978 3,952
Adjusted R-Squared 0.09 0.07 0.08

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"female" is "male"; reference for "married" is "not married"; reference for "traditional state" is
"other state"; reference for "no English" is "other"

Table 5.A14: OLS Regression Results Predicting Log of Pension Benefit
Composition, U.S.-Born Latinos, Men

Unpooled Pooled
t t,
Coef. SE Coef. SE Coef. SE
Mexico -0.13* 0.05 -0.060 0.06 -0.10% 0.04
El Salvador/Guatemala -0.12 0.12 -0.32% 0.13 -0.22% 0.09
Age 0.01 0.01 0.03+ 0.02 0.02 0.01
Age-Squared -0.00 0.00 -0.00+ 0.00 -0.00+ 0.00
Married (ref=not) 0.07 0.06 0.080 0.06 0.07+ 0.04
Trad. State (ref=other) -0.11°%* 0.05 -0.070 0.06 -0.09* 0.04
Years of Education 0.07%* 0.01 0.08%* 0.01 0.07%* 001
No English (ref=other) -0.18 0.14 -0.100 0.15 -0.14 0.10
Entry into US Labor Market -0.00 0.01 -0.010 0.01 -0.01+ 0.01
Constant 2.08 15.17 9.15 16.30 15.74 10.49
N 1,020 1,018 2,038
Adjusted R-Squared 0.09 0.08 0.08

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"married" is "not married"; reference for "traditional state" is "other state"; reference for "no
English" is "other"
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Table 5.A15: OLS Regression Results Predicting Log of Pension Benefit

Composition, U.S.-Born Latinos, Women

Unpooled Pooled
t ts
Coef. SE Coef. SE Coef. SE
Mexico 0.12* 0.05 0.10+ 0.05 0.171%* 0.04
El Salvador/Guatemala -0.42%* 0.13 -0.070 0.13 -0.25%* 0.09
Age 0.04%* 0.01 0.02+ 0.01 0.03%* 0.01
Age-Squared -0.00%* 0.00 -0.00%* 0.00 -0.00%* 0.00
Married (ref=not) -0.01 0.05 -0.010 0.05 -0.01 0.04
Trad. State (ref=other) -0.12% 0.05 -0.080 0.05 -0.10%* 0.04
Years of Education 0.09%* 0.01 0.08%* 0.01 0.09%* 0.01
No English (ref=other) -0.35% 0.14 -0.100 0.14 -0.23% 0.10
Entry into US Labor Market -0.00 0.01 -001+ 001 -0.01+ 0.00
Constant 3.75 1041 17.42+ 10.20 10.02 7.11
N 985 972 1,957
Adjusted R-Squared 0.12 0.08 0.1

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)
Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"married" is "not married"; reference for "traditional state" is "other state"; reference for "no

English" is "other"

Table 5.B1: OLS Regression Results Predicting Log of Employer Health
Insurance Composition, Legal Status Transitioners (Total Sample)

Unpooled Pooled
t t,
Coef. SE Coef. SE Coef. SE
Mexico -0.14% 0.06 -0.10%* 0.04 -0.08%* 0.04
El Salvador/Guatemala -0.13 0.09 -0.040 0.06 -0.02 0.06
Age -0.01 0.02 -0.03%* 0.01 -0.00 0.01
Age-Squared 0.00 0.00 0.00%* 0.00 0.00 0.00
Female (ref=male) 0.11 0.10 0.120 0.10 0.06 0.08
Married (ref=not) 0.00 0.06 0.040 0.04 0.08% 0.04
Trad. State (ref=other) -0.09 0.06 -0.12%% 0.04 -0.11%* 0.04
Years of Education 0.02* 0.01 0.03%:* 0.01 0.02%:* 0.01
Female-Educ. Interaction  -0.00 001 -0.010 001 -0.00 0.01
No English (ref=other) -0.02 0.08 0.010 0.05 -0.04 0.05
Entry into US Labor Market ~ 0.10%* 0.01 -0.02%* 0.01 0.04** 001
Constant -196.01%** 2242 36.00* 14.18 -75.30%* 13.63
N 467 479 946
Adjusted R-Squared 0.20 0.13 0.11

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)
Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"female" is "male"; reference for "married" is "not married"; reference for "traditional state" is
"other state"; reference for "no English" is "other"



Table 5.B2: OLS Regression Results Predicting Log of Employer Health
Insurance Composition, Legal Status Transitioners, Men

Unpooled Pooled
t t,
Coef. SE Coef. SE Coef. SE
Mexico -0.21% 0.09 -0.13* 0.05 -0.12% 0.06
El Salvador/Guatemala -0.20 0.13 -0.060 0.08 -0.06 0.08
Age -0.02 0.02 -0.020 0.02 001 0.02
Age-Squared 0.00 0.00 0.000 0.00 -0.00 0.00
Married (ref=not) 0.08 0.10 0.070 0.05 0.15%* 0.06
Trad. State (ref=other) -0.01 0.09 -0.09+ 0.05 -0.06 0.05
Years of Education 0.02 0.01 0.03%:* 0.01 0.02%* 0.01
No English (ref=other) 0.17 0.13 0.000 0.07 0.05 0.08
Entry into US Labor Market ~ 0.10%%* 0.02 -0.010 001 0.05%* 001
Constant -198.77%* 33.35 11.89 19.49 -91.30%* 20.03
N 244 248 492
Adjusted R-Squared 0.2 0.12 0.12

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"married" is "not married"; reference for "traditional state" is "other state"; reference for "no
English" is "other"

Table 5.B3: OLS Regression Results Predicting Log of Employer Health
Insurance Composition, Legal Status Transitioners, Women

Unpooled Pooled
t; t2
Coef. SE Coef. SE Coef. SE
Mexico -0.03 0.08 -0.070 0.06 -0.03 0.05
El Salvador/Guatemala  -0.01 0.12 0.010 0.09 0.05 0.08
Age -0.02 0.02 -0.04** 0.02 -0.02 0.01
Age-Squared 0.00 0.00 0.00* 0.00 0.00 0.00
Married (ref=not) -0.02 0.08 0.010 0.06 0.03 0.05
Trad. State (ref=other) -0.22** 0.08 -0.17** 0.06 -0.19** 0.05
Years of Education 0.01 0.01 0.03** 0.01 0.02** 0.01
No English (ref=other)  -0.22* 0.11 0.010 0.08 -0.13+ 0.07
Entry into US Labor Market 0.08** 0.01 -0.03** 0.01 0.02** 0.01
Constant -168.34**  29.79 62.16** 21.23 -49.34** 18.65
N 229 231 460
Adjusted R-Squared 0.2 0.14 0.11

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala” is "other"; reference fc
"married"” is "not married"; reference for "traditional state" is "other state"; reference for "no
English" is "other"
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Table 5.B4: OLS Regression Results Predicting Log of Employer Health

Insurance Composition, NIS Continuously Legal (Total Sample)

Unpooled Pooled
t L2
Coef. SE Coef. SE Coef. SE
Mexico 0.09 0.09 0.040 0.08 0.07 0.06
El Salvador/Guatemala 0.13 0.13 -0.020 0.12 0.08 0.09
Age -0.00 0.02 -0.010 0.02 -0.00 0.01
Age-Squared 0.00 0.00 0.000 0.00 0.00 0.00
Female (ref=male) -0.01 0.18 -0.020 0.17 -0.02 0.12
Married (ref=not) -0.01 0.07 0.000 0.06 0.01 0.05
Trad. State (ref=other) -0.07 0.07 -0.19%: 0.06 -0.11%* 0.05
Years of Education 0.01 0.01 0.010 0.01 001+ 0.01
Female-Educ. Interaction  -0.00 0.01 0.000 0.01 -0.00 0.01
No English (ref=other) -0.19* 0.08 -0.16* 0.07 -0.18%* 0.05
Entry into US Labor Market ~ 0.05%* 0.02 -0.03* 0.01 0.01 001
Constant -96.30%** 31.66 59 .48% 28.20 -22.41 21.13
N 349 358 707
Adjusted R-Squared 0.03 0.06 0.03

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)
Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"female" is "male"; reference for "married" is "not married"; reference for "traditional state" is
"other state"; reference for "no English" is "other"

Table 5.BS: OLS Regression Results Predicting Log of Employer Health
Insurance Composition, NIS Continuously Legal, Men

Unpooled Pooled
t ts
Coef. SE Coef. SE Coef. SE
Mexico 0.05 0.12 0.010 0.11 0.04 0.08
El Salvador/Guatemala 0.12 0.15 -0.110 0.14 0.02 0.11
Age 0.00 0.02 0.000 0.02 001 0.01
Age-Squared -0.00 0.00 0.000 0.00 -0.00 0.00
Married (ref=not) 0.05 0.08 0.100 0.08 0.09 0.06
Trad. State (ref=other) 0.02 0.08 -0.110 0.09 -0.02 0.06
Years of Education 001 0.01 0.010 0.01 001 0.01
No English (ref=other) -0.19+ 0.10 -0.16+ 0.09 -0.18%* 0.07
Entry into US Labor Market ~ 0.05%* 0.02 -0.03+ 0.02 0.01 001
Constant -99.77%* 35.56 59.71+ 34.19 -23.52 24.63
N 212 216 428
Adjusted R-Squared 0.03 0.06 0.04

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)
Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"married" is "not married"; reference for "traditional state" is "other state"; reference for "no

English" is "other"
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Table 5.B6: OLS Regression Results Predicting Log of Employer Health
Insurance Composition, NIS Continuously Legal, Women

Unpooled Pooled
t ts
Coef. SE Coef. SE Coef. SE
Mexico 0.15 0.16 0.140 0.13 0.14 0.10
El Salvador/Guatemala 0.15 0.24 0.080 0.20 0.14 0.16
Age -0.02 0.04 -0.030 0.03 -0.02 0.02
Age-Squared 0.00 0.00 0.000 0.00 0.00 0.00
Married (ref=not) -0.08 0.13 -0.120 0.10 -0.09 0.08
Trad. State (ref=other) -0.20+ 0.12 -0.20%* 0.10 -0.23%* 0.08
Years of Education 001 0.01 0.010 0.01 001 0.01
No English (ref=other) -0.21 0.15 -0.200 0.12 -0.20% 0.10
Entry into US Labor Market 0.05+ 0.03 -0.020 0.03 0.02 0.02
Constant -105.72+ 63.64 32.95 51.29 -40 46 40.06
N 140 142 282
Adjusted R-Squared 0.01 0.06 0.05

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"married" is "not married"; reference for "traditional state" is "other state"; reference for "no
English" is "other"

Table 5.B7: OLS Regression Results Predicting Log of Employer Health
Insurance Composition, Continuously Unauthorized (Total Sample)

Unpooled Pooled
t; t,
Coef. SE Coef. SE Coef. SE
Mexico 0.08 0.08 -0.060 0.07 0.01 0.05
El Salvador/Guatemala  0.15 0.13 -0.040 0.12 0.06 0.09
Age 0.02 0.02 -0.04* 0.02 -0.01 0.01
Age-Squared -0.00 0.00 0.00* 0.00 0.00 0.00
Female (ref=male) 0.10 0.18 0.020 0.17 0.06 0.12
Married (ref=not) 0.00 0.06 0.060 0.06 0.03 0.04
Trad. State (ref=other) -0.16* 0.07 -0.040 0.06 -0.10* 0.05
Years of Education 0.02+ 0.01 0.03** 0.01 0.03** 0.01
Female-Educ. Interaction 0.01 0.02 0.010 0.02 0.01 0.01
No English (ref=other) -0.25** 0.07 -0.100 0.07 -0.17** 0.05
Entry into US Labor Market  -0.01 0.01 -0.01* 0.01 -0.01* 0.00
Constant 12.56 11.54 24.26* 11.05 17.66* 7.96
N 462 446 908
Adjusted R-Squared 0.07 0.06 0.06

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala” is "other"; reference fo
"female" is "male"; reference for "married" is "not married"; reference for "traditional state" is
"other state"; reference for "no English" is "other"



Table 5.B8: OLS Regression Results Predicting Log of Employer Health
Insurance Composition, Continuously Unauthorized, Men

Unpooled Pooled
t t,
Coef. SE Coef. SE Coef. SE
Mexico 0.07 0.11 -0.090 0.10 -0.01 0.07
El Salvador/Guatemala 0.14 0.17 -0.060 0.15 0.03 0.11
Age 0.04+ 0.03 -0.040 0.03 0.01 0.02
Age-Squared -0.00+ 0.00 0.000 0.00 -0.00 0.00
Married (ref=not) 0.02 0.08 0.090 0.08 0.05 0.06
Trad. State (ref=other) -0.16+ 0.08 0.010 0.08 -0.07 0.06
Years of Education 0.02 0.01 0.03%* 0.01 0.03%* 0.01
No English (ref=other) -0.18+ 0.09 -0.070 0.09 -0.12+ 0.06
Entry into US Labor Market -0.00 0.01 -0.010 001 -0.00 0.00
Constant 327 14.65 15.92 14.01 8.44 10.10
N 329 317 646
Adjusted R-Squared 0.03 0.02 0.02

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"married" is "not married"; reference for "traditional state" is "other state"; reference for "no
English" is "other"

Table 5.B9: OLS Regression Results Predicting Log of Employer Health
Insurance Composition, Continuously Unauthorized, Women

Unpooled Pooled
t; t2
Coef. SE Coef. SE Coef. SE
Mexico 0.12 0.10 0.000 0.11 0.06 0.07
El Salvador/Guatemala  0.16 0.19 -0.030 0.20 0.06 0.13
Age -0.02 0.03 -0.050 0.03 -0.03+ 0.02
Age-Squared 0.00 0.00 0.000 0.00 0.00+ 0.00
Married (ref=not) -0.04 0.08 0.000 0.08 -0.02 0.06
Trad. State (ref=other)  -0.13 0.11 -0.20+ 0.11 -0.17* 0.08
Years of Education 0.03* 0.01 0.04** 0.01 0.04** 0.01
No English (ref=other) -0.37** 0.11 -0.20+ 0.11 -0.28** 0.08
Entry into US Labor Market -0.02* 0.01 -0.02* 0.01 -0.02** 0.01
Constant 34.54* 17.23 41.24* 17.28 38.26** 11.97
N 133 129 262
Adjusted R-Squared 0.12 0.13 0.15

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala” is "other"; reference fc
"married"” is "not married"; reference for "traditional state" is "other state"; reference for "no
English" is "other"
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Table 5.B10: OLS Regression Results Predicting Log of Employer Health
Insurance Composition, SIPP Continuously Legal (Total Sample)

Unpooled Pooled
t t,
Coef. SE Coef. SE Coef. SE
Mexico -0.08%* 0.03 -0 1% 0.03 -0.10%3 0.02
El Salvador/Guatemala -0.16%* 0.05 -0.18%* 0.04 -0.17%* 0.03
Age 0.01 0.01 0.010 0.01 0.01 0.00
Age-Squared -0.00 0.00 0.000 0.00 -0.00 0.00
Female (ref=male) 0.02 0.07 0.030 0.07 0.03 0.05
Married (ref=not) -0.02 0.03 0.04+ 0.02 0.01 0.02
Trad. State (ref=other) -0.12%* 0.03 -0.10% 0.03 -0.11%* 0.02
Years of Education 0.03%* 0.00 0.03%* 0.00 0.03%* 0.00
Female-Educ. Interaction  0.00 0.01 0.000 0.01 0.00 0.00
No English (ref=other) -0.09%* 0.04 -0.11%* 0.04 -0.10%* 0.03
Entry into US Labor Market ~ -0.00* 0.00 -0.00** 0.00 -0.00%** 0.00
Constant 8.80* 3.84 8.46% 3.55 8.41%* 2.59
N 1,813 1,822 3,635
Adjusted R-Squared 0.09 0.11 0.1

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"female" is "male"; reference for "married" is "not married"; reference for "traditional state" is
"other state"; reference for "no English" is "other"

Table 5.B11: OLS Regression Results Predicting Log of Employer Health
Insurance Composition, SIPP Continuously Legal, Men

Unpooled Pooled
t) t;
Coef. SE Coef. SE Coef. SE
Mexico -0.09%* 0.04 -0.14%* 0.04 -0.12%* 0.03
El Salvador/Guatemala -0.11 0.07 -0.19%* 0.06 -0.15%* 0.05
Age 0.01 0.01 0.010 0.01 001+ 0.01
Age-Squared -0.00 0.00 0.000 0.00 -0.00 0.00
Married (ref=not) -0.04 0.04 0.040 0.04 -0.00 0.03
Trad. State (ref=other) -0.14%* 0.04 -0.10%* 0.04 -0.12%* 0.03
Years of Education 0.03%:* 0.01 0.03%:* 0.00 0.03%:* 0.00
No English (ref=other) -0.18%* 0.06 -0.090 0.05 -0.13%* 0.04
Entry into US Labor Market -0.00+ 0.00 -0.01* 0.00 -0.01** 0.00
Constant 8.80 5.49 10.50* 527 9.49%* 3.77
N 1,048 1,061 2,109
Adjusted R-Squared 0.09 0.09 0.09

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"married" is "not married"; reference for "traditional state" is "other state"; reference for "no
English" is "other"
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Table 5.B12: OLS Regression Results Predicting Log of Employer Health
Insurance Composition, SIPP Continuously Legal, Women

Unpooled Pooled
t t
Coef. SE Coef. SE Coef. SE
Mexico -0.06 0.04 -0.08* 0.03 -0.07%* 0.03
El Salvador/Guatemala -0.23%* 0.06 -0.17%* 0.05 -0.20%* 0.04
Age -0.00 0.01 0.000 0.01 0.00 0.01
Age-Squared -0.00 0.00 0.000 0.00 -0.00 0.00
Married (ref=not) -0.02 0.04 0.040 0.03 001 0.02
Trad. State (ref=other) -0.10%3* 0.04 -0.12%: 0.03 -0.11%%* 0.03
Years of Education 0.03** 0.01 0.03** 0.00 0.03** 0.00
No English (ref=other) 0.02 0.05 -0.14%* 0.05 -0.06 0.04
Entry into US Labor Market ~ -0.01% 0.00 0.000 0.00 -0.00%** 0.00
Constant 10.80%* 521 6.57 4.50 8.22% 341
N 765 761 1,526
Adjusted R-Squared 0.1 0.14 0.12

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"married" is "not married"; reference for "traditional state" is "other state"; reference for "no
English" is "other"

Table 5.B13: OLS Regression Results Predicting Log of Employer Health
Insurance Composition, U.S.-Born Latinos (Total Sample)

Unpooled Pooled
t t,
Coef. SE Coef. SE Coef. SE
Mexico -0.02 0.02 -0.05* 0.02 -0.04** 0.01
El Salvador/Guatemala -0.11%* 0.05 -0.070 0.05 -0.09%* 0.03
Age 001+ 0.01 0.000 0.01 0.01 0.00
Age-Squared -0.00 0.00 -0.00+ 0.00 -0.00* 0.00
Female (ref=male) 0.10 0.09 0.18+ 0.10 0.14* 0.07
Married (ref=not) 0.02 0.02 0.010 0.02 0.01 0.01
Trad. State (ref=other) -0.09%* 0.02 -0.05% 0.02 -0.07%* 0.02
Years of Education 0.04%* 0.00 0.04%* 0.01 0.04%* 0.00
Female-Educ. Interaction  -0.00 0.01 -0.010 0.01 -0.01 0.01
No English (ref=other) -0.11% 0.05 -0.11+ 0.06 -0.11%* 0.04
Entry into US Labor Market 0.00 0.00 -0.01%* 0.00 -0.00* 0.00
Constant -6.19 431 15.42% 4.96 6.40* 3.17
N 1,974 1,978 3952
Adjusted R-Squared 0.10 0.07 0.09

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"female" is "male"; reference for "married" is "not married"; reference for "traditional state" is
"other state"; reference for "no English" is "other"
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Table 5.B14: OLS Regression Results Predicting Log of Employer Health
Insurance Composition, U.S.-Born Latinos, Men

Unpooled Pooled
t t,
Coef. SE Coef. SE Coef. SE
Mexico -0.07* 0.03 -0.08* 0.03 -0.07%* 0.02
El Salvador/Guatemala -0.12 0.07 -0.12+ 0.07 -0.12% 0.05
Age 0.00 0.01 0.000 0.01 0.00 0.01
Age-Squared 0.00 0.00 0.000 0.00 0.00 0.00
Married (ref=not) 0.03 0.03 0.050 0.03 0.04+ 0.02
Trad. State (ref=other) -0.09%3* 0.03 -0.05+ 0.03 -0.07%* 0.02
Years of Education 0.04%* 0.01 0.04%* 0.01 0.04%* 0.00
No English (ref=other) -0.14+ 0.08 -0.16+ 0.08 -0.15%* 0.06
Entry into US Labor Market 0.00 0.00 0.000 0.00 -0.00 0.00
Constant -3.54 8.89 437 8.76 2.73 5.87
N 1,020 1,018 2,038
Adjusted R-Squared 0.08 0.09 0.09

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"married" is "not married"; reference for "traditional state" is "other state"; reference for "no
English" is "other"

Table 5.B15: OLS Regression Results Predicting Log of Employer Health
Insurance Composition, U.S.-Born Latinos, Women

Unpooled Pooled
t ts
Coef. SE Coef. SE Coef. SE
Mexico 0.02 0.02 -0.020 0.03 -0.00 0.02
El Salvador/Guatemala -0.11* 0.05 0.000 0.08 -0.05 0.05
Age 0.02%* 0.01 0.010 0.01 0.02%* 0.00
Age-Squared -0.00%* 0.00 -0.00* 0.00 -0.00%* 0.00
Married (ref=not) 0.01 0.02 -0.030 0.03 -0.01 0.02
Trad. State (ref=other) -0.10%* 0.02 -0.050 0.03 -0.07%* 0.02
Years of Education 0.04%* 0.00 0.04%* 0.01 0.04%* 0.00
No English (ref=other) -0.10+ 0.06 -0.040 0.08 -0.07 0.05
Entry into US Labor Market 0.00+ 0.00 -0.01%* 0.00 -0.00+ 0.00
Constant -8.90* 427 16.92%: 6.09 541 3.64
N 985 972 1,957
Adjusted R-Squared 0.13 0.05 0.07

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"married" is "not married"; reference for "traditional state" is "other state"; reference for "no
English" is "other"
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Table 5.C1: OLS Regression Results Predicting L.og of Union Composition, Legal
Status Transitioners (Total Sample)

Unpooled Pooled
t t
Coef. SE Coef. SE Coef. SE
Mexico 0.01 0.10 -0.18+ 0.09 -0.08 0.07
El Salvador/Guatemala -0.04 0.15 -0.020 0.13 -0.03 0.10
Age -0.01 0.03 -0.040 0.03 -0.02 0.02
Age-Squared 0.00 0.00 0.000 0.00 0.00 0.00
Female (ref=male) -0.29+ 0.17 -0.330 0.24 -0.30* 0.13
Married (ref=not) 0.18+ 0.11 0.030 0.09 0.08 0.07
Trad. State (ref=other) -0.01 0.10 0.23%* 0.09 0.12+ 0.07
Years of Education -0.00 0.01 0.000 0.01 0.00 0.01
Female-Educ. Interaction  0.01 0.01 0.010 0.02 0.01 0.01
No English (ref=other) -0.40%* 0.14 -0.27% 0.13 -0.33** 0.09
Entry into US Labor Market 0.02 0.02 0.000 0.02 0.01 0.01
Constant -42.54 37.52 3.19 33.20 -25.66 2441
N 467 479 946
Adjusted R-Squared 0.02 0.04 0.03

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"female" is "male"; reference for "married" is "not married"; reference for "traditional state" is
"other state"; reference for "no English" is "other"

Table 5.C2: OLS Regression Results Predicting L.og of Union Composition, Legal
Status Transitioners, Men

Unpooled Pooled
t t2
Coef. SE Coef. SE Coef. SE
Mexico -0.16 0.15 -0.200 0.14 -0.17+ 0.10
El Salvador/Guatemala -0.55% 022 -0.060 0.20 -0.30%* 0.15
Age -0.02 0.04 -0.050 0.05 -0.02 0.03
Age-Squared 0.00 0.00 0.000 0.00 0.00 0.00
Married (ref=not) 0.15 0.17 0.020 0.14 0.05 0.11
Trad. State (ref=other) 0.04 0.15 0.27% 0.13 0.16 0.10
Years of Education 0.01 0.02 0.000 0.02 0.01 001
No English (ref=other) -0.17 0.21 -0.38+ 0.20 -0.28+ 0.14
Entry into US Labor Market 0.01 0.03 0.010 0.03 0.01 0.02
Constant -20.18 55.46 -15.74 51.74 -24 .24 36.89
N 244 248 492
Adjusted R-Squared 0.01 0.02 0.01

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"married" is "not married"; reference for "traditional state" is "other state"; reference for "no
English" is "other"



Table 5.C3: OLS Regression Results Predicting L.og of Union Composition, Legal
Status Transitioners, Women

Unpooled Pooled
t t,
Coef. SE Coef. SE Coef. SE
Mexico 0.18 0.14 -0.150 0.13 001 0.09
El Salvador/Guatemala 0.49% 0.20 0.030 0.18 0.25+ 0.14
Age -0.01 0.03 -0.040 0.03 -0.02 0.02
Age-Squared 0.00 0.00 0.000 0.00 0.00 0.00
Married (ref=not) 0.25+ 0.14 0.050 0.12 0.13 0.09
Trad. State (ref=other) -0.08 0.14 0.180 0.12 0.07 0.09
Years of Education 001 0.02 0.020 0.01 0.02 0.01
No English (ref=other) -0.68%* 0.18 -0.180 0.17 -0.42%* 0.12
Entry into US Labor Market 0.01 0.03 -0.010 0.02 0.00 0.02
Constant -22.57 50.18 24.10 43.86 -7.11 32.68
N 229 231 460
Adjusted R-Squared 0.07 0.01 0.03

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"married" is "not married"; reference for "traditional state" is "other state"; reference for "no
English" is "other"

Table 5.C4: OLS Regression Results Predicting L.og of Union Composition, NIS
Continuously Legal (Total Sample)

Unpooled Pooled
t t
Coef. SE Coef. SE Coef. SE
Mexico -0.02 0.15 -0.070 0.15 -0.04 0.10
El Salvador/Guatemala 0.10 0.21 -0.040 0.21 0.03 0.15
Age 0.03 0.03 0.030 0.03 0.03 0.02
Age-Squared -0.00 0.00 0.000 0.00 -0.00 0.00
Female (ref=male) 051+ 0.28 -0.360 0.31 -0.43%* 0.21
Married (ref=not) -0.14 0.11 -0.090 0.11 -0.11 0.08
Trad. State (ref=other) 0.24%* 0.11 0.050 0.12 0.15% 0.08
Years of Education -0.04%* 0.02 -0.020 0.02 -0.03%* 0.01
Female-Educ. Interaction  0.03 0.02 0.010 0.02 0.02 0.02
No English (ref=other) -0.19 0.13 -0.26%* 0.13 -0.22% 0.09
Entry into US Labor Market 0.01 0.03 0.04+ 0.03 0.03 0.02
Constant -20.72 50.07 -88.79+ 50.88 -55.95 35.18
N 349 358 707
Adjusted R-Squared 0.02 0.01 0.03

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"female" is "male"; reference for "married" is "not married"; reference for "traditional state" is
"other state"; reference for "no English" is "other"
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Table 5.C5: OLS Regression Results Predicting Log of Union Composition, NIS
Continuously Legal, Men

Unpooled Pooled
t t,
Coef. SE Coef. SE Coef. SE
Mexico -0.14 0.22 -0.160 0.21 -0.14 0.15
El Salvador/Guatemala 0.06 0.28 -0.260 0.28 -0.09 0.20
Age 0.06+ 0.04 0.08+ 0.04 0.07* 0.03
Age-Squared -0.00 0.00 -0.00+ 0.00 -0.00* 0.00
Married (ref=not) -0.13 0.16 -0.060 0.16 -0.08 0.11
Trad. State (ref=other) 0.29+ 0.15 -0.050 0.17 0.14 0.11
Years of Education -0.03+ 0.02 -0.03+ 0.02 -0.03%* 0.01
No English (ref=other) -0.08 0.18 -0.220 0.17 -0.15 0.12
Entry into US Labor Market 0.00 0.03 0.040 0.03 0.02 0.02
Constant -10.54 65.82 -79.82 66.14 -45.22 45.95
N 212 216 428
Adjusted R-Squared 0.02 0.01 0.03

+ p<.10; * p<.035; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"married" is "not married"; reference for "traditional state" is "other state"; reference for "no
English" is "other"

Table 5.C6: OLS Regression Results Predicting Log of Union Composition, NIS
Continuously Legal, Women

Unpooled Pooled
t ts
Coef. SE Coef. SE Coef. SE
Mexico 0.20 0.21 0.110 0.21 0.15 0.14
El Salvador/Guatemala 0.08 0.31 0.260 0.32 0.16 0.22
Age -0.00 0.05 -0.040 0.05 -0.02 0.03
Age-Squared 0.00 0.00 0.000 0.00 0.00 0.00
Married (ref=not) -0.26 0.16 -0.160 0.17 021+ 0.11
Trad. State (ref=other) 0.12 0.15 0.150 0.16 0.12 0.11
Years of Education -0.01 0.02 -0.010 0.02 -0.01 0.01
No English (ref=other) -0.34+ 0.19 -0.260 0.20 -0.30% 0.13
Entry into US Labor Market 0.03 0.04 0.060 0.04 0.05+ 0.03
Constant -64.43 80.19 -131.03 82.62 -96.61+ 56.13
N 140 142 282
Adjusted R-Squared -0.01 -0.01 0.02

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"married" is "not married"; reference for "traditional state" is "other state"; reference for "no
English" is "other"



Table 5.C7: OLS Regression Results Predicting L.og of Union Composition,

Continuously Unauthorized (Total Sample)

Unpooled Pooled
t t>
Coef. SE Coef. SE Coef. SE
Mexico 0.01 0.12 0.040 0.11 0.02 0.08
El Salvador/Guatemala 0.10 0.19 0.230 0.18 0.16 0.13
Age 0.01 0.03 0.010 0.03 0.01 0.02
Age-Squared -0.00 0.00 0.000 0.00 -0.00 0.00
Female (ref=male) -0.65* 0.27 -0.350 0.25 0.50** 0.18
Married (ref=not) -0.06 0.09 -0.070 0.08 -0.06 0.06
Trad. State (ref=other) 0.21% 0.10 0.110 0.09 0.16% 0.07
Years of Education 0.00 0.02 0.02+ 0.01 0.01 0.01
Female-Educ. Interaction  0.05+ 0.03 0.020 0.02 0.03+ 0.02
No English (ref=other) -0.07 0.11 -0.130 0.10 -0.10 0.07
Entry into US Labor Market -0.01 0.01 -0.010 0.01 001+ 0.01
Constant 10.35 16.85 20.51 16.40 14.96 11.64
N 462 446 908
Adjusted R-Squared 0.01 0.02 0.03

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)
Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"female" is "male"; reference for "married" is "not married"; reference for "traditional state" is

"other state"; reference for "no English" is "other"

Table 5.C8: OLS Regression Results Predicting L.og of Union Composition,
Continuously Unauthorized, Men

Unpooled Pooled
t t2
Coef. SE Coef. SE Coef. SE
Mexico 0.02 0.15 0.150 0.14 0.08 0.10
El Salvador/Guatemala 0.19 0.23 0.220 0.21 0.20 0.16
Age 0.01 0.04 0.010 0.04 001 0.02
Age-Squared -0.00 0.00 0.000 0.00 -0.00 0.00
Married (ref=not) -0.05 0.12 -0.020 0.10 -0.03 0.08
Trad. State (ref=other) 0.19 0.12 0.110 0.10 0.15+ 0.08
Years of Education -0.00 0.02 0.020 0.01 0.01 0.01
No English (ref=other) -0.11 0.13 -0.140 0.12 -0.12 0.09
Entry into US Labor Market -0.00 0.01 0.000 001 -0.00 0.01
Constant -1.27 20.58 3.40 19.33 0.29 13.96
N 329 317 646
Adjusted R-Squared 0.01 0.01 0.00

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)
Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"married" is "not married"; reference for "traditional state" is "other state"; reference for "no

English" is "other"
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Table 5.C9: OLS Regression Results Predicting Log of Union Composition,
Continuously Unauthorized, Women

Unpooled Pooled
t t
Coef. SE Coef. SE Coef. SE
Mexico 0.02 0.18 -0.160 0.19 -0.07 0.13
El Salvador/Guatemala -0.11 0.32 0.430 0.36 0.14 0.23
Age 0.02 0.04 0.020 0.05 0.02 0.03
Age-Squared -0.00 0.00 0.000 0.00 -0.00 0.00
Married (ref=not) 0.02 0.14 -0.050 0.15 -0.02 0.10
Trad. State (ref=other) 0.24 0.19 0.080 0.20 0.17 0.14
Years of Education 0.06%* 0.02 0.05% 0.02 0.05%* 001
No English (ref=other) 0.04 0.19 -0.100 0.20 -0.04 0.14
Entry into US Labor Market ~ -0.02+ 0.01 -0.03%* 0.02 -0.03** 0.01
Constant 44 .52 29.27 64.95% 31.04 52.11% 20.94
N 133 129 262
Adjusted R-Squared 0.08 0.09 0.1

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"married" is "not married"; reference for "traditional state" is "other state"; reference for "no
English" is "other"

Table 5.C10: OLS Regression Results Predicting Log of Union Composition,
SIPP Continuously Legal (Total Sample)

Unpooled Pooled
t) ts
Coef. SE Coef. SE Coef. SE
Mexico 0.06 0.05 0.000 0.05 0.03 0.04
El Salvador/Guatemala 0.05 0.08 0.050 0.08 0.05 0.06
Age 0.02+ 0.01 0.010 0.01 0.02* 0.01
Age-Squared -0.00+ 0.00 0.000 0.00 -0.00+ 0.00
Female (ref=male) -0.48%* 0.13 -0.43%* 0.13 -0.46%* 0.09
Married (ref=not) -0.05 0.05 -0.020 0.05 -0.03 0.03
Trad. State (ref=other) 0.10* 0.05 0.12% 0.05 0.11%x* 0.04
Years of Education 0.00 0.01 001+ 0.01 001 0.01
Female-Educ. Interaction  0.03* 0.01 0.03%* 0.01 0.03%:* 0.01
No English (ref=other) -0.12 0.07 -0.030 0.07 -0.07 0.05
Entry into US Labor Market -0.00 0.00 0.000 0.00 0.00 0.00
Constant 044 691 -11.39 6.93 -4.94 4.86
N 1,813 1,822 3,635
Adjusted R-Squared 0.02 0.02 0.02

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"female" is "male"; reference for "married" is "not married"; reference for "traditional state" is
"other state"; reference for "no English" is "other"
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Table 5.C11: OLS Regression Results Predicting Log of Union Composition,
SIPP Continuously Legal, Men

Unpooled Pooled
t t
Coef. SE Coef. SE Coef. SE
Mexico 0.06 0.07 0.040 0.07 0.04 0.05
El Salvador/Guatemala 0.16 0.12 0.070 0.12 0.11 0.08
Age 0.04* 0.02 0.030 0.02 0.04%% 0.01
Age-Squared -0.00%* 0.00 0.000 0.00 -0.00* 0.00
Married (ref=not) -0.06 0.07 -0.080 0.07 -0.07 0.05
Trad. State (ref=other) 0.03 0.07 0.100 0.07 0.07 0.05
Years of Education -0.00 0.01 0.010 0.01 0.00 001
No English (ref=other) -0.24% 0.10 -0.140 0.10 -0.18%* 0.07
Entry into US Labor Market -0.00 0.00 0.010 0.00 0.00 0.00
Constant -3.32 9.52 -17.97+ 9.61 -9.17 6.70
N 1,048 1,061 2,109
Adjusted R-Squared 0.01 0.0 0.01

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"married" is "not married"; reference for "traditional state" is "other state"; reference for "no
English" is "other"

Table 5.C12: OLS Regression Results Predicting Log of Union Composition,
SIPP Continuously Legal, Women

Unpooled Pooled
t ts
Coef. SE Coef. SE Coef. SE
Mexico 0.05 0.08 -0.050 0.08 0.00 0.05
El Salvador/Guatemala -0.08 0.12 0.030 0.12 -0.02 0.08
Age -0.00 0.02 -0.010 0.02 -0.00 0.01
Age-Squared 0.00 0.00 0.000 0.00 0.00 0.00
Married (ref=not) -0.04 0.07 0.040 0.07 0.00 0.05
Trad. State (ref=other) 0.20%* 0.08 0.14+ 0.08 0.17% 0.05
Years of Education 0.03** 0.01 0.05%%* 001 0.04%* 0.01
No English (ref=other) 0.03 0.11 0.100 0.11 0.06 0.08
Entry into US Labor Market -0.00 0.00 0.000 0.00 -0.00 0.00
Constant 5.23 10.05 -4.32 10.03 -0.09 7.04
N 765 761 1,526
Adjusted R-Squared 0.02 0.03 0.03

+ p<.10; * p<.035; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"married" is "not married"; reference for "traditional state" is "other state"; reference for "no
English" is "other"



Table 5.C13: OLS Regression Results Predicting Log of Union Composition, U.S.-
Born Latinos (Total Sample)

Unpooled Pooled
t t
Coef. SE Coef. SE Coef. SE
Mexico -0.19%* 0.05 -0.21%** 0.05 -0.20%* 0.03
El Salvador/Guatemala -0.07 0.11 0.090 0.11 0.01 0.08
Age -0.00 0.01 -0.010 0.01 -0.01 0.01
Age-Squared 0.00 0.00 0.000 0.00 0.00 0.00
Female (ref=male) -0.78%* 0.22 -0.54% 0.22 -0.66%* 0.15
Married (ref=not) -0.01 0.05 -0.070 0.05 -0.04 0.03
Trad. State (ref=other) -0.02 0.05 -0.010 0.05 -001 0.03
Years of Education -0.02 0.01 0.000 0.01 -0.01 0.01
Female-Educ. Interaction  0.05%* 0.02 0.03+ 0.02 0.04** 0.01
No English (ref=other) 0.01 0.13 -0.24+ 0.13 -0.12 0.09
Entry into US Labor Market -0.01 0.01 -0.01+ 0.01 -0.01* 0.00
Constant 10.99 10.67 15.37 10.56 14.00+ 7.25
N 1,974 1,978 3,952
Adjusted R-Squared 0.02 0.02 0.02

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"female" is "male"; reference for "married" is "not married"; reference for "traditional state" is
"other state"; reference for "no English" is "other"
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Table 5.C14: OLS Regression Results Predicting Log of Union Composition, U
Born Latinos, Men

Unpooled Pooled
t t,
Coef. SE Coef. SE Coef. SE
Mexico -0.21%* 0.07 -0.15% 0.07 -0.18%* 0.05
El Salvador/Guatemala -0.06 0.16 0.110 0.16 0.03 0.11
Age -0.01 0.02 -0.020 0.02 -0.01 0.01
Age-Squared -0.00 0.00 0.000 0.00 -0.00 0.00
Married (ref=not) 0.01 0.07 -0.080 0.07 -0.04 0.05
Trad. State (ref=other) 0.04 0.07 0.050 0.07 0.04 0.05
Years of Education -0.02+ 0.01 0.000 0.01 -0.01 0.01
No English (ref=other) -0.05 0.18 -0.270 0.18 -0.16 0.13
Entry into US Labor Market ~ -0.02+ 0.01 -0.010 0.01 -0.02%* 001
Constant 33.80+ 19.42 24 .27 19.45 27 .60%* 12.95
N 1,020 1,018 2,038
Adjusted R-Squared 0.02 0.01 0.01

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for

"married" is "not married"; reference for "traditional state" is "other state"; reference for "no

English" is "other"

Table 5.C15: OLS Regression Results Predicting Log of Union Composition, U.S.-
Born Latinos, Women

Unpooled Pooled
t ts
Coef. SE Coef. SE Coef. SE
Mexico -0.18%* 0.06 -Q.27%* 0.06 -0.22%* 0.04
El Salvador/Guatemala -0.08 0.16 0.070 0.16 -0.01 0.11
Age -0.00 0.02 -0.020 0.02 -0.01 0.01
Age-Squared 0.00 0.00 0.000 0.00 0.00 0.00
Married (ref=not) -0.03 0.06 -0.050 0.06 -0.04 0.04
Trad. State (ref=other) -0.05 0.07 -0.070 0.07 -0.06 0.05
Years of Education 0.04%* 0.01 0.03* 0.01 0.04%* 0.01
No English (ref=other) 0.08 0.18 -0.190 0.17 -0.05 0.12
Entry into US Labor Market -0.00 0.01 -0.010 001 -0.01 0.00
Constant -1.88 12.83 13.23 12.54 7.06 8.74
N 985 972 1,957
Adjusted R-Squared 0.02 0.03 0.02

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"married" is "not married"; reference for "traditional state" is "other state"; reference for "no
English" is "other"
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Table 5.D1: OLS Regression Results Predicting Log of Gender Composition,

Legal Status Transitioners (Total Sample)

Unpooled Pooled
t t,
Coef. SE Coef. SE Coef. SE
Mexico -0.28* 0.12 -0.35%* 0.11 -0.32%* 0.08
El Salvador/Guatemala 0.09 0.17 -0.27+ 0.16 -0.10 0.12
Age -0.06+ 0.03 -0.020 0.03 -0.04+ 0.02
Age-Squared 0.00* 0.00 0.000 0.00 0.00* 0.00
Female (ref=male) 1.29%* 0.19 2.01%* 0.29 1.52%* 0.16
Married (ref=not) -0.05 0.12 -0.33*%* 0.11 -0.20* 0.08
Trad. State (ref=other) -0.20+ 0.12 -0.18+ 0.11 -0.17% 0.08
Years of Education -0.00 0.02 0.05%* 0.02 0.02 0.01
Female-Educ. Interaction  0.00 0.02 -0.06* 0.02 -0.02 0.01
No English (ref=other) -0.52%* 0.16 -0.36* 0.15 -0.43%* 0.11
Entry into US Labor Market 0.04* 0.02 0.05* 0.02 0.05%: 0.01
Constant -85.50* 42.58 -102.81* 40.26 -08.12%%* 28.59
N 467 479 946
Adjusted R-Squared 0.31 0.35 0.33

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)
Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"female" is "male"; reference for "married" is "not married"; reference for "traditional state" is

"other state"; reference for "no English" is "other"
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Table 5.D2: OLS Regression Results Predicting Log of Gender Composition,
Legal Status Transitioners, Men

Unpooled Pooled
tl t2
Coef. SE Coef. SE Coef. SE
Mexico -0.59** 0.21 -0.66** 0.20 -0.63** 0.14
El Salvador/Guatemala -0.22 0.31 -0.320 0.28 -0.24 0.20
Age -0.17** 0.06 -0.090 0.07 -0.13** 0.04
Age-Squared 0.00** 0.00 0.000 0.00 0.00** 0.00
Married (ref=not) -0.08 0.24 -0.45* 0.20 -0.26+ 0.15
Trad. State (ref=other)  -0.14 0.21 -0.45* 0.19 -0.30* 0.14
Years of Education 0.01 0.02 0.040 0.02 0.02 0.02
No English (ref=other)  -0.64* 0.30 -0.74** 0.28 -0.70** 0.20
Entry into US Labor Market  0.06 0.04 0.06+ 0.04 0.06* 0.03
Constant -113.12 77.50 -129.02+ 72.80 -124.82* 51.56
N 244 248 492
Adjusted R-Squared 0.06 0.15 0.11

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference fo
"married" is "not married"; reference for "traditional state" is "other state"; reference for "no
English" is "other"

Table 5.D3: OLS Regression Results Predicting L.og of Gender Composition,
Legal Status Transitioners, Women

Unpooled Pooled
t t,
Coef. SE Coef. SE Coef. SE
Mexico -0.01 0.09 0.010 0.09 -0.01 0.06
El Salvador/Guatemala 0.21 0.13 -0.26+ 0.14 -0.04 0.09
Age 0.02 0.02 0.020 0.03 0.02 0.02
Age-Squared -0.00 0.00 0.000 0.00 -0.00 0.00
Married (ref=not) -0.06 0.09 -0.18* 0.09 -0.14% 0.06
Trad. State (ref=other) -0.16+ 0.09 0.060 0.09 -0.04 0.06
Years of Education 0.00 0.01 0.010 0.01 0.01 0.01
No English (ref=other) -0.47%* 0.12 -0.100 0.12 -0.28%* 0.09
Entry into US Labor Market 0.02 0.02 0.04** 0.02 0.04%* 0.01
Constant -39.62 32.01 -90.81%** 32.34 -73.81%%* 22.53
N 229 231 460
Adjusted R-Squared 0.11 0.06 0.06

+ p<.10; * p<.03; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"married" is "not married"; reference for "traditional state" is "other state"; reference for "no
English" is "other"
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Table 5.D4: OLS Regression Results Predicting Log of Gender Composition, NIS
Continuously Legal (Total Sample)

Unpooled Pooled
t) ts
Coef. SE Coef. SE Coef. SE
Mexico 0.15 0.18 0.070 0.18 0.11 0.13
El Salvador/Guatemala -0.17 0.26 -0.150 0.26 -0.17 0.18
Age -0.07* 0.04 -0.08* 0.04 -0.08%* 0.03
Age-Squared 0.00%* 0.00 0.00* 0.00 0.00%* 0.00
Female (ref=male) 1.11%* 0.33 1.19%3* 0.39 1.14%* 0.25
Married (ref=not) -0.08 0.13 -0.120 0.14 -0.10 0.10
Trad. State (ref=other) -0.04 0.13 -0.010 0.15 -0.04 0.10
Years of Education 0.02 0.02 0.020 0.02 0.02 0.01
Female-Educ. Interaction  -0.01 0.03 0.000 0.03 -0.00 0.02
No English (ref=other) -0.15 0.15 -0.160 0.16 -0.15 0.11
Entry into US Labor Market 0.02 0.03 0.020 0.03 0.02 0.02
Constant -3291 60.02 -41.30 63.81 -38.50 43.13
N 349 358 707
Adjusted R-Squared 0.16 0.21 0.2

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"female" is "male"; reference for "married" is "not married"; reference for "traditional state" is
"other state"; reference for "no English" is "other"

Table 5.D5: OLS Regression Results Predicting Log of Gender Composition, NIS
Continuously Legal, Men

Unpooled Pooled
t ts
Coef. SE Coef. SE Coef. SE
Mexico 0.07 0.29 -0.020 0.30 0.02 0.21
El Salvador/Guatemala -0.12 0.39 -0.190 041 -0.16 0.28
Age -0.11* 0.05 -0.12% 0.06 -0.12%* 0.04
Age-Squared 0.00%* 0.00 0.00* 0.00 0.00%* 0.00
Married (ref=not) -0.12 0.21 -0.070 0.23 -0.10 0.16
Trad. State (ref=other) -0.05 0.21 -0.180 0.24 -0.14 0.15
Years of Education 0.03 0.02 0.020 0.03 0.03 0.02
No English (ref=other) -0.05 0.24 -0.020 0.26 -0.04 0.17
Entry into US Labor Market 0.01 0.04 0.030 0.05 0.02 0.03
Constant -10.89 89.82 -51.03 96.68 -3343 64.72
N 212 216 428
Adjusted R-Squared 0.01 0.01 0.01

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"married" is "not married"; reference for "traditional state" is "other state"; reference for "no
English" is "other"



Table 5.D6: OLS Regression Results Predicting Log of Gender Composition, NIS
Continuously Legal, Women

Unpooled Pooled
t t
Coef. SE Coef. SE Coef. SE
Mexico 0.24 0.15 0.160 0.15 0.21%* 0.10
El Salvador/Guatemala -0.06 0.22 0.020 0.23 -0.02 0.16
Age 0.00 0.04 0.010 0.04 0.01 0.02
Age-Squared 0.00 0.00 0.000 0.00 0.00 0.00
Married (ref=not) -0.09 0.12 -0.29* 0.12 -0.19%* 0.08
Trad. State (ref=other) 0.03 0.11 021+ 0.11 0.12 0.08
Years of Education -0.00 0.01 0.010 0.01 0.00 0.01
No English (ref=other) -0.38%:* 0.13 -0.46%* 0.14 -0.42%* 0.10
Entry into US Labor Market 0.04 0.03 0.020 0.03 0.03 0.02
Constant -76.83 56.65 -33.56 58.58 -55.98 40.00
N 140 142 282
Adjusted R-Squared 0.05 0.10 0.09

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"married" is "not married"; reference for "traditional state" is "other state"; reference for "no
English" is "other"

Table 5.D7: OLS Regression Results Predicting Log of Gender Composition,
Continuously Unauthorized (Total Sample)

Unpooled Pooled
t t,
Coef. SE Coef. SE Coef. SE
Mexico -0.07 0.16 0.100 0.16 0.02 0.11
El Salvador/Guatemala 0.02 0.26 0.330 0.25 0.18 0.18
Age -0.01 0.04 0.000 0.04 -0.01 0.03
Age-Squared 0.00 0.00 0.000 0.00 0.00 0.00
Female (ref=male) 2.41%* 0.37 2.34%*% 0.35 2.38%* 0.25
Married (ref=not) -0.10 0.12 -0.38%** 0.12 -0.25%%* 0.09
Trad. State (ref=other) -0.36%* 0.13 -0.180 0.13 -0.27%* 0.09
Years of Education 0.08** 0.02 0.06** 0.02 0.07** 001
Female-Educ. Interaction  -0.08%* 0.04 -0.07* 0.03 -0.07%* 0.02
No English (ref=other) -0.17 0.15 -0.010 0.14 -0.10 0.10
Entry into US Labor Market -0.01 0.01 0.010 0.01 -0.00 0.01
Constant 2041 22.99 -15.30 23.12 3.62 16.17
N 462 446 908
Adjusted R-Squared 0.30 03 0.31

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"female" is "male"; reference for "married" is "not married"; reference for "traditional state" is
"other state"; reference for "no English" is "other"
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Table 5.D8: OLS Regression Results Predicting Log of Gender Composition,
Continuously Unauthorized, Men

Unpooled Pooled
t t>
Coef. SE Coef. SE Coef. SE
Mexico -0.05 0.23 0.320 0.22 0.14 0.16
El Salvador/Guatemala 0.19 0.35 0.59+ 0.34 0.40+ 0.24
Age -0.04 0.05 0.000 0.06 -0.01 0.04
Age-Squared 0.00 0.00 0.000 0.00 0.00 0.00
Married (ref=not) 0.04 0.18 -0.43%* 0.17 021+ 0.12
Trad. State (ref=other) -0.54%% 0.18 -0.280 0.17 -0.40%* 0.12
Years of Education 0.07** 0.02 0.06** 0.02 0.07%** 0.02
No English (ref=other) -0.19 0.20 -0.040 0.19 -0.12 0.14
Entry into US Labor Market -0.02 0.02 0.000 0.02 -0.01 0.01
Constant 3443 30.83 -12.50 31.23 12.91 21.75
N 329 317 646
Adjusted R-Squared 0.05 0.04 0.05

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)
Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"married" is "not married"; reference for "traditional state" is "other state"; reference for "no

English" is "other"

Table 5.D9: OLS Regression Results Predicting L.og of Gender Composition,
Continuously Unauthorized, Women

Unpooled Pooled
t t,
Coef. SE Coef. SE Coef. SE
Mexico -0.10 0.14 -0.250 0.15 -0.18+ 0.10
El Salvador/Guatemala -0.28 0.24 -0.220 0.28 -0.26 0.18
Age -0.00 0.03 0.000 0.04 -0.01 0.03
Age-Squared 0.00 0.00 0.000 0.00 0.00 0.00
Married (ref=not) -0.33%* 0.11 -0.22+ 0.12 -0.28%* 0.08
Trad. State (ref=other) 0.16 0.14 0.100 0.16 0.14 0.10
Years of Education -0.01 0.02 -0.020 0.02 -0.01 0.01
No English (ref=other) -0.11 0.14 0.060 0.15 -0.02 0.10
Entry into US Labor Market 0.01 0.01 0.010 001 0.01 001
Constant -16.07 22.34 -19.44 2401 -17.09 16.10
N 133 129 262
Adjusted R-Squared 0.04 0.01 0.05

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)
Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"married" is "not married"; reference for "traditional state" is "other state"; reference for "no

English" is "other"



Table 5.D10: OLS Regression Results Predicting Log of Gender Composition,
SIPP Continuously Legal (Total Sample)

Unpooled Pooled
t t>
Coef. SE Coef. SE Coef. SE
Mexico -0.18%* 0.06 -0.18%* 0.06 -0.18%* 0.04
El Salvador/Guatemala 0.06 0.10 -0.18+ 0.10 -0.06 0.07
Age -0.05%* 0.02 -0.03* 0.02 -0.04%%* 0.01
Age-Squared 0.00%: 0.00 0.00* 0.00 0.00%: 0.00
Female (ref=male) 1.84%* 0.15 1.81%* 0.15 1.83%* 0.11
Married (ref=not) -0.03 0.06 -0.10+ 0.06 -0.07+ 0.04
Trad. State (ref=other) -0.09 0.06 -0.090 0.06 -0.09%* 0.04
Years of Education 0.05%** 0.01 0.05%* 0.01 0.05%* 0.01
Female-Educ. Interaction -0.05%* 0.01 -0.04%* 0.01 -0.04%* 0.01
No English (ref=other) 0.01 0.08 0.010 0.08 0.01 0.06
Entry into US Labor Market -0.00 0.00 0.000 0.00 -0.00 0.00
Constant 6.86 8.05 8.15 8.02 7.22 5.64
N 1,813 1,822 3,635
Adjusted R-Squared 0.31 0.33 0.32

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"female" is "male"; reference for "married" is "not married"; reference for "traditional state" is
"other state"; reference for "no English" is "other"

Table 5.D11: OLS Regression Results Predicting Log of Gender Composition,
SIPP Continuously Legal, Men

Unpooled Pooled
t t2
Coef. SE Coef. SE Coef. SE
Mexico -0.21%* 0.10 -0.28%* 0.10 -0.24%* 0.07
El Salvador/Guatemala 0.12 0.16 -0.33* 0.17 -0.10 0.12
Age -0.07%* 0.03 -0.040 0.03 -0.06%* 0.02
Age-Squared 0.00%** 0.00 0.000 0.00 0.00%** 0.00
Married (ref=not) -0.03 0.10 -0.150 0.10 -0.09 0.07
Trad. State (ref=other) -0.18+ 0.09 -0.17+ 0.09 -0.17%* 0.07
Years of Education 0.05%* 0.01 0.05%* 0.01 0.05%* 0.01
No English (ref=other) 0.07 0.14 0.020 0.14 0.05 0.10
Entry into US Labor Market -0.01 0.01 -0.010 0.01 -0.01+ 0.00
Constant 15.33 13.31 17.13 13.50 16.32+ 9.40
N 1,048 1,061 2,109
Adjusted R-Squared 0.04 0.04 0.04

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"married" is "not married"; reference for "traditional state" is "other state"; reference for "no
English" is "other"
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Table 5.D12: OLS Regression Results Predicting Log of Gender Composition,
SIPP Continuously Legal, Women

Unpooled Pooled
t t2
Coef. SE Coef. SE Coef. SE
Mexico -0.14%* 0.05 -0.080 0.05 -0.17%% 0.03
El Salvador/Guatemala -0.04 0.08 -0.020 0.07 -0.03 0.05
Age -0.03* 0.01 -0.02%* 0.01 -0.03%* 0.01
Age-Squared 0.00%** 0.00 0.00* 0.00 0.00%** 0.00
Married (ref=not) -0.01 0.05 -0.060 0.04 -0.04 0.03
Trad. State (ref=other) 0.04 0.05 0.020 0.05 0.03 0.03
Years of Education 0.01 0.01 0.02%* 0.01 0.01%* 0.00
No English (ref=other) -0.08 0.07 -0.010 0.07 -0.05 0.05
Entry into US Labor Market -0.00 0.00 0.000 0.00 0.00 0.00
Constant 0.29 6.85 -0.09 6.19 -0.51 4.58
N 765 761 1,526
Adjusted R-Squared 0.02 0.03 0.03

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"married" is "not married"; reference for "traditional state" is "other state"; reference for "no
English" is "other"

Table 5.D13: OLS Regression Results Predicting Log of Gender Composition,
U.S.-Born Latinos (Total Sample)

Unpooled Pooled
t 2
Coef. SE Coef. SE Coef. SE
Mexico -0.09% 0.05 -0.12% 0.05 -0.17%: 0.03
El Salvador/Guatemala -0.14 0.12 -0.130 0.12 -0.13 0.08
Age -0.04%* 0.01 -0.04%* 0.01 -0.04%* 0.01
Age-Squared 0.00%* 0.00 0.00** 0.00 0.00%* 0.00
Female (ref=male) 2. 11%* 0.22 2.52%* 0.23 2.32%% 0.16
Married (ref=not) -0.05 0.05 -0.050 0.05 -0.05 0.04
Trad. State (ref=other) -0.07 0.05 -0.040 0.05 -0.06 0.04
Years of Education 0.09%* 0.01 0.11%** 0.01 0.10%* 0.01
Female-Educ. Interaction -0.08** 0.02 -0.11%* 0.02 -0.09%* 0.01
No English (ref=other) -0.03 0.14 0.130 0.13 0.05 0.10
Entry into US Labor Market 0.01 0.01 0.000 0.01 0.00 0.00
Constant -14.17 11.12 -3.81 11.26 -7.68 7.63
N 1,974 1,978 3,952
Adjusted R-Squared 0.29 03 0.3

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"female" is "male"; reference for "married" is "not married"; reference for "traditional state" is
"other state"; reference for "no English" is "other"
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Table 5.D14: OLS Regression Results Predicting Log of Gender Composition,
U.S.-Born Latinos, Men

Unpooled Pooled
t, t>
Coef. SE Coef. SE Coef. SE
Mexico -0.14 0.09 -0.22% 0.09 -0.18%* 0.06
El Salvador/Guatemala -0.19 0.21 -0.180 0.21 -0.18 0.15
Age -0.07%** 0.02 -0.06* 0.03 -0.07%* 0.02
Age-Squared 0.00%* 0.00 0.00%* 0.00 0.00%* 0.00
Married (ref=not) -0.03 0.09 -0.090 0.09 -0.06 0.07
Trad. State (ref=other) -0.13 0.09 -0.060 0.09 -0.09 0.07
Years of Education 0.09** 0.02 0.12%* 0.02 0.11%** 0.01
No English (ref=other) 0.04 0.24 0.330 0.24 0.19 0.17
Entry into US Labor Market 0.01 0.01 0.000 0.01 0.00 0.01
Constant -29.72 25.60 347 2591 -10.92 17.13
N 1,020 1,018 2,038
Adjusted R-Squared 0.05 0.06 0.06

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"married" is "not married"; reference for "traditional state" is "other state"; reference for "no
English" is "other"

Table 5.D15: OLS Regression Results Predicting Log of Gender Composition
U.S.-Born Latinos, Women

Unpooled Pooled
t; t2
Coef. SE Coef. SE Coef. SE
Mexico -0.04 0.04 -0.020 0.04 -0.03 0.03
El Salvador/Guatemala  -0.03 0.09 -0.080 0.09 -0.05 0.06
Age -0.01 0.01 -0.02* 0.01 -0.01* 0.01
Age-Squared 0.00 0.00 0.00* 0.00 0.00* 0.00
Married (ref=not) -0.03 0.04 -0.010 0.04 -0.02 0.03
Trad. State (ref=other)  -0.03 0.04 -0.010 0.04 -0.02 0.03
Years of Education 0.01 0.01 0.010 0.01 0.01 0.01
No English (ref=other) -0.04 0.10 -0.040 0.10 -0.04 0.07
Entry into US Labor Market  -0.00 0.00 0.000 0.00 0.00 0.00
Constant 0.13 7.32 -6.18 7.25 -2.84 5.02
N 985 972 1,957
Adjusted R-Squared 0.00 0.00 0.00

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala” is "other"; reference fc
"married"” is "not married"; reference for "traditional state" is "other state"; reference for "no
English" is "other"



Table 5.E1: OLS Regression Results Predicting Log of Ethnic Composition,
Legal Status Transitioners (Total Sample)

Unpooled Pooled
1, L
Coef. SE Coef. SE Coef. SE
Mexico -0.21** 0.05 -0.19** 0.04 -0.20** 0.03
El Salvador/Guatemala -0.10 0.07 -0.080 0.06 -0.09* 0.04
Age 0.01 0.01 -0.03* 0.01 -0.01 0.01
Age-Squared -0.00 0.00 0.00+ 0.00 0.00 0.00
Female (ref=male) 0.14+ 0.08 -0.020 0.10 0.08 0.06
Married (ref=not) -0.12* 0.05 0.030 0.04 -0.03 0.03
Trad. State (ref=other) -0.22** 0.04 -0.26** 0.04 -0.24** 0.03
Years of Education 0.02** 0.01 0.03** 0.01 0.02** 0.00
Female-Educ. Interaction -0.01 0.01 0.000 0.01 -0.01 0.00
No English (ref=other) -0.19** 0.06 -0.060 0.05 -0.13** 0.04
Entry into US Labor Market  0.01+ 0.01 0.000 0.01 0.01 0.01
Constant -30.22+ 16.52 5.84 13.96 -10.92 10.54
N 467 479 946
Adjusted R-Squared 0.18 0.25 0.21

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala” is "other"; reference fc
“female" is "male"; reference for "married" is "not married"; reference for "traditional state" is
"other state"; reference for "no English" is "other"

Table 5.E2: OLS Regression Results Predicting Log of Ethnic Composition,
Legal Status Transitioners, Men

Unpooled Pooled
t; t2
Coef. SE Coef. SE Coef. SE
Mexico -0.23** 0.05 -0.19** 0.05 -0.21** 0.04
El Salvador/Guatemala  -0.07 0.08 -0.050 0.08 -0.07 0.05
Age 0.02 0.01 0.010 0.02 0.01 0.01
Age-Squared -0.00* 0.00 0.000 0.00 -0.00* 0.00
Married (ref=not) 0.03 0.06 0.080 0.05 0.06 0.04
Trad. State (ref=other) -0.18** 0.05 -0.26** 0.05 -0.22** 0.04
Years of Education 0.01* 0.01 0.03** 0.01 0.02** 0.00
No English (ref=other) -0.00 0.07 0.030 0.07 0.01 0.05
Entry into US Labor Market  -0.00 0.01 0.000 0.01 -0.01 0.01
Constant 6.35 19.26 7.65 19.49 10.22 13.30
N 244 248 492
Adjusted R-Squared 0.19 0.22 0.21

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala” is "other"; reference fc
"married"” is "not married"; reference for "traditional state" is "other state"; reference for "no
English" is "other"
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Table 5.E3: OLS Regression Results Predicting Log of Ethnic Composition,
Legal Status Transitioners, Women

Unpooled Pooled
ts t2
Coef. SE Coef. SE Coef. SE
Mexico -0.14+ 0.08 -0.19** 0.06 -0.17** 0.05
El Salvador/Guatemala -0.07 0.11 -0.120 0.08 -0.09 0.07
Age -0.02 0.02 -0.05** 0.02 -0.03** 0.01
Age-Squared 0.00 0.00 0.00** 0.00 0.00* 0.00
Married (ref=not) -0.19* 0.07 -0.020 0.05 -0.10* 0.04
Trad. State (ref=other) -0.28** 0.08 -0.25** 0.06 -0.27** 0.05
Years of Education 0.02* 0.01 0.03* 0.01 0.02** 0.01
No English (ref=other) -0.32** 0.10 -0.110 0.08 -0.22** 0.06
Entry into US Labor Market ~ 0.03* 0.01 0.000 0.01 0.01+ 0.01
Constant -54.33* 27.53 -0.54 20.30 -27.63+ 16.60
N 229 231 460
Adjusted R-Squared 0.23 0.30 0.26

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala” is "other"; reference fc
"married"” is "not married"; reference for "traditional state" is "other state"; reference for "no
English" is "other"

Table 5.E4: OLS Regression Results Predicting Log of Ethnic Composition, NIS
Continuously Legal (Total Sample)

Unpooled Pooled
t; t,
Coef. SE Coef. SE Coef. SE
Mexico -0.04 0.09 -0.090 0.07 -0.07 0.06
El Salvador/Guatemala -0.15 0.13 -0.150 0.09 -0.14+ 0.08
Age -0.00 0.02 -0.010 0.01 -0.01 0.01
Age-Squared 0.00 0.00 0.000 0.00 0.00 0.00
Female (ref=male) 0.00 0.18 -0.180 0.14 -0.09 0.11
Married (ref=not) 0.02 0.07 -0.010 0.05 0.01 0.04
Trad. State (ref=other) -0.20** 0.07 -0.26** 0.05 -0.22** 0.04
Years of Education 0.01 0.01 0.000 0.01 0.01 0.01
Female-Educ. Interaction -0.00 0.01 0.010 0.01 0.01 0.01
No English (ref=other)  -0.16* 0.08 -0.10+ 0.06 -0.13** 0.05
Entry into US Labor Market  -0.02 0.02 -0.03** 0.01 -0.03** 0.01
Constant 42.82 31.56 67.01* 22.72 51.33** 19.19
N 349 358 707
Adjusted R-Squared 0.04 0.11 0.07

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala” is "other"; reference fo
"female" is "male"; reference for "married" is "not married"; reference for "traditional state" is
"other state"; reference for "no English" is "other"
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Table 5.E5: OLS Regression Results Predicting Log of Ethnic Composition, NI
Continuously Legal, Men

Unpooled Pooled
t; t2
Coef. SE Coef. SE Coef. SE
Mexico -0.03 0.13 -0.090 0.09 -0.06 0.07
El Salvador/Guatemala -0.28+ 0.17 -0.150 0.11 -0.20* 0.10
Age 0.01 0.02 -0.010 0.02 0.00 0.01
Age-Squared -0.00 0.00 0.000 0.00 -0.00 0.00
Married (ref=not) 0.09 0.09 0.100 0.07 0.10+ 0.06
Trad. State (ref=other)  -0.15+ 0.09 -0.19** 0.07 -0.16** 0.06
Years of Education -0.00 0.01 0.000 0.01 -0.00 0.01
No English (ref=other)  -0.18+ 0.10 -0.080 0.07 -0.13* 0.06
Entry into US Labor Market -0.04+ 0.02 -0.03* 0.01 -0.03** 0.01
Constant 74.69+ 38.23 57.26* 27.30 62.02** 23.21
N 212 216 428
Adjusted R-Squared 0.06 0.08 0.08

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala” is "other"; reference fc
"married"” is "not married"; reference for "traditional state" is "other state"; reference for "no
English" is "other"

Table 5.E6: OLS Regression Results Predicting Log of Ethnic Composition, NI
Continuously Legal, Women

Unpooled Pooled
t ts
Coef. SE Coef. SE Coef. SE
Mexico -0.01 0.15 -0.050 0.10 -0.03 0.09
El Salvador/Guatemala 0.02 0.22 -0.180 0.16 -0.06 0.13
Age -0.02 0.04 -0.030 0.03 -0.02 0.02
Age-Squared 0.00 0.00 0.000 0.00 0.00 0.00
Married (ref=not) -0.08 0.12 -0.15+ 0.08 -0.11 0.07
Trad. State (ref=other) -0.29%* 0.11 -0.34%%* 0.08 -0.30%* 0.07
Years of Education 0.01 0.01 0.010 0.01 001+ 0.01
No English (ref=other) -0.15 0.13 -0.17+ 0.10 -0.16+ 0.08
Entry into US Labor Market 0.02 0.03 -0.030 0.02 -0.01 0.02
Constant -33.69 57.14 63.18 41.70 11.98 34.59
N 140 142 282
Adjusted R-Squared 0.03 0.15 0.1

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"married" is "not married"; reference for "traditional state" is "other state"; reference for "no
English" is "other"
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Table 5.E7: OLS Regression Results Predicting Log of Ethnic Composition,
Continuously Unauthorized (Total Sample)

Unpooled Pooled
t: t.
v2 v3 v4 v5 v6 v7
Mexico -0.05 0.09 0.090 0.08 0.02 0.06
El Salvador/Guatemala  0.16 0.14 0.150 0.13 0.16 0.10
Age 0.04+ 0.02 0.010 0.02 0.03+ 0.01
Age-Squared -0.00+ 0.00 0.000 0.00 -0.00+ 0.00
Female (ref=male) -0.29 0.20 -0.250 0.17 -0.27* 0.13
Married (ref=not) -0.06 0.07 0.030 0.06 -0.02 0.05
Trad. State (ref=other) -0.50** 0.08 -0.42** 0.07 -0.46** 0.05
Years of Education 0.00 0.01 0.02+ 0.01 0.01 0.01
Female-Educ. Interaction 0.04* 0.02 0.03+ 0.02 0.04** 0.01
No English (ref=other)  -0.21* 0.08 -0.17* 0.07 -0.19** 0.05
Entry into US Labor Market  -0.00 0.01 0.000 0.01 -0.00 0.00
Constant 5.05 12.87 7.13 11.68 5.69 8.65
N 462 446 908
Adjusted R-Squared 0.12 0.12 0.12

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala” is "other"; reference fa
"female” is "male"; reference for "married" is "not married"; reference for "traditional state" is
"other state"; reference for "no English" is "other"

Table 5.E9: OLS Regression Results Predicting Log of Ethnic Composition,
Continuously Unauthorized, Women

Unpooled Pooled
t t,
v2 v3 v4 v5 v6 v7
Mexico 0.02 0.13 0.120 0.15 0.07 0.10
El Salvador/Guatemala 0.12 0.24 0.040 0.28 0.08 0.18
Age -0.03 0.03 -0.040 0.04 -0.04 0.03
Age-Squared 0.00 0.00 0.000 0.00 0.00 0.00
Married (ref=not) -0.13 0.11 -0.040 0.12 -0.09 0.08
Trad. State (ref=other) -0.41%* 0.14 -0.49%* 0.16 -0.45%* 0.10
Years of Education 0.04** 0.02 0.04* 0.02 0.04** 001
No English (ref=other) -0.35* 0.14 -0.33* 0.16 -0.34%* 0.10
Entry into US Labor Market ~ -0.02+ 0.01 -0.010 0.01 -0.02%* 001
Constant 42 47+ 22.15 25.46 24.15 35.24% 16.03
N 133 129 262
Adjusted R-Squared 0.13 0.13 0.15

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"married" is "not married"; reference for "traditional state" is "other state"; reference for "no
English" is "other"
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Table 5.E10: OLS Regression Results Predicting Log of Ethnic Composition,
SIPP Continuously Legal (Total Sample)

Unpooled Pooled
t t,
Coef. SE Coef. SE Coef. SE
Mexico -0.13% 0.03 -0.14% 0.03 -0.14% 0.02
El Salvador/Guatemala -0.12%3 0.04 -0.13% 0.04 -0.12%* 0.03
Age -001 0.01 -0.010 0.01 001+ 0.00
Age-Squared 0.00 0.00 0.000 0.00 0.00 0.00
Female (ref=male) -0.02 0.06 -0.030 0.06 -0.03 0.05
Married (ref=not) 0.00 0.02 -0010 0.02 -0.00 0.02
Trad. State (ref=other) -0.27% 0.02 -0.27% 0.02 -0.27% 0.02
Years of Education 0.03%* 0.00 0.03%* 0.00 0.03%* 0.00
Female-Educ. Interaction  0.00 0.01 0.000 0.01 0.00 0.00
No English (ref=other) -0.15% 0.04 -0.13%: 0.03 -0.14% 0.02
Entry into US Labor Market -0.00 0.00 0.000 0.00 -0.00 0.00
Constant 4.67 340 0.48 3.33 2.95 2.36
N 1,813 1,822 3,635
Adjusted R-Squared 0.16 0.19 0.17

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"female" is "male"; reference for "married" is "not married"; reference for "traditional state" is
"other state"; reference for "no English" is "other"

Table 5.E11: OLS Regression Results Predictingl.og of Ethnic Composition,
SIPP Continuously Legal, Men

Unpooled Pooled
t t,
Coef. SE Coef. SE Coef. SE
Mexico -0.18** 0.04 -0.17%* 0.03 -0.18** 0.02
El Salvador/Guatemala -0.13* 0.06 -0.09+ 0.06 -0.11%** 0.04
Age -0.00 0.01 0.000 0.01 -0.00 0.01
Age-Squared 0.00 0.00 0.000 0.00 0.00 0.00
Married (ref=not) -0.01 0.03 0.000 0.03 -0.00 0.02
Trad. State (ref=other) -0.29%* 0.03 -0.27%*% 0.03 -0.28%* 0.02
Years of Education 0.02%* 0.00 0.03%* 0.00 0.03%* 0.00
No English (ref=other) -0.19%* 0.05 -0.13%* 0.05 -0.16** 0.03
Entry into US Labor Market -0.00 0.00 0.000 0.00 -0.00 0.00
Constant 6.89 4.59 1.21 4.61 4.35 322
N 1,048 1,061 2,109
Adjusted R-Squared 0.16 0.17 0.17

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"married" is "not married"; reference for "traditional state" is "other state"; reference for "no
English" is "other"



Table 5.E12: OLS Regression Results Predicting Log of Ethnic Composition,
SIPP Continuously Legal, Women

Unpooled Pooled
t) t,
Coef. SE Coef. SE Coef. SE
Mexico -0.07+ 0.04 -0.10%* 0.04 -0.09%* 0.03
El Salvador/Guatemala -0.11+ 0.06 -0.18% 0.06 -0.14%* 0.04
Age -0.02% 0.01 -0.010 0.01 -0.02%* 0.01
Age-Squared 0.00+ 0.00 0.000 0.00 0.00+ 0.00
Married (ref=not) -0.01 0.03 -0.030 0.03 -0.02 0.02
Trad. State (ref=other) -0.25%* 0.04 -Q.27%* 0.04 -0.26%* 0.03
Years of Education 0.03%:* 0.01 0.04%* 0.00 0.03%:* 0.00
No English (ref=other) -0.09+ 0.05 -0.14%* 0.05 -0.11%* 0.04
Entry into US Labor Market -0.00 0.00 0.000 0.00 -0.00 0.00
Constant 2.66 5.06 0.19 4.82 1.81 3.46
N 765 761 1,526
Adjusted R-Squared 0.16 0.20 0.19

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"married" is "not married"; reference for "traditional state" is "other state"; reference for "no
English" is "other"

Table 5.E13: OLS Regression Results Predicting Log of Ethnic Composition,
U.S.-Born Latinos (Total Sample)

Unpooled Pooled
t t,
v2 v3 v4 v5 v6 v7
Mexico -0.03%* 0.01 0.000 0.02 -0.02+ 0.01
El Salvador/Guatemala -0.18%* 0.04 -0.07+ 0.04 -0.12%* 0.03
Age 0.00 0.00 0.000 0.00 -0.00 0.00
Age-Squared -0.00 0.00 0.000 0.00 -0.00 0.00
Female (ref=male) 0.26%* 0.07 0.22%* 0.08 0.24%* 0.05
Married (ref=not) 0.01 0.02 0.000 0.02 0.00 0.01
Trad. State (ref=other) -0.15% 0.02 -0.16%* 0.02 -0.15% 0.01
Years of Education 0.04%* 0.00 0.04%* 0.00 0.04%* 0.00
Female-Educ. Interaction -0.01%** 0.01 -0.010 0.01 -0.01%** 0.00
No English (ref=other) -0.11%* 0.04 -0.22%: 0.05 -0.17% 0.03
Entry into US Labor Market 0.00 0.00 0.000 0.00 -0.00 0.00
Constant -3.19 341 -0.05 4.06 047 2.57
N 1,974 1,978 3,952
Adjusted R-Squared 0.15 0.13 0.13

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"female" is "male"; reference for "married" is "not married"; reference for "traditional state" is
"other state"; reference for "no English" is "other"
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Table 5.E14: OLS Regression Results Predicting Log of Ethnic Composition,
U.S.-Born Latinos, Men

Unpooled Pooled
t; t2
Coef. SE Coef. SE Coef. SE
Mexico -0.09** 0.02 -0.030 0.03 -0.06** 0.02
El Salvador/Guatemala  -0.09 0.05 -0.13* 0.07 -0.11** 0.04
Age 0.00 0.01 0.000 0.01 -0.00 0.00
Age-Squared 0.00 0.00 0.000 0.00 0.00 0.00
Married (ref=not) 0.01 0.02 -0.010 0.03 -0.00 0.02
Trad. State (ref=other) -0.15** 0.02 -0.16** 0.03 -0.16** 0.02
Years of Education 0.04** 0.00 0.04** 0.01 0.04** 0.00
No English (ref=other)  -0.13* 0.06 -0.29** 0.08 -0.21** 0.05
Entry into US Labor Market ~ 0.00 0.00 0.000 0.00 0.00 0.00
Constant -3.69 6.61 -8.32 8.16 -1.33 4.95
N 1,020 1,018 2,038
Adjusted R-Squared 0.14 0.1 0.12

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala” is "other"; reference fc
"married"” is "not married"; reference for "traditional state" is "other state"; reference for "no
English" is "other"

Table 5.E15: OLS Regression Results Predicting Log of Ethnic Composition,
U.S.-Born Latinos, Women

Unpooled Pooled
t; t2
Coef. SE Coef. SE Coef. SE
Mexico 0.02 0.02 0.020 0.02 0.02 0.01
El Salvador/Guatemala -0.28** 0.05 0.000 0.05 -0.14** 0.04
Age 0.01 0.00 0.000 0.01 0.00 0.00
Age-Squared -0.00 0.00 0.000 0.00 -0.00 0.00
Married (ref=not) 0.02 0.02 0.000 0.02 0.01 0.01
Trad. State (ref=other) -0.14** 0.02 -0.15** 0.02 -0.14** 0.01
Years of Education 0.03** 0.00 0.03** 0.00 0.03** 0.00
No English (ref=other)  -0.10* 0.05 -0.14* 0.06 -0.12** 0.04
Entry into US Labor Market ~ 0.00 0.00 0.000 0.00 -0.00 0.00
Constant -4.12 3.72 2.14 4.17 -0.19 2.73
N 985 972 1,957
Adjusted R-Squared 0.13 0.12 0.12

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala” is "other"; reference fo
"married"” is "not married"; reference for "traditional state" is "other state"; reference for "no
English" is "other"



Table 5.F1: OLS Regression Results Predicting Log of Skill Composition, Legal
Status Transitioners (Total Sample)

Unpooled Pooled
t t2
Coef. SE Coef. SE Coef. SE
Mexico -0.13%* 0.04 -0.17%* 0.04 -0.14%* 0.03
El Salvador/Guatemala -0.02 0.06 -0.070 0.06 -0.02 0.04
Age 0.01 0.01 -0.04** 0.01 -0.01 0.01
Age-Squared -0.00 0.00 0.00%* 0.00 0.00 0.00
Female (ref=male) 0.09 0.07 -0.090 0.10 0.02 0.06
Married (ref=not) -0.11* 0.05 0.010 0.04 -0.03 0.03
Trad. State (ref=other) -0.10* 0.04 -0.17%* 0.04 -0.14** 0.03
Years of Education 0.03%* 0.01 0.03*%* 0.01 0.03** 0.00
Female-Educ. Interaction  -0.01 0.01 0.010 0.01 -0.00 0.00
No English (ref=other) -0.18%%* 0.06 -0.060 0.05 -0.13%* 0.04
Entry into US Labor Market ~ 0.03** 0.01 -0.010 0.01 0.01 001
Constant -52.19%* 16.15 22.02 13.75 -15.94 10.42
N 467 479 946
Adjusted R-Squared 0.16 0.21 0.17

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"female" is "male"; reference for "married" is "not married"; reference for "traditional state" is
"other state"; reference for "no English" is "other"

Table 5.F2: OLS Regression Results Predicting Log of Skill Composition, Legal
Status Transitioners, Men

Unpooled Pooled
t ts
Coef. SE Coef. SE Coef. SE
Mexico -0.24%* 0.05 -0.17%* 0.04 -0.19%* 0.03
El Salvador/Guatemala -0.12+ 0.07 -0.100 0.06 -0.09+ 0.05
Age -0.01 0.01 -0.010 0.01 -0.00 0.01
Age-Squared 0.00 0.00 0.000 0.00 -0.00 0.00
Married (ref=not) -0.02 0.06 0.050 0.05 0.05 0.03
Trad. State (ref=other) -0.03 0.05 -0.16%* 0.04 -0.10%* 0.03
Years of Education 0.02%* 0.01 0.02%* 0.01 0.02%* 0.00
No English (ref=other) -0.03 0.07 -0.030 0.06 -0.04 0.05
Entry into US Labor Market 0.01 0.01 0.000 001 0.00 001
Constant -16.95 18.16 9.12 16.37 -2.63 11.99
N 244 248 492
Adjusted R-Squared 0.16 0.19 0.17

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"married" is "not married"; reference for "traditional state" is "other state"; reference for "no
English" is "other"
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Table 5.F3: OLS Regression Results Predicting Log of Skill Composition, Legal
Status Transitioners, Women

Unpooled Pooled
t t,
Coef. SE Coef. SE Coef. SE
Mexico 0.02 0.07 -0.18%* 0.06 -0.07 0.05
El Salvador/Guatemala 0.11 0.11 -0.020 0.09 0.06 0.07
Age 0.00 0.02 -0.06%* 0.02 -0.02 0.01
Age-Squared -0.00 0.00 0.00%3* 0.00 0.00 0.00
Married (ref=not) -0.14+ 0.07 -0.040 0.06 -0.07 0.05
Trad. State (ref=other) -0.17* 0.07 -0.19%* 0.06 -0.18%* 0.05
Years of Education 0.03%:* 0.01 0.03%:* 0.01 0.03%* 0.01
No English (ref=other) -0.3]%* 0.10 -0.070 0.09 -0.20%* 0.07
Entry into US Labor Market 0.03* 0.01 -0.020 001 0.01 001
Constant -67.58% 27.27 32.56 22.58 -20.63 1741
N 229 231 460
Adjusted R-Squared 0.19 0.22 0.19

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"married" is "not married"; reference for "traditional state" is "other state"; reference for "no
English" is "other"

Table 5.F4: OLS Regression Results Predicting Log of Skill Composition, NIS
Continuously Legal (Total Sample)

Unpooled Pooled
t; t,
v2 v3 v4 v5 v6 v7
Mexico -0.07 0.06 -0.060 0.07 -0.07 0.05
El Salvador/Guatemala -0.06 0.09 -0.140 0.11 -0.09 0.07
Age -0.01 0.01 -0.03+ 0.02 -0.01 0.01
Age-Squared 0.00 0.00 0.000 0.00 0.00 0.00
Female (ref=male) 0.03 0.11 -0.040 0.16 -0.01 0.09
Married (ref=not) 0.05 0.04 0.040 0.06 0.05 0.04
Trad. State (ref=other)  -0.03 0.04 -0.11+ 0.06 -0.06+ 0.04
Years of Education 0.01* 0.01 0.010 0.01 0.01* 0.01
Female-Educ. Interaction -0.01 0.01 0.000 0.01 -0.00 0.01
No English (ref=other)  -0.11* 0.05 -0.19** 0.06 -0.15** 0.04
Entry into US Labor Market  -0.01 0.01 -0.03* 0.01 -0.02* 0.01
Constant 15.60 20.00 58.32* 25.52 34.66* 15.99
N 349 358 707
Adjusted R-Squared 0.04 0.08 0.07

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala” is "other"; reference fc
"female" is "male"; reference for "married" is "not married"; reference for "traditional state" is
"other state"; reference for "no English" is "other"
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Table 5.F5: OLS Regression Results Predicting Log of Skill Composition, NIS
Continuously Legal, Men

Unpooled Pooled
t; t2
v2 v3 v4 v5 v6 v7
Mexico -0.09 0.09 -0.080 0.10 -0.08 0.07
El Salvador/Guatemala -0.06 0.11 -0.160 0.14 -0.11 0.09
Age -0.01 0.02 -0.030 0.02 -0.02 0.01
Age-Squared 0.00 0.00 0.000 0.00 0.00 0.00
Married (ref=not) 0.09 0.06 0.14+ 0.08 0.12* 0.05
Trad. State (ref=other) 0.00 0.06 -0.070 0.08 -0.03 0.05
Years of Education 0.01 0.01 0.010 0.01 0.01+ 0.01
No English (ref=other)  -0.12+ 0.07 -0.17* 0.09 -0.15** 0.06
Entry into US Labor Market  -0.01 0.01 -0.03+ 0.02 -0.02* 0.01
Constant 27.31 26.40 58.39+ 32.56 41.28* 20.54
N 212 216 428
Adjusted R-Squared 0.05 0.08 0.08

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala” is "other"; reference fc
"married"” is "not married"; reference for "traditional state" is "other state"; reference for "no
English" is "other"

Table 5.F6: OLS Regression Results Predicting Log of Skill Composition, NIS
Continuously Legal, Women

Unpooled Pooled
t ts
v2 v3 v4 v5 v6 v7
Mexico -0.03 0.08 0.010 0.11 -0.01 0.07
El Salvador/Guatemala -0.06 0.12 -0.120 0.17 -0.07 0.10
Age -0.01 0.02 -0.020 0.03 -0.01 0.02
Age-Squared 0.00 0.00 0.000 0.00 0.00 0.00
Married (ref=not) -0.02 0.07 -0.110 0.09 -0.06 0.05
Trad. State (ref=other) -0.06 0.06 -0.140 0.08 -0.09+ 0.05
Years of Education 001 0.01 0.010 0.01 001 0.01
No English (ref=other) -0.11 0.08 -0.26%* 0.10 -0.19%* 0.06
Entry into US Labor Market 0.01 0.02 -0.020 0.02 -0.00 001
Constant -20.72 31.89 33.68 43.59 343 26.55
N 140 142 282
Adjusted R-Squared 0.01 0.06 0.06

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"married" is "not married"; reference for "traditional state" is "other state"; reference for "no
English" is "other"



Table 5.F7: OLS Regression Results Predicting Log of Skill Composition,
Continuously Unauthorized (Total Sample)

Unpooled Pooled
tl tZ
Coef. SE Coef. SE Coef. SE
Mexico -0.18* 0.08 0.010 0.07 *© -0.09 0.06
El Salvador/Guatemala  0.03 0.13 0.070 0.12 0.05 0.09
Age 0.03 0.02 0.000 0.02 0.02 0.01
Age-Squared -0.00 0.00 0.000 0.00 -0.00 0.00
Female (ref=male) -0.02 0.19 -0.070 0.17 -0.05 0.13
Married (ref=not) -0.04 0.06 0.020 0.06 -0.01 0.04
Trad. State (ref=other) -0.23** 0.07 -0.27** 0.06 -0.25** 0.05
Years of Education 0.01 0.01 0.03** 0.01 0.02* 0.01
Female-Educ. Interaction 0.02 0.02 0.010 0.02 0.01 0.01
No English (ref=other) -0.09 0.08 -0.060 0.07 -0.07 0.05
Entry into US Labor Market  0.00 0.01 -0.010 0.01 -0.00 0.00
Constant -4.44 11.88 11.54 11.10 2.17 8.10
N 462 446 908
Adjusted R-Squared 0.06 0.06 0.06

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference fc
"female" is "male"; reference for "married" is "not married"; reference for "traditional state" is
"other state"; reference for "no English" is "other"

Table 5.F8: OLS Regression Results Predicting Log of Skill Composition,
Continuously Unauthorized, Men

Unpooled Pooled
t 2
Coef. SE Coef. SE Coef. SE
Mexico 021+ 0.12 0.100 0.09 -0.06 0.07
El Salvador/Guatemala 0.06 0.18 0.210 0.13 0.13 0.11
Age 0.04 0.03 0.000 0.02 0.03 0.02
Age-Squared -0.00 0.00 0.000 0.00 -0.00 0.00
Married (ref=not) -0.06 0.09 0.060 0.07 -0.01 0.06
Trad. State (ref=other) -0.26%* 0.09 -0.24%* 0.07 -0.25%* 0.06
Years of Education 0.01 0.01 0.03%:* 001 0.02%* 0.01
No English (ref=other) -0.05 0.10 -0.050 0.07 -0.05 0.06
Entry into US Labor Market 0.01 0.01 0.000 001 001 0.00
Constant -19.16 15.65 0.53 12.14 -12.04 9.93
N 329 317 646
Adjusted R-Squared 0.05 0.07 0.06

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"married" is "not married"; reference for "traditional state" is "other state"; reference for "no
English" is "other"
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Table 5.F9: OLS Regression Results Predicting Log of Skill Composition,
Continuously Unauthorized, Women

Unpooled Pooled
t t,
Coef. SE Coef. SE Coef. SE
Mexico -0.13 0.08 -0.140 0.15 -0.14+ 0.08
El Salvador/Guatemala -0.05 0.15 -0.160 0.28 -0.11 0.15
Age -0.01 0.02 0.000 0.04 -0.00 0.02
Age-Squared -0.00 0.00 0.000 0.00 -0.00 0.00
Married (ref=not) -0.00 0.07 -0.100 0.12 -0.05 0.07
Trad. State (ref=other) -0.05 0.09 -0.34% 0.16 -0.19* 0.09
Years of Education 0.03%:* 0.01 0.03+ 0.02 0.03%:* 0.01
No English (ref=other) -0.16+ 0.09 -0.090 0.16 -0.13 0.09
Entry into US Labor Market ~ -0.02%* 0.01 -0.020 001 -0.02%* 001
Constant 34 33% 13.62 35.62 24 .11 34 96%* 13.56
N 133 129 262
Adjusted R-Squared 0.11 0.05 0.09

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"married" is "not married"; reference for "traditional state" is "other state"; reference for "no
English" is "other"

Table 5.F10: OLS Regression Results Predicting Log of Skill Composition, SIPP
Continuously Legal (Total Sample)

Unpooled Pooled
t t
Coef. SE Coef. SE Coef. SE
Mexico -0.17%* 0.02 -0.15%* 0.03 -0.16%* 0.02
El Salvador/Guatemala -0.13%* 0.04 -0.14%* 0.04 -0.14%* 0.03
Age -0.00 0.01 0.000 0.01 -0.00 0.00
Age-Squared 0.00 0.00 0.000 0.00 0.00 0.00
Female (ref=male) -0.10+ 0.06 0.010 0.07 -0.05 0.05
Married (ref=not) 0.02 0.02 0.010 0.03 0.02 0.02
Trad. State (ref=other) -0.11%* 0.02 -0.18%* 0.03 -0.15%* 0.02
Years of Education 0.03** 0.00 0.03%* 0.00 0.03%* 0.00
Female-Educ. Interaction  0.01+ 0.01 0.000 0.01 0.01 0.00
No English (ref=other) -0.16%* 0.03 -0.11%* 0.04 -0.13** 0.03
Entry into US Labor Market ~ -0.00* 0.00 0.000 0.00 -0.00+ 0.00
Constant 5.93+ 3.14 1.45 3.63 4.04+ 2.38
N 1,813 1,822 3,635
Adjusted R-Squared 0.17 0.15 0.16

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"female" is "male"; reference for "married" is "not married"; reference for "traditional state" is
"other state"; reference for "no English" is "other"

194



Table 5.F11: OLS Regression Results Predicting Log of Skill Composition, SIPP
Continuously Legal, Men

Unpooled Pooled
t t,
Coef. SE Coef. SE Coef. SE
Mexico -0.17%* 0.03 -0.16%* 0.04 -0.16%* 0.03
El Salvador/Guatemala -0.09+ 0.05 -0.100 0.07 -0.10* 0.04
Age 0.01 0.01 0.000 0.01 0.00 0.01
Age-Squared -0.00 0.00 0.000 0.00 -0.00 0.00
Married (ref=not) 0.00 0.03 0.010 0.04 0.00 0.02
Trad. State (ref=other) -0.14%* 0.03 -0.19%* 0.04 -0.16%* 0.02
Years of Education 0.03%:* 0.00 0.04%* 0.00 0.03%:* 0.00
No English (ref=other) -0.18%* 0.04 -0.050 0.06 -0.11%* 0.04
Entry into US Labor Market ~ -0.01%* 0.00 0.000 0.00 -0.00* 0.00
Constant 9.92% 421 3.07 543 7.28% 340
N 1,048 1,061 2,109
Adjusted R-Squared 0.16 0.12 0.14

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"married" is "not married"; reference for "traditional state" is "other state"; reference for "no
English" is "other"

Table 5.F12: OLS Regression Results Predicting Log of Skill Composition, SIPP
Continuously Legal, Women

Unpooled Pooled
t t,
Coef. SE Coef. SE Coef. SE
Mexico -0.15%* 0.04 -0.14%* 0.03 -0.15%* 0.02
El Salvador/Guatemala -0.19%: 0.06 -0.19%: 0.05 -0.19%* 0.04
Age -0.02%* 0.01 0.000 0.01 -0.01 0.01
Age-Squared 0.00 0.00 0.000 0.00 0.00 0.00
Married (ref=not) 0.03 0.03 0.000 0.03 0.02 0.02
Trad. State (ref=other) -0.07+ 0.04 -0.18%* 0.03 -0.12%** 0.02
Years of Education 0.04%* 0.00 0.03%* 0.00 0.04%* 0.00
No English (ref=other) -0.12% 0.05 -0.18%* 0.05 -0.15%* 0.03
Entry into US Labor Market -0.00 0.00 0.000 0.00 -0.00 0.00
Constant 1.83 472 0.25 4.57 0.82 3.26
N 765 761 1,526
Adjusted R-Squared 0.2 0.21 0.2

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"married" is "not married"; reference for "traditional state" is "other state"; reference for "no
English" is "other"
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Table 5.F13: OLS Regression Results Predicting Log of Skill Composition, U.S.-
Born Latinos (Total Sample)

Unpooled Pooled
t t
Coef. SE Coef. SE Coef. SE
Mexico -0.03 0.02 -0.05* 0.02 -0.04%* 0.01
El Salvador/Guatemala -0.04 0.04 -0.030 0.04 -0.04 0.03
Age -0.00 0.00 0.000 0.01 -0.00 0.00
Age-Squared -0.00 0.00 0.000 0.00 -0.00 0.00
Female (ref=male) 0.19* 0.08 0.23** 0.09 0.20%* 0.06
Married (ref=not) 0.00 0.02 0.000 0.02 0.00 0.01
Trad. State (ref=other) -0.07%* 0.02 -0.10%* 0.02 -0.09%* 0.01
Years of Education 0.04** 0.00 0.04** 0.00 0.04+* 0.00
Female-Educ. Interaction  -0.01 0.01 -0.010 0.01 001+ 0.00
No English (ref=other) -0.09+ 0.05 -0.19%: 0.05 -0.14%: 0.03
Entry into US Labor Market ~ -0.01%** 0.00 -0.00%* 0.00 -0.01%* 0.00
Constant 17.64%* 4.03 9.16* 4.18 12.86%* 2.80
N 1,974 1,978 3,952
Adjusted R-Squared 0.11 0.12 0.12

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"female" is "male"; reference for "married" is "not married"; reference for "traditional state" is
"other state"; reference for "no English" is "other"

Table 5.F14: OLS Regression Results Predicting Log of Skill Composition, U.S.-
Born Latinos, Men

Unpooled Pooled
t ts
Coef. SE Coef. SE Coef. SE
Mexico -0.06%* 0.03 -0.07* 0.03 -0.06%* 0.02
El Salvador/Guatemala -0.02 0.06 -0.050 0.07 -0.04 0.05
Age -0.01 0.01 0.000 0.01 -0.00 0.01
Age-Squared 0.00 0.00 0.000 0.00 0.00 0.00
Married (ref=not) 0.01 0.03 -0.020 0.03 -0.01 0.02
Trad. State (ref=other) -0.07%* 0.03 -0.11%* 0.03 -0.09%* 0.02
Years of Education 0.05%* 0.00 0.04%* 0.01 0.04%* 0.00
No English (ref=other) 0.05 0.07 -0.26%* 0.08 -0.11* 0.05
Entry into US Labor Market 0.00 0.00 0.000 0.00 -0.00 0.00
Constant -2.31 7.73 342 8.58 2.84 5.44
N 1,020 1,018 2,038
Adjusted R-Squared 0.09 0.09 0.09

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)
Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"married" is "not married"; reference for "traditional state" is "other state"; reference for "no

English" is "other"
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Table 5.F15: OLS Regression Results Predicting Log of Skill Composition, U.S
Born Latinos, Women

Unpooled Pooled
ty t,
Coef. SE Coef. SE Coef. SE
Mexico -0.00 0.02 -0.020 0.02 -0.01 0.01
El Salvador/Guatemala -0.05 0.05 -0.020 0.05 -0.04 0.04
Age 0.01 0.01 0.000 0.01 0.00 0.00
Age-Squared -0.00** 0.00 0.000 0.00 -0.00** 0.00
Married (ref=not) -0.01 0.02 0.020 0.02 0.01 0.01
Trad. State (ref=other) -0.08** 0.02 -0.08** 0.02 -0.08** 0.02
Years of Education 0.03** 0.00 0.04** 0.00 0.03** 0.00
No English (ref=other) -0.23** 0.06 -0.10+ 0.06 -0.16** 0.04
Entry into US Labor Market -0.01** 0.00 -0.01** 0.00 -0.01** 0.00
Constant 24 .35** 4.41 10.78** 4.10 16.10** 2.95
N 985 972 1,957
Adjusted R-Squared 0.14 0.11 0.12

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala” is "other"; reference fc
"married"” is "not married"; reference for "traditional state" is "other state"; reference for "no
English" is "other"

Table 5.G1: OLS Regression Results Predicting Log of Working Poor
Composition, Legal Status Transitioners (Total Sample)

Unpooled Pooled
tl t2
Coef. SE Coef. SE Coef. SE
Mexico -0.08** 0.02 -0.020 0.04 -0.04* 0.02
El Salvador/Guatemala -0.04 0.03 0.030 0.05 0.01 0.03
Age -0.00 0.01 -0.02+ 0.01 -0.01 0.01
Age-Squared 0.00 0.00 0.00+ 0.00 0.00 0.00
Female (ref=male) -0.04 0.04 -0.17+ 0.09 -0.09* 0.04
Married (ref=not) -0.01 0.02 0.010 0.04 0.01 0.02
Trad. State (ref=other)  -0.03 0.02 -0.07+ 0.03 -0.05* 0.02
Years of Education 0.01** 0.00 0.01* 0.01 0.01** 0.00
Female-Educ. Interaction 0.00 0.00 0.010 0.01 0.00 0.00
No English (ref=other) -0.01 0.03 0.020 0.05 -0.00 0.03
Entry into US Labor Market 0.01** 0.00 -0.010 0.01 0.00 0.00
Constant -29.81** 8.47 17.83 13.03 -6.76 7.71
N 467 479 946
Adjusted R-Squared 0.14 0.05 0.07

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala” is "other"; reference fa
"female" is "male"; reference for "married" is "not married"; reference for "traditional state" is
"other state"; reference for "no English" is "other"



Table 5.G2: OLS Regression Results Predicting Log of Working Poor
Composition, Legal Status Transitioners, Men

Unpooled Pooled
t; t2
Coef. SE Coef. SE Coef. SE
Mexico -0.12** 0.03 -0.020 0.05 -0.06+ 0.03
El Salvador/Guatemala -0.02 0.05 0.020 0.07 0.02 0.04
Age -0.00 0.01 -0.010 0.02 0.00 0.01
Age-Squared -0.00 0.00 0.000 0.00 -0.00 0.00
Married (ref=not) 0.00 0.04 0.040 0.05 0.04 0.03
Trad. State (ref=other)  -0.02 0.03 -0.060 0.05 -0.05 0.03
Years of Education 0.01** 0.00 0.010 0.01 0.01** 0.00
No English (ref=other) 0.08 0.05 0.020 0.07 0.04 0.04
Entry into US Labor Market ~ 0.02* 0.01 0.000 0.01 0.01 0.01
Constant -31.65* 12.63 -3.88 19.19 -18.86+ 11.25
N 244 248 492
Adjusted R-Squared 0.12 0.01 0.04

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala” is "other"; reference fc
"married"” is "not married"; reference for "traditional state" is "other state"; reference for "no
English" is "other"

Table 5.G3: OLS Regression Results Predicting Log of Working Poor
Composition, Legal Status Transitioners, Women

Unpooled Pooled
t ts
Coef. SE Coef. SE Coef. SE
Mexico -0.02 0.03 -0.020 0.05 -0.01 0.03
El Salvador/Guatemala -0.05 0.04 0.050 0.08 0.02 0.04
Age -0.01+ 0.01 -0.03+ 0.01 -0.02% 0.01
Age-Squared 0.00 0.00 0.00+ 0.00 0.00+ 0.00
Married (ref=not) -0.01 0.03 -0.010 0.05 -0.00 0.03
Trad. State (ref=other) -0.05+ 0.03 -0.09+ 0.05 -0.07* 0.03
Years of Education 0.02%* 0.00 0.02%* 0.01 0.02%* 0.00
No English (ref=other) -0.11%* 0.04 0.010 0.07 -0.06 0.04
Entry into US Labor Market 0.01+ 0.01 -0.02%* 001 -0.00 001
Constant -19.09+ 11.16 39.61%* 18.34 9.56 10.69
N 229 231 460
Adjusted R-Squared 0.25 0.08 0.12

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"married" is "not married"; reference for "traditional state" is "other state"; reference for "no
English" is "other"
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Table 5.G4: OLS Regression Results Predicting Log of Working Poor
Composition, NIS Continuously Legal (Total Sample)

Unpooled Pooled
t t,
Coef. SE Coef. SE Coef. SE
Mexico -0.00 0.03 0.020 0.06 0.01 0.03
El Salvador/Guatemala 0.02 0.05 -0.030 0.08 0.00 0.05
Age 0.01 0.01 0.000 0.01 0.00 0.01
Age-Squared -0.00 0.00 0.000 0.00 -0.00 0.00
Female (ref=male) -0.09 0.06 -0.160 0.12 -0.12+ 0.07
Married (ref=not) 0.01 0.02 -0.030 0.04 -0.00 0.03
Trad. State (ref=other) -0.01 0.02 -0.11%* 0.05 -0.05* 0.02
Years of Education 0.01* 0.00 0.000 0.01 0.01 0.00
Female-Educ. Interaction  -0.00 0.00 0.000 0.01 -0.00 0.01
No English (ref=other) -0.00 0.03 -0.11* 0.05 -0.05+ 0.03
Entry into US Labor Market -0.00 0.01 -0.010 0.01 -0.01 0.01
Constant 9.02 10.97 29.89 20.08 17.89 11.32
N 349 358 707
Adjusted R-Squared 0.10 0.06 0.07

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)
Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"female" is "male"; reference for "married" is "not married"; reference for "traditional state" is

"other state"; reference for "no English" is "other"

Table 5.G5: OLS Regression Results Predicting Log of Working Poor

Composition, NIS Continuously Legal, Men

Unpooled Pooled
t, t,
Coef. SE Coef. SE Coef. SE
Mexico -0.02 0.04 -0.020 0.07 -0.02 0.04
El Salvador/Guatemala -0.03 0.05 -0.100 0.10 -0.07 0.05
Age 0.02%* 0.01 0.010 0.01 0.01 0.01
Age-Squared -0.00%* 0.00 0.000 0.00 -0.00 0.00
Married (ref=not) 0.01 0.03 0.030 0.06 0.02 0.03
Trad. State (ref=other) 0.01 0.03 -0.060 0.06 -0.03 0.03
Years of Education 001+ 0.00 0.000 0.01 0.00 0.00
No English (ref=other) -0.00 0.03 -0.090 0.06 -0.05 0.03
Entry into US Labor Market ~ -0.01+ 0.01 -0.010 0.01 001+ 0.01
Constant 19.69+ 11.32 27.76 22.73 2347+ 12.44
N 212 216 428
Adjusted R-Squared 0.08 0.02 0.04

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)
Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"married" is "not married"; reference for "traditional state" is "other state"; reference for "no

English" is "other"



Table 5.G6: OLS Regression Results Predicting Log of Working Poor
Composition, NIS Continuously Legal, Women

Unpooled Pooled
t t,
Coef. SE Coef. SE Coef. SE
Mexico 0.04 0.06 0.090 0.10 0.07 0.06
El Salvador/Guatemala 0.10 0.09 0.050 0.16 0.10 0.09
Age -0.00 0.01 -0.020 0.02 -0.01 0.01
Age-Squared 0.00 0.00 0.000 0.00 0.00 0.00
Married (ref=not) 0.01 0.05 -0.110 0.08 -0.04 0.05
Trad. State (ref=other) -0.05 0.04 -0.16%* 0.08 -0.10%* 0.04
Years of Education 001+ 0.01 0.010 0.01 0.01 0.01
No English (ref=other) 001 0.06 -0.140 0.09 -0.07 0.05
Entry into US Labor Market 0.01 0.01 -0.010 0.02 0.00 001
Constant -12.18 23.39 17.88 39.70 -0.58 2273
N 140 142 282
Adjusted R-Squared 0.01 0.02 0.02

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)
Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"married" is "not married"; reference for "traditional state" is "other state"; reference for "no

English" is "other"

Table 5.G7: OLS Regression Results Predicting Log of Working Poor
Composition, Continuously Unauthorized (Total Sample)

Unpooled Pooled
t t
Coef. SE Coef. SE Coef. SE
Mexico 0.03 0.05 0.000 0.04 0.01 0.03
El Salvador/Guatemala -0.05 0.07 0.070 0.06 0.01 0.05
Age 0.00 0.01 -0.010 0.01 -0.00 0.01
Age-Squared 0.00 0.00 0.000 0.00 0.00 0.00
Female (ref=male) -0.17 0.11 -0.22%: 0.08 -0.19%3 0.07
Married (ref=not) -0.06+ 0.04 -0.020 0.03 -0.04+ 0.02
Trad. State (ref=other) -0.08* 0.04 -0.08%* 0.03 -0.08%* 0.02
Years of Education 0.01* 0.01 0.02%* 0.00 0.01%* 0.00
Female-Educ. Interaction  0.01 0.01 0.010 0.01 001+ 0.01
No English (ref=other) -0.07 0.04 -0.06+ 0.03 -0.06%* 0.03
Entry into US Labor Market -0.00 0.00 0.000 0.00 -0.00 0.00
Constant -0.28 6.64 5.85 546 2.10 4.28
N 462 446 908
Adjusted R-Squared 0.04 0.09 0.06

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)
Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"female" is "male"; reference for "married" is "not married"; reference for "traditional state" is

"other state"; reference for "no English" is "other"
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Table 5.G8: OLS Regression Results Predicting Log of Working Poor
Composition, Continuously Unauthorized, Men

Unpooled Pooled
t; t2
Coef. SE Coef. SE Coef. SE
Mexico -0.01 0.05 -0.030 0.03 -0.02 0.03
El Salvador/Guatemala -0.15+ 0.08 0.030 0.05 -0.06 0.05
Age 0.02 0.01 0.000 0.01 0.01 0.01
Age-Squared -0.00 0.00 0.000 0.00 -0.00 0.00
Married (ref=not) -0.05 0.04 0.010 0.02 -0.02 0.02
Trad. State (ref=other)  -0.08* 0.04 -0.06* 0.02 -0.07** 0.02
Years of Education 0.01* 0.01 0.01** 0.00 0.01** 0.00
No English (ref=other) 0.02 0.05 0.000 0.03 0.01 0.03
Entry into US Labor Market ~ 0.00 0.00 0.000 0.00 0.00 0.00
Constant -7.58 7.04 0.10 4.41 -4.40 4.19
N 329 317 646
Adjusted R-Squared 0.04 0.07 0.05

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala” is "other"; reference fc
"married"” is "not married"; reference for "traditional state" is "other state"; reference for "no
English" is "other"

Table 5.G9: OLS Regression Results Predicting Log of Working Poor
Composition, Continuously Unauthorized, Women

Unpooled Pooled
t; t2
Coef. SE Coef. SE Coef. SE
Mexico 0.11 0.09 0.040 0.09 0.07 0.06
El Salvador/Guatemala  0.15 0.16 0.120 0.18 0.13 0.12
Age -0.02 0.02 -0.020 0.03 -0.02 0.02
Age-Squared 0.00 0.00 0.000 0.00 0.00 0.00
Married (ref=not) -0.09 0.07 -0.090 0.08 -0.09+ 0.05
Trad. State (ref=other)  -0.05 0.10 -0.130 0.10 -0.09 0.07
Years of Education 0.02* 0.01 0.03* 0.01 0.03** 0.01
No English (ref=other)  -0.25* 0.10 -0.19+ 0.10 -0.23** 0.07
Entry into US Labor Market  -0.01 0.01 -0.010 0.01 -0.01+ 0.01
Constant 18.09 15.05 17.77 15.29 17.33+ 10.48
N 133 129 262
Adjusted R-Squared 0.07 0.07 0.1

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala” is "other"; reference fc
"married"” is "not married"; reference for "traditional state" is "other state"; reference for "no
English" is "other"
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Table 5.G10: OLS Regression Results Predicting Log of Working Poor
Composition, SIPP Continuously Legal (Total Sample)

Unpooled Pooled
t ty
Coef. SE Coef. SE Coef. SE
Mexico -0.09%** 0.02 -0.06%* 0.01 -0.07%* 0.01
El Salvador/Guatemala -0.05+ 0.03 -0.06%* 0.02 -0.05%* 0.02
Age 0.00 0.00 0.000 0.00 0.00 0.00
Age-Squared -0.00 0.00 0.000 0.00 -0.00 0.00
Female (ref=male) -0.10%* 0.04 -0.060 0.04 -0.08%*:* 0.03
Married (ref=not) 0.01 0.02 0.010 0.01 0.01 0.01
Trad. State (ref=other) -0.04* 0.02 -0.04%* 0.01 -0.04%* 0.01
Years of Education 0.01%** 0.00 0.01%* 0.00 0.01% 0.00
Female-Educ. Interaction  0.01 0.00 0.000 0.00 0.00 0.00
No English (ref=other) -0.09%* 0.02 -0.07%** 0.02 -0.08%* 0.02
Entry into US Labor Market ~ -0.00%* 0.00 -0.00** 0.00 -0.00** 0.00
Constant 5.31%* 2.16 7.05%* 191 5.87%* 1.43
N 1,813 1,822 3,635
Adjusted R-Squared 0.10 0.1 0.1

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"female" is "male"; reference for "married" is "not married"; reference for "traditional state" is
"other state"; reference for "no English" is "other"

Table 5.G11: OLS Regression Results Predicting Log of Working Poor
Composition, SIPP Continuously Legal, Men

Unpooled Pooled
ty t,
Coef. SE Coef. SE Coef. SE
Mexico -0.10** 0.03 -0.07** 0.02 -0.08** 0.02
El Salvador/Guatemala -0.04 0.04 -0.060 0.04 -0.05+ 0.03
Age 0.01 0.01 0.000 0.01 0.01 0.00
Age-Squared -0.00 0.00 0.000 0.00 -0.00+ 0.00
Married (ref=not) 0.01 0.02 0.010 0.02 0.01 0.02
Trad. State (ref=other) -0.06* 0.02 -0.05* 0.02 -0.05** 0.02
Years of Education 0.01** 0.00 0.01** 0.00 0.01** 0.00
No English (ref=other) -0.13** 0.04 -0.07* 0.03 -0.10** 0.02
Entry into US Labor Market -0.00+ 0.00 -0.00** 0.00 -0.00** 0.00
Constant 5.63+ 3.40 8.04** 2.98 6.50** 2.24
N 1,048 1,061 2,109
Adjusted R-Squared 0.07 0.07 0.08

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala” is "other"; reference fc
"married"” is "not married"; reference for "traditional state" is "other state"; reference for "no
English" is "other"



Table 5.G12: OLS Regression Results Predicting Log of Working Poor
Composition, SIPP Continuously Legal, Women

Unpooled Pooled
ty t.

Coef. SE Coef. SE Coef. SE
Mexico -0.07** 0.02 -0.04** 0.02 -0.05** 0.01
El Salvador/Guatemala -0.06* 0.03 -0.07** 0.03 -0.06** 0.02
Age -0.00 0.00 0.000 0.00 -0.00 0.00
Age-Squared 0.00 0.00 0.000 0.00 0.00 0.00
Married (ref=not) 0.01 0.02 0.000 0.01 0.01 0.01
Trad. State (ref=other)  -0.01 0.02 -0.020 0.02 -0.02 0.01
Years of Education 0.02** 0.00 0.02** 0.00 0.02** 0.00

No English (ref=other)  -0.05+ 0.02 -0.08** 0.02 -0.06** 0.02
Entry into US Labor Market -0.00* 0.00 -0.00** 0.00 -0.00** 0.00

Constant 5.20* 2.33 5.87** 2.14 5.19** 1.57
N 765 761 1,526
Adjusted R-Squared 0.19 0.16 0.18

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala” is "other"; reference fo
"married" is "not married"; reference for "traditional state" is "other state"; reference for "no
English" is "other"

Table 5.G13: OLS Regression Results Predicting Log of Working Poor
Composition, U.S.-Born Latinos (Total Sample)

Unpooled Pooled
tl tZ
Coef. SE Coef. SE Coef. SE
Mexico -0.01 0.01 -0.010 0.01 -0.01 0.01
El Salvador/Guatemala -0.02 0.03 -0.040 0.03 -0.03 0.02
Age 0.01** 0.00 0.000 0.00 0.01** 0.00
Age-Squared -0.00** 0.00 -0.00+ 0.00 -0.00** 0.00
Female (ref=male) -0.15* 0.06 -0.10+ 0.05 -0.13** 0.04
Married (ref=not) 0.01 0.01 0.010 0.01 0.01 0.01
Trad. State (ref=other) -0.03** 0.01 -0.03* 0.01 -0.03** 0.01
Years of Education 0.03** 0.00 0.02** 0.00 0.02** 0.00
Female-Educ. Interaction 0.01* 0.00 0.01+ 0.00 0.01** 0.00
No English (ref=other) 0.03 0.04 -0.040 0.03 -0.01 0.02
Entry into US Labor Market ~ 0.00 0.00 -0.00** 0.00 -0.00* 0.00
Constant -0.75 2.96 9.49** 2.60 3.92* 1.90
N 1,974 1,978 3,952
Adjusted R-Squared 0.09 0.07 0.08

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference fc
"female" is "male"; reference for "married" is "not married"; reference for "traditional state" is
"other state"; reference for "no English" is "other"
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Table 5.G14: OLS Regression Results Predicting Log of Working Poor
Composition, U.S.-Born Latinos, Men

Unpooled Pooled
t; t2
Coef. SE Coef. SE Coef. SE
Mexico -0.04* 0.02 -0.020 0.02 -0.03* 0.01
El Salvador/Guatemala  -0.01 0.05 -0.060 0.04 -0.03 0.03
Age 0.01 0.01 0.000 0.00 0.01+ 0.00
Age-Squared -0.00 0.00 0.000 0.00 -0.00+ 0.00
Married (ref=not) 0.01 0.02 0.020 0.02 0.02 0.01
Trad. State (ref=other)  -0.02 0.02 -0.03+ 0.02 -0.03* 0.01
Years of Education 0.02** 0.00 0.02** 0.00 0.02** 0.00
No English (ref=other) 0.02 0.05 -0.08+ 0.04 -0.03 0.04
Entry into US Labor Market  -0.00 0.00 0.000 0.00 -0.00 0.00
Constant 2.25 5.77 1.67 4.73 2.09 3.51
N 1,020 1,018 2,038
Adjusted R-Squared 0.06 0.05 0.06

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala” is "other"; reference fc
"married"” is "not married"; reference for "traditional state" is "other state"; reference for "no
English" is "other"

Table 5.G15: OLS Regression Results Predicting Log of Working Poor
Composition, U.S.-Born Latinos, Women

Unpooled Pooled
t t,
Coef. SE Coef. SE Coef. SE
Mexico 0.02 0.02 0.000 0.02 001 0.01
El Salvador/Guatemala -0.03 0.04 -0.020 0.04 -0.03 0.03
Age 0.01%** 0.00 0.000 0.00 0.01%** 0.00
Age-Squared -0.00%* 0.00 -0.00* 0.00 -0.00%* 0.00
Married (ref=not) 001 0.02 0.000 0.02 0.00 0.01
Trad. State (ref=other) -0.05%* 0.02 -0.020 0.02 -0.03%* 0.01
Years of Education 0.04%* 0.00 0.03%:* 0.00 0.03%:* 0.00
No English (ref=other) 0.03 0.04 0.010 0.04 0.02 0.03
Entry into US Labor Market 0.00 0.00 -0.01%* 0.00 -0.00* 0.00
Constant -3.16 3.19 12.94%* 3.10 4.13+ 2.17
N 985 972 1,957
Adjusted R-Squared 0.13 0.10 0.11

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"married" is "not married"; reference for "traditional state" is "other state"; reference for "no
English" is "other"
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Table 5.H1: OLS Regression Results Predicting Log of Food Stamp Recipiency
Composition, Legal Status Transitioners (Total Sample)

Unpooled Pooled
t t,
Coef. SE Coef. SE Coef. SE
Mexico -0.01 0.01 -0.010 0.01 -0.00 0.00
El Salvador/Guatemala -0.01 0.01 0.000 0.01 0.00 0.01
Age -0.00 0.00 0.000 0.00 -0.00 0.00
Age-Squared 0.00 0.00 0.000 0.00 0.00 0.00
Female (ref=male) -0.03* 0.01 -0.06%* 0.01 -0.04%* 0.01
Married (ref=not) 0.00 0.01 001+ 0.01 0.01%* 0.00
Trad. State (ref=other) -0.01 0.01 0.000 0.00 -0.01 0.00
Years of Education 0.00%* 0.00 0.00* 0.00 0.00%* 0.00
Female-Educ. Interaction  -0.00 0.00 0.00* 0.00 0.00 0.00
No English (ref=other) -0.02* 0.01 -0.010 0.01 -0.02%* 0.01
Entry into US Labor Market ~ 0.01%* 0.00 0.000 0.00 0.00%* 0.00
Constant -17.64%* 2.71 222 1.86 -7 .12%% 1.64
N 467 479 946
Adjusted R-Squared 0.16 0.16 0.13

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"female" is "male"; reference for "married" is "not married"; reference for "traditional state" is
"other state"; reference for "no English" is "other"

Table 5.H2: OLS Regression Results Predicting Log of Food Stamp Recipienc
Composition, Legal Status Transitioners, Men

Unpooled Pooled
t t,
Coef. SE Coef. SE Coef. SE
Mexico -0.03%* 0.01 0.000 001 001+ 0.01
El Salvador/Guatemala -0.02 0.01 -0.020 0.01 -0.01 0.01
Age -0.01%* 0.00 0.000 0.00 -0.00 0.00
Age-Squared 0.00%* 0.00 0.000 0.00 0.00 0.00
Married (ref=not) 0.00 0.01 0.010 0.01 0.01* 0.01
Trad. State (ref=other) 0.01 0.01 0.000 0.01 0.00 0.01
Years of Education 0.00+ 0.00 0.00* 0.00 0.00* 0.00
No English (ref=other) -0.02 0.01 0.000 0.01 -0.01 0.01
Entry into US Labor Market ~ 0.01%%* 0.00 0.000 0.00 0.00** 0.00
Constant -14.52%* 325 2.08 2.62 -5.88%* 2.11
N 244 248 492
Adjusted R-Squared 0.16 0.01 0.07

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"married" is "not married"; reference for "traditional state" is "other state"; reference for "no
English" is "other"
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Table 5.H3: OLS Regression Results Predicting Log of Food Stamp Recipiency
Composition, Legal Status Transitioners, Women

Unpooled Pooled
t t2
Coef. SE Coef. SE Coef. SE
Mexico 0.01 0.01 -0.010 001 0.01 001
El Salvador/Guatemala 0.00 0.02 0.02+ 001 0.02 0.01
Age -0.00 0.00 0.000 0.00 -0.00 0.00
Age-Squared 0.00 0.00 0.000 0.00 0.00 0.00
Married (ref=not) -0.00 0.01 0.010 0.01 0.01 0.01
Trad. State (ref=other) -0.03* 0.01 -0.010 0.01 -0.02%* 0.01
Years of Education 0.00+ 0.00 0.00%* 0.00 0.00%* 0.00
No English (ref=other) -0.03* 0.02 -0.010 0.01 -0.03%* 0.01
Entry into US Labor Market ~ 0.01%*%* 0.00 0.000 0.00 0.00* 0.00
Constant -18.19%%* 4.40 3.72 2.69 -6.54% 2.57
N 229 231 460
Adjusted R-Squared 0.13 0.17 0.12

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"married" is "not married"; reference for "traditional state" is "other state"; reference for "no
English" is "other"

Table 5.H4: OLS Regression Results Predicting Log of Food Stamp Recipiency
Composition, NIS Continuously Legal (Total Sample)

Unpooled Pooled
t t
Coef. SE Coef. SE Coef. SE
Mexico -0.00 0.01 -0.010 0.01 -0.00 0.01
El Salvador/Guatemala -001 0.01 -0.02* 0.01 -0.02+ 0.01
Age 0.00 0.00 0.000 0.00 0.00 0.00
Age-Squared -0.00 0.00 0.000 0.00 -0.00 0.00
Female (ref=male) -0.05%* 0.02 -0.06%* 0.02 -0.05%* 0.01
Married (ref=not) 0.01 0.01 0.000 0.01 0.00 0.00
Trad. State (ref=other) 0.02* 0.01 0.000 0.01 001+ 0.00
Years of Education 0.00%* 0.00 0.00+ 0.00 0.00% 0.00
Female-Educ. Interaction  -0.00 0.00 0.000 0.00 -0.00 0.00
No English (ref=other) 0.00 0.01 0.02% 0.01 001+ 0.01
Entry into US Labor Market -0.00 0.00 -0.00+ 0.00 -0.00 0.00
Constant 0.09 2.82 4.86+ 2.82 2.17 1.97
N 349 358 707
Adjusted R-Squared 0.24 0.21 0.23

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"female" is "male"; reference for "married" is "not married"; reference for "traditional state" is
"other state"; reference for "no English" is "other"
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Table 5.HS: OLS Regression Results Predicting Log of Food Stamp Recipiency
Composition, NIS Continuously Legal, Men

Unpooled Pooled
t; t2
Coef. SE Coef. SE Coef. SE
Mexico -0.01+ 0.01 -0.010 0.01 -0.01* 0.01
El Salvador/Guatemala  -0.01 0.01 -0.020 0.01 -0.02* 0.01
Age -0.00 0.00 0.000 0.00 -0.00 0.00
Age-Squared 0.00 0.00 0.000 0.00 0.00 0.00
Married (ref=not) 0.00 0.01 0.000 0.01 0.00 0.00
Trad. State (ref=other)  0.01+ 0.01 0.010 0.01 0.01+ 0.00
Years of Education 0.00* 0.00 0.00* 0.00 0.00** 0.00
No English (ref=other) 0.01 0.01 0.010 0.01 0.01+ 0.00
Entry into US Labor Market  -0.00 0.00 0.000 0.00 -0.00 0.00
Constant 2.22 2.19 2.07 241 2.16 1.60
N 212 216 428
Adjusted R-Squared 0.04 0.02 0.05

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala” is "other"; reference fc
"married"” is "not married"; reference for "traditional state" is "other state"; reference for "no
English" is "other"

Table 5.H6: OLS Regression Results Predicting Log of Food Stamp Recipiency
Composition, NIS Continuously Legal, Women

Unpooled Pooled
t ts
Coef. SE Coef. SE Coef. SE
Mexico 0.01 0.02 -0.010 0.02 0.00 0.01
El Salvador/Guatemala -0.00 0.03 -0.04+ 0.03 -0.02 0.02
Age 0.00 0.00 0.000 0.00 0.00 0.00
Age-Squared -0.00 0.00 0.000 0.00 -0.00 0.00
Married (ref=not) 0.01 0.01 0.000 001 0.00 0.01
Trad. State (ref=other) 0.03* 0.01 -0.010 0.01 001 0.01
Years of Education 0.00 0.00 0.000 0.00 0.00 0.00
No English (ref=other) -0.00 0.02 0.03+ 0.02 001 0.01
Entry into US Labor Market 0.00 0.00 -0.010 0.00 -0.00 0.00
Constant -3.19 7.00 10.33 6.69 2.59 4.79
N 140 142 282
Adjusted R-Squared 0.01 0.01 0.01

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"married" is "not married"; reference for "traditional state" is "other state"; reference for "no
English" is "other"



Table 5.H7: OLS Regression Results Predicting Log of Food Stamp Recipiency
Composition, Continuously Unauthorized (Total Sample)

Unpooled Pooled
t t,
Coef. SE Coef. SE Coef. SE
Mexico -0.02+ 0.01 -0.020 0.03 -0.02 0.02
El Salvador/Guatemala -0.01 0.02 0.000 0.05 -0.01 0.03
Age 0.00 0.00 0.000 0.01 0.00 0.00
Age-Squared -0.00 0.00 0.000 0.00 -0.00 0.00
Female (ref=male) -0.04 0.03 -0.050 0.07 -0.05 0.04
Married (ref=not) -0.00 0.01 -0.040 0.02 -0.02 0.01
Trad. State (ref=other) -0.01 0.01 -0.020 0.03 -0.02 0.01
Years of Education 0.00 0.00 0.000 0.00 -0.00 0.00
Female-Educ. Interaction  0.00 0.00 0.000 0.01 0.00 0.00
No English (ref=other) 0.00 0.01 0.020 0.03 0.01 0.01
Entry into US Labor Market -0.00 0.00 0.000 0.00 0.00 0.00
Constant 0.64 1.62 -2.14 4.61 -0.59 2.37
N 462 446 908
Adjusted R-Squared 0.02 0.01 0.01

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"female" is "male"; reference for "married" is "not married"; reference for "traditional state" is
"other state"; reference for "no English" is "other"

Table 5.H8: OLS Regression Results Predicting Log of Food Stamp Recipiency
Composition, Continuously Unauthorized Men

Unpooled Pooled
t ts
Coef. SE Coef. SE Coef. SE
Mexico -0.01 0.01 0.000 0.04 -0.01 0.02
El Salvador/Guatemala -001 0.02 0.020 0.07 0.01 0.03
Age 0.00+ 0.00 0.000 0.01 0.00 0.01
Age-Squared -0.00+ 0.00 0.000 0.00 -0.00 0.00
Married (ref=not) 001 0.01 -0.040 0.03 -0.01 0.02
Trad. State (ref=other) -0.01+ 0.01 -0.030 0.03 -0.02 0.02
Years of Education 0.00 0.00 0.000 0.00 -0.00 0.00
No English (ref=other) 001 0.01 0.020 0.04 001 0.02
Entry into US Labor Market -0.00 0.00 0.000 0.00 0.00 0.00
Constant 048 1.38 -2.69 6.32 -0.71 3.09
N 329 317 646
Adjusted R-Squared 0.02 0.02 0.01

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"married" is "not married"; reference for "traditional state" is "other state"; reference for "no
English" is "other"

20¢



Table 5.H9: OLS Regression Results Predicting Log of Food Stamp Recipiency
Composition, Continuously Unauthorized, Women

Unpooled Pooled
t t,
Coef. SE Coef. SE Coef. SE
Mexico -0.04 0.03 -0.05+ 0.03 -0.04* 0.02
El Salvador/Guatemala -0.02 0.05 -0.040 0.05 -0.03 0.03
Age -0.01 0.01 0.000 0.01 -0.00 0.00
Age-Squared 0.00 0.00 0.000 0.00 0.00 0.00
Married (ref=not) -0.03 0.02 -0.030 0.02 -0.03* 0.02
Trad. State (ref=other) -0.01 0.03 0.000 0.03 -0.01 0.02
Years of Education -0.00 0.00 0.000 0.00 0.00 0.00
No English (ref=other) -0.01 0.03 0.010 0.03 0.00 0.02
Entry into US Labor Market 0.00 0.00 0.000 0.00 0.00 0.00
Constant -0.33 457 -1.21 4.49 -0.89 3.13
N 133 129 262
Adjusted R-Squared 0.03 0.01 0.01

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"married" is "not married"; reference for "traditional state" is "other state"; reference for "no
English" is "other"

Table 5.H10: OLS Regression Results Predicting Log of Food Stamp Recipiency
Composition, SIPP Continuously Legal (Total Sample)

Unpooled Pooled
t t,
Coef. SE Coef. SE Coef. SE
Mexico -0.02%3* 0.01 -0.02%* 0.01 -0.02%* 0.01
El Salvador/Guatemala -0.01 0.01 0.000 0.02 -0.01 0.01
Age -0.00 0.00 0.000 0.00 -0.00 0.00
Age-Squared 0.00 0.00 0.000 0.00 -0.00 0.00
Female (ref=male) -0.03 0.02 0.010 0.03 -0.01 0.02
Married (ref=not) -0.00 0.01 0.010 0.01 0.00 0.01
Trad. State (ref=other) -0.01 0.01 -0.010 0.01 -0.01 0.01
Years of Education 0.00%* 0.00 0.00* 0.00 0.00%** 0.00
Female-Educ. Interaction ~ 0.00 0.00 0.000 0.00 -0.00 0.00
No English (ref=other) -0.00 0.01 -0.020 0.02 -0.01 0.01
Entry into US Labor Market -0.00 0.00 -0.00%* 0.00 -0.00%** 0.00
Constant 0.72 0.98 4.80%* 1.46 2.60%* 0.87
N 1,813 1,822 3,635
Adjusted R-Squared 0.03 0.02 0.02

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"female" is "male"; reference for "married" is "not married"; reference for "traditional state" is
"other state"; reference for "no English" is "other"



Table 5.H11: OLS Regression Results Predicting Log of Food Stamp Recipiency
Composition, SIPP Continuously Legal, Men

Unpooled Pooled
t t,
Coef. SE Coef. SE Coef. SE
Mexico -0.02+ 0.01 -0.04* 0.02 -0.03%* 0.01
El Salvador/Guatemala -0.00 0.02 0.000 0.03 -0.00 0.02
Age 0.00 0.00 0.000 0.00 -0.00 0.00
Age-Squared -0.00 0.00 0.000 0.00 -0.00 0.00
Married (ref=not) -0.00 0.01 0.030 0.02 001 0.01
Trad. State (ref=other) -0.01 0.01 -0.020 0.02 -0.01 0.01
Years of Education 0.00%* 0.00 0.000 0.00 0.00%* 0.00
No English (ref=other) -0.01 0.02 -0.020 0.03 -0.02 0.02
Entry into US Labor Market 0.00 0.00 -0.00%* 0.00 -0.00* 0.00
Constant -0.69 1.55 7.69%* 2.55 331* 1.48
N 1,048 1,061 2,109
Adjusted R-Squared 0.02 0.02 0.01

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"married" is "not married"; reference for "traditional state" is "other state"; reference for "no
English" is "other"

Table 5.H12: OLS Regression Results Predicting Log of Food Stamp Recipiency
Composition, SIPP Continuously Legal, Women

Unpooled Pooled
t; t2
Coef. SE Coef. SE Coef. SE
Mexico -0.02** 0.01 -0.010 0.01 -0.01** 0.00
El Salvador/Guatemala  -0.02 0.01 0.000 0.01 -0.01 0.01
Age -0.00 0.00 0.00+ 0.00 -0.00 0.00
Age-Squared 0.00 0.00 -0.00+ 0.00 -0.00 0.00
Married (ref=not) -0.01 0.01 0.000 0.00 -0.00 0.00
Trad. State (ref=other)  -0.01 0.01 0.000 0.01 -0.01 0.00
Years of Education 0.00** 0.00 0.00** 0.00 0.00** 0.00
No English (ref=other) 0.00 0.01 -0.010 0.01 -0.00 0.01
Entry into US Labor Market  -0.00* 0.00 -0.00* 0.00 -0.00** 0.00
Constant 2.49* 1.04 1.37* 0.69 1.68** 0.62
N 765 761 1,526
Adjusted R-Squared 0.07 0.07 0.06

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala” is "other"; reference fc
"married"” is "not married"; reference for "traditional state" is "other state"; reference for "no
English" is "other"
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Table 5.H13: OLS Regression Results Predicting Log of Food Stamp Recipien
Composition, U.S.-Born Latinos (Total Sample)

Unpooled Pooled
t ts
Coef. SE Coef. SE Coef. SE
Mexico -0.01 0.01 0.000 0.00 -0.01+ 0.00
El Salvador/Guatemala -0.02 0.01 -0.02%* 0.01 -0.02* 0.01
Age 0.00 0.00 0.000 0.00 0.00 0.00
Age-Squared -0.00 0.00 0.000 0.00 -0.00 0.00
Female (ref=male) -0.14%* 0.03 -0.08%* 0.02 -0.171%: 0.02
Married (ref=not) 0.01 0.01 0.000 0.00 001+ 0.00
Trad. State (ref=other) 0.00 0.01 0.000 0.00 0.00 0.00
Years of Education 0.00* 0.00 0.00%* 0.00 0.00%: 0.00
Female-Educ. Interaction  0.01%%* 0.00 0.00** 0.00 0.01%* 0.00
No English (ref=other) 0.01 0.02 0.010 0.01 0.01 0.01
Entry into US Labor Market 0.00+ 0.00 0.000 0.00 0.00 0.00
Constant 257+ 1.37 0.42 0.74 -1.32+ 0.75
N 1,974 1,978 3,952
Adjusted R-Squared 0.04 0.08 0.05

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"female" is "male"; reference for "married" is "not married"; reference for "traditional state" is
"other state"; reference for "no English" is "other"

Table 5.H14: OLS Regression Results Predicting Log of Food Stamp Recipiency
Composition, U.S.-Born Latinos, Men

Unpooled Pooled
t t,
Coef. SE Coef. SE Coef. SE
Mexico -0.01%* 0.00 -0.01%* 0.00 -0.01** 0.00
El Salvador/Guatemala -0.01* 0.01 -0.02%* 0.01 -0.02%* 0.00
Age 0.00** 0.00 0.000 0.00 0.00%* 0.00
Age-Squared -0.00%* 0.00 0.000 0.00 -0.00%** 0.00
Married (ref=not) -0.00 0.00 0.000 0.00 -0.00 0.00
Trad. State (ref=other) -0.00 0.00 0.000 0.00 0.00 0.00
Years of Education 0.00** 0.00 0.00** 0.00 0.00%* 0.00
No English (ref=other) -0.00 0.01 0.000 0.01 -0.00 0.01
Entry into US Labor Market 0.00 0.00 0.000 0.00 -0.00 0.00
Constant -0.35 0.87 0.92 0.84 -0.00 0.57
N 1,020 1,018 2,038
Adjusted R-Squared 0.07 0.07 0.07

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)

Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for
"married" is "not married"; reference for "traditional state" is "other state"; reference for "no
English" is "other"
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Table 5.H15: OLS Regression Results Predicting Log of Food Stamp Recipiency
Composition, U.S.-Born Latinos, Women

Unpooled Pooled
t ts
Coef. SE Coef. SE Coef. SE
Mexico -0.01 0.01 0.000 0.01 -0.00 0.01
El Salvador/Guatemala -0.02 0.03 -0.03+ 0.01 -0.02 0.02
Age -0.00 0.00 0.000 0.00 0.00 0.00
Age-Squared 0.00 0.00 0.000 0.00 0.00 0.00
Married (ref=not) 0.02+ 0.01 0.000 0.01 001* 0.01
Trad. State (ref=other) 0.00 0.01 0.000 0.01 -0.00 0.01
Years of Education 0.01%* 0.00 0.01%* 0.00 0.01%** 0.00
No English (ref=other) 0.03 0.03 0.020 0.02 0.02 0.02
Entry into US Labor Market 0.00 0.00 0.000 0.00 0.00 0.00
Constant -3.62 232 0.05 1.16 -2.07 1.26
N 985 972 1,957
Adjusted R-Squared 0.03 0.06 0.04

+ p<.10; * p<.05; ** p<.01 (two-tailed tests)
Note: Reference category for "Mexico" and "El Salvador/Guatemala" is "other"; reference for

"married" is "not married"; reference for "traditional state" is "other state"; reference for "no
English" is "other"



