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Introduction  

Organizational Context 

The Institute for Corporate Productivity (i4cp) is a well-established research organization 

dedicated to discovering and advancing the “people practices” that drive high performance in 

organizations. Operating with a small but skilled team of 50 and headquartered in Seattle, i4cp 

focuses on productivity and performance improvement, and provides its members with research 

and tools to build a more effective workforce. i4cp has been recognized seven times by the Inc. 

5000 as one of the fastest-growing private companies and has seen its community double since 

the pandemic (Samdahl, 2023). In its own words,  

“Our purpose is to discover and advance Next Practices in human capital. We 

produce more research than any other human capital research firm in the world, and 

many of the world’s most prominent organizations and HR leaders turn to i4cp to better 

capitalize on HR best practices and emerging workforce trends. Supported by a powerful 

community of human capital practitioners, we provide HR research and insights that help 

organizations better anticipate, adapt, and act in a constantly changing business 

environment” (Institute for Corporate Productivity, n.d). 

As such, i4cp stands at the forefront of redefining workforce strategies, championing the 

integration of innovative practices and technologies to enhance organizational productivity and 

employee well-being. Its influence extends to shaping policy, guiding corporate decisions, and 

enriching the discussion on the future of work (Samdahl, 2023). i4cp's focus also extends beyond 

conventional HR paradigms, delving into areas that intersect with trends in the workforce. Key 
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among these is the exploration of technological advancements, particularly the integration and 

implications of Artificial Intelligence (AI) in the workplace.  

To accomplish this, i4cp is comprised of a diverse team of researchers, analysts, and 

industry experts who collaborate to produce data-driven insights and actionable 

recommendations. The organization operates on a membership model by offering access to its 

extensive research library, peer network, and exclusive events. Members typically include senior 

HR and business leaders from a wide range of industries who are committed to leveraging 

human capital to achieve desired business outcomes. Key components of its strategy, as cited on 

their website (Institute for Corporate Productivity, n.d) include: 

1. Research Excellence: Conducting extensive and rigorous research to identify the 

workforce practices that correlate with high performance. 

2. Member Engagement: Building a strong community of members who actively 

participate in research studies and discussions, fostering a collaborative environment for 

knowledge sharing. 

3. Practical Application: Translating research findings into actionable insights and tools 

that members can use to implement effective people practices within their organizations. 

4. Continuous Improvement: Regularly updating and refining its research methodologies 

and offerings to stay at the forefront of HR and business performance trends. 

Organizational Focus  

Rooted in the research that i4cp has performed over the years, the organization focuses on the 

following areas, as cited on their site (Institute for Corporate Productivity, n.d), that are critical 

for success:  
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1. Talent Acquisition and Management: Identifying best practices for attracting, 

developing, and retaining top talent. 

2. Leadership Development: Exploring strategies for cultivating effective leaders who can 

drive organizational performance. 

3. Employee Engagement and Retention: Understanding the drivers of employee 

engagement and developing methods to enhance workforce satisfaction and loyalty. 

4. Diversity, Equity, and Inclusion (DEI): Promoting inclusive practices that foster a 

diverse and equitable workplace. 

5. Learning and Development: Enhancing organizational learning capabilities to ensure 

continuous skill development and adaptability. 

6. Workforce Analytics: Leveraging data and analytics to make informed decisions about 

human capital management.  

Organizational Stakeholders 

 Key stakeholders for this capstone include K.O., Co-founder and CEO, and J.J., Co-

founder and Futurist at i4cp. Our primary points of contact within the organization include Dr. 

K.B, Senior Research Analyst, and J.A., Director of Research Enablement. We originally 

approached our partner organization with a general interest in the relationship between 

generative AI and the field of Human Resources & Talent. Through our various meetings, we 

identified a problem of practice that piqued our collective interest. Our capstone team, made up 

of two talent practitioners, identified an emerging concern amongst our peers: Companies are 

predicting productivity gains from generative AI tools without fully understanding the mindsets 
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needed for successful adoption by employees. Our partner organization agreed that this is a 

sorely unaddressed problem area, and we set out to understand what research has been done to 

date in this area.  

Narrowing Down Improvement Area 

 Through research and the experiences within our own respective organizations driving 

the adoption of generative AI tools, both i4cp and the capstone team saw an opportunity to 

further narrow the problem area. Increasingly, organizations are unclear on the best 

communication strategies to drive the adoption of AI. From i4cp’s perspective, this is becoming 

a critical problem area that is hindering the success of AI adoption. To address these concerns, 

our stakeholders have a desire to better understand effective communication strategies, framed in 

their “Nine AI Innovator Practices that Every Organization Should Follow” (Figure 1, i4cp, 

2023). Specifically, there is an opportunity to create a list of actionable recommendations to 

drive the adoption of generative AI under the third practice, “Openly communicate about 

generative AI to reduce fear and uncertainty.” These insights would prove invaluable as this is 

the framework that they are utilizing with their clients to support the adoption of AI, and the 

feedback has consistently highlighted this as one of the most challenging elements of adoption 

(J. Albers, personal communication, December 12, 2023). These insights may also have utility 

within i4cp as they are not immune to the challenges of adoption of AI tools.  

Figure 1: Nine AI Innovator Practices that Every Organization Should Follow (i4cp, 2023) 
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Problem of Practice 

The purpose of this capstone is to address a critical challenge identified by i4cp: 

companies may be overestimating productivity gains from generative AI without adequately 

understanding the necessary communication to support employee adoption. To address this issue, 

our capstone project aims to develop actionable recommendations for effective communication 

strategies that support the adoption of generative AI. These strategies will be framed within 

i4cp’s “Nine AI Innovator Practices that Every Organization Should Follow,” with a specific 

focus on the third practice: “Openly communicate about generative AI to reduce fear and 

uncertainty.” By doing so, we seek to provide i4cp and its member organizations with the tools 

necessary to foster a culture of openness and understanding around generative AI, thereby 

facilitating smoother and more effective adoption processes. Additionally, the insights gained 

will not only address the immediate concerns of i4cp's members but will also contribute to the 
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broader discourse on the future of work and the role of generative AI in shaping organizational 

success. 

Research from Ernst & Young (EY) highlights that the anticipated productivity 

improvements from generative AI are contingent on substantial changes in workforce training 

and communication. Many employees feel that they lack the necessary knowledge and support to 

effectively utilize generative AI tools, which hampers their ability to achieve the expected 

productivity gains (Boussour, 2024). While i4cp's research highlights 9 Next Practices, including 

the need to “openly communicate about generative AI to reduce fear and uncertainty," it lacks 

detailed guidance on effective communication strategies. Our project aims to fill this gap by 

developing recommendations that help organizations communicate authentically and effectively, 

considering employees' perceived threats and concerns about generative AI. The findings will 

provide i4cp with additional guidance to leverage with their expanding client base and within 

their own organization as well.  

First, we need to define generative AI, which is a branch of artificial intelligence that is 

designed to create new content rather than simply analyzing existing data. Unlike traditional AI 

models that predict outcomes based on past data, generative AI models create new content based 

on their training data. For example, they can write text, create images, compose music, or even 

develop scientific data. This technology isn't entirely new and builds on over 50 years of 

research and computational advances. Early generative models, like Markov chains, were used 

for simpler tasks like predicting the next word in a sentence. However, recent developments in 

models such as Generative Adversarial Networks (GANs), diffusion models, and transformers 

have greatly enhanced the complexity and capability of generative AI, thereby allowing it to 
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produce highly realistic and diverse outputs (Isola et al, 2023). Why does this problem of 

practice matter? The first thing to consider is the growing importance of AI in fields across the 

business landscape. Given how rapidly it is transforming industries, it is critical to grasp if the 

organization shares this vision for successful implementation and competitive growth. 

PricewaterhouseCoopers International Limited (PwC) estimates that AI could contribute up to 

$15.7 trillion to the global economy by 2030. This highlights that understanding these adoption 

dynamics is not just a technological concern, but an economic imperative (PwC, 2023).  

Based on this, a huge shift in investment priorities is expected among business leaders. 

According to a recent survey, 71% of leaders plan to increase their company’s tech investments 

in 2024, a notable rise from 60% in 2023. AI and generative AI have emerged as top strategic 

priorities, with 89% of executives ranking them among their top three tech priorities for the 

coming year. Furthermore, 54% of leaders anticipate that AI will deliver cost savings in 2024, 

with about half of these leaders expecting savings to exceed 10% (Boston Consulting Group, 

2024).  

As much as generative AI and automation are increasingly common in most industries, 

the type of skills required for many jobs is also changing. One concern is that employees who 

don’t embrace generative AI may see their skills become irrelevant, making them less 

competitive in the job market (Hupfer, 2020). 71% of AI adopters say that their company’s job 

roles and skills necessary have already changed, and 82% expect much or moderate change 

shortly. Generative AI and automation promise to improve efficiency with both repetitive and 

complex tasks. Moreover, employees who do not learn to interact with such technology may be 

affected by increased job disruptions due to changing telemetry and measurement. It may lead to 

a significant difference between employees who are AI adopters and resistors (Hupfer, 2020). 



Addressing Uncertainty and Fostering Adoption of Generative AI 

13 

 

Further highlighting the productivity gaps between adopters and non-adopters, research by the 

National Bureau of Economic Research (NBER) reports a nearly 14% increase in productivity 

among customer support agents using generative AI tools, with the largest gains (35%) observed 

among the least skilled and least experienced workers (Brynjolfsson et al., 2023). Research out 

of MIT Sloan boasts an even higher estimate, claiming the use of generative AI can improve a 

worker’s performance by as much as 40% compared with workers who do not use it (Somers, 

2023). If realized, these productivity gains have the potential to trigger huge disruptions across 

industries.  

The rapid expansion of generative AI across various sectors has also led to a notable 

disparity in attitudes toward this technology. A study from the Boston Consulting Group 

highlights a disparity in optimism towards AI between leaders and frontline staff (62% vs. 42%), 

and between regular users and non-users of generative AI tools (62% vs. 36%) (Beauchene et al., 

2023). A BCG survey of 1400 C-Suite executives in 50 markets further revealed that 66% of 

leaders are ambivalent or dissatisfied with the progress their companies have made (Boston 

Consulting Group, 2024). The dichotomy raises critical questions about the factors influencing 

the initial adoption of AI technologies within organizations. Understanding these factors is 

imperative to facilitating smoother integration of AI into business practices and maximizing its 

potential benefits. Different people are likely to have different perceptions of the usefulness and 

ease of using technologies, which can affect their attitudes towards the tools of generative AI 

(Greenfield & Rodhe, 2009).  

This misalignment suggests that for-profit technology companies may be overestimating 

productivity gains from generative AI without a deep understanding of the attitudes necessary for 

its successful implementation. Organizations have a critical opportunity to bridge this gap by 
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comprehensively understanding the dominant sentiments towards generative AI among various 

user groups within organizations, thereby facilitating a more cohesive and clear communication 

strategy to help transition from AI Enquirers to AI Innovators. These opportunities will be 

explored in more detail in the literature review.  

Literature Review  

Despite its relative infancy as an emerging technology, several studies have begun to 

investigate potential strategies for enhancing AI adoption and utilization. These strategies focus 

on addressing obstacles to both individual and organizational readiness, as well as specific 

strategies to drive the adoption of AI. A multifaceted approach is required, which extends 

beyond the financial business case for utilization and incorporates human-centered perspectives 

on technology and its role at work. 

Individual Readiness  

Resistance & Fear  

The resistance of employees toward AI adoption is explored by Hussain (2024) and De 

Freitas et al. (2023), offering complementary perspectives on the issue. Hussain (2024) 

categorizes employee fears into "The Fearful Five": fear of job loss, loss of control, identity 

crisis, learning curve challenges, and trust issues. These fears represent surface-level resistance. 

Hussain also identifies deeper motives that exacerbate these fears, such as protecting established 

power dynamics, engaging in passive-aggressive sabotage, exposing perceived flaws in 

leadership, and a sense of cynicism stemming from past failures. These additional motives add 
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layers of complexity to the adoption process, necessitating a strategic approach to manage them 

effectively. 

Resistance can be categorized into five distinct areas: opacity, emotionlessness, rigidity, 

autonomy, and group membership (De Freitas et al., 2023). These categories highlight how 

resistance is not only a reaction to the technological aspects of AI but is also deeply influenced 

by cognitive processes and user perceptions. Opacity refers to the lack of transparency in AI 

systems, which can lead to distrust and uncertainty. Emotionlessness and rigidity address 

concerns about AI's inability to exhibit human-like emotional intelligence and adaptability. 

Autonomy speaks to fears regarding the loss of human control over decisions, while group 

membership emphasizes the social dynamics and identity aspects affected by AI integration. But 

this must be carefully planned and implemented since interventions aimed at overcoming 

resistance can also carry potential risks, inadvertently increasing resistance or introducing new 

challenges. De Freitas et al. (2023) highlight that interventions aimed at improving AI 

acceptance often focus on enhancing the explainability and transparency of AI systems. For 

instance, research indicates that users are more likely to engage with AI tools that provide clear 

explanations of their functioning and decision-making processes. However, the effectiveness of 

these explanations varies significantly depending on how well they align with user expectations 

and the perceived complexity of the task at hand. Simplistic explanations may fail to satisfy 

users, thereby leading to increased skepticism and resistance (De Freitas et al., 2023).  

Training and Enablement  

The integration of AI into business processes requires employees to adapt to and 

understand AI capabilities and as such, AI literacy and skills development among the workforce 
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is highlighted as important to achieving this. While AI solutions enhance decision-making and 

productivity, their successful adoption centers on employees' ability to trust and effectively use 

these technologies, requiring training programs and initiatives that drive AI competency and 

confidence within the organization (Kar et al., 2021). If companies invest in capital and 

education before using AI technologies, corporate users will find these AI tools more useful and 

easier to use (Na et al., 2023). Further research highlights similar insights, arguing that 

facilitating conditions, such as the availability of resources and support for using AI, were found 

to positively influence performance expectancy and effort expectancy (Schulz et al., 2023). 

Molino et al (2021) found a positive association between personal resilience, opportunities for 

information and training provided by the organization, in technology acceptance among both 

white-collar and blue-collar workers. This reveals that both personal resilience and 

organizational support in terms of information and training are critical factors in fostering 

acceptance and trust in new technologies among employees. In fact, training and trust are often 

intertwined. Schulz et al (2023) underscores the importance of targeted educational and training 

approaches that focus on building trust and positive beliefs about AI among clinicians. 

Experiential learning and exposure to AI tools, guided by trusted professional sources, can 

enhance AI acceptance. An interesting dimension is that contrary to findings in prior waves of 

computerization, which often found that technological advancements disproportionately 

benefited high-skilled workers, the benefits of generative AI assistance accrue more to less-

experienced and lower-skilled workers (Brynjolfsson et al, 2023). But while there is a recognized 

need for training and upskilling to adapt to the new era AI introduces, only a small fraction of 

employees has received such training. Specifically, 44% of leaders report receiving AI-related 

training compared to only 14% of frontline employees (Beauchene et al., 2023). 
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Manager Attitudes Towards AI 

Since managers are so important to the readiness of the individual on their teams and are 

themselves a population that also requires support on the generative AI journey, it’s important to 

gain specific insight into this population. Rooted in the AI Acceptance-Avoidance Model 

(IAAAM), a study found that managers’ fears about their well-being and development prospects 

play an important role in shaping their own attitudes towards AI (Cao et al., 2023). As a result, 

that fear can affect their willingness to incorporate AI into decision-making. When added to 

other threats which might include the potential for AI to lead to poor decision outcomes, it can 

lead to a more cautious stance towards the adoption of AI technologies. Research has found that 

while such perceived threats adversely affect attitudes towards AI, they do not directly lower 

managers' intentions to use AI (Cao et al., 2023). Instead, a manager's attitude towards AI, which 

can be molded by their expectations of performance improvement, ease of use, personal 

concerns, and perceived risks, does emerge as a key determinant of their likelihood to engage 

with AI tools. Among these factors, performance expectancy, or the belief that AI will bolster 

job performance, stands out as a positive influence of the inclination to use AI and the overall 

sentiment towards it. On the other hand, while the ease of AI usage shapes attitudes, it does not 

have a straightforward impact on the usage intentions. This underscores the importance of 

addressing managers' personal concerns and enhancing their perceptions of AI's benefits to foster 

a conducive environment for AI adoption in organizational decision-making processes (Cao et 

al., 2023).  
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Organizational Readiness  

Aligning to Organizational Strategy  

Organizations must be conscious of technological readiness involving not only investing 

in new tools but also in integrating these tools into the business process and aligning these with 

organizational goals (Guenole et al., 2018). To facilitate AI integration, we consider how 

organizations and leaders fulfill their critical roles by facilitating cooperation among teams, 

making provisions for investment in artificial intelligence, thus ensuring that such strategies are 

completely intertwined with corporate transformation. Successful companies distinguish 

themselves through specific organizational behaviors. As described by Guenole et al. (2018), 

these behaviors include integrating AI strategies within their business objectives, demonstrating 

a willingness to take risks on AI projects that boost revenue rather than merely reducing costs. 

Critical is the alignment of AI production with its consumption. This is achieved through 

cooperation between business owners, process owners, and AI experts. The investment in AI 

goes well beyond technology itself, covering AI talent and the necessary process changes to 

drive success. The importance of being ready and aligned organizationally cannot be overlooked 

(Ransbotham, 2019). Further evidence of this can be found in an empirical study involving 1,130 

employees, where the impact of both encouraging and discouraging factors on the adoption 

decision process was explored (Pillai et al., 2024). The findings suggest that for organizations to 

effectively harness AI for employee experience (i.e. chatbot (EEX) improvements), integrating 

the AI strategy with overarching corporate objectives is crucial to success (Pillai et al., 2024).  
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Leadership Support 

Shang et al. (2023) propose that leaders play a critical role in driving the adoption of AI 

in organizations by setting the direction and creating an environment that supports innovation 

and technological advancement. The most significant drivers of AI adoption in project 

management include strong support from top management and organizational readiness (Shang 

et al., 2023). Top management support is crucial because it involves decision-makers who 

allocate resources, define strategic priorities, and foster a culture that embraces change. 

Organizational readiness, which encompasses the availability of technology, skills, and other 

resources, also significantly influences the successful integration of AI. Leaders who prioritize 

AI initiatives and provide the necessary resources and training can mitigate barriers such as high 

implementation costs and a lack of skilled employees (Shang et al., 2023). Furthermore, the 

absence of top-down support is identified as one of the main obstacles to AI adoption, 

highlighting the importance of leadership in facilitating this transition. Considering this, leaders 

must actively champion AI adoption, ensuring the organization is equipped to leverage AI 

technologies to enhance productivity and efficiency (Shang et al., 2023). They must also actively 

support the change management process and ensure transparent communication regarding the 

value and impact of AI on organizational goals and employee roles (Kar et al., 2021). Finally, 

there must be encouragement and safety to encourage an environment where innovation can be 

embraced among workers (Naqbi et al., 2024).  
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Strategies for Enhancing AI Adoption and Utilization 

Ease of Use & Personalization  

Drivers that would influence employees’ adoption were also explored in the EEX study 

(Pillai et al., 2024). Those drivers included interactivity, personalization, perceived intelligence, 

and perceived anthropomorphism that led to a positive correlation of an employee’s attitude to 

AI chatbot acceptance. This shows the potential of AI providing more user-friendly and 

personalized experiences. When they are not provided, there is a reduction in enthusiasm. 

However, challenges such as perceived risks, language barriers, and technological anxiety 

present substantial obstacles, reducing enthusiasm and adoption rates (Pillai et al., 2024)  

There are some differences in the adoption of AI technologies or products that can be 

observed by the company size: organizational competence, which encompasses the company’s 

structure, culture, and support, may explain such differences, particularly where large companies 

can afford tailored and more personalized AI solutions (Na et al., 2023). 

Targeted AI Use  

AI should be implemented in specific areas where it can provide the most benefit, rather 

than attempting to integrate it into every aspect of the organization. In one study, a significant 

increase in performance was observed when generative AI was utilized for tasks within its 

competence, particularly creative product innovation. About 90% of participants improved their 

performance by approximately 40% compared to those who worked without GPT-4. However, 

when generative AI was applied to tasks beyond its current capabilities, such as business 

problem-solving, participants' performance decreased by 23% compared to those who did not use 

the tool (Candelon et al., 2023). In fact, targeted implementation of AI can greatly enhance 

organizational performance when applied to areas where it can provide the most benefit. For 
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instance, AI has shown significant improvements in specific fields such as medical diagnostics 

and public health. Studies have demonstrated that AI systems can outperform human 

professionals in tasks like breast cancer diagnosis and skin cancer detection, which underscores 

the importance of applying AI where it has clear strengths (Fisher & Rosella, 2022).  

Peer Influence 

 Peer influence provides another interesting dimension to organizational readiness, 

shaping both individual attitudes and collective behaviors towards technology adoption. 

According to Bansal et al. (2019), societal and peer influences are significant factors in the 

adoption of generative AI among Generation Z in China. They found that peers' positive attitudes 

and endorsements can significantly reduce uncertainties and shape perceptions, making 

individuals more likely to adopt new technologies. This phenomenon is critical because 

Generation Z is particularly receptive to the opinions and behaviors of their peers, which can 

either accelerate or impede the adoption process. There is further evidence that in organizational 

settings, peer feedback and collective attitudes significantly impact the adoption of generative 

AI. Their study reveals that when peers endorse and share positive experiences with AI tools, it 

creates a ripple effect that accelerates acceptance and integration. This peer-driven acceptance is 

crucial for overcoming initial resistance and skepticism and ensuring smooth transitions to new 

technologies. Moreover, the shared experiences among peers help in building a collective 

understanding and knowledge base, which is essential for effective AI implementation (Batra et 

al., 2023). 
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Differentiated Approaches  

Demographic factors, prior experiences with technology, concerns about privacy and 

algorithmic bias, and the potential applications of AI across various sectors can affect the support 

for or opposition to AI adoption. When studying local officials in the United States who were 

instrumental in making decisions about the regulation and implementation of AI technologies in 

their jurisdiction, findings included that the explanatory logic used by respondents varied based 

on gender and prior experience with AI (Horowitz & Khan, 2021). This indicates that personal 

and demographic factors play a role in how individuals conceptualize and evaluate AI 

technologies. Local officials also showed larger levels of support for autonomous vehicles 

compared to autonomous surgery. This indicates a differentiated approach to various AI 

applications, likely influenced by perceived benefits, safety concerns, and familiarity with the 

technologies. Additionally, those expressing greater opposition to AI adoption were more 

concerned about privacy and information trade-offs and bias in algorithms. These concerns 

highlight significant ethical and societal considerations that need to be addressed in the 

development and implementation of AI technologies (Horowitz & Khan, 2021). A one-size fits 

all approach may not yield the results needed to drive AI adoption.  

Addressing Ethical Concerns 

The idea of regional or geographical disparities was also highlighted in the context of 

ethical concerns. In research studying HR specifically, it was found that AI can breed workforce 

anxiety over potential job displacement and ethical issues, particularly discrimination concerns. 

Notably, there were regional disparities in AI adoption and trust, with the U.S. exhibiting lower 

trust levels due to data privacy concerns and government distrust. In contrast, first-world 
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countries and the UK, actively pursuing AI advancements, demonstrate varying degrees of 

optimism and regulatory approaches, such as the EU's AI Act. The review concludes that for AI 

to be effectively integrated into HR and beyond, there must be a concerted focus on ethical 

standards, educational initiatives to demystify AI, and a commitment to ensuring AI's alignment 

with human values and diversity (Helfrich, 2023). This approach is crucial to foster trust and 

prevent the potential demonization of AI in professional and social spheres. For AI to be 

effectively integrated, there must be a concerted focus on ethical standards and a commitment to 

ensuring AI's alignment with human values and diversity. This approach is crucial to foster trust 

and prevent the potential demonization of AI in professional and social spheres (Helfrich, 2023).  

Framing a Worker-Centered Approach 

Murphy & Largacha-Martínez (2023) explore phenomenology, particularly through the 

lens of the "life world," to anchor technology in human needs and values. The emphasis is that 

technology, including AI, should be designed in ways that support the human aspects of work 

rather than undermining them. This perspective champions a worker-centered design approach in 

technology deployment, where employees actively participate in shaping AI integration into their 

work processes. Moreover, shifting towards fostering participation and dialogue about AI's role 

and impact by creating inclusive platforms for employee involvement in technological decision-

making. It examines the dominance of technological rationale that often emphasizes efficiency 

and profitability at the human values' expense, advocating for a reevaluation of this to 

acknowledge technology as one of many forms of reason that come from human action. This is 

bolstered by Schutz et al (2023), who advocate for the development of AI applications to involve 

human-centered approaches that consider clinicians' needs and perspectives. This involvement 

can help ensure the tools are trusted and ultimately accepted by medical practitioners. 
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Communication Strategies for Organizations and Leaders 

The examination of attitudes towards generative AI adoption provides a critical 

foundation for understanding the barriers and facilitators of this emerging technology. However, 

understanding these attitudes alone is not sufficient to drive successful implementation since 

action must be taken on those insights to push change forward. Because of this, we must also 

consider how the components of fostering AI adoption lie in the specific communication 

strategies employed by organizations and their leaders. Effective communication is key to 

bridging the gap between technological potential and practical integration, addressing fears, 

enhancing understanding, and fostering a supportive environment for change. This section will 

review literature focused on communication strategies that can support technology adoption, 

particularly within organizational settings. 

Understanding the Role of Leadership in Communication 

Leadership communication plays a pivotal role in shaping organizational culture and 

influencing employee attitudes toward AI. Effective leaders use communication to articulate a 

clear vision, align AI initiatives with organizational goals, and address employee concerns along 

the way. Transformational leadership, characterized by inspiring and motivating employees, is 

particularly effective in promoting AI adoption (Henke, 2024). Bernard Bass, a key figure in 

developing the concept of transformational leadership, identified several core components that 

can influence the successful integration of AI technologies. Bass's framework includes 

inspirational motivation, intellectual stimulation, individualized consideration, and idealized 

influence, all of which are crucial for driving organizational change and fostering an 

environment conducive to driving change and adoption.  
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Crafting Clear and Consistent Messaging 

In line with inspirational motivation, which states that leaders must inspire vision, 

communicate enthusiasm, and foster purpose (Bass, 1985), leaders must communicate a vision 

that highlights the transformative potential of AI in enhancing business processes and driving 

innovation. This vision should align with the organization's strategic goals and be communicated 

consistently across all levels of the organization. By doing so, leaders can generate enthusiasm 

and commitment among employees, reducing resistance and fostering a positive attitude towards 

AI adoption (Henke, 2024). Clear and consistent messaging is essential for effective 

communication about AI adoption. If leaders don’t ensure that their messages are coherent and 

aligned with the organization's strategic objectives, it can lead to confusion and mistrust among 

employees, undermining efforts to promote AI adoption (Zerfass & Brockhaus, 2023). Leaders 

should focus on communicating the purpose and benefits of AI initiatives in a way that resonates 

with employees' values and concerns. In addition, framing AI as a tool that augments human 

capabilities rather than replacing them can alleviate fears and promote a more receptive attitude 

toward AI (Sundar & Lee, 2022).  

Engaging Employees through Participatory Communication 

Engaging employees in the communication process is critical for fostering a sense of 

ownership and commitment to generative AI initiatives. Participatory communication requires 

actively involving employees in discussions about AI adoption and seeking their input to address 

concerns. Organizations that adopt a participatory approach to communication are more 

successful in implementing technological changes (Zerfass & Brockhaus, 2023). One effective 

strategy for engaging employees is through the use of focus groups, town hall meetings, 
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interactive workshops and case studies. These platforms provide opportunities for employees to 

voice their opinions and share their experiences with others. Organizations that facilitate open 

dialogues about AI experience higher levels of employee engagement and acceptance (Gerlich, 

2023).  

Leveraging Change Champions and Influencers 

Another strategy that can support communication is to leverage change champions and 

influencers within the organization. Change champions are individuals who are enthusiastic 

about a topic and can influence their peers through their positive attitudes and behaviors. They 

can play a crucial role in diffusing innovation and promoting positive attitudes toward 

technological change if empowered (Gill, 2003). Organizations can empower change champions 

by providing them with the necessary training and resources to advocate for change. Another 

role they can play is being able to serve as role models and help address any misconceptions or 

fears among their colleagues. Finally, involving change champions in the communication 

strategy ensures that messages are delivered through trusted sources, increasing their credibility 

and impact (Santos et al., 2022).  

Conclusion 

Drawing from this research on the challenges and strategies for AI adoption, it's evident 

that a holistic approach is necessary and that having a robust communication strategy is key. This 

means addressing not just the technological and financial aspects but also incorporating human-

centered perspectives, considering individual and organizational readiness, training and 

enablement, peer influence and the vital role of the organization's overarching communication 
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strategy. As we delve into the next section, we'll explore the conceptual frameworks that can 

help us navigate these complex dynamics. These frameworks can provide a structured way to 

examine the interactions between technology, individuals, and organizations, offering practical 

insights to enhance the adoption and use of generative AI in the workplace. 

Conceptual Framework  

 

AI acceptance-avoidance model (IAAAM) 

 

 With the goal of enhancing i4cp’s third practice, “Openly communicate about generative 

AI to reduce fear and uncertainty” found within their “Nine AI Innovator Practices that Every 

Organization Should Follow” (i4cp, 2023), the literature review revealed several potential 

conceptual frameworks to provide structure to our capstone project. Since our project is 

specifically focused on generative AI, the AI acceptance-avoidance model (IAAAM) from Cao 

& al. (2021) emerged as a top contender. Originally, this model was developed to understand the 

factors affecting managers’ attitudes and intentions towards using AI for organizational decision-

making. It integrates elements from previously established theories, including the Unified 

Theory of Acceptance and Use of Technology (UTAUT) (Venkatesh et al., 2003) and the 

Technology Threat Avoidance Theory (TTAT) (Liang & Xue, 2009), along with considerations 

of personal concerns related to personal development and wellbeing. The IAAAM aims to 

provide a more comprehensive perspective by considering both positive and negative factors that 

collectively influence managers' attitudes and behavioral intentions towards AI adoption. Due to 

the expansiveness of the model and the UTAUT and TTAT frameworks being agnostic to the 

manager vs individual contributor lens, we believe that the IAAAM model can be relevant to 
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employees at all organizational levels. This was bolstered by the literature review findings as 

well. This model can provide a comprehensive understanding of the diverse attitudes and 

behaviors towards AI, capturing the broader organizational dynamics and the specific concerns 

and motivations of different employee groups. The model encompasses the following: 

● Peer Influence – refers to the impact that colleagues and co-workers have on an 

individual's decision to accept or avoid AI technologies within an organization. 

● Facilitating Conditions - refers to the extent to which individuals believe that adequate 

organizational and technical infrastructure exists to support their use of AI technologies, 

including the availability of resources, training programs, and technical assistance. 

● Performance Expectancy - refers to the degree to which an individual believes that 

using AI will enhance their job performance, leading to better outcomes and increased 

productivity. 

● Effort Expectancy - refers to the degree to which an individual believes that using AI 

will be free of effort, emphasizing the ease of use and the minimal cognitive load 

required to interact with technology. 

● Personal Wellbeing Concern - refers to employees' fears and anxieties about how AI 

might negatively impact their physical and mental health, job security, and overall quality 

of life within the workplace. 

● Personal Development Concern - refers to employees' fears about their ability to grow 

and advance professionally within an organization as AI technologies are adopted, 

impacting their skill relevance and career progression. 

● Perceived Severity - refers to an individual's assessment of the seriousness of the 

potential negative consequences associated with adopting or rejecting AI technologies, 
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impacting their motivation to accept or avoid AI based on the perceived risk to their job 

security or privacy. 

● Perceived Susceptibility - refers to an individual's belief about the odds of experiencing 

negative consequences, such as job loss, because of AI adoption within their 

organization. 

The model’s components, identified as crucial in understanding the many attitudes towards AI 

adoption, are intertwined through several (h) relationships, which can be explored in Figure 2. 

The "h" relationships, which stand for “hesitation” within the model, illustrate the connections 

between the various factors that influence an individual's acceptance or avoidance of AI. For 

example, Peer Influence (h1) directly impacts Performance Expectancy (h2) and Effort 

Expectancy (h3). If colleagues show positive attitudes towards AI, it can in turn positively 

impact an individual's belief that generative AI will improve job performance (performance 

expectancy) and be easy to use (effort expectancy). In addition, Facilitating Conditions (h4), 

which involve the availability of resources and training, can significantly impact Performance 

Expectancy (h5) and Effort Expectancy (h6). On the flip side, Personal Wellbeing Concern 

(h7) and Personal Development Concern (h8) can negatively influence Performance 

Expectancy (h9) and Effort Expectancy (h10). In line with this, Perceived Severity (h11) and 

Perceived Susceptibility (h12) explore the perceived risk of negative outcomes from AI 

adoption. Finally, these perceptions are influenced by Peer Influence (h13) and Facilitating 

Conditions (h14). This complex mapping of factors is critical in shaping an individual's overall 

attitude towards AI. 
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Figure 2: Integrated AI Acceptance-Avoidance Model (IAAAM) (Cao & al., 2021) 

Based on our literature review, i4cp’s framework of “Nine AI Innovator Practices that Every 

Organization Should Follow,” and their desire to create more actionable guidance for their 

clients based on a better understanding of strategies for effective communication to enhance AI 

acceptance and mitigate employee fears”, our capstone project will be focused on researching the 

dimensions of the IAAAM conceptual framework.  

Aligning the Literature to IAAAM 

Peer Influence  

Bansal et al. (2019) found that societal and peer influences among Generation Z in China 

reduce uncertainties and enhance the likelihood of technology adoption. In organizational 
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settings, peer feedback and collective attitudes also play a crucial role, with positive peer 

endorsements creating a ripple effect that accelerates acceptance and integration of AI tools 

(Batra et al., 2023). This peer-driven acceptance helps overcome resistance and fosters an 

understanding that is essential for effective AI implementation. 

Facilitating Conditions 

The literature emphasized that the availability of resources and support for using AI 

positively influences performance expectancy and effort expectancy, crucial elements for AI 

adoption (Na et al., 2023). Kar et al. (2021) further discussed how facilitating conditions, such as 

training and infrastructure, are essential for overcoming barriers to AI adoption. Similarly, 

Schulz et al. (2023) found that facilitating conditions like targeted educational and training 

approaches significantly enhance AI acceptance among clinicians, emphasizing the importance 

of a supportive environment in promoting AI usage.  

Performance Expectancy 

There is evidence to suggest that AI tools, especially generative AI, can boost worker 

performance by as much as 40% (Brynjolfsson et al. 2023). Somers (2023) also highlights that 

highly skilled workers can see significant productivity gains when using generative AI tools, 

reinforcing the importance of performance expectancy in the adoption process. 

Effort Expectancy 

This insight is supported by Ransbotham et al. (2019), who suggest that simplifying AI 

interfaces can reduce user resistance and enhance adoption rates. Furthermore, user-friendly AI 

applications positively influence employees' attitudes towards AI, making it easier for them to 

integrate these technologies into their daily tasks (Na et al., 2023).  
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Personal Well-Being Concerns 

Employee fears can be categorized into "The Fearful Five," which include concerns about 

job loss, loss of control, identity crisis, learning curve challenges and trust issues (Hussain, 

2024). De Freitas et al. (2023) emphasize the psychological factors and cognitive biases that 

influence attitudes towards AI, highlighting the need to address personal well-being concerns. 

Designing in a more human centric approach is also explored, advocating for designing AI in 

ways that support human needs and values, thereby reducing anxiety and resistance (Murphy & 

Largacha-Martínez, 2023).  

Personal Development Concerns 

  A positive association between opportunities for information, training, and technology 

acceptance among employees was observed, highlighting the importance of personal 

development (Molino et al., 2021). Schulz et al. (2023) underscored the need for targeted 

educational approaches to build trust and positive beliefs about AI while Na et al. (2023) 

explored the role of training in enhancing employees' perceptions of AI's benefits and reducing 

fears related to skill obsolescence. 

Perceived Severity 

There is an emphasis on the importance of addressing ethical concerns and ensuring AI 

aligns with human values to foster trust (Helfrich, 2023), as well as the need to consider ethical 

implications and biases in AI systems, which can influence perceived severity (De Freitas et al., 

2023). Kar et al. (2021) discuss how addressing ethical concerns and promoting responsible AI 

use can mitigate fears and enhance acceptance. 
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Perceived Susceptibility  

There can be deeper motives behind resistance to AI, such as fears of job displacement 

and identity crisis which can contribute to perceived susceptibility (Hussain, 2024). Human-

centered AI design can help to further reduce this and foster a sense of security by doing so 

(Murphy & Largacha-Martínez, 2023). Finally, under the right conditions, AI can significantly 

enhance productivity, particularly among less-skilled workers, suggesting that it can complement 

rather than replace human efforts (Brynjolfsson et al, 2023). 

 As described, this conceptual framework appears to be the most aligned to the needs of 

this capstone, but other frameworks were considered. It should be noted that we are highlighting 

the TTAT and UTAUT models even though they are integrated into IAAAM, since they were 

also explored as standalone possibilities for this project.  

● Technology Threat Avoidance Theory (TTAT) (Liang & Xue, 2009; see Appendix A): 

describes how individuals assess and respond to potential threats posed by technology, 

emphasizing the processes of threat appraisal, coping appraisal, and avoidance behaviors 

to lessen perceived risks.  

● Unified Theory of Acceptance and Use of Technology (UTAUT) (Venkatesh et al., 2003; 

see Appendix B): explains user intentions to use information systems and subsequent 

usage behavior, highlighting factors such as performance expectancy, effort expectancy, 

social influence, and facilitating conditions. 

● Technology Acceptance Model (TAM) (Davis, 1989; see Appendix C): suggests that 

perceived usefulness and perceived ease of use are the primary factors influencing users' 

acceptance and adoption of new technologies. 
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● Theory of Reasoned Action (TRA) (Fishbein & Ajzen, 1975; see Appendix D): suggests 

that an individual's behavioral intentions and actions are determined by their attitudes 

towards the behavior and subjective norms, which are influenced by the perceived social 

pressures to perform or not perform the behavior. 

● The Diffusion of Innovations Theory (Rogers, 2003; see Appendix E): describes how, 

why, and at what rate new ideas and technology spread through cultures, underscoring 

the importance of communication channels, time, social systems, and the characteristics 

of innovation itself. 

We believe that by addressing each element in our research (peer influence, facilitating 

conditions, performance expectancy, effort expectancy, personal well-being concerns, personal 

development concerns, perceived severity, and perceived susceptibility), we will gain insights to 

help organizations develop targeted strategies to enhance AI acceptance and mitigate employee 

fears. This approach will provide insights and actionable recommendations to support effective 

communication and foster a receptive attitude towards AI in the workplace. 

Project Questions  

In partnership with i4cp we have identified the following key project questions:  

Project Question 1: What are the primary drivers of fear and uncertainty as it relates to 

generative AI in the workplace? 

Project Question 2: What resources does i4cp currently provide to advise leaders on their 

Next Practice of: openly communicate about generative AI to reduce fear and 

uncertainty?  
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Project Question 3: What improvements can i4cp make in order to help leaders more 

effectively address the fear and uncertainty as it relates to generative AI in order to foster 

a more receptive attitude among resistant employees?  

Data Collection 

Data Collection Plan 

We addressed these project questions with a sequential mixed-methods approach. By first 

deploying a survey, we were able to identify broad patterns and correlations regarding the 

primary drivers of fear and uncertainty around generative AI, providing a solid quantitative 

foundation. The subsequent qualitative phase, involving targeted interviews with key i4cp 

stakeholders, allowed us to delve deeper into these findings, thereby validating and expanding on 

the findings in the specific context of i4cp’s operations.  

We deployed a survey aiming to shed light on the primary drivers of fear and uncertainty 

(Project question #1). The survey was grounded in IAAAM, which provided a structured 

framework to explore attitudes, beliefs, and behaviors related to generative AI. The quantitative 

data offered a broad perspective on the prevalence and intensity of these drivers, allowing us to 

identify key patterns and correlations across a diverse respondent base. 

 Next, we used insights from our survey responses to conduct internal interviews and 

document analysis within i4cp (Project Question #2). This combination of quantitative and 

qualitative methods ensured a robust understanding of the problem space and ultimately allowed 

us to build relevant recommendations for leadership communication practices (Project question 

#3). 
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 The combination of these methods was critical for several reasons. First, the surveys 

provided a broad, generalized view of the factors influencing generative AI adoption, and were 

not specific to a company, which was key since i4cp needed recommendations that would be 

applicable to a large swath of customers. The interviews then allowed us to explore these factors 

in more depth based on i4cp’s experiences on the ground with customers, validating our insights 

in a complementary way. It also allowed us to truly understand i4cp’s business model, which 

was key to providing actionable insights for them at the end of this capstone.  

The data collection timeline was sequential, starting with the survey and followed by two 

interviews with the main i4cp stakeholders who had been identified by their leadership. This 

allowed the gathering of early insights from the survey to be leveraged for the questions in order 

to complement, clarify, and further inform the output that would be the most useful for both i4cp 

and their customer base. The primary objective of this interview was to answer the second 

project question, “What resources does i4cp currently provide to advise leaders on their Next 

Practice of: openly communicate about generative AI to reduce fear and uncertainty?” This 

insight supported the third project question, “What improvements can i4cp make in order to help 

leaders more effectively address the fear and uncertainty as it relates to generative AI in order to 

foster a more receptive attitude among resistant employees?” And ultimately develop actionable 

recommendations for effective communication strategies that support the adoption of generative 

AI.  

Additionally, by cross-verifying data from different sources, we were able to increase the 

validity and reliability of our findings. The qualitative interviews helped to confirm and 
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contextualize the quantitative results, reducing the risk of bias and enhancing the robustness of 

our conclusions. 

Given the complexity of the issues, we believed that a mixed-methods approach would 

enable us to capture the nature of uncertainty with AI adoption, moving beyond surface-level 

analysis to uncover deeper and more actionable insights. The integration of both quantitative and 

qualitative data allowed us to formulate evidence-based recommendations that are not only 

grounded in theory but also tailored to the specific needs and context of i4cp. This 

comprehensive understanding was crucial for addressing Project Question #3 and developing 

effective leadership communication practices to mitigate fear and uncertainty. 

Survey Data Collection  

Participants and Procedure  

The survey data for this study were collected via an anonymous online survey conducted 

using Qualtrics. Participants were recruited through professional networks, email distribution, 

and social media platforms. We primarily utilized LinkedIn to publicize the survey in order to 

reach our target audience of working professionals. Our target sample included professionals 

with a minimum of 3 years of experience across various industries to ensure diverse 

perspectives. 

The survey was crafted based on relevant theoretical frameworks and an extensive 

literature review. The instrument was pre-tested with a small group of professionals to ensure 

clarity. Adjustments were made based on their feedback to improve question wording and flow. 

Likert-scale questions were used to gauge attitudes, perceptions, and expectations related to 

generative AI as outlined by the Integrated AI Acceptance-Avoidance Model (IAAAM).  
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Table 1: Table 1: Survey Questions Linked to IAAAM Framework 

Concept Survey Question 

Peer Influence My colleagues who are important to me think that I should use 

generative AI tools in my job. 

Facilitating Conditions I have the resources necessary to use generative AI tools in my 

job. 

Performance Expectancy  Using generative AI tools will improve my job performance. 

Effort Expectancy  I find generative AI tools easy to use. 

Personal Wellbeing Concern  I am concerned that using generative AI might negatively impact 

my job security. 

Personal Development Concern  I am concerned that generative AI will limit my opportunities for 

professional growth. 

Perceived Severity The potential negative consequences of using generative AI are 

serious. 

Perceived Susceptibility I believe that I am likely to be negatively affected by the 

introduction of generative AI in my job. 

 

These questions were assessed as interval measures and rated on a 6-point Likert scale ranging 

from Strongly disagree to Strongly agree. 

Table 2: Likert Scale Description for Survey Responses 

Scale Point Description 

1 Strongly Disagree 

2 Disagree 

3 Somewhat Disagree 

4 Somewhat Agree 

5 Agree 
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6 Strongly Agree 

 

The remainder of the survey consisted of questions in various formats. Closed-ended questions 

were used for demographic and usage data to provide a clear, quantitative picture of participant 

characteristics and behaviors. Multiple choice questions were used to further identify the beliefs 

and attitudes of respondents towards generative AI. The development of these questions was 

heavily informed by the literature review; however, they were not directly pulled from a specific 

validated scale. Lastly, open-ended questions were used to gather qualitative insights into AI 

avoidance and suggestions for leadership communication, allowing for detailed, nuanced 

responses. 

Timeline 

The survey instrument was created on July 22nd, 2024, and was officially launched 

through LinkedIn posts on July 24th, 2024. It remained open until August 25th, 2024, allowing 

ample time for participants to respond.  

Data Collection Instrument  

The survey was posted on LinkedIn and distributed through various professional 

networks. The use of the online platform Qualtrics facilitated broad and efficient dissemination 

of the survey. 164 participants completed the survey in full. Partially completed survey 

responses, which accounted for a total number of 20, were discarded to maintain data integrity.  
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Ethical Considerations 

To protect participants’ identities, the survey was conducted anonymously. No personally 

identifiable information was collected, and responses were aggregated to prevent the 

identification of individual participants. One notable mention however is that there was an option 

to provide an email address if participants wanted to enroll in an Amazon gift card giveaway, but 

this was not required. Beyond this, the use of an anonymous online survey platform, Qualtrics, 

further safeguarded participant confidentiality. Data was stored securely and only accessible to 

the research team.  

A notable limitation of this survey recruitment approach is the potential for self-selection 

bias given the recruitment methods used, particularly through professional networks and 

LinkedIn. While this was a limitation in terms of representativeness, it was important to ensure 

that participants who chose to engage with the survey did so voluntarily and were motivated by a 

genuine interest in the subject matter. This approach respected the autonomy of participants, 

though it also required careful interpretation of the survey results, particularly in terms of 

generalizability. 

Finally, the data collected was used solely for the purposes of this research project. We 

ensured that the data analysis and reporting processes were conducted with integrity, avoiding 

any manipulation or misrepresentation of the findings.  
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Document Data Collection  

Procedure 

For the document data collection process, we focused on gathering and analyzing a 

comprehensive set of documents from i4cp, including both externally available resources and 

members-only materials. The primary objective was to assess the current communication 

strategies and resources that i4cp provides to its clients and members, particularly those aimed at 

addressing the communication of generative AI to reduce fear and uncertainty among employees. 

The collection began with the identification of relevant documents. Externally available 

documents included published reports, articles, and guidelines accessible through i4cp’s website. 

In addition, we obtained access to internal, members-only documents, which encompassed 

detailed communication strategies, training materials, and exclusive reports specifically tailored 

for i4cp’s member organizations. These internal documents provided deeper insights into the 

strategies and recommendations that i4cp offers, which are not available to the general public. 

Once the documents were collected, each was systematically reviewed and analyzed 

using a Document Review Checklist, as described in further detail below. 

Timeline 

The document data collection process was initiated on July 15, 2024, and completed by 

September 23rd, 2024. This timeline allowed for a detailed review and analysis ahead of our 

interview stage, as well as the opportunity to expand the document analysis based on findings 

from the interviews themselves. 
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Data Collection Instruments 

The primary instrument used for document data collection was the Document Review 

Checklist. This customized checklist ensured a systematic review of each document, focusing on 

several key areas. 

Table 3: Document Review Checklist 

 

Ethical Considerations 

All documents, particularly the internally circulated members-only materials, were 

treated with strict confidentiality. Access to these documents was limited to the research team, 

and any sensitive information was anonymized to protect the interests of i4cp and its member 

organizations. 

Category Question 

Relevance  ● Does the document specifically address the importance of 

communicating about generative AI? 

● Does the document specifically address communicating about 

generative AI in a way that reduces fear and uncertainty? 

Presence of strategies and 

recommendations 

● Are there clear strategies outlined for communicating about 

generative AI to employees? 

● Does the document offer guidance on how to frame messaging 

around generative AI adoption? 

● Does the document suggest methods for addressing employee 

concerns or resistance? 

● Are there templates or frameworks provided for implementing 

the communication strategies? 

Alignment with i4cp’s AI 

Innovators Practice Model 

● Does the document reference or align with i4cp’s AI 

Innovators Practice Model? 

● How does the document integrate these practices into its 

communication guidance? 
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Interview Data Collection  

Participants & Procedure 

 As it relates to participant recruitment for internal i4cp interviews, we deployed a 

snowball sampling approach. We began our interviews with our primary points of contact in i4cp 

that were most educated on i4cp’s current resources related to generative AI communication 

(project question #2). We were assured that these two points of contact would give us the most 

comprehensive and contextualized view for this capstone and therefore didn’t need to interview 

other i4cp members.  

Semi-structured interviews were conducted to allow for flexibility in exploring 

participant responses while ensuring consistency in core themes. Since both interviewees have 

different roles in the organization, we chose a two-to-one construct, in which both interviewers 

were present with 1 of the participants for a sixty-minute period of time. The interview protocol 

(see Appendix G) was designed with open-ended questions to encourage participants to express 

their thoughts, experiences, and opinions in depth. The themes were broken into “i4cp 

background,” “AI Innovators Practices model,” “Future focus and challenges” and “Reacting to 

early survey insights.” Participants were encouraged to share as much information as they were 

comfortable with and were very open in the information that they shared.   

Table 4: Interview Questions Mapped to IAAAM Framework 

Theme Question Connection to IAAAM 

Framework 

i4cp 

background 

Role Clarification 

● Can you describe your current role at i4cp and the 

main responsibilities associated with it? 

Performance expectancy 

Facilitating conditions  
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● How is your success measured within the 

organization? Are there specific goals or metrics 

you are accountable for? 

AI Innovators 

Practices 

Model  

● Can you share the origins of the AI Innovator 

Practices Model? What inspired its development? 

● Could you provide an example of how i4cp has 

applied the AI Innovator Practices Model with a 

client? 

● Can you tell us more about the practice of 

“Openly communicating about generative AI to 

reduce fear and uncertainty.” 

● Has i4cp provided any additional resources on 

how to approach this? 

Peer influence 

Facilitating conditions 

Perceived severity 

Future focus 

and challenges 

● Can you elaborate on what’s next for i4cp in its 

focus on AI and how you plan to enable your 

members? 

● How does i4cp plan to stay ahead of emerging 

trends in AI? 

Effort expectancy 

Perceived susceptibility 

 

Reacting to 

early survey 

insights  

Manager attitudes 

● Early findings indicate that managers are slightly 

more skeptical or less optimistic of AI than 

individual contributors. First off, is that in line 

with what you’ve been seeing in your research? If 

so, should that change how organizations view 

the managers role in encouraging and pushing 

adoption of AI within their teams?  

Personal well being 

concern 

Peer influence 

Perceived severity  

Timeline 

 The first interview with K.B. was conducted on August 26th, 2024, and the second 

interview with J.A. was conducted on August 29th, 2024.  

Data Collection Instruments 

Interviews were conducted through the Microsoft Teams video conferencing platform. 

Audio recordings were made with participants' consent, and detailed notes were taken during and 

after each interview to capture non-verbal cues and contextual information. 
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Ethical Considerations 

Prior to each interview, participants were informed about the interview's purpose in the 

overarching data collection strategy and the voluntary nature of their participation.  Informed 

consent was obtained, and participants were given the autonomy to guide the conversation and 

decide how much detail to share in their responses. We respected their professional boundaries, 

ensuring that no questions were posed that could pressure them into revealing confidential or 

proprietary information about i4cp that they were not comfortable sharing. The open-ended 

nature of the questions allowed participants to express their perspectives freely, without feeling 

constrained by the interview framework. 

We were also mindful of minimizing any potential risks associated with the interviews. 

Although the topics discussed were professional and not personal, there was an awareness that 

discussing organizational strategies, future plans, or internal practices could pose professional 

risks if not handled with care. As a result, we ensured that the interview data were securely 

stored and only accessible to the research team.  

Finally, participation in the interviews was entirely voluntary, with no coercion on the 

stakeholders to participate. We emphasized that their involvement was a valuable contribution to 

the research but that they were under no obligation to take part. This respect for their autonomy 

ensured that their participation was based on a genuine willingness to contribute rather than any 

perceived pressure from the capstone team.  
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Data Analysis  

To address the research questions and gain actionable insights, the data collected from the 

survey, interviews, and document analysis underwent a detailed analysis.  

Survey Data Analysis 

Demographics 

First, the demographic profile of the survey respondents is essential for understanding the 

context in which the data was collected and the generalizability of the findings. The survey 

sample included a diverse range of professionals, predominantly in leadership roles and within 

specific industries. 67% identified themselves as people managers while 33% indicated they did 

not have people management responsibilities. The majority of respondents work in the 

technology (54%) and education (11%) sectors. Respondents were categorized by their 

frequency of generative AI tool usage based on the groupings below: 

Table 5: Generative AI User Categories by Usage Frequency  

User Category Response when asked “How frequently do you use 

generative AI tools (e.g., ChatGPT, DALL-E) in your 

work tasks?” 

Non-user Never 

Moderate User Rarely (less than once a month) 

Occasionally (once a month) 

Sometimes (a few times a month) 

Heavy User Often (a few times a week) 

Daily 
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This analysis revealed that 6% do not use these tools at all. A significant portion, 55%, are 

moderate users, while 40% are heavy users. 

Quantitative Analysis 

After understanding the demographics of respondents, the quantitative analysis of the 

survey data began with descriptive statistics. As seen in the table below, this analysis revealed 

the highest universal alignment with the statement “Using generative AI tools will improve my 

job performance (Performance Expectancy)” with 85.8% of respondents agreeing. The lowest 

level of agreement, 32.7%, was found with the statement “I am concerned that generative AI will 

limit my opportunities for professional growth” (Personal Development Concern). 

Unsurprisingly, this analysis holds true when looking at the mean agreement score against each 

question (1=strongly disagree; 6=strongly agree). 

Table 6: Survey Response Rates for Generative AI Attitudinal Statements 

Concept Question 

Percentage 

Agree 

Mean 

score 

Standard 

Deviation 

Performance 

Expectancy 

Using generative AI tools will improve my job 

performance. 85.80% 4.7 
1.2 

Perceived Severity 

The potential negative consequences of using 

generative AI are serious. 69.80% 4.1 
1.4 

Perceived Susceptibility 

I believe that I am likely to be negatively 

affected by the introduction of generative AI in 

my job. 39.50% 3.1 

1.5 

Facilitating Conditions 

I have the resources necessary to use generative 

AI tools in my job. 73.50% 4.2 
1.4 

Effort Expectancy I find generative AI tools easy to use. 82.70% 4.6 1.1 

Personal Development 

Concern 

I am concerned that generative AI will limit my 

opportunities for professional growth. 32.70% 2.8 
1.5 
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Personal Wellbeing 

Concern 

I am concerned that using generative AI might 

negatively impact my job security. 37.00% 2.9 
1.4 

Peer Influence 

My colleagues who are important to me think 

that I should use generative AI tools in my job. 75.90% 4.2 
1.4 

 

This analysis was further broken down to compare agreement between people managers and 

non-people managers related to the key concepts of the IAAAM model. Notable, people 

managers appeared to hold a more critical or concerned viewpoint across almost all questions, as 

seen in Table 7. 

Table 7: Comparative Agreement on Generative AI Statements by Management Role 

Concept Question 

I am a people 

manager 

I am not a people 

manager 

Performance 

Expectancy 

Using generative AI tools will improve my job 

performance. 81.70% 94.30% 

Perceived Severity 

The potential negative consequences of using 

generative AI are serious. 64.20% 81.10% 

Perceived 

Susceptibility 

I believe that I am likely to be negatively affected 

by the introduction of generative AI in my job. 

40.40% 37.70% 

Facilitating Conditions 

I have the resources necessary to use generative 

AI tools in my job. 72.50% 75.50% 

Effort Expectancy I find generative AI tools easy to use. 80.70% 86.80% 

Personal Development 

Concern 

I am concerned that generative AI will limit my 

opportunities for professional growth. 

35.80% 26.40% 

Personal Wellbeing 

Concern 

I am concerned that using generative AI might 

negatively impact my job security. 39.40% 32.10% 

Peer Influence 

My colleagues who are important to me think that 

I should use generative AI tools in my job. 

74.30% 79.20% 
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Frequency distribution analysis was conducted for multiple-choice questions, providing a 

clear picture of common responses and patterns. As seen in Table 8, 72% of participants 

indicated that they believe generative AI could support them in their job by reducing repetitive 

tasks. Only 1% of responses indicated “I don’t think generative AI could improve my job 

performance” which accurately maps with the high agreement scores on the Performance 

Expectancy sentiment question.  

Table 8: Perceived Enhancements to Job Performance from Generative AI 

Select all that apply options Percentage selected 

Increase productivity 60% 

Improve decision-making 43% 

Reduce repetitive tasks 72% 

Enhance creativity 45% 

Provide new insights 48% 

Reduce workload stress 39% 

I don’t think Generative AI could enhance 

my job performance 

1% 

 

As it relates to communication effectiveness, only 5% of respondents indicated that their 

leadership is extremely effective at addressing concerns and fears through their communication 

as seen in Table 9. Respondents who assessed their leadership communication effectiveness as 

low provided recommendations for improvement, which will be covered in the qualitative survey 

assessment below. 

Table 9: Effectiveness Ratings for Leadership Communication on Generative AI 
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Effectiveness rating Percentage response 

Not at all effective 12% 

Slightly effective 29% 

Moderately effective 33% 

Very effective 21% 

Extremely effective 5% 

 

Qualitative Analysis 

The qualitative analysis of write-in survey responses followed a structured thematic 

analysis approach using Qualtrics Text iQ. After responses were gathered in Qualtrics, Text iQ 

automatically identified and grouped similar responses into categories based on keywords and 

phrases. These categories were then reviewed and refined to ensure they accurately reflected the 

data and aligned with the conceptual framework (IAAAM), with additional manual coding 

performed as needed. This process was iterative and involved refining codes as new insights 

emerged. Finally, themes were defined, and representative quotes were selected to illustrate key 

points, ensuring a comprehensive understanding of the respondents' perspectives. 

Below is an excerpt of the codebook. A comprehensive version can be found in appendix H. 

Table 10: Codebook Excerpt for Qualitative Analysis – Question #1 

Code  Definition Example Notes 

Facilitating 

Conditions 

refers to the extent to which 

individuals believe that 

adequate organizational and 

technical infrastructure 

“The other challenge is 

that for security purposes 

my company has restricted 

what functionality our 

Directly from IAAAM 

Framework 
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exists to support their use of 

AI technologies, including 

the availability of resources, 

training programs, and 

technical assistance. 

 

GenAI has - basically they 

took away the functions I 

used most, which has 

resulted in my adoption 

going down.” 

Perceived 

Severity 

refers to an individual's 

assessment of the 

seriousness of the potential 

negative consequences 

associated with adopting or 

rejecting AI technologies, 

impacting their motivation to 

accept or avoid AI based on 

the perceived risk to their 

job security or privacy. 

 

“Worried that generative 

artificial intelligence may 

be abused or maliciously 

exploited. In some cases, 

malicious users may use 

generative artificial 

intelligence to spread false 

information, engage in 

online fraud, or engage in 

other inappropriate 

behavior” 

Directly from IAAAM 

Framework 

Effort 

expectancy 

refers to the degree to which 

an individual believes that 

using AI will be free of 

effort, emphasizing the ease 

of use and the minimal 

cognitive load required to 

interact with the technology. 

“It takes so long to get the 

right prompts to get useful 

output.” 

Directly from IAAAM 

Framework 

Output 

quality 

refers to concern about the 

users judgment of quality of 

output of AI. 

“Sometimes the content 

generated by AI is not 

accurate” 

 

“I have moved away from 

certain models because the 

data isn’t easily validated 

or sometimes incorrect.” 

This code was added 

beyond the IAAAM 

framework. While related 

to performance expectancy 

and effort expectancy, this 

theme came up specifically 

and repeatedly, warenting 

its own distinct coding. 

 

This method of coding allowed us to unearth the frequency that respondents raised these 

concepts within their write-in responses. For example, when asked “Have you had any concerns 

or issues that have led you to avoid using generative AI technology?” output quality was the 

number one most referenced barrier that respondents raised, with 28 respondents specifically 
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referencing this barrier.  This analysis suggests that output quality is undermining an employee’s 

confidence that using generative AI will help them to perform better.  

 Our second write-in response question asked respondents: “What measures could your 

leadership take to improve communications and address concerns about generative AI from the 

workforce?” Most respondents fell under the concept of facilitating conditions. Suggestions were 

further broken out by category below.  

Table 11: Codebook Excerpt for Qualitative Analysis – Question #2 

Code Definition Example 

Training and 

Education 

Refers to requests for training 

programs, workshops, or skill 

development opportunities to help 

employees understand and leverage 

generative AI. 

“Educational and Training 

Programs: - Implement AI 

literacy training and skill 

development workshops. - 

Provide access to resources such 

as online courses and expert talks 

to enhance AI understanding.” 

- Training on 

Acceptable Use 

Focuses on providing training that 

outlines what is acceptable or ethical 

when using AI tools, covering 

policy, guardrails, and ethical 

guidelines. 

“Provide clearer examples of 

what is within the guardrails and 

what is outside the acceptable 

guardrails” 

 

- Training on Use 

Cases 

Covers training that demonstrates 

practical, real-world examples of 

how AI can be applied in daily tasks, 

making the benefits and applications 

clear. 

“Training on how to use AI in 

our job, and how to effectively 

incorporate it in our lessons.” 

Transparency and 

Open Communication 

Describes the need for more 

openness, regular updates, and clarity 

on AI-related decisions, policies, and 

impacts. 

“They should be more 

transparent about where this is 

going. They're pushing hard for 

everyone to use tools like Copilot 

(we bought it) but people know 

that the end game is probably less 
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people in the company. So they 

need us to use it to make the 

investment make sense, but we 

just don't know where this road 

leads in one year from now. I 

don't know if they even know, 

but more transparency would be 

nice.” 

Address Concerns and 

Mitigate Fears 

Captures feedback related to 

addressing employee fears about AI, 

including concerns about job 

security, creativity, and role changes. 

“I handle a lot of these comms, 

especially with our clients. 

Messaging needs to address 

concerns along with education. 

There is a lot of misinformation 

about what AI can do, and these 

talking points can generate fear 

or anger.” 

Involvement and 

Collaboration 

Describes the desire for employees to 

be involved in AI initiatives, given 

opportunities to provide feedback, 

and collaborate on AI-related 

projects. 

“Leadership doesn’t have 

expertise either. We are all 

learning together!” 

 

Incentivize and 

Celebrate  

Suggests the importance of 

rewarding and recognizing 

employees who engage with AI 

tools, celebrating their successes, and 

incentivizing AI adoption. 

“incentivize genAI integration 

with existing process and tools, by 

celebrating, recognizing and 

rewarding the teams that take the 

leap” 

Lead by Example 

Requests that leadership actively use 

AI tools themselves, modeling AI 

adoption and setting an example for 

employees to follow. 

“Gain more knowledge on the 

subject.” 

 

 

Document Analysis  

 This analysis focused on identifying the extent to which i4cp currently provides materials 

to advise leaders on their Next Practice of openly communicating about generative AI to reduce 
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fear and uncertainty. Document analysis followed the Document Review Checklist focused on 

the areas of “Relevance”, “Presence of strategies and recommendations”, and “Alignment with 

i4cp’s AI Innovators Practice Model.”  

Relevance 

The analysis first assessed whether the documents recognized and addressed the 

importance of communication around generative AI. While some documents mentioned the need 

for clear communication, these references were often broad and lacked a focused approach to the 

unique challenges posed by generative AI, particularly in the publicly available materials. 

Among the documents reviewed, the members-only resource "The HR Leader's AI Strategy 

Toolkit" stood out as a comprehensive and practical guide that differs significantly from the 

more generalized, publicly available materials. This toolkit directly addresses the challenges of 

communicating about generative AI and provides structured guidance on how HR leaders can 

lead strategic conversations and prepare their organizations for AI adoption. The toolkit is 

particularly valuable as it provides specific questions and discussion points that HR leaders can 

use to engage their teams in meaningful conversations about the impact of generative AI. For 

example, the toolkit poses critical questions such as “How does generative AI change the future 

of work?” and “What are the risks of AI that our governance should address?” These questions 

are designed to prompt strategic thinking and discussions within organizations, making the 

document highly relevant to the communication challenges associated with generative AI. 

Presence of strategies and recommendations 

While several documents mention the importance of communication about AI, specific 

strategies or detailed guidance on how to effectively communicate about generative AI were 



Addressing Uncertainty and Fostering Adoption of Generative AI 

55 

 

limited, particularly in the publicly available materials. This suggests a gap between the 

recognition of the need for communication and the availability of practical tools to execute it 

effectively. Most documents reviewed were high-level in nature, offering broad guidance about 

how HR should utilize generative AI rather than specific communication strategies. While there 

were mentions of the need for clear and transparent communication, the documents did not 

provide detailed recommendations on how to craft or deliver these messages. For example, in 

i4cp’s headline report of 2023 “Is HR already behind on the AI revolution?” the report provided 

the following guidance related to communication: 

Communication from leadership that clarifies how AI technology can improve 

productivity, quality of life, and well-being, along with information about training and 

other resources to aid employees in effectively leveraging AI will help build and maintain 

trust. 

This excerpt appropriately emphasizes why communication is important but does not 

provide recommendations on how to communicate. The lack of specific frameworks or templates 

indicates an area where i4cp could expand its resources to better support leaders in addressing 

employee fears and uncertainties related to generative AI. 

Alignment with i4cp’s AI Innovators Practice Model 

In the last element of our document analysis checklist, we returned to i4cp’s AI 

Innovators Practice Model (pictured in Figure 3) to assess how well the documents addressed the 

the third practice, “Openly communicate about generative AI to reduce fear and uncertainty” 
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Figure 3: Nine AI Innovator Practices that Every Organization Should Follow (i4cp, 2023) 

Of the 14 documents reviewed, 4 directly referenced i4cp's AI Innovators Practice 

Model. Amongst those that referenced the AI Innovators Practice Model, the third practice was 

rarely elaborated upon in detail. The documents generally aligned with the model’s overarching 

principles but did not provide the granular, actionable steps necessary for leaders to implement 

the communication strategies effectively within their organizations.  

Interview Analysis  

For our interview analysis, the methodology we employed was two-fold. In the initial 

phase of our qualitative analysis, we organized the interview data into four primary categories: 

“i4cp’s Business Model,” “AI Innovators Practice Model,” “Future Focus and Challenges,” and 

“Reactions to Early Survey Insights.” The “Reactions to Early Survey Insights” referred to the 

findings that we extracted from our quantitative survey.  This approach allowed us to first 

synthesize the key insights shared by participants in a clear manner to ensure that each area of 

discussion was thoroughly explored and documented. We then tallied the frequency of mentions 
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from the Teams transcript, using a coding approach applied to the interview transcript. The 

transcript was thoroughly reviewed, and key themes were identified based on the IAAAM 

framework. Each time an interviewee mentioned an insight relevant to one of the IAAAM 

categories, such as “Peer Influence” for example, the occurrence was captured. This thematic 

coding required tagging sections of text with specific codes that corresponded to the themes. The 

frequencies were then counted to provide a quantitative measure of how often each theme was 

discussed, allowing for a deeper understanding of the relevance of each category. This dual-stage 

process of a first narrative synthesis followed by thematic coding and frequency analysis 

provided a more stringent examination of the data. This allowed us to not only describe the key 

areas of focus from the interviews but also to quantify the relevance of each IAAAM theme 

within the broader context of AI adoption.  

Company Background and Business Model 

 Given the desire to create actionable recommendations for i4cp, a large portion of the 

interview time was spent on the company background and the business model, as well as the 

specific role of the two participants. One of the key themes was “research.” Central to its mission 

is the production of research that informs and influences key areas such as talent acquisition, 

diversity, equity, and inclusion, particularly for its membership base. As described by one of the 

senior researchers, K.B., the organization is structured with a research team that plays a pivotal 

role in driving these insights. K.B. explained that there is a research arm and a marketing arm to 

the organization, and when a research artifact is created, she partners with marketing to decide 

where and how it should be published. This highlights the collaborative environment within the 
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organization, where research findings are not only developed but are also communicated to 

ensure maximum impact. 

 In addition to the researcher's role, the other participant, J.A., occupies a leadership 

position that was specifically created to bridge a gap in the organization’s offerings. She shared, 

"My role is a role that did not exist before I wrote the job description for it and it was to fill a 

gap... people want a turnkey solution. They want tools and templates." Her role focuses on 

translating research findings into practical tools and templates that members can readily apply, 

particularly in emerging areas like generative AI. This is exemplified in her work on the AI 

Innovators Practices Model, which she and her team have developed to help organizations 

navigate the complexities of AI adoption. Her position highlights the institution's adaptive 

nature, responding directly to member needs by providing actionable resources taken from their 

research.  

It has also enabled more sales conversations with members. The organization primarily 

generates revenue through its membership model, where corporate members pay for access to the 

institution’s research and tools. As J.A. explained, "There are different sales stories being told 

now...we used to lose deals because we didn’t have tools and templates, and there are different 

sales stories being told now." This highlights the evolution in their revenue generation strategy, 

where the development of high-quality, actionable tools has become a significant value 

proposition for members which is influencing membership renewals and sales. In addition to 

membership, the organization has started to offer specialized advisory services, particularly in 

areas such as culture. "We do have an advisory arm... we just did something with him in 

performance management. I don’t know if that will be a trend where he'll expand, but we are 
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vendor agnostic, and so having a consulting arm is a bit weird for us too." This indicates that 

while the organization traditionally relied on membership fees, it is exploring consulting services 

as an additional source of income, although it remains cautious about fully committing to this 

business model. 

AI Innovators Practice Model 

The AI Innovators Practice Model was born out of the need to provide actionable insights 

and tools for organizations at various stages of their generative AI journey. K.A. described the 

model’s origin, stating that it emerged "from a series of questions on our first AI in HR study," 

which were informed by both interviews and member feedback. The model is designed to 

differentiate organizations that are more advanced in their AI adoption from those that are 

lagging, based on specific practices that successful companies have implemented. She further 

elaborated on the model's development and shared that it was built on a curve that showed 

distinctions between the levels of AI adoption among organizations. She explained, "It became 

very clear that there was this curve where...laggards were doing almost none of those nine 

[practices]." She provided more context by sharing “Other questions we had in terms of HR 

readiness, whether HR was part of governance decisions related to AI, where you could really 

see huge differentiations between organizations and their ability to scale.” 

J.A. added that the model not only identifies best practices but also provides practical 

tools to help organizations implement these practices. She noted that her role involves creating "a 

one to many tool... that if I do it once, it's going to save everyone in my constituent base 

countless hours of time."  
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Future Focus and Challenges  

K.B. and J.A. highlighted several future-focused priorities and challenges related to 

generative AI adoption and the continued refinement of their AI Innovators Practice Model. One 

of the primary challenges discussed was the need to ensure that organizations not only adopt AI 

but also integrate it effectively into their workflows. K.B. emphasized the importance of moving 

beyond initial adoption, sharing that "a big challenge is going to be to get people comfortable 

with using it and incorporating it regularly into their workflow." This challenge is particularly 

difficult to solve given the varying levels of comfort with AI across different organizations and 

even within different levels or groups of the same organization. 

Both interviewees highlighted the focus of addressing the skepticism and resistance that 

often arises at the managerial level. K.B. observed that while there is enthusiasm for AI at the 

executive level, there is sometimes hesitation among managers, which can make it more difficult 

to drive adoption. She explained, "I'm hearing a lot of... the executive team is just so excited 

about this, but we have yet to realize any ROI on this, and that's change management." J.A. 

further stressed the need for organizations to help their employees become proficient in AI tools, 

saying, "Managers must use the tools themselves, but they never do." This gap in usage and 

understanding between managers and their teams could lead to significant challenges in the 

future, as organizations attempt to scale AI adoption without the necessary support from key 

leadership roles. 

Reacting to Early Survey Insights 

The survey uncovered a prevalent concern about the quality and reliability of AI outputs, 

which was echoed by both participants as well. K.B. emphasized that many organizations are 
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hesitant to fully embrace AI due to perceived inaccuracies in the quality of the output generated 

by AI tools. She remarked, "The number one written-in comment was something related to, 'I 

don’t like the quality of the output.'" This skepticism around the reliability of generative AI 

content is a significant barrier to broader adoption, as it directly impacts user trust and 

confidence in these technologies. But J.A. had an interesting lens on this issue by suggesting that 

the problem is not inherently about AI itself, but rather about users' understanding of how AI 

should work. She pointed out that many people mistakenly treat generative AI like traditional 

software by expecting it to be consistently accurate. She explained, "The biggest issue seems to 

be an almost universal belief that since AI is made of software, it should be treated like other 

software. But it's not. It's not designed to be accurate." She further clarified that users often 

conclude AI is unreliable after a single experience where the output was not as expected without 

realizing that AI, especially generative AI, is not meant to provide “always-correct” answers. 

Instead, it's a tool that requires nuanced interaction and proper prompting to be effective. This 

misunderstanding leads to a reluctance to use AI, not because the technology is flawed, but 

because users' expectations are misaligned with how AI is designed to function. 

The topic of manager skepticism was further discussed in this question as well.  The data 

suggested that managers were slightly more skeptical of AI than individual contributors, a 

finding that resonated with the participants' own experiences. K.B. highlighted this issue, stating, 

"Your workforce is using it, and your management layer is hesitating to use it." This dichotomy 

poses a challenge to the adoption of generative AI, as it might suggest that those responsible for 

driving and communicating the urgency of adoption may themselves not be entirely bought in.  
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Finally, the interviewees reflected on the implications of these insights for future 

communication and training strategies. J.A. suggested that addressing misconceptions about AI 

could be pivotal in improving adoption rates, discussing the need to "correct your 

misconceptions first, then we can have a realistic conversation." This approach underscores the 

importance of clear communication and targeted education in overcoming the barriers identified 

by the survey. 

Overlay with IAAAM  

The insights gathered align closely with the IAAAM, which emphasizes the importance 

of peer influence, facilitating conditions, and performance expectancy in encouraging AI 

adoption. Specifically, i4cp's focus on providing tools and templates underpins the facilitating 

conditions that are crucial for helping organizations integrate AI effectively. In addition, 

addressing effort expectancy through training and addressing personal development concerns are 

pivotal in overcoming managerial skepticism and employee reluctance. By clarifying perceived 

severity and susceptibility regarding AI-related risks, i4cp can further enhance trust and 

confidence among its members, leading to more widespread and effective AI adoption across 

their customer base. These insights, mapped through the lens of the IAAAM model, offer a 

strategic approach for i4cp to not only support but also lead their customers in the AI-driven 

transformation of their organizations. 

Table 12: Map of AI Adoption Insights to IAAAM 

IAAAM 

Category 

Insight  Example  Frequency 

of Mention 

Peer Influence  Discussion around the 

skepticism and hesitation 

J.A: “Managers must use the tools 

themselves, but they never do so.” 

5 



Addressing Uncertainty and Fostering Adoption of Generative AI 

63 

 

of managers and leaders 

towards AI adoption, 

which influences broader 

organizational adoption. 

 

K.B.: “There were three or four 

people in that audience that really 

knew what they were talking about, 

and they really started to think 

differently about how they 

incorporated AI into their daily 

work based on the conversation” 

Facilitating 

Conditions 

The need for tools and 

templates to support AI 

adoption post-research 

was discussed at length.  

K.B.: “We were narrowing in on 

generative AI because it started out 

as sort of a future of work... a lot of 

organizations are piloting AI, but 

we need to think about how to 

incorporate it into the work we do." 

 

J.A.: “What I do... I try to create 

tools and templates to help others 

do it better and faster... It's 

enterprise enablement, creating 

things that save people countless 

hours." 

8 

Performance 

Expectancy  

Concerns about AI's 

readiness and quality 

impacting its perceived 

performance benefits. 

J.A.: “I have the data to then go, 

'How good is our content? Does it 

answer these questions?'... That's 

where I need to focus my efforts.” 

6 

Effort 

Expectancy  

Difficulties in using AI 

tools effectively without 

guidance were a common 

theme. 

K.B.: “We're trying to dig into 

what’s happening... making sure 

you're communicating a positive 

message to help people embrace 

AI... encourage them to try these 

tools out.” 

 

J.A.: "The whole point of software 

is that it’s artificial... I can just 

interact with the AI... experts can 

just interact with AI without 

needing to learn complex software." 

7 

Personal 

Wellbeing 

Concern 

Concerns about job 

security and the impact of 

AI on personal well-being 

were raised in the 

J.A.:"It’s not just about learning 

new tools, it’s about the pressure of 

feeling like your role could change 

overnight.” 

2 
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discussion. 

Personal 

Development 

Concern 

The need for continuous 

learning and upskilling to 

remain relevant in an AI-

driven workforce. 

K.B.: “We all need to be thinking 

about how to incorporate AI into 

the work we do because otherwise 

we will be dinosaurs." 

 

J.A.: "There’s a risk to my career if 

I wait too long here... I’m going to 

go work somewhere that gets it if 

the company that I’m at is not 

moving on this." 

6 

Perceived 

Severity 

Significant concerns 

about the risks of AI, 

including misinformation 

and bias, were frequently 

discussed. 

K.B.: “We're hearing things like 

'We're doing AI but haven't seen 

any ROI yet'... and they wonder if 

it’s overhyped." 

 

J.A.: “The risks are huge... You 

have to treat them seriously, as 

seriously as the opportunities AI 

brings.” 

9 

Perceived 

Susceptibility  

Fears of negative 

outcomes from AI were 

commonly mentioned, 

particularly among those 

less familiar with the 

technology. 

K.B.: "Some of the workers, 

especially near the end of their 

careers, are hesitant... They fear 

learning something new." 

 

J.A.: "You feel like your manager 

doesn't get AI... you're going to go 

to an organization that does, 

because you don't want to be left 

behind." 

7 

Findings  

The findings from our research provide critical insights into the current challenges 

organizations face when implementing generative AI, particularly in relation to employee 

communication and leadership support. The following sections outline these findings in greater 
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detail, providing a foundation for the recommendations aimed at addressing these barriers and 

facilitating more effective AI adoption within organizations. 

 Finding 1 - Lack of Clear and Consistent Messaging from Leadership 

A compelling finding that emerged from the data is the lack of clear and consistent 

messaging from leadership regarding generative AI. In fact, only 5% of respondents in our 

survey rated their leadership's communication as effective in addressing AI concerns, 

highlighting a significant disconnect between leadership intentions and employee expectations. 

Employees are seeking more robust guidance from their leaders, particularly around the 

practicalities of AI use. When asked what leadership could do to improve communication, the 

most frequent responses pointed to the need for clear guidance on acceptable use, specific 

examples of how AI can be applied, and direct responses to concerns. For example, one 

participant commented, “I think they talk about the promise of what GenAI can bring but don't 

talk about the specifics enough.” Another shared, “Provide more scenarios about what could go 

wrong and how to avoid it, rather than just general guidelines.” These responses indicate a strong 

desire for transparency and concrete information that goes beyond high-level discussions about 

AI's potential. 

Interviews with i4cp leaders echoed this sentiment, emphasizing the demand for more 

actionable guidance. While leadership may speak optimistically about AI’s potential, there is 

often a gap between these messages and the practical, day-to-day information employees need. 

i4cp’s own research confirms that organizations more advanced in their AI adoption 

communicate more frequently about AI’s role, which helps employees navigate uncertainty. In 
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contrast, organizations still exploring AI integration often provide reactive communication, 

leaving employees unsure of how to proceed. 

Literature further supports the critical role of leadership communication in AI adoption. 

Studies suggest that clear and frequent communication helps build trust and reduces fear among 

employees. Leaders must articulate how generative AI fits into the organization’s broader 

strategy while addressing concerns about risks and potential challenges. Without this, uncertainty 

grows, and employees may be reluctant to engage with generative AI tools. Furthermore, 

scholars like Hussain (2024) emphasize the need for leaders to directly address fears about job 

security and ethical use to reduce resistance to generative AI. Adding to this, insights from the 

literature on communication strategies offer valuable guidance for leaders. Research highlights 

the importance of crafting clear and consistent messaging that resonates with employees' values 

and concerns. According to Bass’s transformational leadership framework, leaders must 

communicate a compelling vision that inspires trust and aligns generative AI’s benefits with the 

organization's strategic objectives (Bass & Riggio, 2006). In the context of generative AI, this 

means not only addressing AI’s technical capabilities but also framing its role in enhancing 

human work rather than replacing it. Leaders must move beyond vague promises of generative 

AI’s potential and offer tangible examples of how it can support daily tasks and long-term career 

growth. Without this clarity, employees may feel uncertain, further complicating generative AI 

adoption efforts. 

The lack of clarity ties closely to concepts of IAAAM as well, which highlights the 

importance of facilitating conditions. Employees need not only technical tools but also clear 

directions on how to use them. Without this, many may struggle with effort expectancy, which is 
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the belief that generative AI will be easy to use. The absence of strong, consistent messaging 

creates uncertainty, making it more difficult for employees to feel confident in adopting 

generative AI. 

Ultimately, the data suggests that addressing the communication gap is critical to 

fostering a positive environment for generative AI adoption. Organizations must prioritize clear, 

consistent messaging that not only highlights generative AI’s potential but also provides day-to-

day guidance on how to use AI effectively.  

Finding 2 - Manager Hesitancy with AI Adoption 

The second compelling finding that emerged was the theme of manager hesitancy toward 

the adoption of generative AI. This was particularly intriguing because, in most organizations, 

managers are expected to be the champions of technological innovation, helping to drive 

adoption on the front lines. While individual contributors often expressed excitement about the 

productivity and efficiency gains AI could bring, managers were more reserved across the board. 

For example, 94.3% of individual contributors agreed with the statement "Using generative AI 

will improve my job performance," compared to only 81.7% of managers. Moreover, when 

asked, “I am concerned that generative AI might negatively impact my job,” 39.4% of managers 

indicated that they agreed with this statement, whereas only 32.1% of non-managers shared this 

concern. 

This aligns with previous research that suggests that managers, who are often responsible 

for strategic decision-making, may perceive AI as a threat to their roles or a risk to decision 

quality (Cao et al., 2023). Their hesitancy is not simply about unfamiliarity with the technology 



Addressing Uncertainty and Fostering Adoption of Generative AI 

68 

 

but is rooted in deeper concerns about how AI could affect their ability to manage effectively, 

maintain control over processes, and ensure high-quality outcomes. Hussain (2024) also 

discussed how concerns about job security, decision-making control, and perceived threats to 

professional identity are common barriers for middle management. There was a further 

suggestion that resistance among managers is worsened by cognitive biases, including risk 

aversion and uncertainty avoidance. This is particularly relevant when technology, like 

generative AI, is still evolving and producing inconsistent results, which could harm managerial 

decision-making processes (De Freitas et al, 2023).   

IAAAM provides a structured way to interpret this phenomenon. According to the model, 

personal well-being and development concerns are critical factors in shaping attitudes toward AI 

adoption (Cao et al., 2021). Managers often worry that generative AI could undermine their 

professional growth or even make parts of their role redundant. This is reflected in our survey, 

where 35.8% of managers expressed concern that generative AI could limit their opportunities 

for professional development, a significantly higher proportion than the 26.4% of individual 

contributors who expressed the same concern. 

The finding of manager hesitancy is very important to this capstone, as it highlights a key 

obstacle to generative AI adoption. While managers are expected to be front and center to lead 

the change, their concern, ranging from job security to risks in decision-making, does pose a 

significant challenge. The data shows managers are more cautious than individual contributors 

across most of the IAAAM factors, reflecting deeper fears about generative AI ’s impact on their 

roles. Addressing these concerns through targeted support and clear communication will be 
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critical in ensuring that managers become effective advocates for generative AI, ultimately 

driving broader adoption and success. 

Finding 3 - The Power of Peer Influence in Driving AI Adoption 

Peer influence emerged as the next finding and as a significant driver in fostering 

acceptance and enthusiasm towards generative AI tools. This finding aligns with both survey 

data and our qualitative interviews, highlighting the role of peer networks in shaping employees' 

attitudes toward new technologies. 

Survey respondents who indicated higher levels of engagement with generative AI often 

cited colleagues' use of the technology as a motivating factor. Specifically, 75.9% of respondents 

agreed with the statement, “My colleagues who are important to me think that I should use 

generative AI tools in my job.” This reflects the power of social influence in creating a culture 

where generative AI is perceived not only as a useful tool but also as a norm within the 

organization. The data also shows that employees who see peers using generative AI tools are 

more likely to believe that these tools can improve their performance, enhance creativity, and 

reduce workload stress. This peer-driven dynamic creates a ripple effect, accelerating adoption 

across the organization. 

Qualitative insights from interviews with i4cp stakeholders further highlight the 

importance of peer networks in AI adoption. Interviewees pointed out that, in organizations 

where AI is embraced by early adopters or influential figures, others are more likely to follow 

suit. One participant shared that, “There were three or four people in that audience that really 

knew what they were talking about, and they really started to think differently about how they 

incorporated AI into their daily work based on the conversation, and others started to do that 



Addressing Uncertainty and Fostering Adoption of Generative AI 

70 

 

too.” This illustrates how peer advocacy can lower resistance and lead to broader acceptance of 

generative AI technologies. 

This finding is also supported by the literature review, where studies such as those by 

Bansal et al. (2019) and Batra et al. (2023) emphasize the role of peer influence in reducing 

uncertainties about new technologies. When peers endorse AI tools, it can mitigate concerns and 

make it easier for individuals to adopt these technologies. Peer-driven acceptance also plays a 

critical role in overcoming resistance, as employees often look to their colleagues for guidance 

on whether to trust and embrace new systems. In fact, champions or influencers are highlighted 

as critical drivers of technology adoption. According to Gill (2003), these champions, who are 

enthusiastic individuals who advocate for new technologies, can significantly influence peers by 

demonstrating the benefits and reducing skepticism. Batra et al. (2023) also emphasize that peer 

endorsements from respected champions can create a ripple effect that accelerates acceptance of 

AI tools. When key individuals actively use and advocate for these tools, peers are more likely to 

follow, fostering a culture of experimentation and reducing uncertainty. Empowering champions 

within organizations can thus be a strategic approach to leveraging peer influence for broader 

generative AI adoption (Batra et al., 2023). 

In line with the rest of the findings as well, IAAAM provided structure to further 

understand this phenomenon. Peer influence directly affects both performance expectancy and 

effort expectancy. When employees observe their colleagues successfully using generative AI 

tools, they are more likely to believe that the tools will enhance their own job performance 

(performance expectancy) and expect them to be easier to use (effort expectancy). This is 
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particularly important in overcoming initial hesitations, as peer endorsements provide social 

validation that the technology is both useful and manageable. 

Finding 4: Concern About AI-Generated Output Quality 

 Our fourth key finding relates to concerns about the output quality of generative AI. 

According to our survey analysis, when respondents were asked, "Have you had any concerns or 

issues that have led you to avoid using generative AI technology?", output quality was the most 

frequently cited barrier. Many individuals expressed frustration with generative AI producing 

incorrect or incomplete information, leading them to question the reliability of the technology. 

This finding suggests that the barrier of output quality may represent a lack of a comprehensive 

understanding of how generative AI functions. Early encounters with inaccurate outputs may 

lead them to dismiss the technology altogether, despite its potential usefulness when applied 

correctly.  

 As the literature suggests, generative AI is best implemented in specific areas where its 

capabilities can provide the most benefit, rather than attempting to integrate it into all areas of 

the organization. Candelon et al. (2023) found that performance improvements were most 

significant when generative AI was utilized for tasks within its competence, such as creative 

generation or content drafting. However, when used in more complex or specialized tasks, the 

likelihood of errors increases, which can further reinforce user skepticism. 

i4cp addresses this concern thoroughly in their members-only materials. These resources 

explore the common misconceptions about generative AI and offer strategies for reframing the 

perceived risks associated with output quality. For example, i4cp’s HR Toolkit outlines:   
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“ChatGPT’s purpose is to generate text, not to search for and validate facts. I shouldn’t 

expect it to know whether its answer is right or wrong. I should expect it to give me the 

statistically most likely words and phrases, so the more broadly a topic is covered on the 

internet, the more likely ChatGPT’s answer will be correct.” 

i4cp emphasizes the importance of understanding this distinction: generative AI is not infallible 

but can still offer substantial value if used with appropriate expectations. With this reframing, the 

user's perception of performance expectancy can increase and therefore, theoretically, increase 

usage.  

 Once again, IAAAM offers a useful framework to further understand these findings, 

focusing on two key factors: performance expectancy and effort expectancy. When employees 

experience inaccurate or incomplete outputs, they lose confidence in the technology’s ability to 

improve their work, reducing performance expectancy. Additionally, the perceived effort 

required to correct faulty outputs makes using generative AI feel cumbersome. Combined with 

concerns about potential negative consequences and fears that generative AI might limit 

professional growth, these factors contribute to resistance.  

Finding 5: Opportunity in i4cp Public-Facing Materials 

i4cp’s publicly available materials acknowledge the importance of clear communication 

around AI, but these references are broad and do not offer focused guidance on the specific 

challenges posed by generative AI. A significant discrepancy exists between the depth of the 

public content and the more strategic, actionable insights provided in their members-only 

materials. For example, "The HR Leader’s AI Strategy Toolkit" offers concrete guidance on how 
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to communicate about generative AI, while the public-facing documents remain more 

generalized. 

This difference between public and members-only materials presents a unique 

opportunity for i4cp to bridge the gap and showcase their depth of expertise. By selectively 

sharing portions of the more strategic content with the public, i4cp could highlight the value of 

their resources while attracting new members. Currently, the public-facing materials emphasize 

the need for transparency around generative AI but stop short of providing the tactical steps and 

frameworks needed to address the specific concerns employees have about generative AI. 

Furthermore, i4cp’s external materials lack specific frameworks or templates for how 

leaders can effectively communicate about generative AI to reduce employee fear and 

uncertainty. Although transparency is emphasized, there is limited actionable advice on how to 

deliver messages in ways that resonate with employees and directly address their concerns. 

Research and survey data indicate that only 5% of respondents felt their leadership was 

“extremely effective” in addressing concerns about generative AI, suggesting that employees are 

seeking more guidance on how to navigate the uncertainty surrounding AI adoption. Once again, 

IAAAM reinforces this need by emphasizing the role of facilitating conditions, such as training, 

support, and clear guidance, in driving AI adoption. When employees feel that they lack 

sufficient resources or clarity, both effort expectancy and performance expectancy are negatively 

impacted.  This aligns with i4cp’s opportunity to provide more actionable resources publicly to 

help organizations address these gaps and foster greater employee confidence in generative AI. 

This gap in publicly available resources creates a barrier for potential members, who may 

not fully grasp the extent of i4cp’s expertise and strategic thinking in this area. i4cp could 
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position itself as a leader in the generative AI adoption conversation by expanding its public 

offerings to include more detailed recommendations and case studies on how to communicate 

effectively about generative AI. For instance, providing a framework for open dialogues between 

leadership and employees or releasing a simplified version of their communication toolkit could 

serve as an entry point for organizations exploring membership. This approach also aligns with 

research from the literature review, which highlights the importance of clear and consistent 

messaging in reducing fear and uncertainty around AI (Bass & Riggio, 2006).  

Recommendations 

Together, these findings reveal several strategic opportunities for i4cp to support its 

member organizations in addressing communication challenges and adoption barriers related to 

generative AI. Building on these insights, the following recommendations outline actionable 

steps that i4cp can take to help its members effectively navigate generative AI integration and 

foster greater acceptance within their workforces. The table below captures our top four 

recommendations, and how they are informed by key findings and supporting evidence.  

Table 13: Recommendations, Findings, and Supporting Evidence 

Recommendation  Finding Sources of supporting 

evidence 

Improve Leadership 

Communication, Focusing on 

Acceptable Use 

Usage is hindered by 

ineffective leadership 

communication and employee 

mistrust or confusion 

Quantitative Survey Analysis 

Qualitative Survey Analysis 

Literature Review 

 

Empower Managers and 

Leverage Peer Networks to 

Drive generative AI usage 

Manager hesitancy is higher 

than individual contributors & 

peer influence was a strong 

Quantitative Survey Analysis 

Literature Review 
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factor in attitudes towards 

generative AI adoption 

Address Concerns About 

Output Quality 

Output quality, or lack 

thereof,  significantly 

detracted from generative AI 

adoption  

Document Analysis 

Qualitative Survey Analysis 

Literature Review 

Selectively Share Premium 

Content 

Opportunity in i4cp to offer 

more public-facing materials 

Document Analysis 

Qualitative Survey Analysis 

Literature Review 

 

 

Recommendation 1: Improve Leadership Communication, Focusing on Acceptable Use 

In light of the findings, it is evident that clear and targeted communication from 

leadership is critical to the successful adoption of generative AI in the workplace. As an industry 

leader in workforce productivity and human capital research, i4cp should focus on actionable 

leadership practices and templates that clarify AI's role in day-to-day operations in order to 

mitigate some of these risks.  

One of the most striking findings from both the survey data and interviews with i4cp 

stakeholders is the significant gap between leadership's enthusiasm for generative AI and the 

practical guidance provided to employees. As mentioned, only 5% of survey respondents 

indicated that their leadership effectively addresses concerns and fears about generative AI. This 

disconnect highlights the urgent need for leaders to shift from high-level, optimistic messaging to 

clear communication that helps employees understand the tangible benefits of AI and how it fits 

into their day-to-day work. To address this, i4cp should adopt a more structured approach to 

leadership communication that focuses on three key areas: 
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1. Clarifying Acceptable Use of Generative AI: Employees need clear guidelines on what 

is appropriate use of generative AI in their roles. This includes understanding the 

boundaries of the technology, such as ethical guidelines, and the limitations of the tools 

themselves. By developing detailed frameworks and examples with specificity, i4cp can 

help leaders clearly communicate the acceptable use cases of AI tools. 

2. Tailoring Communication to Specific Use Cases: Rather than relying on generalized 

messaging about AI’s potential, leaders should communicate specific, role-based 

examples of how generative AI can enhance employee productivity. This targeted 

approach can help employees see how AI applies directly to their tasks, which should 

help to ease fears about job displacement. 

3. Addressing Employee Concerns Directly: Leadership communication should not shy 

away from addressing concerns about AI head-on. Employees are most concerned about 

job security, ethical issues, and the accuracy of AI-generated outputs. i4cp can provide 

member organizations with tools and templates that guide leaders in crafting messages 

that directly address these concerns, including transparent discussions on AI's limitations 

and the steps being taken to mitigate those risks. 

4. Peer Learning Networks: Facilitating discussion groups where leaders can share best 

practices for communicating about AI should be amplified and output from these 

networks fed back into their tools and frameworks.  

Ultimately, moving away from the theoretical and moving towards more practical tools that i4cp 

can provide to its members is a recommendation that could yield immense benefit to both 

members and non-members (depending on how they want to disseminate the materials) but could 

also help to elevate i4cp’s own reputation in AI transformation and adoption.  
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Recommendation 2: Empower Managers and Leverage Peer Networks to Drive Generative 

AI Usage 

To ensure the successful adoption of generative AI, it is essential for i4cp to focus on 

empowering managers and leveraging peer networks as key drivers of change within 

organizations. Our research has highlighted manager hesitancy as a barrier to AI adoption, with 

managers expressing more concern about the impact of AI on job roles and decision-making 

compared to individual contributors. At the same time, peer influence has emerged as a powerful 

motivator for employees to adopt AI tools. In light of this, i4cp can help its member 

organizations by creating targeted strategies that address these dynamics. 

Specifically, i4cp should explore the following strategies, even though there is 

acknowledgement that some of these would be deviations or broader scopes of work than they 

have taken on in the past.  Some of these could include: 

1. Upskill Managers with Targeted Training: Managers often play a pivotal role in 

setting the tone for how new technologies are adopted within teams. To address the gaps 

established in this capstone, i4cp should develop targeted training programs for managers 

that focus on: 

● How to integrate generative AI tools into their workflows to enhance productivity 

without losing control over critical decisions. 

● Addressing specific concerns about job disruption and upskilling to ensure 

managers see AI as an enabler of their professional growth rather than a threat. 

● Equipping managers with the skills to lead by example, using generative AI 

themselves and encouraging their teams to do the same. 
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2. Leverage Peer Networks and Create AI Champions: Peer networks play a crucial role 

in influencing the attitudes and behaviors of employees when adopting new technologies. 

i4cp can facilitate the development of peer-led networks within member organizations 

by: 

● Identifying early adopters and enthusiastic users of generative AI to act as “AI 

Champions” who can demonstrate its benefits to peers and reduce skepticism. 

● Encouraging organizations to establish informal AI working groups or 

communities of practice where employees can share tips, use cases, and successes 

with generative AI. These peer-driven forums can help normalize AI usage and 

build collective confidence in its benefits. 

● Developing resources that empower these champions to communicate the value of 

AI effectively to their colleagues, including actionable and ready-to-use templates 

and success stories that demonstrate how AI can enhance everyday work. 

● Hosting virtual or in-person events where AI Champions and managers can share 

success stories, provide demonstrations, and discuss lessons learned. 

3. Provide Tools for Manager-Led Conversations: Managers are often the first point of 

contact when employees have concerns about adopting new technologies. To ensure 

managers are equipped to handle these conversations, i4cp should create a toolkit that 

includes: 

● Templates to guide managers to make the connection between the company 

strategy and the generative AI strategy in their organizations.  
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● Conversation guides for managers to use when discussing generative AI with their 

teams, including key messages that address common concerns such as job 

displacement, ethical use, and productivity gains. 

● Case studies and examples of how AI has been successfully integrated into similar 

roles or functions to allow managers to offer concrete examples of how the 

technology can be beneficial. 

● Guidelines for creating safe spaces where employees can voice their concerns 

about AI without fear of judgment in the hopes of fostering transparency. 

Recommendation 3: Address Concerns About Output Quality 

As i4cp continues to advance its research and guidance on generative AI adoption, 

addressing concerns about the quality of AI-generated outputs must be a priority. To address 

these concerns, i4cp should focus on enhancing educational efforts around generative AI's 

functionality. Leaders should be equipped with clear, actionable guidance on how to manage 

expectations and communicate the limitations of generative AI to their teams. By emphasizing 

that generative AI is a tool for generating content and not validating facts, leaders can help 

reduce the perception of risk associated with incorrect outputs. Specifically, i4cp could provide 

guidance in the following areas: 

1. Establishing Best Practices for Human Oversight: This includes encouraging 

member organizations to implement processes where human expertise is applied 

to validate AI outputs. Establishing clear guidelines for when and how AI outputs 

should be reviewed can help prevent the dissemination of inaccurate or biased 

information. 
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2. Promoting Transparency and Model Explainability: Transparency is key to 

building trust in AI. i4cp should encourage organizations to adopt AI models that 

provide clear explanations for their outputs. This could include providing 

guidance on selecting AI tools that allow users to understand the decision-making 

processes of AI models, fostering transparency and accountability. By promoting 

transparency, i4cp can help member organizations make informed decisions about 

how and when to rely on AI-generated outputs. 

3. Upskilling HR Leaders and Employees: i4cp should continue to emphasize the 

importance of training leaders and employees in the effective use of generative 

AI. By developing educational resources, workshops, and training programs, i4cp 

can help its members upskill their workforce in prompt writing and digital 

literacy. This will not only enhance the quality of AI outputs but also reduce the 

risk of errors due to improper use. 

i4cp could consider making this educational content more widely available focusing on 

frameworks that explain how to effectively use generative AI despite inaccuracies. Providing 

these resources publicly could help prevent early frustration and reluctance to adopt the 

technology. By reframing the conversation around output quality, i4cp could encourage more 

informed and confident use of generative AI, reducing its role as a blocker to adoption. 

Recommendation 4: Selectively Share Premium Content 

One key recommendation for i4cp is to reconsider their marketing strategy, specifically 

regarding the content they make publicly available. Currently, the publicly accessible materials 

do not fully showcase i4cp’s deep understanding of the most pressing issues related to AI 
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adoption and its impact on workforce development. To attract more prospective members, i4cp 

could selectively release some of their more in-depth research and analysis from the members-

only section. By highlighting this richer content, i4cp could better demonstrate the value of their 

expertise and entice organizations to explore membership. This approach would provide a clearer 

preview of the advanced insights that await within their membership, potentially increasing both 

interest and membership sign-ups. There is a careful balance here, as sharing too much content 

freely could diminish the perceived value of membership. The goal is to maintain exclusivity for 

members while using selective sharing to build i4cp’s brand and entice potential members to 

join. 

Limitations 

While this capstone aims to offer a thorough exploration of communication strategies for 

effective communication strategies of generative AI, several limitations should be considered 

that may influence the scope and applicability of the findings at scale. AI capabilities, 

regulations, and best practices are advancing rapidly, and this could influence the long-term 

relevance of the findings provided. This section critically examines these limitations and 

addresses factors such as sample representation, potential biases in data collection, the scope of 

qualitative and quantitative data, and ethical considerations. By acknowledging these constraints, 

we seek to provide a balanced view of the research findings and emphasize the areas that require 

further investigation to ensure broader applicability of our capstone. 
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Sample Representation and Generalizability 

The survey sample primarily comprised professionals with at least three years of 

experience, largely from the technology and education sectors. While this provided valuable 

insights from individuals likely to engage with generative AI in their roles, the sample may not 

be fully representative of the broader workforce, particularly those in non-technology-focused 

sectors where AI adoption might present different challenges. Additionally, the use of LinkedIn 

as a primary recruitment tool introduces potential selection bias, as participants may have been 

more inclined to participate due to their preexisting interest in AI, resulting in a potentially 

skewed dataset that over-represents early adopters of generative AI. This limitation may affect 

the generalizability of the findings to other industries and demographics. 

Self-Selection and Response Bias 

The voluntary nature of the survey, conducted primarily through LinkedIn and 

professional networks, increases the likelihood of self-selection bias. Respondents who chose to 

participate may have had stronger opinions or more familiarity with generative AI than the 

general workforce. This could have resulted in inflated levels of optimism or skepticism that do 

not fully capture the breadth of employee sentiments across different roles or industries. 

Moreover, the low representation of non-users of AI (only 6% of the sample) limits the insights 

into barriers faced by individuals entirely new to the technology. 

Limited Depth of Quantitative Data 

While the survey provided broad quantitative insights into the drivers of fear and 

uncertainty around generative AI, the reliance on self-reported data introduces potential issues 
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related to the accuracy and reliability of the responses. Respondents may have overestimated 

their understanding or engagement with AI technologies due to the hype at the moment, or they 

might have misinterpreted the Likert-scale questions. The use of closed-ended questions may 

have further constrained the complexity of the responses, limiting the ability to explore deeper, 

more nuanced perspectives on generative AI adoption. 

Scope of Qualitative Interviews 

The choice to interview only two individuals was made at the behest of i4cp, who insisted 

that given their roles, their feedback would be representative of the research and marketing arms.   

Although the qualitative interviews with two i4cp stakeholders provided rich insights into 

organizational perspectives on AI adoption, the limited number of interviews may not fully 

capture the diversity of views within i4cp or its broader member base. The focus on only two 

stakeholders also means that the experiences of frontline employees or middle managers within 

i4cp, who are critical to AI adoption, were not directly explored. The insights from these 

stakeholders may provide a more top-down view, potentially overlooking the practical 

challenges of AI integration at different organizational levels. 

Document Analysis Limitations 

The document analysis, while thorough, focused on materials provided by i4cp which 

were a mix of both public and private only. This approach may have unintentionally introduced 

confirmation bias, as the analysis was limited to i4cp's existing frameworks and communication 

strategies. As a result, the findings and recommendations may be too closely aligned with i4cp’s 
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current practices, limiting the scope for identifying more radical or innovative strategies that 

diverge from their established approaches. 

Timing and Evolution of AI Technology 

Generative AI is a rapidly evolving field, and the insights captured in this project reflect 

the state of the technology and organizational attitudes as of 2024. The dynamic nature of AI 

means that the findings and recommendations could become outdated as new frameworks and 

communication strategies emerge. As AI technologies become more integrated into the 

workplace, the barriers and facilitators identified in this capstone may shift, requiring ongoing 

research and adaptation to maintain relevance. 

Ethical and Contextual Considerations 

Finally, the ethical considerations around AI adoption, particularly issues related to bias, 

privacy, and job displacement, were acknowledged but not deeply explored in this project. Given 

the central role of these ethical concerns in shaping employee attitudes towards AI, a more 

focused investigation into the ethical dimensions of generative AI could have provided a fuller 

understanding of the resistance to AI adoption.  

Conclusion 

The integration of generative AI presents both significant opportunities and challenges 

for organizations, including i4cp and its members. While the potential for increased productivity 

and innovation is substantial, the successful adoption of generative AI technologies is not solely 

a technical endeavor. Instead, it is deeply rooted in the human response to change. As 
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highlighted in this capstone, the key to unlocking the full potential of generative AI lies in how 

effectively organizations communicate its benefits while addressing employee concerns and 

fears. 

i4cp, with its leadership role in advancing Next Practices in human capital has the unique 

opportunity to guide its member organizations through the complexities of AI adoption. By 

leveraging the insights from IAAAM and its own Nine AI Innovator Practices, i4cp can offer a 

tailored and specific communication strategy to its clients. The practice of “openly 

communicating about generative AI to reduce fear and uncertainty” is particularly crucial, as it 

not only builds trust but also positions generative AI as a tool that enhances, rather than 

threatens, human work. By addressing both the technological and human elements of AI 

adoption, i4cp can support its member organizations by equipping them to navigate the future of 

work with confidence and adaptability. 

In sum, the journey towards successful generative AI adoption requires more than just 

technical readiness. Instead, it demands a human-centric approach and a commitment to 

transparent leadership. By embracing these principles, i4cp and its members are well-positioned 

to lead the charge into a future where AI supports and enhances human potential, rather than 

replacing it. 
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Appendices 

 

Appendix A: Technology Threat Avoidance Theory (TTAT) (Liang & Xue, 2009) 

 

Appendix B: Unified Theory of Acceptance and Use of Technology (UTAUT) (Venkatesh et 

al., 2003)  
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Appendix C: Technology-Acceptance Model (TAM) (Davis, 1989)

 

Appendix D: Theory of Reasoned Action (TRA) (Fishbein & Ajzen, 1975)  

 

Appendix E: The Diffusion of Innovations Theory (Rogers, 2003) 
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Appendix F: Survey Instrument 

Introduction 

As more organizations start using generative AI technologies, it's important to understand how 

employees feel about these tools. This survey looks at attitudes about generative AI at work and 

how leaders can help address concerns. We'll explore how often people use generative AI, what 

they think the benefits and drawbacks are, and how it might impact their jobs. Your answers will 

help us understand the attitudes toward generative AI better and guide leaders in creating a 

supportive environment that makes the most of these new tools. 

 

The survey should not take more than 10 minutes to complete. Your survey responses will 

remain anonymous.  

 

Thank you for your participation. 

 

1. How many years of professional work experience do you have? 

a. Less than 3 years 

b. 3-6 years 

c. 7-10 years 

d. 11-15 years 

e. 16-20 years 

f. More than 20 years 

 

2. Which industry do you work in? 

a. Technology 

b. Healthcare 

c. Finance 

d. Education 

e. Manufacturing 

f. Retail 

g. Government 

h. Non-profit 

i. Media and Entertainment 

j. Transportation and Logistics 

k. Energy and Utilities 

l. Hospitality and Tourism 
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m. Other (Please specify): ___________ 

 

3. Do you have people management responsibilities within your organization? 

a. I am a people manager 

b. I am not a people manager 

 

4. How frequently do you use generative AI tools (e.g., ChatGPT, DALL-E) in your work 

tasks? 

a. Never 

b. Rarely (less than once a month) 

c. Occasionally (once a month) 

d. Sometimes (a few times a month) 

e. Often (a few times a week) 

f. Daily 

4 (part 2) 

You answered that you never use generative AI in your work tasks. Please elaborate on why.  

 

 
 

Please rate the following in terms of how much you agree or disagree with each statement. 

  

Scale Point Description 

1 Strongly Disagree 

2 Disagree 

3 Somewhat Disagree 

4 Somewhat Agree 

5 Agree 

6 Strongly Agree 

 

 

5. Using generative AI tools will improve my job performance.  

 

6. The potential negative consequences of using generative AI are serious.  
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7. I believe that I am likely to be negatively affected by the introduction of generative AI in 

my job. 

 

8. I have the resources necessary to use generative AI tools in my job.  

 

9. I find generative AI tools easy to use.  

 

10. I am concerned that generative AI will limit my opportunities for professional growth.  

 

11. I am concerned that using generative AI might negatively impact my job security.  

 

12.  My colleagues who are important to me think that I should use generative AI tools in my 

job.  

 

 
 

13. Which statements about generative AI do you agree with? (Select all that apply) (Agree- 

Disagree- Not Sure) 

a. I believe investing in generative AI will help my employer stay competitive. 

b. I believe generative AI will change the critical skills needed to do my job. 

c. I believe generative AI will make what I do less relevant to my employer 

d. I believe generative AI will replace roles in my organization.  

 

14. In what ways do you think generative AI could enhance your job performance? (Select all 

that apply)  

a. Increase productivity 

b. Improve decision-making 

c. Reduce repetitive tasks 

d. Enhance creativity 

e. Provide new insights 

f. I don’t think generative AI could enhance my job performance 

 

15. Have you had any concerns or issues that have led you to avoid using generative AI 

technology? If so, please describe.  
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16. How effectively do you think your leadership addresses your concerns and fears about 

generative AI through its communications?  

a. Not at all effective 

b. Slightly effective 

c. Moderately effective 

d. Very effective 

e. Extremely effective 

 

17. What measures could your leadership take to improve communications and address 

concerns about generative AI from the workforce?  

 

 

 

 

Appendix G: Interview Protocol 

Interview Protocol 

The primary objective of this interview is to answer project question # 2 (What resources does 

i4cp currently provide to advise leaders on their Next Practice of: openly communicate about 

generative AI to reduce fear and uncertainty?). This insight will support us to answer project 

question #3 (What improvements can i4cp make in order to help leaders more effectively address 

the fear and uncertainty as it relates to Gen AI in order to foster a more receptive attitude among 

resistant employees?). And ultimately develop actionable recommendations for effective 

communication strategies that support the adoption of Gen AI.  

 

Introduction: Thank you for taking the time to speak with us today, and for all your support so 

far throughout this capstone project. Our goal for today is to develop a deeper understanding of 

i4cp’s approach to providing support to its member base related to AI adoption. Specifically, as 

you know, we are focusing on how leaders can better deploy the next practice of “openly 

communicate about generative AI to reduce fear and uncertainty”. 

Background- Inner workings of i4cp  

 

Purpose: To establish a foundational understanding of their role and how i4cp operates, 

particularly in terms of research and content dissemination. 
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To kick us off, we want to learn more about your role and how i4cp operates, particularly in 

terms of research and content dissemination. 

● Role Clarification: 

○ Can you describe your current role at i4cp and the main responsibilities associated 

with it? 

○ How is your success measured within the organization? Are there specific goals 

or metrics you are accountable for? 

● Research and Content Creation Process: 

● Could you walk us through the process of generating research content at i4cp, 

from the initial idea to publication and marketing? 

● Follow-up: How do you decide which ideas to pursue for research? 

● Follow-up: How does i4cp stay updated with the latest trends and concerns 

related to AI? 

● Follow-up: How does i4cp ensure that the research on AI is relevant and 

actionable for leaders in their organizations? 

● Content Distribution Strategy: 

○ We understand that i4cp uses various channels such as the Productivity Blog, 

Next Practices Weekly, member-only reports, and toolkits to share research. How 

do you determine which channel is most appropriate for each type of content? 

○ How does i4cp measure the effectiveness of these different channels in reaching 

and engaging members? 

○ How does i4cp tailor its communication strategy to different audience segments, 

such as senior leaders vs. frontline managers, when discussing AI? 

○ How does feedback from i4cp members influence the way AI content is 

distributed and refined? 

○ What innovations or changes in content distribution have you implemented 

recently to better engage members with AI-related content? 

AI Innovator Practices Model 

Purpose: To gain deeper insights into i4cp’s AI-related initiatives and their application within 

member organizations. 

● AI Innovator Practices Model: 

○ Can you share the origins of the AI Innovator Practices Model? What inspired its 

development? 

○ Could you provide an example of how i4cp has applied the AI Innovator Practices 

Model with a client? 



Addressing Uncertainty and Fostering Adoption of Generative AI 

100 

 

○ Can you tell us more about the practice of “Openly communicate about generative 

AI to reduce fear and uncertainty.” 

■ Has i4cp provided any additional resources on how to approach this? 

○ What have been the most significant challenges in implementing this model with 

clients, and how have you addressed them? 

○ What are the KPIs or success metrics that you track, particularly in the context of 

AI-related initiatives? 

Future Focus and Challenges- 

Purpose: To explore what’s next for i4cp in AI and the challenges and opportunities they 

anticipate for their members. 

 

● Future Directions in AI: 

○ You’ve mentioned future iterations of the AI Innovator Practices Model. Can you 

elaborate on what’s next for i4cp in its focus on AI and how you plan to enable 

your members? 

○ How does i4cp plan to stay ahead of emerging trends in AI? 

● Challenges and Opportunities: 

○ What unique challenges and opportunities do you foresee for organizations as 

they continue to adopt AI, based on i4cp’s research and your experience? 

○ How does i4cp assist organizations in overcoming these challenges? 

○ What gaps or ongoing challenges do you continue to hear from your members on 

this topic? 

○ How does i4cp balance the need to innovate with the need to address existing 

challenges that members face in AI adoption? 

○ How has your thinking evolved on these issues since our initial discussions? 

○ As you look ahead, what are the key success factors that will determine whether 

organizations can fully leverage AI’s potential? 

Reacting to early Survey Insights 

Purpose: To gather reaction to specific insights from the survey 

● Content quality: Among respondents who wrote in responses to our questions about 

barriers to use gen ai, the most common response by far was related to concerns with the 

quality of output. (this was more frequently cited than job loss, or ethical concerns) 

○ Does this mirror what you hear from clients? 

● Guidance on acceptable use: One of the key findings from our survey is that a 

significant number of respondents expressed a desire for more guidance on acceptable 
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use before fully engaging with generative AI technology. This suggests that establishing 

rigorous governance could also boost employee confidence and usage, beyond just 

mitigating risks. Does this perspective resonate with you? How does it align with your 

research and observations in this space? 

● Manager attitudes: Early findings are indicating that managers are slightly more 

skeptical or less optimistic of AI than individual contributors. First off, is that in line with 

what you’ve been seeing in your research? If so, should that change how organizations 

view the managers role in encouraging and pushing adoption of AI within their teams?   

Closing: 

Thank you for sharing your insights with us today. Your perspectives are invaluable as we work 

to refine our recommendations for i4cp and its member community. We look forward to staying 

in touch as we continue to develop our final report. 

 

Appendix H: Codebook for Qualitative Data Analysis - Question #1 

Code  Definition Example Notes 

Facilitating 

Conditions 

refers to the extent to 

which individuals believe 

that adequate 

organizational and 

technical infrastructure 

exists to support their use 

of AI technologies, 

including the availability 

of resources, training 

programs, and technical 

assistance. 

 

“The other challenge is 

that for security 

purposes my company 

has restricted what 

functionality our GenAI 

has - basically they took 

away the functions I 

used most, which has 

resulted in my adoption 

going down.” 

Directly from IAAAM 

Framework 

Performance 

Expectancy 

refers to the degree to 

which an individual 

believes that using AI will 

enhance their job 

performance, leading to 

better outcomes and 

increased productivity. 

“generative AI is almost 

irrelevant to how my job 

can be performed.” 

Directly from IAAAM 

Framework 

Effort refers to the degree to “It takes so long to get Directly from IAAAM 
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expectancy which an individual 

believes that using AI will 

be free of effort, 

emphasizing the ease of 

use and the minimal 

cognitive load required to 

interact with the 

technology. 

the right prompts to get 

useful output.” 

Framework 

Personal 

Wellbeing 

concerns 

refers to employees' fears 

and anxieties about how 

AI might negatively 

impact their physical and 

mental health, job 

security, and overall 

quality of life within the 

workplace. 

“My company held a 

prompt pitch event and 

then fired multiple 

people to replace them 

with AI.” 

Directly from IAAAM 

Framework 

Personal 

development 

concern 

refers to employees' fears 

about their ability to grow 

and advance 

professionally within an 

organization as AI 

technologies are adopted, 

impacting their skill 

relevance and career 

progression. 

“[I feel a] loss of my 

own creativity” 

 

Directly from IAAAM 

Framework 

Perceived 

Severity 

refers to an individual's 

assessment of the 

seriousness of the 

potential negative 

consequences associated 

with adopting or rejecting 

AI technologies, 

impacting their motivation 

to accept or avoid AI 

based on the perceived 

risk to their job security or 

privacy. 

 

“Worried that generative 

artificial intelligence 

may be abused or 

maliciously exploited. In 

some cases, malicious 

users may use 

generative artificial 

intelligence to spread 

false information, 

engage in online fraud, 

or engage in other 

inappropriate behavior” 

Directly from IAAAM 

Framework 

Output 

quality 

refers to concern about the 

users judgment of quality 

of output of AI. 

“Sometimes the content 

generated by AI is not 

accurate” 

This code was added 

beyond the IAAAM 

framework. While 
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“I have moved away 

from certain models 

because the data isn’t 

easily validated or 

sometimes incorrect.” 

related to performance 

expectancy and effort 

expectancy, this theme 

came up specifically and 

repeatedly, warenting its 

own distinct coding. 

 

Appendix I: Codebook for Qualitative Data Analysis - Question #2 

Code Definition Example 

Training and Education 

Refers to requests for training 

programs, workshops, or skill 

development opportunities to help 

employees understand and 

leverage generative AI. 

“Educational and Training 

Programs: - Implement AI 

literacy training and skill 

development workshops. - 

Provide access to resources 

such as online courses and 

expert talks to enhance AI 

understanding.” 

- Training on Acceptable 

Use 

Focuses on providing training that 

outlines what is acceptable or 

ethical when using AI tools, 

covering policy, guardrails, and 

ethical guidelines. 

“Provide clearer examples of 

what is within the guardrails 

and what is outside the 

acceptable guardrails” 

 

- Training on Use Cases 

Covers training that demonstrates 

practical, real-world examples of 

how AI can be applied in daily 

tasks, making the benefits and 

applications clear. 

“Training on how to use AI in 

our job, and how to effectively 

incorporate it in our lessons.” 

Transparency and Open 

Communication 

Describes the need for more 

openness, regular updates, and 

clarity on AI-related decisions, 

policies, and impacts. 

“They should be more 

transparent about where this is 

going. They're pushing hard for 

everyone to use tools like 

Copilot (we bought it) but 

people know that the end game 

is probably less people in the 

company. So they need us to 

use it to make the investment 

make sense, but we just don't 
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know where this road leads in 

one year from now. I don't 

know if they even know, but 

more transparency would be 

nice.” 

Address Concerns and 

Mitigate Fears 

Captures feedback related to 

addressing employee fears about 

AI, including concerns about job 

security, creativity, and role 

changes. 

“I handle a lot of these comms, 

especially with our clients. 

Messaging needs to address 

concerns along with education. 

There is a lot of 

misinformation about what AI 

can do, and these talking points 

can generate fear or anger.” 

Involvement and 

Collaboration 

Describes the desire for 

employees to be involved in AI 

initiatives, given opportunities to 

provide feedback, and collaborate 

on AI-related projects. 

“Leadership doesn’t have 

expertise either. We are all 

learning together!” 

 

Incentivize and Celebrate  

Suggests the importance of 

rewarding and recognizing 

employees who engage with AI 

tools, celebrating their successes, 

and incentivizing AI adoption. 

“incentivize genAI integration 

with existing process and tools, 

by celebrating, recognizing and 

rewarding the teams that take 

the leap” 

Lead by Example 

Requests that leadership actively 

use AI tools themselves, modeling 

AI adoption and setting an 

example for employees to follow. 

Gain more knowledge on the 

subject. 

 

 

 

 

 


